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Abstract of the Dissertation 

 

An Investigation of Advising Satisfaction of Traditional-Aged Community College 

Students Enrolled Exclusively in Online Courses 

 

Although enrollment in online community college courses continues to increase, 

there is evidence that many students are not completing their studies. Research on 

persistence indicates the importance of students feeling connected with their institution 

through faculty and staff which can be difficult when separated geographically. Using the 

Model of Online Community College Student Satisfaction and Continued Enrollment 

(MOCCSSE), a path model which includes components from both Tinto’s Theory of 

Student Departure and Kember’s Model of Dropout in Distance Education, this study 

explored traditional-aged community college students’ levels of satisfaction with their 

academic advisor to determine if they influence the students’ decision to continue 

enrolling online.  

Study participants included 346 traditional-aged community college students who 

enrolled exclusively in online courses for at least one semester in Maryland, 

Pennsylvania, or Virginia. Eligible students were identified by institutions and invited by 

email to participate in an electronic survey using SurveyMonkey. Results of this study 

were analyzed using path analysis to build a model linking students’ satisfaction with 

academic advising and online experience with online adaptability level and continued 

online enrollment.  
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The interaction of satisfaction with online education experience and the advisor 

seems to indicate a positive effect on continued online enrollment. Continued online 

enrollment was also positively affected by online adaptability level, which was measured 

by student’s self-efficacy and perceived mastery of computer usage and time 

management. These findings suggest that while students who have the necessary skills to 

succeed in an online education environment are likely to continue enrolling online, their 

satisfaction with their advisor and their online education experience may also impact that 

decision.  

A major limitation was that the survey items that were thought to measure online 

satisfaction did not; instead student’s level of overall satisfaction was used to create a 

construct. Other limitations included removal of participants who did not communicate 

with their academic advisor, and the low percentage of students who check email 

regularly. Future research should investigate demographics of traditional-aged 

community college students further. Topics should include expanding diversification of 

online students so that demographics align with overall population, and comparing 

traditional-aged and non-traditional students with previous studies. 
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Chapter 1: Introduction 

Overview 

In today’s society, many positions in the workforce require education beyond a 

high school diploma. Economists like Carnavale (2010) claim that, by 2030, very few 

jobs will remain for those without postsecondary credentials. While promoting his 2020 

College Completion Goal, President Obama argues that by 2016, four out of every 10 

new jobs will require advanced education (Bailey, Jaggars, & Jenkins, 2015; Lee, 2009). 

In light of this and the current economic climate, many individuals have enrolled in 

postsecondary education programs. These students may realize that further education is a 

major key to obtaining employment, which should in turn result in a greater sense of job 

security and a more stable personal socioeconomic base. However, many individuals do 

not have the time or resources to take classes at a traditional college or university. They 

are more likely to have families and work responsibilities, both of which can limit their 

availability to further their education through classes taught on campus (Allen & Seaman, 

2013). Instead, they choose to enroll in online courses. Some colleges allow students to 

take all of their classes online, commonly referred to as an online program (U. S. 

Department of Education, USDOE, 2014a).  

Unlike traditionally offered and attended classes on campus, which require 

students to attend a course at a designated time and place to receive information from the 

instructor through lectures, seminars, labs, or other activities, online courses can also be 

offered asynchronously. Online instruction can allow students to complete courses at 

their own pace and convenience instead of following a preset schedule. Additionally, 

because the course is online, the student can complete the coursework anywhere instead 



2 
 

of being limited to a classroom at a traditional campus, as long as the student has a 

reliable Internet connection, computer, and requisite software. Through the use of 

technology, adult students can obtain the advanced skills they desire from the comfort of 

their home and complete the coursework at a time that is convenient for them instead of 

having to worry about limitations such as finding transportation or lacking time while 

caring for their family and/or are working.  

Although online education courses were initially targeted towards working adults, 

there is a growing number of traditional-aged students (18-22) who are choosing this 

format to learn. Many traditional-aged students enroll in online classes because the 

material is presented in a comfortable format (Hornak, Akweks, & Jeffs, 2010). Online 

courses give these students the freedom to pursue education in addition to other interests 

(Hornak, Akweks, & Jeffs, 2010). 

As of 2012, over seven million students have taken at least one course online 

during their pursuit of postsecondary education (Allen & Seaman, 2013). This number is 

growing exponentially at an average rate of over 550,000 students per year (Allen & 

Seaman, 2014). While proprietary institutions, commonly known as for-profit colleges, 

account for the majority of online enrollment since 2000 (Floyd, 2007), many community 

colleges, state colleges, and universities have adapted to meeting students’ demands for 

online education. Online courses give institutions the ability to offer a larger variety of 

courses while ensuring that the minimum number of students enroll. Since a course can 

be offered online without a specific meeting time, it can be available for multiple students 

who otherwise might encounter scheduling issues if the class was offered on campus 

instead. This flexible timing also allows colleges to combine course sections that fail to 
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meet minimum student enrollment requirements into one larger course that meets online, 

which can decrease the number of instructors needed to teach that course and still meet 

the students’ needs.   

Online education provides institutions a way to expand access to education 

despite declining funding from many state governments. This is especially true at 

community colleges, also known as two-year institutions (Xu & Jaggars, 2013).  

Policymakers argue that online education is more cost effective than brick-and-mortar or 

face-to-face education. However, researchers have noted that online education is just as 

expensive as traditional in-class education due to start-up and recurring costs (Xu & 

Jaggars, 2013). An argument supporting Xu and Jaggars’ equal cost observation is that 

online education is offered by all institutional levels as an alternative to the same 

education standard, not as a cost-effective education style (Bacow, Bowen, Guthrie, 

Lack, & Long, 2012).  By 2007, over 97% of community colleges offered online courses 

(Parsad & Lewis, 2008). To date, of the 1044 community colleges that reported 

institutional data to the Integrated Postsecondary Education Data System (IPEDS), 99% 

indicated that they had at least one student enrolled in a distance education course in the 

Fall 2012 academic term (USDOE, 2014b). 87% of community colleges had at least one 

student enrolled exclusively in distance education courses (USDOE, 2014b). A distance 

education course is defined by IPEDS (USDOE, 2014a) as education that uses 

technology to deliver instruction to students who are separated from the instructor and 

supports the interaction between students and instructor (either synchronously or 

asynchronously).These technologies can include the Internet; one-way and two-way 

transmissions via open broadcasting, closed circuit, satellite or wireless communication 

devices; audio conferencing; and DVDs, CD-ROMs, or videos if they are used in 
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conjunction with at least one other technology (USDOE, 2014a). Today, most institutions 

that offer distance education refer to either online courses or hybrid, which is a blend of 

sessions on campus as well as via the Internet (USDOE, 2014a).  

Although many students have enrolled in online courses at both community 

colleges and four-year institutions, studies that explored the completion rates of these 

students compared to those who took courses on campus revealed mixed results. Some 

early research on online education at four-year institutions showed no change in course 

outcomes between those enrolled in online courses compared to those who took courses 

on campus instead (Jahng, Krug, & Zhang, 2007; Sitzmann, Kraiger, Stewart, & Wisher, 

2006). The 2010 distance education report commissioned by USDOE also found no 

difference between online and face-to-face instruction. However, this study did not 

include a review of any online courses at community colleges (Xu & Jaggars, 2013). 

Instead, the researchers focused on either K-12 students or online postsecondary courses 

that were closer in duration to skill-development workshops than semester courses 

offered by a college (Xu & Jaggars, 2013).   

Other researchers have found that community college students who enroll in 

online classes are less likely to succeed than those who take courses on campus 

(Bambara, Harbour, Davies & Athey, 2009). Studies by Xu and Jaggars (2011, 2013) 

used longitudinal data from 2004 through 2009 at two different state community college 

systems to investigate the differences in retention rate. They revealed that, overall, 

students who enrolled in online courses had a lower completion rate than in face-to-face 

courses. Johnson and Mejia (2014) and Streich (2014) replicated the methods used by Xu 

and Jaggars in large scale studies and obtained similar results. 
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Previous research suggests that community college students do not complete 

coursework online for multiple reasons, including deficiencies in academic preparation, 

lack of self-motivation, inability to balance work and family obligations, and lack of 

engagement (Parker, 2003).  Both two-year and four-year colleges help students who 

attend classes on campus succeed by providing support services such as advising, career 

counseling, and supplemental education (Cuseo, 2004), and many of these services may 

not be available to online students unless they are able to visit the college’s physical 

location. Some institutions have provided support services for online students using chat 

rooms, discussion boards, and other forms of electronic communication. While there are 

opportunities for online students at community colleges to interact with their institutions 

through academic or support staff, previous research has not explored this relationship. 

As online education enrollment increases, and institutions strive to help students 

successfully complete their degree, questions will arise about what supports and 

programs can help students succeed in a virtual setting. 

The purpose of this study was to design a conceptual model that would help to 

explain the factors that impact the decisions of traditional-aged community college 

students to continue enrolling in online courses. The results of this study were used to 

examine the relationship between the students’ level of satisfaction with their academic 

advisor, their online education experience, and how likely they were to continue with 

their online education endeavors. Can the communication that occurs between advisors 

and students serve as an indicator of student engagement, an element that is found in 

most persistence and retention theories (Astin & Oseguera, 2005; Bean, 2005; Pascarella 

& Terenzini, 2005; Seidman, 2005, Tinto, 1993)? Both persistence and retention are 
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measured by the same outcome, whether or not a student decided to continue enrolling in 

a postsecondary institution the next semester. These terms differ based on whether this 

outcome is evaluated based on the student (persistence) or the institution (retention), and 

as a result, similar models are used by higher education research. These interactions 

between students and faculty help to build emotional and academic confidence at four-

year colleges (Astin & Oseguera, 2005; Bean, 2005; Pascarella & Terenzini, 2005; 

Seidman, 2005, Tinto, 1993), but replicating this same environment can be difficult 

online. Similar to courses on campus, most online courses offered by community colleges 

are taught by adjuncts that may not have time to interact with students beyond the 

scheduled instruction time (Bailey, Jaggars, & Jenkins, 2015; Grubb et al., 1999; 

Shiffman, 2009). Perhaps other institutional representatives, such as academic advisors, 

can provide that interaction for students.  

Most of the research on student retention and persistence focuses on traditional-

aged students enrolled in courses at a brick and mortar campus at four-year colleges 

(Pascarella & Terenzini, 2005). Very little retention research concentrates on community 

colleges, both for students who complete classes on campus as well as online. Instead, the 

majority of studies on online postsecondary persistence involve students in continuing or 

graduate education programs or four-year colleges or universities (Park & Choi, 2009). A 

review of over 50 studies in distance education resulted in only four articles that focused 

on students enrolled in online courses at community colleges (Lee & Choi, 2011). Hart’s 

(2012) review of the literature on online persistence included four articles that explored 

online education at community colleges (Aragon & Johnson, 2008; Harrell & Bower, 

2011; Liu, Gomez, & Cherng-Jyh, 2009; Stanford-Bowers, 2008) out of more than 30 
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total. However, research centers, such as the Community College Research Center at 

Columbia University, have contributed to recent studies about two-year institutions by 

examining the difference in completion rates between students who enroll in courses 

online versus classroom education (Xu & Jaggars, 2011, 2013). Additionally, the 

literature regarding online students enrolled at community colleges has not focused on the 

retention rates of traditional-aged students.  

This research study examined an unstudied area in the higher education retention 

and persistence literature by investigating how the satisfaction levels of traditional-aged 

community college students who enroll in online courses impact their postsecondary 

decisions. The students’ levels of satisfaction were measured in terms of academic 

advising as well as their online postsecondary education experience overall. The 

conceptual framework used for this study consists of adapted parts of both Tinto’s (1993) 

Theory of Student Departure and Kember’s (1995) Model of Dropout in Distance 

Education to create a new persistence model that examined the potential relationship 

between community college students’ persistence through their decision to continue 

enrolling in college and students’ level of satisfaction with academic advising as well as 

online postsecondary experience. This study employed quantitative survey design and 

path modeling (Figure 1) to examine the relationship described above.  
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Figure 1. The Direct/Indirect Hypothesized Relationships-Model of Online Community 

College Student Satisfaction and Continued Enrollment (MOCCSSE) 

 

This chapter presents the problem of practice, the research problem statement, the 

research questions, significance of the study, limitations and delimitations, assumptions 

of the study, and definitions of terms relevant to the study.  

Problem of Practice 

 Despite the increased number of student enrollment as a result of online education 

availability, the rate of completion for community college students enrolled in these 

courses is much lower than the rate of those who completed the courses in the traditional 

classroom (Bambara et al., 2009; Bejerano, 2008: Xu & Jaggars, 2011, 2013). Exploring 

why online students do not complete courses at the same level of proficiency as 

traditional students at community colleges has led to mixed results. Previous research 

reveals that community college students who enrolled in online courses expected them to 
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be easier than taking courses on campus (Bambara et al., 2009; Bejerano, 2008). In fact, 

some students holding this perception enrolled in online courses after failing the same 

course they had taken face-to-face at the community college. Such students often do not 

realize the level of self-discipline and the academic maturity required in order to succeed 

in a virtual environment (Bambara et al., 2009; Bejerano, 2008; Hyllegard, Deng, & 

Hunter, 2008; Nash, 2005; Xu & Jaggars, 2011). Many of these students attending four-

year institutions seem to think that because the course is online, they are free to pursue 

their education as their personal schedule allows instead of adhering to strict deadlines 

(Morris, Finnegan, & Wu, 2005).  

Other research shows that offering courses through a web-based medium like 

Blackboard can be confusing to students who are not familiar with online learning 

environments at four-year institutions (Bell, 2007; Liu, Magjuka, Bonk & Lee, 2007; 

Tyler-Smith, 2006). This confusion while using the online learning management systems 

(LMS) can lead to lower rates of persistence at four-year colleges (Liu, X., et al., 2007; 

Tyler-Smith, 2006). This may also be a factor of lower persistence at community 

colleges. 

History of Student Retention and Persistence 

Contrary to the evaluation measures set by government and society today to 

determine institutional effectiveness, college administrators were not initially concerned 

with their students’ retention or program completion rates. In fact, historically, early 

American colleges were a place to learn career-based skills, make network connections, 

and develop into a successful young adult (Seidman, 2005).  Starting in the 1950s, the 



10 
 

purpose of students attending college began to shift from learning new information to 

earning good grades in order to get into professional schools: a form of credentialing.  As 

federal mandates in the 1960s-70s increased college diversity, institutions became 

concerned about their retention rates (Seidman, 2005). The retention rate of ethnic 

minorities was low, and researchers wanted to know why.  Sadly, there has not been 

much change in these rates in over 50 years. With colleges and universities concerned 

about hitting their enrollment caps, it was more important to identify causes and solutions 

to retention systematically (Seidman, 2005).  The 1980s continued this trend in an effort 

to maintain optimally-sized student bodies, balancing both quality and quantity. A 

movement in the 1990s arose for colleges to focus more on what students learn, not only 

whether or not the student knows enough to pass the class and fulfill a requirement 

(Seidman, 2005). Consequently, learning communities were developed at postsecondary 

institutions. Having classmates live together and study collectively promoted a 

community and supported relationship building. Research has shown that these have been 

effective with ethnic minorities, especially in terms of overcoming barriers, such as 

isolation, that can persuade a student to leave a four-year college (Pascarella & Terenzini, 

2005). With the rise of the number of students taking college courses at a variety of 

institutions instead of just one, researchers have since focused more on persistence 

instead of retention.   

Multiple Definitions for Online Education 

Similar to retention, determining who enrolls in online education is a complicated 

metric because there are multiple benchmarks to identify an institution that offers online 

courses and programs. Prior studies tend to use the terms “distance education” and 
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“online education” interchangeably, although they can be different methods of delivery 

(e.g. tape or correspondence course versus a learning management system located on the 

Internet). Today, students who take part in distance education typically choose between 

online or hybrid courses. Some institutions also do not track the status of their online 

students independent of those who take courses traditionally on campus (Vignare, 2009). 

Students who enroll in online programs desire the same degrees as those who attend 

classes on campus, so many colleges do not have specific tracking by type of instruction 

for the entire duration of students’ pursuit of education. Individuals outside of the 

institution would not know what type of instruction a student chose while in college.  

Completion, Retention, and Transfer 

The rising importance of postsecondary education completion, due in part to 

policy and organizational endeavors (i.e., President Obama’s 2020, Lumina Foundation’s 

60%, Educause, and The Online Learning Consortium) has brought this issue to the 

forefront for many colleges and universities, as well as community colleges. Although the 

goal of earning a credential may appear dichotomous, either a student obtains the award 

or fails to do so, the reality is much more nuanced. A student cannot be labeled as a 

dropout simply for not completing the degree. Tinto (1993) contended that, “Student 

dropout is one of the more frequently misused terms in our lexicon of educational 

descriptors” (p.3).  Community colleges, like all postsecondary institutions, are evaluated 

based on how many of their students obtain a credential, such as a letter of recognition, 

certificate, or associate’s degree (USDOE, 2014a). Because of this, these institutions are 

not recognized by the federal government as being successful when all that a student 

needs from a school is a couple of professional development courses instead of a 
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certificate or degree. As such, institutions, especially community colleges, are not 

evaluated based on their students’ intentions, only their outcomes (Tinto, 1993).   

The rate at which community college students complete a specified program is 

determined by a series of factors. One of these is the institutional retention rate. 

Institutions that received federal funding are required to submit academic information 

about the students they serve, as well as their rate of persistence. However, research has 

indicated that comparing retention rates across community colleges can be difficult 

because they are not measured universally (Park, Boman, Dean Care, Edwards, & Perry, 

2009). Because institutions determine their own retention parameters for the enrolled 

student body, this action may mask how many students return each semester to continue 

towards completing their higher education endeavors. Birdsall (1994) found that several 

community colleges’ retention rates did not include the 10-25% of students who left 

before the enrollment consensus was conducted. Wyman (1997) defined institutional 

retention at community colleges in terms of student persistence, the percent of students 

entering graduation or remaining enrolled in their studies. Sydow and Sandel (1998) 

suggested that retention at community colleges should be calculated based on a goal that 

is identified and verified by the student, then by the persistence of the student towards 

that goal. 

Even if institutions were required to calculate the retention rate using a universal 

method at a specific point in the semester and submit that information to USDOE, the 

program completion data would still be an inaccurate representation of all students. 

Currently, institutional data found on national databases, such as the Integrated 

Postsecondary Education Data System (IPEDS), only includes program completion rates 
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for students who attended only one institution while they pursued higher education, were 

enrolled full-time (which is usually 12 credits per semester) and finished the program 

within a specific time frame (four years for students pursuing a two-year degree).  Many 

college students today do not finish within the prescribed timeframe of two, four, or even 

six years depending on program, nor is their educational path continuous. As Tinto 

(1993) contends, “The odysseys many individuals take to degree completion are long 

drawn out affairs with intermediate stops” (p. 27). Using the federal constraints to 

identify and track the cohort may misconstrue the overall representation of the 

institutional profile.  

Researchers have found that the parameters set by IPEDS for determining 

completion rates are inappropriate for community college institutions because the 

qualifications used to evaluate this outcome assume that students will attend only one 

institution. However, it is not uncommon for students to transfer from one community 

college to a four-year institution or another community college in their attempt to 

complete a credential. Additionally, a student may transfer from a four-year institution to 

a two-year community college, a parameter which would also not be reported by IPEDS. 

The completion rate at community colleges may also be much lower than reality. After 

all, all college graduates persist, but not all who persist graduate from every institution. 

Students only receive a degree from one college or university, regardless of all of the 

schools that contribute to their experience, unless he or she receives a credential from 

each school before transferring (Hagedorn, 2005).  Instead, the first institution’s retention 

rate is lowered because the student left before the college determined he or she finished 

the program.  Wild and Ebbers (2002) noted that “the nature of student retention in 
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community college is much more diverse and complex than the current literature base 

would indicate” (p. 514). Tracking the retention rate of community college students is 

further complicated due to the likelihood of losing students due to open-door admission 

policies and competing job and personal challenges of commuting students (Craig & 

Ward, 2002).  

 Currently, it is very difficult to track the completion rate of students who transfer 

to another college or university to complete an educational credential, even though over 

50% of students do so as they pursue higher education (Hagedorn, 2005).  Unless one 

uses services like the National Student Clearinghouse or a state consortium, it is nearly 

impossible to track a student’s educational path. The current college these transfer 

students attend can be found provided that they did not transfer outside of the state and 

that their current institution agreed to allow their students to be tracked while pursuing 

their degree (National Student Clearinghouse, 2013).  Often, students who are not 

matched to the transfer database and have not enrolled at another institution after leaving 

are reported by colleges that they dropped out of the academic program and are removed 

from the enrollment reports (National Student Clearinghouse, 2013).    

With these limitations in tracking data, it is difficult to determine how any 

completion goal can be met or how policymakers can create a policy to increase student 

success. Alan Seidman, Director of The Center for the Study of College Student 

Retention, produced a list of over 1400 references related to retention. Yet, he argued that 

despite years of research, community college retention rates have remained stagnant 

(Seidman, 2005). Four-year colleges have demonstrated similar results. Hoachlander, 

Sikora, and Horn (2003) pointed out that despite years of research, the overall graduation 
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rate has remained at a steady 50%. There is no easy way to explain student withdrawal 

from higher education or explain patterns across students and settings (Tinto, 1993).  

The Research Problem Statement 

 A thorough search of the literature found no existing studies that investigated 

student satisfaction with academic advising, the online postsecondary experience, and the 

likelihood of increased persistence at community colleges. Given the increased popularity 

of online courses at community colleges combined with the low completion rate of 

students who take them compared to those who enroll in classes on campus, a thorough 

understanding of what causes students to be satisfied with their academic advisor as well 

as their online postsecondary experience might inform the gap in retention and 

persistence research. If institutions take measures to improve student satisfaction, then 

their students may be more likely to continue enrolling in postsecondary education, 

which may increase the retention rate. Community colleges want to provide support to 

help online students be successful, complete their coursework, and obtain a 

postsecondary credential. Exploring how satisfaction with academic advising can lead to 

increased student persistence will offer a starting point for filling this gap in online 

education research.  

Conceptual Framework 

This study used a persistence model that was adapted from both Tinto’s (1993) 

Theory of Student Departure (TSD) and Kember’s (1995) Model of Dropout in Distance 

Education (MDDE). Both TSD and MDDE examine factors that determine whether or 

not students continue their studies towards a postsecondary credential. These factors 

include entry characteristics and interactions with faculty and staff. Students will decide 
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whether or not to continue in college based on the strength of these interactions. TSD has 

been used in many research studies that have explored student retention of traditional-

aged students. However, while TSD is widely cited and acknowledged, critics argued that 

theories similar to it do not apply to community colleges. MDDE was originally used to 

conceptually explain the factors that may contribute to an older adult student’s decision 

to withdraw from online courses. These students are commonly referenced as non-

traditional (Rovai, 2003). 

The persistence model created for this research study, the Model of Online 

Community College Student Satisfaction and Continued Enrollment (MOCCSSE, Figure 

1), combined factors of both TSD and MDDE. Merging these models together allows for 

Tinto’s use of academic and social integration that was created to understand decisions 

made by traditional-aged students to integrate with Kember’s factors that were designed 

to understand the behaviors of online students.  Further, this model explored the 

persistence of traditional-aged community college students enrolled in online courses. In 

2005, Pascarella and Terenzini noted that less than 10% of all studies conducted that 

investigated higher education retention examined characteristics of community colleges 

specifically.  To date, no one has disputed this finding. The lack of community college 

research prevents the creation of persistence theories and models that are specific to 

community colleges (Elkins, Braxton, & James, 2000; Wild & Ebbers, 2002).  

The Research Questions 

This research study examined whether or not the MOCCSSE path model was a 

good fit for the data obtained from traditional-aged community college students who 
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enrolled in exclusively online courses for at least one semester in Maryland, 

Pennsylvania, or Virginia. The following hypotheses were also explored:  

H1: The students’ level of satisfaction with their academic advisor has a direct 

positive effect on continued online enrollment. 

H2: The students’ level of satisfaction with their online postsecondary experience 

has a direct positive effect on continued online enrollment. 

H3: The students’ level of satisfaction with their online postsecondary experience 

as well as students’ level of satisfaction with their academic advisor have a direct positive 

effect on continued online enrollment. 

H4: The students’ entry characteristics as well as online adaptability level have a 

direct positive effect on continued online enrollment. 

H5: The students’ level of satisfaction with their academic advisor, students’ level 

of satisfaction with their online postsecondary experience, entry characteristics, and 

online adaptability level have a direct positive effect on continued enrollment. 

 

Significance of the Study 

As enrollment in online courses increases at community colleges, questions will 

arise about what institutions can do to help increase student persistence rates. Previous 

research has shown that while students enrolled in online courses have some similar 

characteristics as those who attend classes in person, there are substantial differences as 

well. Understanding the online students’ level of satisfaction with academic advising as 

well as postsecondary satisfaction might help institutions tailor their support initiatives 

and programs to address the needs of their students. 
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This study is needed because others have not investigated traditional-aged 

students as a particular segment of the population which enrolls in online courses at 

community colleges. Although online education mostly caters to non-traditional students 

who may have family and/or work responsibilities, more students who recently 

completed high school choose to enroll in online courses at community colleges. It is 

important to understand if the findings obtained from studies on online education at four-

year institutions, often focusing on non-traditional students, also apply to younger 

students enrolled at community colleges. Traditional-aged students may choose to enroll 

in online education for different reasons than non-traditional students. Earlier studies 

noted that non-traditional students select online education due to flexibility of courses 

and transportation (Bejerano, 2008; Hornak et al., 2010; Xu & Jaggars, 2011, 2013) 

whereas current studies on traditional-aged students indicate that it is very important for 

them to interact with peers and faculty within their first year (Astin & Oseguera, 2005; 

Bean, 2005; Pascarella & Terenzini, 2005; Seidman, 2005, Tinto, 1993). Questions 

remain about how both community colleges as well as four-year institutions can develop 

interaction between students and faculty or staff if they never come to a physical campus.  

Understanding the relationship between advising satisfaction and persistence for 

traditional-aged students who enroll in online courses at community colleges might also 

provide insight about the importance of an advisor to a student’s success. Many of these 

students are the first in their family to enter college and may not know what requirements 

must be completed before they can be granted the award or certificate they are working 

towards (Cofer & Somers, 2001).  They may need someone to guide them towards not 

only required courses but also workshops or other opportunities to improve their 
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academic skills and study habits. Using a path model to explore the relationship between 

academic advising satisfaction and continued online enrollment in online postsecondary 

education can provide community colleges with the ability to identify specific areas 

where additional time and resources can be placed in an effort to improve the experience 

for all online students. These institutions can use findings from this research to adapt to 

the needs of their students as well as the communities the colleges serve. The results from 

this research contribute to understanding the impact of online learning on higher 

education. More research that examines online education offered by community colleges 

will help to ensure that best practices carried from the four-year institutions are still 

relevant in the two-year sector. Without conducting additional studies that focus 

exclusively on online education at community colleges, institutions may glean findings 

from four-year colleges and universities to also be relevant to students at two-year 

schools. As a result, community colleges may end up failing to serve their students 

properly. 

 Summary of the Methodology 

 This study used a cross-sectional design using a web survey for collecting data via 

SurveyMonkey and analyzed via quantitative path analysis.  A cross-sectional design 

collects data at one point as opposed to longitudinally (Creswell, 2014). Through survey 

research, researchers are able to measure the results of a sample and generalize them to a 

larger population (Creswell, 2014). Because students who take classes in an online 

environment need to be familiar with using a computer, as well as navigating a web page 

to find course materials and discussions, conducting surveys using the Internet was an 

appropriate method of data collection. Using a web survey can provide participants with 
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an anonymous environment to comment about their online learning experiences without 

concern for possible repercussions. Path analysis provided this study with the ability to 

see if correlations exist between variables (Fraenkel & Wallen, 2006; Olobatuyi, 2006; 

Rigdon, 2014; Schumacker & Lomax, 2012). More detailed information on the variables 

is found in Chapter 3.  

The participants in this study were students who have graduated from high school 

between 2010 and 2013 and were between the ages of 18 and 22, also known as 

traditional-aged students (Tinto, 1993). These students enrolled exclusively in online 

classes for at least one semester while pursuing a degree at a community college in 

Maryland, Pennsylvania, or Virginia. According to data retrieved from IPEDS, the six 

institutions chosen for this study had at least 5% of their students enrolled exclusively in 

online courses in Fall 2012. Using this parameter helped to ensure that an adequate 

sample can be collected for the study. According to records at each institution, 

approximately 10,000 traditional-aged students enrolled exclusively in online courses 

within the last four years at one of these community colleges. However, given that most 

of the students have either graduated, transferred, or left the community college, it is 

more likely that approximately 2500 students were informed about the study and had an 

opportunity to participate. Because online surveys have a response rate of approximately 

20% (Hyllegard et al., 2008; Muse, 2003), and this study had a 5% margin of error, the 

minimum survey size was expected to be 318 responses. Three hundred forty-six students 

participated in the study; however, only 212 students indicated that they had 

communicated with their academic advisor. The responses of these students were retained 

for further analysis, and the remainder were removed.  
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In order to maximize the response rate, students who completed the survey had 

the incentive to win one of four $50.00 Amazon gift certificates. The winners were 

randomly selected following the study. The Director of Institutional Research at each 

institution provided a list of email addresses of all eligible students. In early October 

2014, students received an email invitation to participate in the survey from either the 

researcher or the Director on his behalf. Follow-up letters were sent to all students three 

days later as well as at the end of the following week. The week of October 25
th

, a final 

follow-up letter was emailed to students who have not completed the survey. This letter 

encouraged non-completers to participate before the web survey closed on October 31
st
. 

The instrument was created as a result of professional survey training via relevant 

coursework and validated via review of the items by subject matter experts. Additionally, 

all of the survey questions were connected to the literature introduced in Chapter 2. Data 

were collected and then entered into SPSS. The results were analyzed using quantitative 

path analysis using Analysis of Moment Structures (IBM, 2012). 

Limitations 

 Due to limited resources and availability, this study was restricted to six 

community colleges located in Maryland, Pennsylvania, or Virginia compared to the over 

900 community colleges in the United States that have similar program offerings. 

Further, the results of this study were based on traditional-aged students enrolled in 

online courses at different sized two-year colleges in the United States and may not 

generalize to those students who take classes on campus or older students who complete 

online courses. Additionally, the survey instrument created for this study was subject to 

bias because most of the responses were self-reported. However, the validity and 
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reliability factors for the instrument have been built into this assessment tool through 

pilot testing, expert opinion, and matching research with the reviewed literature. These 

factors are explained in Chapter 3. 

Assumptions 

 For the purpose of this study, it was assumed that when registering for classes, all 

online students chose to interact with their academic advisor even though it was not 

required. The second assumption was that the survey instrument would be able to capture 

a student’s experience with online courses as well as with their academic advising staff. 

A third assumption was that the study had enough participants to capture meaningful 

data, analyze the data, and draw conclusions. These students might have been exposed to 

too many different assessments as institutions strive to capture their thoughts and beliefs 

about online learning and may have experienced survey fatigue, which can lead to non-

response. A fourth assumption was that students might self-report accurate responses 

about their online experience. A final assumption was that there would be a positive 

relationship between the level of satisfaction students have about their academic advisors 

as well as their desire to remain enrolled in postsecondary education. 

Definitions of Relevant Terms 

Academic Advisor: A developmental process which assists students in the clarification of 

their life and/or career goals, development of educational plans, and adaptation into the 

academic environment. It is a decision-making process by which students realize their 

maximum educational potential through communication and information exchanges with 



23 
 

an advisor; it is an ongoing, multifaceted responsibility of both student and advisor 

(Church & Robinson, 2006). 

Community College: A two-year publicly supported institution (Cohen & Brawer, 2008). 

Engagement: The intersection of student behavior and institutional conditions (Kuh & 

Love, 2000). 

First-Generation: Students whose parent(s) or guardian(s) have not earned a Bachelor’s 

degree (Tinto, 1993). 

Interaction: Mutual or reciprocal action and response between two or more persons, 

systems, or other entities such as a student and faculty, or student and staff, student and 

the college or university (Tinto, 1993). 

Learning Management System: A software application used in administering, 

documenting, and reporting on online education courses (Moore, 2013). 

Non-Traditional: Students enrolled in courses who may be older than 22, work-full time, 

and may take care of dependents (Rovai, 2003). 

Online Degree Program: A selection of courses in which no more than 20% of all 

offerings require the student to come to campus (Allen & Seaman, 2014). 

Online Education: Courses where most or all of the content is delivered online, typically 

without face-to-face interaction between students and the instructor (Allen & Seaman, 

2014). 

Persistence: The rate of which students continue towards a desired goal (Tinto, 1993). 
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Postsecondary education: The level of education that students pursue beyond high school 

(Tinto, 1993). 

Retention: The rate of students who continue to enroll at a particular institution 

(Hagedorn, 2005). 

Student Engagement: The combination of the amount of time and effort students put into 

studies and other educational activities with the resources that colleges and universities 

devote toward student participation in activities linked to learning (Kuh & Love, 2000). 

Traditional-Aged: Students who recently completed high school, age 18-22 (Tinto, 

1993). 

 

Underprepared: Students who had low GPA in high school, may be required to take 

remedial or developmental courses before pursuing classes for academic credit (Noel, 

1985). 

Underprivileged: Students whose family income is less than 200% of the United States 

poverty guidelines, qualifies for Pell Grant and other financial aid (Longwell-Grice & 

Longwell-Grice, 2008).  

 

Summary 

 This chapter outlined the rise of enrollment in online education; the gap in 

completion rates between students that take courses virtually compared to face-to-face; 

research questions designed to validate a conceptual path model that will explore how the 

perceptions of academic advising impact an online student’s decision to remain enrolled 

at a community college; the importance in helping institutions develop supports and 

systems to help students enrolled in only online courses earn a credential; and the 
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delimitations, assumptions, and definitions of relevant terms. Chapter 2 presents the 

framework that was designed for this study as well as a review of relevant literature. 

Chapter 3 outlines the study’s methodology. This study used an exploratory, descriptive 

research design and collected data for analysis via an online survey. Path analysis was 

used to examine the relationships between community college students’ level of 

satisfaction of academic advising and their decision to continue enrolling in college. Two 

hundred twelve traditional-aged students who enrolled exclusively in online courses for 

one semester while attending one of six community colleges in Maryland, Pennsylvania, 

or Virginia and indicated that they communicated with their advisor participated in this 

study. Chapter 4 will present the quantitative results. Finally, Chapter 5 will provide 

analysis, recommendations, and conclusions.   
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Chapter 2: Literature Review 

Introduction 

Understanding the factors that contribute to a student’s decision to remain 

enrolled in higher education and persist until he or she has obtained a credential is a 

complex process that has been extensively studied in literature (Astin & Oseguera, 2005; 

Bean, 2005; Pascarella & Terenzini, 2005; Rovai, 2003; Seidman, 2005, Tinto, 1993). 

However, most of these studies have focused on students enrolled at four-year colleges or 

universities. The investigation of student retention and persistence becomes more 

complex when studying community college students. Unlike students enrolled in four-

year university programs who pursue a bachelor’s degree, community college students 

enroll in classes for multiple reasons that some retention theories cannot capture properly 

such as to: transfer from one type of major/program to another, gain a vocational 

certificate, or develop a skill (Sorey & Duggan, 2008). Because students enroll in 

community colleges for various reasons, community college students often have a many 

program options to choose from instead of a guided path and a smaller set of majors like 

those found at four-year institutions. Having so many classes available for students to 

enroll in can lead to confusion about what courses students must take to achieve their 

goals (Bailey, Jaggars, & Jenkins, 2015). Often, students are expected to explore these 

options either on their own or with minimal guidance. Furthermore, understanding 

persistence factors becomes more difficult when these same students enroll in online 

education, given that they are placed in an academic environment that may force them to 

create their own learning and success without assistance of course instructors (Collier & 

Morgan, 2008). Online education can be difficult to adapt to because most students were 
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accustomed to obtaining face-to-face information from teachers while in primary and 

secondary school (Xu & Jaggars, 2013). The Model of Online Community College 

Student Satisfaction and Continued Enrollment (MOCCSSE) path model used in this 

study is comprised of factors that have been identified in the literature about persistence 

of traditional students, online education, and advising: 

1) Entry Characteristics: the background student characteristics as well as the 

barriers identified by previous studies that prevent postsecondary students from obtaining 

a credential. 

2) Satisfaction with Academic Advisor: studies that have investigated 

student’s satisfaction with advisor as well as gaps in information related to advising 

online students. 

3) Online Adaptability Level: studies that have investigated student comfort 

level with technology, their time management skills, locus of control, and self-efficacy. 

4) Satisfaction with Online postsecondary Experience: studies that have 

investigated factors that influence student satisfaction with online classes. 

5) Continued Enrollment (Persistence): factors that have determined student 

success to higher education.  

First, this review examines both Tinto’s (1993) Theory of Student Departure 

(TSD) and Kember’s (1995) Model of Dropout in Distance Education (MDDE). This 

includes descriptions of each model as well as shortcomings that could be addressed in a 

modified framework. Next, a description of the conceptual framework designed for this 
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study, the Model of Online Community College Students Satisfaction and Continued 

Enrollment (MOCCSSE), is addressed. Then, literature related to each component of the 

MOCCSSE as it pertains to traditional-aged community college students, is synthesized 

and critiqued. In areas where literature is not available, findings from studies of 

traditional-aged students attending four-year colleges or non-traditional students enrolled 

at community colleges or in online courses were identified. The chapter concludes with 

an integrative synopsis of the review of literature in terms of populations studied and 

methods used. 

Tinto’s (1993) Theory of Student Departure 

 Tinto (1993) claimed that student dropout occurs due to the interactions between 

the students and the educational environment they encounter. He argued that high levels 

of social integration and academic integration increased student commitment to college 

as well as a rise in student persistence. His model consists of five core concepts: (1) pre-

entry attributes, (2) goals and commitments, (3) institutional experiences, (4) integration, 

(5) and outcomes. A diagram of Tinto’s Theory of Student Departure (TSD) is displayed 

in Figure 2.  
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Figure 2. Tinto’s Theory of Student Departure 

 

According to TSD, family background, individual attributes, and pre-college 

schooling influences a student’s level of commitment to a goal or the institution. This 

level of commitment can be impacted by grade performance or intellectual development 

(academic integration). Students who perform well in college or feel that they are 

learning useful information are more likely to be satisfied with their experience and want 

to remain enrolled. Conversely, students that receive failing grades or feel that college is 

ineffective are more likely to drop out of postsecondary education. Student commitment 

to pursue a goal can also be impacted by peer-group and faculty interactions (social 

integration). Those who feel connected to their peers or faculty on campus are more 
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likely to stay enrolled while students who feel isolated are more likely to withdraw. The 

TSD indicates that grade performance can affect students’ satisfaction with peer-group or 

faculty interaction and vice-versa. Both academic integration as well as social integration 

play a role in the student’s decision to remain in college or dropout (Tinto, 1993).  

Even though Tinto’s (1993) theory is a widely accepted model of student 

retention, it is not the best framework for this research study on its own accord. He argues 

that, “Our theories are, in their current form, only rough predictors of leaving as currently 

measured” (2005, p. 320). Additionally, Tinto admitted that his framework was not 

designed to explain the decisions of commuter students (Braxton & Hirschy, 2005).  

Also, critics argued that Tinto’s theory is not a good framework to evaluate the retention 

of community college students.  Cabrera, Castaneda, Nora, and Hengler (1992) argued 

that Tinto’s model does not factor in parent involvement, finances, or peer relationships. 

Similar to those who commute to classes, many community college students have jobs, 

live off campus, take classes part-time, and have different needs than students enrolled at 

four-year colleges and universities (Zhai, 2012).  It can be difficult to generalize 

definitions and measures of student retention in universities to community colleges 

(Ashar & Skenes, 1993; Braxton et al., 2000; Mohammadi, 1996; Sullivan, 2001). 

Braxton and Hirschy (2005) argued that “theories largely developed and supported by 

research conducted with students at baccalaureate institutions are likely to fit students at 

those institutions better than students at two-year institutions” (p.4). Contrary to those at 

four-year institutions, many community college students spend little time on campus and 

may not have time to take advantage of the services available on campus, such as 

financial aid, academic advising, tutoring, and career placement that can help them 
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succeed. Institutions would need to combine these services into one location (Attinasi & 

Nora, 1992; Pascarella & Terenzini, 2005; Rendon & Nora, 1994). Ideally, students 

would meet with a team of professionals from multiple services who would work 

together so that students could receive the help they need in a streamlined manner.  

Kember’s (1995) Model of Dropout in Distance Education 

 Largely inspired by Tinto’s (1993) TSD model, Kember tried to understand how 

this framework could apply to distance education students. Tinto’s model was created 

based on studying traditional four-year colleges, whose students would likely have 

experienced direct contact with faculty members on campus, as opposed to distance 

education students who often never visit a college campus and have limited 

communication with faculty via mail, telephone, or video link (Kember et al., 1994). 

Kember’s (1995) Model of Dropout in Distance Education (MDDE) includes seven 

phases: (1) entry characteristics, (2) social integration, (3) academic integration, (4) 

external attribution, (5) academic incompatibility, (6) cost-benefit analysis, and (7) 

outcome (Lee & Choi, 2011).  He argued that students drop out of college because in the 

student’s mind, the costs of remaining enrolled are higher than the potential benefits. A 

diagram of MDDE is found in Figure 3.  
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Figure 3. Kember’s Model of Dropout in Distance Education (1995) 

 

Kember’s model shows that the entry characteristics of distance education 

students will direct them down one of two paths: social integration or external attribution 

(Lee & Choi, 2011).  Although Kember adapted both academic and social integration 

from Tinto, he defined these factors differently. In this model, social integration is more 

than just peer and faculty interaction. Social integration describes the students’ ability to 

balance their time needed for studies with employment, social life, and family. The model 

shows that students who are able to balance this successfully progress into academic 

integration. Students who are able to manage commitments outside of coursework are 

more likely to focus their attention on their educational endeavors (i.e. academic 

integration) (Kember, 1995). Students who are not able to balance education pursuits 

with other life demands are more likely to lean towards external attribution, in which they 

feel that life’s challenges prevent them from succeeding (Kember, 1995). As a result, 
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Kember noted that students who exhibit signs of external attribution are more likely to 

experience academic incompatibility. Students with high levels of academic 

incompatibility are more likely to believe their low performance is due to external factors 

they cannot control such as difficult assignments, too much to learn, and/or difficulty 

understanding the relevance of course content. Students receive a grade point average 

(GPA) at the end of the course. It is implied that students who have a positive social and 

academic integration experience also have a high GPA, while those who face external 

attribution and academic incompatibility might have a low GPA (Woodley, de Lange, & 

Tanewski, 2001). Once students have received their GPA students conduct a cost/benefit 

analysis to decide whether to remain in postsecondary education or to withdraw. 

Kember’s (1995) Model of Dropout in Distance Education is however, not the 

most adequate framework for this research study. Although the concepts of Kember’s 

model may describe the thoughts and actions of online students, Woodley et al. (2001) 

argued that the instrument used in Kember’s 1995 study suffers from excessive 

measurement error. The individual items used in the survey did not measure the same 

concept. Kember’s study also focuses on non-traditional-aged students and this research 

study centered on students who recently graduated high school and decided to enroll 

exclusively in online classes for at least one semester in a community college. In 

addition, most of the work available on Kember’s theory outside of the 2001 study has 

been acknowledgement of his model in dissertation literature reviews or meta-analyses..  

 Although there have been other frameworks that researchers have used to try to 

explain why students withdraw from online education (Park & Choi, 2009; Rovai, 2003), 

these studies have not investigated what factors would cause a traditional-aged student to 
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drop out of online learning. Both Park and Choi (2009), as well as Rovai (2003) studied 

factors that led to attrition for non-traditional students enrolled in online courses. Park 

and Choi (2009) reported about adult learners who enrolled in job-related online courses 

at a Midwestern university while Rovai (2003) surveyed adult students enrolled at four-

year institutions. Neither study examined students who recently completed high school 

and were enrolled in online courses at a community college to learn a professional trade 

or to transfer to a four-year degree program. This research study focused on this specific 

population.  

Model of Online Community College Student Satisfaction and Continued 

Enrollment  

In order to understand the potential that communicating with an advisor can have 

on an online student’s decision to remain enrolled in online community college courses, 

one must understand why online students do not complete courses. Similar to TSD, one 

would expect that students’ satisfaction with their advisor or their online postsecondary 

experience would influence their decisions to remain enrolled at an institution. The 

Model of Online Community College Student Satisfaction and Continued Enrollment 

(MOCCSSE) establishes five criteria: (1) entry characteristics, (2) satisfaction with 

academic advisor, (3) online adaptability level, (4) satisfaction with postsecondary online 

experience, and (5) persistence via continued online enrollment. A diagram of 

MOCCSSE is found in Figure 4. 
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Figure 4. Model of Online Community College Student Satisfaction and Continued 

Enrollment  

 

Students’ satisfaction with their online experience is influenced by three different 

factors: entry characteristics, the online adaptability level, and their satisfaction with their 

academic advisor.  

Entry Characteristics include variables that have been used as controls in 

previous retention studies as well as Tinto’s (1993) and Kember’s (1995) models (gender, 

race/ethnicity, parent education, dependent status, employment status, academic 

readiness, financial aid, and college preparation programs).  

Online Adaptability Level includes variables that previous literature has indicated 

can affect students’ satisfaction with online education including comfortability using 

technology, time management, locus of control, and self-efficacy.   



36 
 

Satisfaction with Academic Advisor includes variables that measure the students’ 

level of satisfaction as a result of communicating with their advisor (frequency of contact, 

goal-setting, mentoring, and confidence in ability to pursue higher education).  

The students’ level of Satisfaction with Online Experience can also be impacted 

based on  number of semesters enrolled in college overall, number of online courses 

enrolled and completed, reasons they enrolled in online courses, peers that enroll online, 

and their satisfaction with the college overall.  Finally, the students’ level of Satisfaction 

with Online Experience will influence Continued Online Enrollment to measure 

persistence. 

Description and Critique of Scholarly Literature 

Entry Characteristics  

Similar to Kember’s (1995) model, the MOCCSSE also adapted Entry 

Characteristics from Tinto (1993). This set of variables is included in most models of 

student retention (Astin & Oseguera, 2005; Bean, 2005; Pascarella & Terenzini, 2005; 

Rovai, 2003; Seidman, 2005, Tinto, 1993). Researchers have found that entry 

characteristics have varying impact levels on a student’s decision to remain enrolled in 

higher education. Tinto (1993) explained that these entry characteristics can influence 

whether or not students feel committed to their education, which can be demonstrated 

through dedication to a personal goal or the college or university. This commitment can 

be hindered or enhanced based on a student’s family background, individual attributes, 

and academic preparation. Lee, Choi, and Kim (2013) argued that these characteristics 

are not significant in understanding online student persistence. However, their study was 
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limited to online students enrolled at the Korean Open University, so the findings may 

not apply when comparing to studies that involve college students from other countries 

such as the United States. 

Allen and Seaman (2013) described that many students who enroll in online 

courses are underprepared for college, underprivileged, the first in their family to pursue 

a postsecondary credential, and/or students of color. These are common characteristics of 

students who enroll in community college (Bahr, 2013) and also decide to leave 

postsecondary education (Howell, Laws, & Lindsay, 2004; Hyllegard et al., 2008; Sorey 

& Duggan, 2008). Student demographics explored in the student retention literature have 

included age, gender, race or ethnicity, financial need, parent education, and academic 

readiness, often determined by prior academic performance.  Each of these variables was 

shown to predict student retention in at least one study. 

Age. Most of the early research that explored why students drop out of 

postsecondary education focused on traditional-aged students at four-year institutions 

(Cabrera et al., 1992; Pascarella & Terenzini, 2005; Tinto, 1993). However, the average 

age of community college students, as well as those who enroll in online courses tends to 

be older than 24 (Muse, 2003; Rovai, 2003). This age difference is reflected in the 

populations explored in studies of persistence in community colleges (Craig & Ward, 

2008), and online courses at both community colleges as well as four-year institutions 

(Drouin, 2008; Hyllegard et al., 2008; Holder, 2007; Muse, 2003; Rovai, 2003). The lack 

of research on traditional students who enroll in online courses or programs results in a 

literature gap that this research study intends to address, building on previous findings 

that arose from students who took classes on campus. 
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Gender. The impact of gender on understanding postsecondary retention is more 

nuanced. Some studies showed that male students are more likely to leave community 

colleges without earning a credential (Hawley & Harris, 2006; Sullivan, 2001) while 

other researchers argued that gender has no significance (Hyllegard et al., 2008).  

Johnson and Mejia (2014) observed that males who enrolled in online courses while 

attending community colleges in California had a lower persistence rate than females. 

Race/Ethnicity. Race and ethnicity, after academic performance and 

psychological characteristics, are some of the most prominent factors in any model of 

postsecondary retention for students at community colleges as well as four-year 

institutions. (Cabrera et al., 1992; Crossling & Heagney, 2008; Tinto, 1993). Often, the 

impact of this variable is a result of other factors, such as family income, parent 

education, and/or prior academic performance. Similar to four-year colleges and 

universities, community colleges student populations in the United States are becoming 

more diverse than in the past. However, gaps in completion rates still exist, especially in 

regards to African American and Latino or Hispanic students compared with their White 

or Asian peers (Astin & Osuguera, 2005; Johnson & Mejia, 2014; Pascarella & Terenzini, 

2005; Tinto, 1993). Crossling and Heagney (2008) noted that “Identification of retention 

issues affecting students from non-traditional background is complicated by a 

considerable overlap in equity group membership” (p.18). Since there are often smaller 

percentages of minority groups attending postsecondary institutions, it can be more 

difficult to discern what colleges can do to ensure that these students succeed. Tinto 

(1993) argued that “students of color tend to face greater problems in meeting the 

academic demands of college work, in finding a suitable niche in the social and 
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intellectual life of the college, and perhaps in obtaining sufficient financial resources” 

(p.75).  Often, these students have to overcome barriers such as hidden racism and bias 

that can permeate and reside on campuses despite the institutions’ best efforts to create 

safe learning environments.  

Demonstrating Financial Need. Research on underprivileged students indicates 

that it can be difficult for them to overcome barriers that occur as a result of their 

socioeconomic status including attending poorly resourced secondary schools, being 

underprepared for college or to adjust to student life, and having lower expectations from 

faculty (Bailey, Jaggars, & Jenkins, 2015; Longwell-Grice & Longwell-Grice, 2008; 

Noel, 1985). A student is considered underprivileged if his/her family income is less than 

200% of the United States poverty guidelines and s/he qualifies for Pell Grants and other 

financial aid (Longwell-Grice & Longwell-Grice, 2008; ). 

Because of these disadvantages, underprivileged students have to spend more 

energy and time studying and adjusting to college than others, if they attend at all (Noel, 

1985). Further, it is often more costly when an underprivileged student takes courses that 

are unrelated to their program of study than their high income peers (Bailey, Jaggars, & 

Jenkins, 2015). In addition to the cost of taking unrelated classes instead of those directly 

related to their program, the time spent in unrelated classes may translate to foregone 

wages if they are attending classes instead of working provided that a student is 

employed. The loss of income may cause other financial hardships at home (Bailey, 

Jaggars, & Jenkins, 2015). 
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Some researchers claim that social statuses, such as privilege, are a better 

predictor of success in postsecondary education than race or gender (Choy, 2001; Nunez 

& Cuccaro-Alamin, 1998).  Okun, Fried, and Okun (1999) define privilege as more than 

simply income; it is a combination of economic status, values, beliefs, attitudes, and 

assumptions. There is often little pressure by external forces (i.e., society, school, 

community) to influence underprivileged students to pursue postsecondary education. 

Since most of the time, their parents did not go to college, they receive minimal parental 

guidance or information about the benefits of a college degree or trade certificate as well 

as why education after high school is important (Longwell-Grice & Longwell-Grice, 

2008).  Bailey, Jaggars, and Jenkins (2015) noted that nearly 25% of community college 

students are underprivileged and more likely to have received lower quality instruction 

and academic supports in high school than their more affluent peers.  Even if a student 

qualifies for grant aid to cover tuition, he/she often still has to pay for room, board, and 

other expenses to be involved in the “college experience.” These students cannot depend 

on their parents for support and instead have to work, often at the detriment of their 

performance in college (Crossling & Heagney, 2008).  Hawley and Harris’s (2006) study 

revealed that the number one barrier to student persistence is lack of finances.  Cofer and 

Somers (2001) noted that students enrolled in two-year institutions are 0.18% less likely 

to persist for each $1,000.00 increase in tuition. 

Underprivileged students who enroll in online courses may also encounter 

problems. While offering classes online may appear to increase access for students by 

eliminating the need to travel to campus to learn, these students may experience financial 

obstacles. According to a Pew Report about digital literacy, “only 42% of households 
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with incomes less than $30,000, 46% of adults who only completed high school, 52% of 

African Americans, and 47% of Hispanics had access to high-speed Internet at their 

home” (Rainie, 2010). Others access the Internet via their smartphone, local library, or 

even wireless connection on campus while sitting in their vehicles (Rainie, 2010).  

Some scholars argue that financial aid or lack thereof is a distinct predictor of 

persistence. Because of stricter budgets and lowered funding, colleges and universities 

are cautious about providing aid. Higher enrollment does lead to higher retention, but it 

also leads to less available resources for those in need. Additionally, financial aid is not a 

direct factor of persistence. Instead, it has an indirect effect. Financial aid does not alter 

academic skills, but it can allow the student to focus on studying instead of working 

multiple low-wage jobs in which the employer may or may not provide the time needed 

for a student to prepare adequately for class.  

Parent Education/First-Generation. Today, over 50% of students enrolled at 

community colleges have parents who have not completed a bachelor’s degree, 

commonly referred to as first-generation college students (Phillipe, 2015a). Most of these 

students have different socioeconomic backgrounds than non-first generation students 

and are initially behind in college readiness (Pascarella & Terenzini, 2005). However, the 

weight of this factor and its relation to postsecondary persistence is questionable. Bean 

(2005) contended that parent education is the highest socioeconomic predictor of 

retention in college while Pascarella and Terenzini (2005) indicate that the effect of 

parent education diminished when examining it with other factors. Some researchers 

argued that family income or parent education are stronger predictors of student retention 
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than race and ethnicity (Cofer & Somers, 2001; Longwell-Grice & Longwell-Grice, 

2008).   

Academic Readiness. An increasing number of students are leaving high school 

inadequately prepared to meet the academic demands of postsecondary education. Every 

year the number of students who need extra services to address learning disabilities and 

improve readiness for college rise. In the 1980s, the average high school graduate had a 

“B” average and read at an 8
th

 grade level (Noel, 1985).  If faculty failed to provide 

sufficient supplemental instruction to students in order to improve their mathematics and 

reading skills, then they “have no more right to expect a student without reading skills to 

be an effective learner than we do to expect a carpenter without a hammer to be effective 

at pounding nails” (Noel, 1985, p.14).  That analogy still applies today. If students do not 

have the basic skills mastered, how can anyone expect them to be successful in complex 

higher education settings? Further, research on underprepared students has revealed that 

many of these underprepared students do not have adequate time or energy to devote to 

their studies (Anderson, 1985; Barr & Scheutz, 2008). Since these students often have to 

work harder to remain prepared for college classes, they may not have time to 

communicate with their instructors or peers outside of class.  These students are often the 

ones who need the most help, but are most unlikely to pursue it (Bailey, Jaggars, & 

Jenkins, 2015). 

Tinto (1993) asserted that it is not the academic ability or past performance that 

determines the persistence of a student. Rather, more rigorous programs at private 

elementary and secondary schools better prepare students for college. These institutions 

are also more likely to teach students study skills, successful academic habits, and social 
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skills compared to the programs offered at many public secondary institutions. In short, 

academic preparedness is part of the cultural capital (Bean, 2005). Often students with 

high standardized test scores get good grades, take language courses, have educated 

parents, and attend selective residential schools (Pascarella & Terenzini, 2005). 

Studies have indicated many community college students are underprepared for 

postsecondary education and have to complete at least one developmental math, reading, 

or English course before being eligible for credit courses (Adelman, 2005; Craig & Ward, 

2008; Fike & Fike, 2008). Students in community college are far less likely to have taken 

gateway courses like English composition or college level mathematics while in high 

school (Adelman, 2005). Fike and Fike (2008) discovered that nearly two-thirds of 

students at a community college took developmental math and 22% enrolled in a 

developmental reading course. Craig and Ward (2008) found that students who dropped 

out of community college had a lower GPA than those who graduated or were still 

enrolled; they also earned less credits.  

Underprepared students who enroll in online courses may encounter greater 

difficulties than if they had taken the class face-to-face. Some researchers found that 

community college students who enrolled in online courses had lower grades than face-

to-face (Bendickson, 2004; Chambers, 2002; Figlio, Rush, & Yin, 2010). Underprepared 

online students are also more likely to withdraw from a course than those enrolled in 

courses on campus (Chambers, 2002; Cox, 2005; Harell & Bower, 2011). Zavarella 

(2008) remarked that after controlling for age, ethnicity, gender, and marital status, the 

completion rates were higher for underprepared community college students enrolled in 

face-to-face developmental math, English, and reading courses compared to those who 
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enrolled in the same classes online. Xu and Jaggars (2011) reported similar results. Those 

who completed online courses had a lower likelihood of obtaining a “C” or higher than 

students who enrolled in face-to-face classes. Xu and Jaggars (2011) commented 

“Students pay a price for taking introductory courses in terms of both course persistence 

and performance” (p. 16). Those who enrolled in online community college classes 

thought they would be easier than the course on campus; instead the students often found 

the course material unfamiliar, complex, and unintuitive (Bambara et al., 2009; Bejerano, 

2008; Hyllegard et al., 2008; Nash, 2005). Using academic readiness via prior academic 

performance in this study aligns with entry characteristics of both Tinto’s (1993) and 

Kember’s (1995) models. Further, including prior academic performance in this study 

helped to determine the impact of this variable on persistence of students enrolled in 

online classes at community colleges.   

Satisfaction with Academic Advisor 

The Satisfaction with Academic Advisor component of this persistence model has 

been adapted from Tinto (1993) and Kember’s (1995) “Academic Integration” facet. 

Because students are enrolled in online classes, they may not have the opportunity to 

communicate with instructors or their academic advisors face-to-face. This component 

was investigated to understand the relationship between students and their academic 

advisor, communication between students and their academic advisors, and student 

engagement (which is a factor that many researchers determined a key to improved 

student retention and continued enrollment at four-year institutions) (Astin & Oseguera, 

2005; Bean, 2005; Pascarella & Terenzini, 2005; Rovai, 2003; Seidman, 2005, Tinto, 

1993). In theory, student engagement via communication with an academic advisor can 
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mitigate any possible shortcomings from personal background characteristics which may 

reduce the persistence rate (Braxton, Milem, & Sullivan, 2000; Pascarella & Terenzini, 

2005). Further, Bailey, Jaggars, and Jenkins (2015) argued that student services 

professionals, such as advising staff, can help students create coherent plans of action that 

will help them reach their educational goals.  

Student Engagement. Despite the limitations of reported student data and 

unclear definitions about a student’s status in college, researchers suggest that students 

who enroll in higher education are more likely to remain there if they feel socially 

integrated with the institution (Noel, 1985; Pascarella & Terenzini, 2005; Tinto, 1993). 

Providing opportunities for student involvement will increase their desire to learn (Tinto, 

1993). Retention scholars argue that interacting with faculty is very important for 

students to be successful in postsecondary education. Pascarella and Terenzini (2005) 

argue that due to greater intellectual development, frequent contact with faculty is more 

important for student persistence than peer integration. Students are more likely to learn 

from their faculty outside of the classroom than their peers.  However, the opportunities 

for these interactions between faculty and community college students may be limited 

because most instructors are part-time adjuncts with unpaid office hours, and may work 

at multiple colleges or universities (Bailey, Jaggars, & Jenkins, 2015; Grubb et al., 1999; 

Shiffman, 2009). Pittenger and Doering (2010) found that faculty at four-year institutions 

may not be able to interact with students because of budget cuts, system-wide goals and 

outcomes, and the overall mission of some departments and institutions. Faculty at 

community colleges may face similar barriers to student interaction. 
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Online Student Engagement. Interacting with others in an academic setting is 

just as important for community college students who take courses online as it is for 

those who take courses on campus instead. Although the learning outcomes of online 

courses may be the same as courses taught on campus, online education students miss out 

on experiences where they may connect with faculty and students. Without direct 

intervention, community college students could experience alienation and isolation 

(Bejerano, 2008), and without available structures or supports they might withdraw from 

online education (Jaggars, 2011). These students also need to be self-disciplined if they 

want to complete online courses successfully. Bejerano (2008) contended, “Faculty and 

administrators alike acknowledge that many students do not have the skills or the self-

efficacy to learn independently; they may become easily discouraged when faced with 

particular academic challenges and drop out” (p. 412).  Students who lack self-discipline 

need someone to hold them accountable and encourage them to keep going when it would 

be very easy to give up or claim that they were never good enough for college. These 

feelings of worthlessness can become exacerbated if instructors blame students for failing 

courses because they are unprepared or fail to understand the demands of college (Cox, 

2005).  

Engaging online students effectively can also be challenging. Attrition increases 

when instructor and students are separated geographically (Bambara et al., 2009). 

Community college students who enrolled in online courses after attending classes on 

campus previously noted that compared to their other courses, there was a void in 

student-to-student interaction, as well as student-instructor interaction (Bambara et al., 

2009). Liu, S. et al. (2007) suggested that online instruction contains reduced social and 
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visual cues which might expose online learners to a risk of feeling isolated and 

disconnected. Liu, X. et al. (2007) found when surveying four-year college students that 

those who were accustomed to those cues were often confused throughout the course; the 

impersonal environment made it difficult to develop a sense of connection between the 

student and the instructor. This absence of emotion can become a barrier to success for 

online students at the community college as well (Mahoney, 2006).   

Moore (2013) explained that through the Theory of Transactional Distance, the 

level of learner autonomy increases as distance increases. Courses that are more 

structured have larger distances than courses that are adapted based on student needs. 

Distance is also larger when there is less dialogue throughout the course. In addition, this 

lack of interaction combined with failure to complete the first online course may lead 

students to experience lower self-confidence. This, in turn, can discourage them from 

registering for future courses (Bejerano, 2008). A study by Bork and Rucks-Ahidana 

(2013) revealed that many instructors expect students to contact them for help. After all, 

online learning is for serious students: the instructor is there to answer questions, but the 

student has to want to learn (Bork & Rucks-Ahidana, 2013). Tirrell and Quick (2012) 

surveyed community college faculty who taught online about Chickering’s (1987) Seven 

Principles of Good Practice. They found that both full-time and adjunct faculty scored 

highest on items that communicated high expectations in the classroom and lowest on 

items that were associated with promoting student engagement. Tirrell and Quick (2012) 

noted that “faculty are simply transferring skills used in a traditional face-to-face 

classroom rather than adapting and evolving these skills to the level necessary to thrive in 

an online environment” (p. 585).  
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Advising as Engagement. Overall, theories that try to predict student persistence 

include student interaction with the institution as a requirement for success. One of the 

ways colleges and universities can provide interaction opportunities is through academic 

advising (Braxton & Hirschy, 2005). As Habley (1981) explained, “Academic advising is 

the only structured activity on campus in which students have the opportunity for one-to-

one interaction with a concerned representative of the institution” (p.12).  Bailey, Jaggars, 

and Jenkins (2015) asserted that at community colleges the academic advisor is the most 

important resource to help new students identify their goals and select courses that will 

help achieve them. Metz (2005) confirmed that academic integration is an integral and 

essential element for persistence at the community college, however, those opportunities 

are very limited there. Academic integration does not have to happen in the classroom or 

only with faculty (Tinto, 1998).  Connecting with academic advisors may also fulfill the 

same purpose.  

Academic advising services can be provided through a variety of organizational 

models (Habley, 2004). These models differ based on how much interaction occurs 

between students and faculty members as well as between students and supplementary 

staff. The Faculty-Only model used by many institutions assign students to work with 

faculty as their advisor while the Supplementary model requires students to meet with 

trained professional advising staff regarding general academic information and referrals 

and then meeting with faculty for approval of student decisions. Some models will have 

students meet with the advising staff first until a benchmark is completed, such as 

choosing a major (Split model or Total Intake model) or may use a team approach where 

academic advising staff will handle issues related to general requirements, procedures, 
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and policies and faculty will help with questions related to a particular major. Some 

institutions use a Satellite model where each department on campus is free to implement 

any advising approach that they find useful to help their students. Finally, some 

institutions do not have students meet with faculty at all, all academic advising is 

provided by a trained professional staff (Self-Contained model). 

Despite the many years of research and the numerous studies that have been 

published, few have indicated a significant relationship between academic advising and 

student retention at both four-year institutions as well as community colleges (Hossler, 

2005). Although four-year colleges may have an advising model that has faculty serve as 

advisors, many community colleges have a limited staff to serve all of their students. 

Bailey, Jaggars, and Jenkins (2015) noted that the average community college has one 

advisor per 800 to 1200 students. As a result, most advising visits by incoming 

community college students last 10 to 15 minutes since there is often a line of students 

waiting to be served. This is often not long enough for detailed discussions of student 

interests and strengths nor enough time to create a clear path toward the desired career 

goal. However, regardless of the advising model an institution uses, Cuseo (2004) argued, 

“a strong case can be made that academic advising exerts a significant impact on student 

retention through its positive association with, and mediation of, variables that are 

strongly correlated with student persistence” (p.4).  

Advising Online Students. The limited research on online academic advising at 

community colleges shows that most interactions between advisors and students occur 

through email and phone communications, along with wikis, podcasts, and blogs. 

Students may also turn to the college website to learn more about programs, whether or 
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not particular programs fit the students, and the required steps to complete a credential, 

which is information one would likely obtain through advising as well. However, 

Margolin, Miller and Rosenbaum (2013) observed when examining several community 

college websites that many of the sites contained outdated or incorrect information that 

could dissuade the student from investigating the program of study further.  

Even with information potentially available through a college’s website, Kennedy 

and Ishler (2005) pointed out that “although students may access academic information 

electronically, they may also need direct, face-to-face help to understand and interpret 

this information” (p.136). Further, as some faculty question the ability to interact with 

online students, it may be very difficult to mentor or advise a student that an instructor 

has never met personally (Bejerano, 2008).  However, Jaggars (2011) contended that it is 

the responsibility of the institution to provide “high-quality and easy-to-access learning 

supports” (p.33).  Instructors should not be burdened with creating non-instructional 

support (Jaggars, 2011). Xu and Jaggars (2011, 2013) found that the institutional supports 

provided for online students were not as effective as those which were available to 

students on campus.  

Online Adaptability Level 

The Online Adaptability Level component of MOCCSSE is an adaptation of 

Tinto and Kember’s “Social Integration”. Despite the importance of academic and social 

integration, both are encompassed in the external environment together with 

commitments like family, friends, and work (Pascarella & Terenzini, 2005).  Tinto (1993) 

described social integration as the interactions between the student and faculty, 
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institutional staff, or peers. Students may remain at an institution if they feel their 

interactions with others on campus are meaningful, regardless of academic performance. 

Kember used social integration to explain the challenge students may face by adding 

attending college to the rest of their life commitments. Many community college students 

who enroll in online courses take classes part-time so they have to balance their pursuit of 

postsecondary education with the demands of daily life (Tirrell & Quick, 2012). Those 

who are able to navigate education, work, and other social commitments (social 

integration) are more likely to feel connected to their peers, instructor(s), and the material 

they are learning (academic integration) (Kember, 1995). Other researchers report that 

community college students are successful in online courses when they are adept with 

technology or are proficient in self-directed learning (Liu, S. et al., 2007; Muse, 2003). 

 Comfort Navigating Online Education. Despite using technology everyday, 

community college students may not possess the skills needed in online courses (Harrell 

& Bower, 2011). Bell (2007) argued that “although online learning has been hailed as the 

next revolution in access to higher education, many undergraduate learners (between the 

ages of 18 and 25) who function in traditional on-campus classrooms may not be ready 

for the demands of asynchronous web-based learning” (p. 523). Online courses may 

require social interaction via chat rooms, discussion boards, email, or other mediums. 

Those students who are comfortable with these forms of communication are more likely 

to remain enrolled in online courses at four-year institutions (Ivankova & Stick, 2005; 

Kemp, 2002) as well as community colleges (Liu et al., 2009). Instructors expect basic 

proficiencies in Word and Excel, which students assumed they had due to familiarity with 

computers and mobile phones (Bork & Rucks-Ahidana, 2013). 
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Time Management. Students enrolled in online courses face generally similar 

barriers to success as those who take classes on campus. As suggested above, without a 

human element or physical interaction, these barriers can be even more difficult to 

overcome. One of the general obstacles faced by many students regardless of instruction 

type or level of education is time management. Students who have good study habits can 

manage tasks and use the flexibility offered by online courses to be successful at both 

four-year institutions (Holder, 2007; Ivankova & Stick, 2005) as well as community 

colleges (Hart, 2012; Nash, 2005; Stanford-Bowers, 2008). However, without good time 

management, it can be easy for students to become overwhelmed with the amount of 

work required to be successful in postsecondary education. Those who do not have good 

time management skills are more likely to drop out of the course/and or withdraw 

completely from four-year institutions (Hart, 2012; Holder, 2007; Ivankova & Stick, 

2005) as well as community colleges (Nash, 2005; Stanford-Bowers, 2008).  Other 

researchers contended that time management skills are not a predictor of persistence in 

college (Lee, Choi, & Kim, 2013). However, these findings are based on students who 

enrolled in online courses at The Open University in Korea, and may not generalize to 

community college students who recently graduated high school and enrolled in online 

courses. These students may not have needed to demonstrate time management before, 

and may encounter difficulty balancing education with other demands such as work or 

family. Because many online courses provide students the flexibility to learn when they 

want to, these students also can easily have other family and personal events distract 

them from devoting enough energy to their studies (Clay et al., 2009). Further, because 

online courses are often available asynchronously, it can be very easy for too much 
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information to be presented on the learning management system, which can result in 

information overload for students at four-year institutions (Tyler-Smith, 2006).  This can 

also be a problem at community colleges as well. 

Locus of Control. Students who have not been successful in balancing the time 

necessary for studying with other family or personal obligations argue that their failure to 

learn and persist is beyond their control (external attribution) (Kember, 1995). This sense 

of feeling overwhelmed can convince students that they are not able to handle the 

workload (academic incompatibility) (Kember, 1995). Other distance education 

researchers have investigated students’ level of external attribution through locus of 

control.  Locus of control refers to an individual’s belief that events that occur are either 

determined internally on personal behavior or externally by fate or luck (Rotter, 1954).  

 Online students at four-year institutions who have internal locus of control are 

more motivated and self-directed than those who believe they are not in control of what 

happens to them (Chang & Ho, 2009). Online students who have a high internal locus of 

control are more likely to stay committed to a goal, which is one of several factors to 

success in online education at four-year colleges (Ivankova & Stick, 2005).  Park and 

Choi (2009) found that scheduling conflicts and family issues often lead to online 

students withdrawing from courses at four-year colleges. However, family and 

transportation barriers do not hinder retention if students are aware of them beforehand.  

Hawley and Harris (2006) discovered that community college students with a 

high internal locus of control are able to overcome barriers that others may not. Hawley 

and Harris (2006) explained, “Students understand these issues up front and have their 
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expectations under control, thus planning for the solutions well before they get to 

college…they plan for the expected problems and move forward in spite of them” 

(p.132).  Including locus of control as a variable in this research study will help 

investigate whether or not the findings from four-year colleges apply to online students to 

support findings made by Hawley and Harris (2006) about community college students 

enrolled in online courses. 

 Self-Efficacy. Another factor that can impact students’ ability to adapt to online 

education is their level of self-efficacy and self-determination. Wang and Newlin (2002) 

noted that student self-efficacy, the belief in one’s capability to perform tasks 

successfully, impacts motivation, academic performance, and persistence for online 

students at four-year institutions. Students that have high levels of self-efficacy are more 

likely to remain enrolled in online education despite any obstacles they may face (Hart, 

2012).  

Satisfaction with Online Postsecondary Experience 

 The Satisfaction with Online postsecondary Experience component of MOCCSSE 

is an adaptation of Kember’s “Cost/Benefit Analysis”. Students decide whether or not 

their pursuit of higher education is worth the time and resources they have invested and 

then choose to either remain enrolled and continue, or to find a more desirable solution 

(outcome). Their decisions are a reflection of their satisfaction with their online education 

experience.  

Several researchers have noted that students who are satisfied with their online 

learning experience are more likely to remain enrolled. Moore (2013) noted, “Students 
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who are satisfied are likely to persist, and those who persist are likely to succeed and be 

satisfied” (p.121). Allen, Omori, Burrell, Mabry, and Timmerman (2013) referred to 

Tinto’s model of Interactionalist Theory of Student Departure as a Model of Student 

Satisfaction while maintaining the same components in the conceptual framework. They 

reported that similar to the student’s likelihood of withdrawing, the students’ level of 

satisfaction is predicted by their feeling of connection to the institution.  

Reasons to Enroll Online. The students’ level of satisfaction may be affected 

based on the reasons they chose to enroll online instead of take classes on campus. Most 

research notes that community college students enroll in online education due to the 

flexibility of time and location (Bejerano, 2008; Hornak et al., 2010; Xu & Jaggars, 2011, 

2013). Other students choose online courses instead of face-to-face ones because of their 

comfort with learning in a virtual setting (Hornak et al., 2010).  

Student Engagement. Student engagement is also a key component of student 

satisfaction. Community college students enrolled in online courses are successful and 

satisfied when they connect with peers, instructors, and the institution (Shin, 2003). 

Students that do not feel integrated academically and/or socially are more likely to leave 

(Sorey & Duggan, 2008). Engagement can also create strong support networks which can 

cause greater persistence of community college students (Napoli & Wortman, 1998). 

Collaborative learning environments that foster group bonding and promote interaction 

opportunities are more likely to have successful, satisfied students (Crissman, 2001). 

Rovai (2003) remarked, "Most successful retention efforts include program elements that 

focus on increasing academic integration consisting of active participation and 

satisfactory experiences where students personally interact with faculty and each other" 
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(p. 14). Bailey, Jaggars, and Jenkins (2015) pointed out that students struggle online 

because most online courses do a worse job of motivating students than courses taught 

face-to-face. Hart (2012) echoed the importance of interaction in online coursework in 

her review of the literature,  “persistent students voice satisfaction with the quality of the 

program, interactions with students and peers, the relevancy of the course to individual 

needs and with the learning environment itself” (p. 32).  Huett, Kalinowski, Moller, and 

Huett (2008) stated that students enrolled in online education who receive reminders of 

their goal, words of encouragement, and multiple contacts with their instructor and staff 

are more likely to be motivated and satisfied with their experience at four-year colleges. 

Including student engagement as one factor of online satisfaction explored in the model 

used in this research study adds to the literature about the significance of engagement for 

students enrolled in online courses at community colleges.  

Continued Enrollment and Withdrawal 

Continued Online Enrollment, the last component in the model, is adapted from 

Tinto’s “Dropout Decision” as well as Kember’s “Outcome” variables. Researchers often 

observe this component as an output variable in order to measure student persistence or 

retention. However, given that institutions can have different definitions for both of these 

concepts (as described in Chapter 1), defining the value of this component can be a 

challenge. Although a student’s decision to continue to enroll in higher education or 

withdraw is either yes or no, understanding the reasoning behind that choice is more 

nuanced. According to Crossling and Heagney (2008), “Student withdrawal is often an 

individualized process involving the interplay of institutional, social, and personal 

factors” (p.18). Nora, Barlow, and Crisp (2005) argued that there are no isolated variables 
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connected with persistence; it is all related to student characteristics and the environment. 

“Factors pushing students forward or pulling students back become more localized in the 

experiences students have at a given institution, specifically as those experiences interact 

with personal circumstances (financial, familial, occupational, etc.)” (p.145). It can be 

difficult to identify students who are at-risk of dropping from online courses at four-year 

institutions (Kerr, Rynearson, & Kerr, 2006) as well as community colleges (Liu et al., 

2009). 

Inferences for Forthcoming Study 

Components of the MOCCSSE described in Figure 4 were designed based on the 

inferences from the literature review for this study. These inferences will also impact the 

explored population and the chosen methodology.  The proposed path model consists of 

five elements: (1) entry characteristics; (2) satisfaction with academic advisor; (3) online 

adaptability level; (4) satisfaction with online postsecondary experience; and (5) 

persistence, which is measured by continued enrollment. 

Studied Populations 

As noted previously, most retention studies, as well as postsecondary research in 

general, focused on research at four-year colleges or universities. Less than 10% of 

previous research explores issues that pertain to community colleges (Pascarella & 

Terenzini, 2005). Research of online courses and programs indicated a similar ratio. 

Despite the numerous articles about factors of online persistence explored in Lee and 

Choi’s (2011) literature review, only two explored community college populations 

(Hyllegard et al., 2008; Muse, 2003).  Hart’s (2012) review of the literature on online 
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persistence included four articles that explored online education at community colleges 

(Aragon & Johnson, 2008; Harrell & Bower, 2011; Liu et al., 2009; Stanford-Bowers, 

2008) out of more than 30 total.  

Most of the literature of online courses and programs explored  students who are 

either enrolled in advanced or continuing education (Beaudoin, 2002; Boling et al., 2011; 

Holder, 2007), or undergraduates at a four-year college or university (Drouin, 2008; Kerr 

& Kerr, 2006; Morris et al., 2005; Pittenger & Doering, 2010; Schuetz, 2008; Sutton & 

Nora, 2009). Additionally, the majority of online students studied were older than 25, not 

traditional-aged (Hyllegard et al., 2008; Muse, 2003).  

Research Methods Used 

Overall, most of the research that explored postsecondary retention, especially for 

students enrolled in online courses or programs, used quantitative methods. The data 

were collected via mining (discovering patterns in larger data sets) online activity 

(Beaudoin, 2002; Morris et al., 2005), telephone interview (Clay et al., 2009; Muse, 

2003), or survey (Hawley & Harris, 2006; Holder, 2007; Hyllegard et al., 2008; Muse, 

2003; Pittenger & Doering, 2010; Schuetz, 2008; Woodley et al., 2001). Because there is 

no survey instrument available that measures academic advising satisfaction for 

community college students who enrolled in online courses, a new instrument was 

developed for this study. Analysis of research methods included descriptive analysis 

(Boling et al., 2011), correlations (Drouin, 2008; Liu, S., et al., 2007; Woodley et al., 

2001), regression methods (Cofer & Somers, 2001; Craig & Ward, 2008; Morris et al., 

2005), and factor analysis (Drouin, 2008; Hawley & Harris, 2006; Kerr & Kerr, 2006; 
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Muse, 2003; Sutton & Nora, 2009). This study created a path model to analyze the 

strength of correlations of the collected survey data. Chapter 3 will expand on the 

research design and methods. 

Summary 

With the rise of traditional-aged community college students choosing to enroll in 

online classes, research is needed to understand what services institutions can provide to 

help ensure that these students succeed. This research study built a path model through 

path analysis that will identify the relationship between students’ level of satisfaction 

with academic advising and their decision to remain enrolled in community college. The 

literature review chapter presented previous research sources and revealed a description 

of the components that will be included in the online persistence model explored in the 

proposed study. The chapter discussed each of the components and their similarity to 

both Tinto’s (1993) Theory of Student Departure and Kember’s (1995) Model of Dropout 

in Distance Education. Also included were findings from studies regarding entry 

characteristics, satisfaction with academic advisor, online adaptability level, satisfaction 

with online postsecondary experience, and decision to remain enrolled in online 

education. Finally, a summary of researched populations and methodologies used in other 

studies concluded the chapter.  
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Chapter 3: Methodology 

Introduction 

Online students tend to have a lower rate of program completion than students 

who take classes on campus at both four-year institutions (Bell, 2007; Chambers, 2002) 

as well as community colleges (Bambara et al., 2009; Bejerano, 2008; Moore, 

Bartkovich, Fetzner, & Ison, 2003; Nash, 2005). Data gathered from this dissertation 

study provides information that may help community colleges understand the impact of 

advisor satisfaction of traditional-aged students on the students’ satisfaction with their 

online education experience and, as a result, increase the retention rate of this population.  

Chapter 3 is organized in the following sections: introduction, research 

hypothesis, research design, participants, research variables, data collection procedure, 

and data analysis procedure. In general, this chapter introduces the survey instrument 

designed to capture data for this study, the description of the variables and ways they 

were measured, and the statistical technique that was employed.  A survey design was 

chosen to investigate traditional-aged community college students’ perceptions about 

their academic advisors and their online experiences which may impact whether or not 

they remain in postsecondary education.  

 

Research Hypothesis 

This research study used the gathered survey data to test whether or not the 

MOCCSSE path model was a good fit for the data obtained from traditional-aged 

community college students who enrolled in exclusively online courses for at least one 

semester in Maryland, Pennsylvania, or Virginia.  
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Figure 5. Direct Hypothesized Relationships of MOCCSSE Path Model 

 

As the hypothesized path model illustrates above (Figure 5), there are multiple 

hypothesized variables that are directly or indirectly related with the students’ decision to 

remain enrolled in a community college.  The outlined hypothesized path was framed 

based on previous research on retention theories of community college students as well as 

students enrolled in online education classes. 

H1: The students’ level of satisfaction with their academic advisor has a direct 

positive effect on continued online enrollment. 

H2: The students’ level of satisfaction with their online postsecondary experience 

has a direct positive effect on continued online enrollment. 

H3: The students’ level of satisfaction with their online postsecondary experience 

as well as students’ level of satisfaction with their academic advisor have a direct positive 

effect on continued online enrollment. 
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H4: The students’ entry characteristics as well as online adaptability level have a 

direct positive effect on continued online enrollment. 

H5: The students’ level of satisfaction with their academic advisor, students’ level 

of satisfaction with their online postsecondary experience, entry characteristics, and 

online adaptability level have a direct positive effect on continued online enrollment 

 

Research Design 

This section elaborates on the research procedures used in this study and justifies 

their selection. The researcher designed a survey instrument to collect data about 

students’ satisfaction with their academic advisor as well as their online postsecondary 

experience. Quantitative path analysis procedures were used to examine the direct and 

indirect hypothesized relationships. 

Survey 

This study used a convenience cross-sectional web survey (Creswell, 2014) via 

SurveyMonkey for collecting data. Survey research allows for the results of a sample to 

be measured and then generalized to a larger population under certain conditions. Survey 

research also enables more students to provide feedback about their interactions with 

academic advising services at a more cost-effective rate than qualitative methods such as 

interviews or focus groups (de Leeuw, Hox, & Dillman, 2008). Creating a web survey 

through SurveyMonkey provided students the opportunity to participate in the study at 

their leisure instead of meeting at a specific location to provide feedback or worrying 

about sending back their responses on paper. Students who take classes in an online 

environment are presumed to be not only familiar with using computers, but also 
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proficient in navigating through a web page to find course materials and discussions. 

Considering these factors, conducting surveys using the Internet was an appropriate 

method of data collection. The cross-sectional design allows for the measurement of 

student perceptions at a given point in time. Using a web survey on SurveyMonkey 

provides participants with an anonymous environment to express opinions about their 

online experiences without concern of possible repercussions. 

Quantitative Path Analysis 

This study was analyzed using a path model that identified specific variables 

which lead to continued online persistence for traditional-aged community college 

students who enroll in online courses. Path analysis was a reasonable statistical method 

to utilize in this study because it allows a researcher to examine the relationships between 

a set of variables and determine if strong correlations exist between the predictor 

variables (Fraenkel & Wallen, 2006; Rigdon, 2014; Schumacker & Lomax, 2012). The 

hypothesized relationships are between and among the level of satisfaction of academic 

advising, the level of satisfaction with online postsecondary experience, the online 

adaptability level, and entry characteristics with respect to continued online enrollment. 

The study’s path analysis model is grounded on the theoretical and empirical research 

reviewed (Table 3). 

Population 

 The population for this study was traditional-aged students (those who graduated 

from high school between 2009 and 2013 and are between the ages of 18 and 22) who 

enrolled exclusively in online courses for at least one semester at a community college in 

Maryland, Pennsylvania, or Virginia. Students who are interested in obtaining their 
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education online have several options depending on the institution’s offerings. Some 

colleges offer students the opportunity to take a few courses online, others teach hybrid 

courses which contain both on-campus and online classroom components, and others 

allow a student to complete a degree program without sitting in a classroom on-campus. 

Most colleges that offer the opportunity to enroll in degrees through only online courses 

are large-scale proprietary (for-profit) institutions such as DeVry, Strayer, or University 

of Phoenix. However, several community colleges across the country also allow students 

to complete all of their coursework online. The U.S. Department of Education (USDOE, 

2014b) reported using IPEDS Data Center that over 900 community colleges had at least 

one student enrolled in exclusively distance education courses in Fall 2012. There are 19 

community colleges in Maryland, Pennsylvania, and Virginia that provide students with 

the opportunity to take all of the courses for an associate degree online. At least five 

percent of enrolled students at each of the selected schools elected to enroll exclusively 

online in Fall 2012. In cooperation with the Director of Institutional Research at these 

institutions, students that met the above criteria were invited to participate in the study 

via email. Tables 1 and 2 provide a summary table of each participating institution. 

Institution A is a large suburban multi-campus community college that is well-

known for its innovative programs, including an award winning Virtual Campus. In Fall 

2012, a total of 15,147 students who were pursuing a certificate or associate degree, 

otherwise known as award-seeking, were enrolled at the community college. According 

to institutional records, online student demographics composed of 70% females and 30% 

males. 62% of the online students were White Only, 19% were African American Only, 

4% were Hispanic/Latino, 3% were Asian Only, and 12% were Other races/ethnicities, 
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which included Two or More Races, Native American, Pacific Islander, and/or  

Unknown. These demographics are very similar to the overall representation for the Fall 

2012 semester enrollment. The number of recent high school graduates who enrolled at 

Institution A was determined by selecting all students who were between the ages of 18 

and 21 because this is the same range used by IPEDS. 7,103 students fit this criteria, of 

which 363 (5% of all recent high school graduates) enrolled exclusively online that 

semester. This ratio was used to estimate the number of students who would meet the 

requirements for this study because IPEDS only reports the number of enrolled students 

who enrolled exclusively in online courses overall, not by age, gender, or race/ethnicity. 

Because of this factor, and the fact that Institution A’s demographics of online students 

were similar to overall enrollment, it was expected that the Fall 2012 online student 

population at other institutions would also have similar characteristics as everyone who 

enrolled in Fall 2012. 

Institution B is a large, rural, multi-campus community college with an expanding 

Virtual Campus. They provide their online students with services to assist them such as 

online advising, online career counseling, and online tutoring. In Fall 2012, 9,633 award-

seeking students (56% female, 44% male) enrolled at Institution B (USDOE, 2014b) . In 

terms of race and ethnicity, demographics included 64% White Only, 5% Black/African 

American Only, 5% Hispanic/Latino of Any Race, 2% Asian Only, and 24% Other 

(USDOE, 2014b). 5,120 students aged 18-21 enrolled in Fall 2012. Using the ratio of 5% 

of recent high school students enrolled exclusively online, the sample size for Institution 

B in this study was 262. 
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Institution C is a very large, urban, multi-campus community college that 

provides students access to tutoring via a proprietary service. 19,697 award-seeking 

students enrolled in Fall 2012, 50% were female and 50% were male (USDOE, 2014b). 

Unlike other institutions chosen for this study, students at Institution C were the most 

diverse. Although 32% of the enrolled students were White, 25% were African 

American, 20% Hispanic, 12% Asian, and 12% Other. 11,830 18-21 year old students 

enrolled in Fall 2012. Assuming 5% of 18-21 year old students choose to enroll 

exclusively in online classes, 605 would be able to be sampled for this study. 

Institution D is a medium-sized, rural, community college that also provides 

students with multiple online support services including tutoring and counseling. 

Students have the option to not only enroll in courses offered by Institution D but also 

any other online courses offered by colleges across the state. Enrollment in Fall 2012 

comprised of 2058 students (64% female, 36% male) (USDOE,2014b). In terms of race 

and ethnicity, demographics included 97% White, 2% African American, and 1% Asian. 

1,891 18-21 year-old-students enrolled in Fall 2012. Using a ratio of 5% to predict the 

number of exclusively online students, the potential sample size was 97. 

Institution E is a large, suburban, community college. According to the 

institution’s website, over half of their online students choose to enroll in credit transfer 

programs. Even though this institution does not have services specifically for online 

students like other schools chosen in this study, students are encouraged to utilize any 

and all student services offered on campus such as career services, advising, and tutoring. 

In Fall 2012, 10,549 award-seeking students (59% female, 41% male) enrolled at 

Institution E (USDOE, 2014b). In terms of race and ethnicity, demographics included 
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63% White Only, 18% Hispanic/Latino of Any Race, 11% Black/African American 

Only, 2% Asian Only, and 5% Other (USDOE, 2014b). 5,497 students aged 18-21 

enrolled in Fall 2012. Using the ratio of 5% of recent high school students enrolled 

exclusively online, the sample size for Institution E in this study was estimated to be 281. 

Finally, Institution F is a medium-sized, rural, community college that  does not 

have specialized services for online students. According to IPEDS, 5,941 award-seeking 

students enrolled in Fall 2012. 65% of these students were female and 35% were male. 

The breakdown of race/ethnicity included 93% White, 4% Black/African American, 1% 

Hispanic/Latino, 1% Asian, and 1% Other. 3,044 18-21 year-old students enrolled in Fall 

2012, which when applying the 5% ratio, resulted in 156 students who should have been 

included in the sample (USDOE, 2014b). Selecting students from all six institutions 

returned an estimated study population of 1,762 from the Fall 2012 semester.  
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Table 1 

Fall 2012 Enrollment Characteristics for Award-Seeking Students 

Study Site Institution 

Size 

(Carnegie) 

Total 

Enrolled 
Total 

Online 

Only 

Online 

Percentage 

of Total 

Enrolled 

2009-12 

Graduates 
Total  

2009-12 

Online 

(*) 

Institution A large 15,147 2,360 16% 7,103 363 

Institution B large 9,693 1,135 12% 5,120 97 

Institution C very large 19,697 2,270 12% 11,830 156 

Institution D medium 2,058 458 22% 1,891 262 

Institution E large 10,549 1,329 13% 5,497 605 

Institution F medium 5,941 1,030 17% 3,044 281 

Total  63,085 8,582 14% 34,485 1,762 

Note.*Italicized numbers signify estimates based on established parameters from Institution A 
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Table 2 

Fall 2012 Enrollment Demographics for Award-Seeking Students 

Study Site Female Male White African 

American 

Hispanic

/ Latino 
Asian Other 

(*) 

Total 

Institution 

A 
60% 40% 60% 19% 5% 4% 12% 15,147 

Institution 

B 
56% 44% 64% 5% 5% 2% 24% 9,693 

Institution 

C 
50% 50% 32% 25% 20% 12% 12% 19,697 

Institution 

D 

64% 36% 97% 2% 1% 0% 1% 2,058 

Institution 

E 

59% 41% 63% 11% 18% 2% 5% 10,549 

Institution 

F 
65% 35% 93% 4% 1% 1% 1% 5,941 

Total        63,085 

Note. *Two or More Races, Native American, Pacific Islander, Unknown 

Sampling Frame 

 For a large enough sample to be obtained, it was important to ensure that the 

statistical procedures utilized were powerful enough to detect significance. To determine 

an appropriate sample size for this study, multiple sources were consulted. The minimum 

sample size for a study with a population of 1,762, when considering a confidence 

interval of 95% and sampling error of +/- 5%, is 316 students. (Pett, Lackey, & Sullivan, 

2003). Hatcher (2007) suggests that the sample size should at least be 200, a minimum of 
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five subjects per parameter.   The size of the population for this study was derived from 

the number of traditional-aged students who enrolled exclusively in online courses at 

both institutions during the Fall 2012 semester. Olobatuyi (2006) suggested that all path 

analysis requires at least 100 participants or 20 participants for each independent variable 

used. Factoring an approximate number of four independent variables, a minimum of 80 

participants are needed to evaluate the path model. 

Anticipated Response 

Previous studies that recruited online students in community colleges had 

response rates between 20 and 30% (Hyllegard et al., 2008; Muse, 2003). Considering the 

response rate of previous research, as well as the initial pilot test, it was expected that 

about 20% of actively enrolled students would respond to the web-based survey. To 

achieve a response rate of 20% for online students enrolled in community colleges while 

maintaining a 95% confidence level and a minimum sample size of 352 respondents, the 

survey will need to be distributed to all eligible students. Further, selecting students 

across several terms enrolled would likely improve the number of participants, 

understanding that many of the students who would be eligible for the study may be able 

to be contacted due to withdrawal, transfer, or graduating from community college. 

Maximizing Response Rate 

In order for this study to provide meaningful results, efforts were made to 

optimize the response rate. Financial incentives, such as an opportunity to win a gift 

certificate, can help increase the students’ interest in providing their input. The 

participants also needed to be reassured that their responses would remain anonymous. 
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Students completed the survey to rate their online experience. After data collection 

ended, four participants that opted to provide their email address in a separate survey 

were randomly chosen to receive a $50.00 Amazon.com gift card and emailed the code to 

redeem it. In order to ensure students did not complete the survey more than once, 

SurveyMonkey only allowed one survey completion per IP address.  

Additionally, research suggested that students are more likely to complete a 

survey if it is administered by a campus official (Groves & Peytcheva, 2008).  Having the 

survey connected with institutional faculty builds credibility for the participants showing 

that the researcher is legitimately interested in the students’ thoughts and that the survey 

is not a scam used to compromise their identity. Students are expected to receive 

important information via their email account at school. As such, sending an email to 

their school account will help ensure students are aware of an opportunity to provide 

feedback. However, using a school account could also become a deterrent for survey 

completion if students are accustomed to ignoring messages from their college on a 

regular basis. They may also exhibit negative attitudes about the study if they think the 

study is connected to the institution. Some students may only use their personal email 

instead of communicating via the official school account (de Leeuw et al., 2008).  

Working with the Director of Institutional Research at each community college 

helped to ensure that students who enrolled exclusively in online classes received the 

opportunity to participate. At the conclusion of data collection, any responses from 

students who did not graduate from high school between 2009 and 2013 were removed 

from the analysis. The number of cases that were removed was minimal because the 

institutional research staff obtained the school emails of eligible students for the study, 
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thus eliminating concern that the contact data were incorrect (de Leeuw et al., 2008). 

Because students enrolled in online courses have to use a computer and the Internet to 

complete their coursework, they should be comfortable with as well as have the necessary 

resources to complete an online survey that is accessed through a link noted at the bottom 

of the email.  

Students may have limited time available to dedicate towards pursuing higher 

education; as such, they needed to be reminded that the survey is available for them to 

complete in a timely manner. Also, students may not complete the survey without 

understanding how their feedback may affect institutional practices. Because of this, the 

researcher explained the purpose of the survey as well as the intended use of the 

resources. 

Instrumentation 

 Currently, there are no studies that have directly examined the level of advisor 

satisfaction and its relationship to deciding to continue enrolling online at a community 

college for traditional-aged students. In addition, existing instruments used by institutions 

for course evaluation, as well as behavioral surveys like the National Survey of Student 

Engagement, were inadequate for this study because they are not administered to 

traditionally-aged students who exclusively enroll in online classes at the community 

college level for at least one semester. As a result, an instrument was developed for this 

study that investigated community college students’ satisfaction with their academic 

advisor, satisfaction with their online postsecondary experiences, as well as how these 

levels of satisfaction influence future enrollment. 
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Research Variables 

This research study consisted of independent, control, and dependent variables. 

This section elaborates on the type of each variable, how it was operationalized, and 

subsequently how it was measured (Table 3). Each variable was associated with a 

hypothesis and was classified as categorical, continuous, or discrete. 

Independent Variable 

Satisfaction with Academic Advisor is an independent variable that was 

hypothesized to have both a direct and indirect effect on students' decision to remain 

enrolled in college. This variable was operationalized based on survey responses about 

academic advising (Questions 5-7). The predicted score obtained from conducting a 

principal components analysis was used as a sub-score to create an interval variable for 

measuring. 

Satisfaction with Online Postsecondary Experience is an independent variable 

that was hypothesized to have both a direct and indirect effect on students' decision to 

remain enrolled in college. Satisfaction with postsecondary online experience is defined 

as a favorable evaluation by students of the quality of their online education experience 

(Allen et al., 2013). This variable was operationalized based on survey responses about 

the students' online education experience (Question 18). The predicted score obtained 

from conducting a principal components analysis was used as a sub-score to create an 

interval variable for measuring. 

Online Adaptability Level is an independent variable that was hypothesized to 

have an indirect effect on students' decision to remain enrolled in college. This variable 
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was operationalized based on survey responses about the students' online education 

experience (Question 19). The predicted score obtained from conducting a principal 

components analysis was used as a sub-score to create an interval variable for measuring. 

Dependent Variable 

Continued Online Enrollment was the dependent variable explored in this study. 

Continued Enrollment is defined by the student body who register to participate in 

courses for the following term or semester (Tinto, 1993). It was measured as a discrete 

variable based on the response to survey question 8, “Do you plan to enroll in online 

courses next semester? (Yes/No)”. 

Control Variables 

There are several entry characteristics that were explored in this study. These 

included categorical variables (gender, race/ethnicity, parent education, marital status, 

dependent status, and employment status) as well as ordinal (age) and discrete variables 

(financial aid, academic preparation). Financial Aid was operationalized based on 

whether a student received a Pell Grant (1) or not (0). Academic Readiness was also 

operationalized in this way, whether a student took any developmental courses (1) or not 

(0). Table 3 lists the independent, dependent, and control variables, their data type, 

measurement and operationalization. Each variable data type was categorical, continuous, 

or discrete. Table 4 lists the hypothesis number, the direct relationship between two 

variables, and the indirect relationship between three variables. 
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Table 3:  

Hypothesis Concept Question Matrix 

Hypothesis Concept Measured  

(Dependent 

Variable) 

Observable 

Measures  

(Independent 

Variable) 

Literature Review 

H1: The students’ level of satisfaction 

with their academic advisor has a 

direct positive effect on continued 

online enrollment. 

Continued Online 

Enrollment 
Advisor Contact  
Personal Contact  

 

 

 

Advisor 

Satisfaction 

Construct 

Cuseo (2004); Habley (1981); Hossler 

(2005); Kennedy & Ishler (2005); Metz 

(2005); Noel (1985); Pascarella & 

Terenzini (2005); Tinto (1993)  

 

Astin & Osuguera (2005); Bejerano (2008); 

Braxton et al., (2000); Crissman (2001); 

Grubb et al. (1999); Holder (2007); Kuh & 

Love (2000); Longwell-Grice & Longwell-

Grice (2008); Napoli & Wortman (1998); 

Pittenger & Doering (2010); Rovai (2003); 

Tinto (1993) 
 

H2: The students’ level of satisfaction 

with their online postsecondary 

experience has a direct positive effect 

on continued online enrollment. 

Continued Online 

Enrollment 
 
 
 

Satisfaction with 

Online 

Postsecondary 

Experience 

Allen et al. (2013); Bambara et al. (2009); 

Beaudoin (2002);  Bejerano (2008); Bell 

(2007); Hyllegard et al., 2008; Moore 

(2013); Nash (2005); Zhai (2012)  
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H3: The students’ level of satisfaction 

with their online postsecondary 

experience as well as students’ level of 

satisfaction with their academic 

advisor has a direct positive effect on 

continued online enrollment. 

Continued Enrollment 
 

Advisor 

Satisfaction 

Construct 
 

 

 

 

Satisfaction with 

Online 

postsecondary 

Experience 

Astin & Osuguera (2005); Bejerano (2008); 

Braxton et al., (2000); Crissman (2001); 

Grubb et al. (1999); 
Holder (2007); Kuh & Love (2000); 

Longwell-Grice & Longwell-Grice (2008); 

Napoli & Wortman (1998); Pittenger & 

Doering (2010); Rovai (2003); Tinto (1993) 
 
Allen et al. (2013); Bambara et al. (2009); 

Beaudoin (2002);  Bejerano (2008); Bell 

(2007); Hyllegard et al., 2008; Moore 

(2013); Nash (2005); Zhai (2012) 

H4: The entry characteristics and online 

adaptability level have an indirect 

positive effect on continued online 

enrollment. 

 Gender, Race, 

Ethnicity 
 

 

Parent Education 
 

 

Employment 

Status 

 

Remediation 
 
 

 

 

Financial Aid 

Astin & Osuguera (2005); Bahr (2013); 

Cabrera et al. (1992); Crossling & Heagney 

(2008); Tinto (1993); Hawley & Harris 

(2006); Hyllegard et al. (2008); Sorey & 

Duggan (2008) 
 

Choi (2001), Noel (1985); Nunez & 

Cuccaro-Alamin (1998) 
 
Zhai (2012) 
 

Adelman (2005); Astin & Osuguera (2005); 

Bean (2005); Fike & Fike (2008); Kerr & 

Kerr (2006); Pascarella & Terenzini (2005); 

Tinto (1993) 

 

Cofer & Somers (2001); Crossling & 

Heagney (2008); Hawley & Harris (2006); 

Nora et al. (2005); Nunez & Cuccaro-

Alamin (1998); Pascarella & Terenzini 

(2005) 
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In order to collect demographic data, students were asked to select their highest level of 

education, program of study, and highest education goal (Question 1-3). Other 

demographic questions were asked to identify gender, race/ethnicity, parent education, 

dependent status, marital status, employment status, and financial aid. Missing 

demographic data were imputed using Markov Chain Monte Carlo substitution. Five 

different sets of imputed values were created in SPSS for any missing items, based on 

how similar students responded to survey questions.  

Survey Development 

The survey designed for this study was made up of closed form Likert-scale 

questions and open-form questions. The survey instrument consisted of 33 questions 

organized divided into four sections: (1) Interactions with Advisor, (2) Satisfaction with 

Online Postsecondary Experience, (3) Online Adaptability Level, and (4) Personal 

Background. Table 4 describes the relationship between the research hypotheses, 

variables, and corresponding survey items. The full instrument is located in Appendix A.
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Table 4 

Hypotheses Mapped to Survey Instrument 

Hypothesis Observable Measures Survey Question  

H1: The students’ level of satisfaction with their academic advisor 

has a direct positive effect on continued online enrollment. 

Advisor Contact 

Advisor Satisfaction  

Continued Enrollment 

9 

5-7 

8-9 

 

H2: The students’ level of satisfaction with their online 

postsecondary experience has a direct positive effect on continued 

online enrollment. 

 

 

Continued Enrollment 

Online Class Experience 

Online Satisfaction 

 

8-9 

10-17 

18 

H3: The students’ level of satisfaction with their online 

postsecondary experience as well as students’ level of satisfaction 

with their academic advisor has a direct positive effect on continued 

online enrollment. 

Advisor Satisfaction  

Online Satisfaction 

Continued Enrollment 

5-7 

18 

8-9 
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H4: The entry characteristics and online adaptability level have an 

indirect positive effect on continued online enrollment. 

 

 

Online Adaptability Level 

Remediation 

College Preparation 

Financial Aid 

Gender, Race, Age, 

Ethnicity 

Marital/Dependent Status  

Employment Status 

Parent Education 

Continued Enrollment 

 

19 

20 

21-22 

23-24 

25-28 

 

29-30 

31 

32-33 

8-9 
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Survey Design 

Both the order as well as the content of the questions were deliberately considered 

when designing the survey instrument (as noted in Table 4). Asking participants to 

answer the most important questions in a survey first maximizes response rate for those 

questions and minimalizes missing data (de Leeuw et al., 2009). All survey questions 

provide the necessary data to analyze community college students’ level of satisfaction 

about academic advising, their online postsecondary experiences, and how satisfaction 

influences their decision to remain enrolled in postsecondary education, according to the 

available literature. 

Validity 

The external validity of the study depends on the degree that the participants, 

community college students enrolled in online courses for at least one semester at one of 

the selected sites, generalize to all online students at the institution. Random selection of 

the population for this proposed study has not been chosen due to two factors: student’s 

choice to participate in the study and the desire to maximize participant response rate. 

Instead, demographic characteristics were compared between the selected institutions 

with other community colleges in Maryland, Pennsylvania, and Virginia that were not 

chosen to determine the applicability of the proposed study’s findings to other 

institutions. 

The content validity of the survey instrument was ensured by aligning the content 

with the literature, the approval of experts in the field, and the pilot testing. As noted in 

Table 3, all of the survey questions are aligned both to the research questions of the 
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study, as well as reported literature. The survey was reviewed through analysis by five 

subject matter experts working in the fields of advising, online education, and retention in 

higher education. The experts were selected based on their research and professional 

expertise in the field of higher education, advising, or distance learning. Email requests to 

validate the initial draft of the survey were sent to each individual. Each expert was also 

sent a copy of the statement of the problem, research question and hypothesis concept 

matrix (Table 3). Experts also received a survey critique form to complete after 

investigating the instrument (Appendix B) that contained the following questions:  

1. Does the survey fulfill the data collection needs of the study as defined in the 

statement of the problem and research questions? 

2. Were directions for completing the survey clear? 

3. Were the statements clear? 

4. Were there statements that needed revision? 

5. Were there any grammatical, structure, or spelling errors? 

6. Are there any other factors for academic advising that need to be added to the 

study? 

7. Are there any other factors for distance education that need to be added to the 

study? 

8. Are there any other factors for postsecondary persistence that need to be added 

to the study? 

All recommendations and comments made by the experts were reviewed and changed as 

needed to strengthen the validity of the survey. All decisions to accept or decline changes 

are reported in Table 5. 
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Construct validity of the survey instrument was obtained through conducting a 

principal components analysis on the pilot test data. Bartlett’s test of sphericity and the 

Kaiser-Meyer-Olkin (KMO) measure of sample adequacy was used to evaluate the 

strength of the linear association among the items in each construct. Factors were 

determined for every eigenvalue greater than 1.0. The Satisfaction with Academic 

Advisor construct returned a one factor model with an eigenvalue of 5.35, 76% of the 

variance was explained by the factor. Bartlett’s test of sphericity was significant 

(χ
2
=233.899, df =21, p <.05) which indicated that the correlation matrix was not an 

identity matrix (Pett, Lackey, & Sullivan, 2003). The KMO statistic (.812), which 

“compares the magnitude of the observed correlations with the magnitude of the partial 

correlation coefficients” (Pett et al., 2003, p. 234), was “meritorious” according to 

Kaiser’s (1974) criteria. This suggests that a factor analysis was appropriate for these 

items. The item correlations ranged between .433 and .844, which is acceptable (Pett et 

al., 2003).  

The Satisfaction with Online Postsecondary Experience construct returned a one 

factor model with an eigenvalue of 3.94, 49% of the variance was explained by the factor. 

A second factor would add 16% more variance and include items about transportation 

and course availability, two additions that were made as a result of written responses in 

the pilot test. More students would have responded to these items if they were included in 

the instrument originally which would have strengthened the one factor model. Bartlett’s 

test of sphericity was significant (χ
2
=257.552, df = 28, p <.05). The KMO statistic (.745), 

was “middling” according to Kaiser’s (1974) criteria, which while weaker than .8, this 

value suggests that a factor analysis was still appropriate for these items. The item 
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correlations ranged between .394 and .893, which is acceptable (Pett et al., 2003). 

Cronbach’s alpha for the 6-item scale was .80. 

The Online Adaptability Level construct returned a three factor model. The first 

factor, Institutional Contribution to Adaptability (Institution), had an eigenvalue of 4.871, 

37% of the variance was explained by the factor. The second factor, Student Contribution 

to Adaptability (Student), had an eigenvalue of 2.168, 17% of the variance explained. 

The third factor, Inability to Adapt to Online Classes (Inability), had an eigenvalue of 

1.848, 14% of the variance explained. Bartlett’s test of sphericity was significant 

(χ
2
=624.424, df = 78, p <.05) which indicated that the correlation matrix was not an 

identity matrix (Pett et al., 2003). The KMO statistic (.503), which “compares the 

magnitude of the observed correlations with the magnitude of the partial correlation 

coefficients” (Pett et al., 2003, p. 234), was “mediocre” according to Kaiser’s (1974) 

criteria. This suggests that a factor analysis may not be appropriate for these items. 

However, this statistic is impacted by sample size, and having a much larger sample size 

in the proposed study will likely increase the KMO statistic to an acceptable level. 

Additionally, the items related with student and inability factors are concepts that are 

indicated in the higher education literature that impact a student’s ability to adjust to 

online learning. As a result, these items will remain included and evaluated again with the 

results obtained from the research study.  

Pilot Testing 

 This survey instrument was constructed across two phases of pilot testing. During 

the first phase, the instrument was sent to a subject matter expert (SME) in advising and 
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traditional-aged postsecondary student retention. Suggestions and determined results are 

listed in Table 5 below. 

Table 5 

 Initial SME Recommended Changes to Survey Instrument 

Suggestion Decision Rationale/Change 

1. Move demographic questions to 

end of survey so they appear less 

intrusive. 

Accept The most important 

questions in the study 

should be placed at the front 

of the instrument. This 

helps to curb any data loss 

from potential survey 

fatigue as well as minimizes 

the impact of incomplete 

responses if the most 

important questions are 

answered. 

2. Add questions that ask what 

factors led them to choose online 

vs. residential (campus-based) 

courses or programs 

Decline Initially, questions were 

added to the instrument; 

however, they were 

removed when attempting 

to map survey items to 

research questions. 

3. Remove questions regarding 

financial aid from the survey 

instrument. They do not appear 

related to the study. 

Decline One of the barriers to 

postsecondary completion 

regardless of instruction 

level or type is personal 

finance. These questions 

will serve as an indicator for 

demonstrating financial 

need in the student 

demographic variables. 

 The survey instrument was modified based on the decisions above and then sent 

to 38 first-generation college students who participated in the Upward Bound program 

while in high school and who either were still enrolled in college or recently graduated.  

While many of these students did not attend community college or enroll in online 

courses, they fit the profile of students who graduated high school between 2009 and 
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2013 and communicated with their academic advisor at least once. Participants were 

provided the opportunity to email the researcher with any comments or concerns about 

the survey instrument. Of the 38 students who were sent the link to participate on 

Facebook, 11 completed the survey for a response rate of 29%. Overall, participants 

remarked that the survey was easy to read, concise, and asked good questions. However, 

these responses may be biased due to the researcher’s personal relationship to the 

respondents as their former academic advisor.  

Given that only one subject matter expert reviewed the survey instrument, and 

because those who completed the survey knew the researcher personally, a second pilot 

study was warranted. During the second phase, four additional subject matter experts 

reviewed the survey from other viewpoints: distance education, community college, and 

postsecondary access and retention. Suggestions and determined results are listed in 

Table 6 below. 

Table 6 

Follow-Up SME Recommended Changes to Survey Instrument 

Suggestion Decision Rationale/Change 

1. The questions regarding online 

comfort level and reasons to take 

online courses do not appear to be 

mapped to any of the research 

questions. 

 

Accept Online Adaptability Level 

was added to the path model 

as well as a control variable 

in H4 to map survey items 

about online comfort level 

to a research hypothesis. 

2. Remove survey items pertaining to 

influence and reason to attend 

college. How are these items 

supposed to predict satisfaction in 

online postsecondary education? 

Accept Items pertaining to influence 

and reason to attend college 

were likely artifacts of a 

previous iteration of a 

research question. These 

items and the corresponding 

research question were 
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removed to help shorten the 

survey instrument and 

maximize item response. 
 

3. Consider adding items that would 

address the following possible 

student outcome: those who are 

highly satisfied with observable 

measures yet decide not to continue 

enrolling. 

 

Decline Each of the binary responses 

included in the survey 

already have at least one 

follow-up question that will 

hopefully capture data to 

further explain factors 

behind a student’s decision. 

4. Add an item asking student for 

program of study to examine 

possible trends. 

Accept Many surveys ask students 

their program of study, so 

the question should not feel 

intrusive to respondents. 
 

5. Add item regarding advisor model 

the institution uses. 

Decline The initial institutions that 

were selected for this study 

had the same advising 

model. Possible research to 

explore in the future. 
 

6. Add items to reasons to take online 

courses regarding limited 

transportation, family or work 

responsibilities that may prevent 

students from taking courses on 

campus. 

 

Accept Some students, despite best 

efforts, may be unable to 

take courses on campus. 

This will provide other 

reasons to consider when 

mapping reasons for 

choosing online education to 

satisfaction with that 

experience. 

7. Add item to distinguish students 

who enroll in online courses at one 

institution yet are simultaneously 

enrolled in traditional classes at 

another college. 

Accept Since this study wants to 

explore student engagement 

of online students with their 

institution, adding one 

binary question will help 

identify how many students 

at the test site take other 

classes traditionally at other 

institutions.  
 

8. Specify what “succeed” means in 

the following item: “My instructors 

are interested in helping me 

succeed”. 

Accept Changed item to “My 

instructors are interested in 

helping me reach my goals”. 
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9. Specify what “successful” means in 

the following item: “I am learning 

skills I need to be successful”. 

 

10. Reconsider the length of the survey, 

35 questions is too long to expect a 

traditional-aged college student to 

answer. 

 

 

11. Change the language of the survey 

items from “on-campus” or “face-

to-face” to “in person” 

Accept 
 
 
 

 

Accept 
 
 
 
 
 

 

Accept 

Changed item to “I am 

learning skills that I will 

need to be successful after 

college”. 
 

 

Many descriptive questions 

that would provide 

additional information but 

did not directly relate to any 

of the hypotheses stated 

earlier were removed from 

the instrument. 
 

Both on-campus and face-

to-face are terms that 

students may not be familiar 

with. Using “in person” 

helps clarify the difference 

between classes they 

physically attend the 

location and online. 
 

 

After the survey instrument was modified, the researcher attempted to find 

community college students who enrolled in online courses or programs and interacted 

with their advisors so that the respondents were a better representation of  the target 

population than in phase one. The researcher contacted individuals via professional 

networks to find professionals who worked with online students. Ten professionals from 

various institutions noted that they would send the SurveyMonkey link to their students. 

However, attempts to obtain a large response rate using the target population to pilot the 

survey were unsuccessful. These results suggested that the expected response rate of 20% 

is too high and should be lowered closer to 15% when surveying community college 

students who enrolled in online courses. The researcher expanded the pilot test 
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population to students who enrolled in online courses and interacted with their advisor as 

these were more important factors to the study than institutional type. Through a 

snowball effect via advisors and other professionals, 17 students completed the pilot test, 

bringing the total for both phases to 28. Nine of the students fit the targeted demographic 

of online community college students enrolled in associate degree programs. The 

remainder of participants was in bachelor’s (13 participants) or graduate (6 participants) 

degree programs. Results from the pilot test suggested that items about transportation and 

course availability be added to the satisfaction with online postsecondary experience 

construct. The survey instrument was also validated using the literature review previously 

discussed. Each item in the survey was mapped to a concept noted in the literature review 

which provided content validity to the instrument. 

Reliability 

Reliability of the survey instrument was conducted for each phase of the pilot 

study. Reliability of the instrument was evaluated using Cronbach’s alpha. In order for an 

instrument to be considered reliable, researchers recommend that surveys should have an 

index of .70 or higher (Peterson, 1994). Researchers also suggest that at least 100 

responses should be collected to conduct Cronbach’s alpha analysis properly (Peterson, 

1994). However, the pilot test size for this research study was 28 participants (11 from 

the first phase, 17 from the second phase). Thus, the reliabilities obtained should be 

interpreted with caution, and reexamined after actual data collection. Reliabilities were 

calculated for each construct. Items related with satisfaction with academic advisor 

returned a Cronbach’s alpha of .89. Item analysis suggested that advisor contact and 
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personal contact be removed, however the increase in reliability to α=.91 is not 

significant enough to justify removal.  

Items related to the satisfaction with online postsecondary experience returned a 

Cronbach’s alpha of .70. Items that provided description about level of students’ 

experience (prior online classes enrolled/completed, number of semesters enrolled, peers 

attending same college, and peers taking online classes) were removed from the 

construct. Instead, they will be used to further describe the sample for this research study. 

This raised the reliability index to α=.80.  

Items related online adaptability level returned a Cronbach’s alpha of .81. Results 

from item analysis suggest that questions about completing coursework on time and 

asking for help be removed, however the increase in reliability to α=.82 is not significant 

enough to justify removal. In addition, most of the pilot test participants were graduate 

students who may be more likely to complete their coursework on time or are more 

comfortable asking for help from others than the targeted population for this study, 

traditional-aged community college students. 

Data Collection 

 Data for this study were collected via a web survey using SurveyMonkey. This 

application provides a medium to construct the instrument, distribute the link to 

participants, and collect data for analysis. After receiving approval from George 

Washington University’s Institutional Review Board (IRB), a letter that identified the 

purpose, extent of time, potential impact, and dissemination of results was provided by 

the author to the institutional research director at each community college (Appendix C). 
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All information in the letter was pre-approved by IRB. Most institutions allowed the 

students to be contacted the researcher’s email address, however, a few insisted on 

sending out information on behalf of the researcher. When permitted, the researcher was 

sent a list of email addresses for all students who graduated high school between 2009 

and 2013, and enrolled in only online classes for at least one semester between Fall 2012 

and Fall 2014. This list did not have any other contact information so that the student’s 

identity remained anonymous unless they contacted the researcher directly. In early 

October 2014, the researcher sent out an email inviting students to participate in the 

survey via the link to SurveyMonkey (Appendix D). Students who completed the survey 

and wanted to participate in the gift card drawing were directed to a link at the bottom of 

the instrument that directed them to a separate survey that would allow them to provide 

their email address while keeping their previous responses unconnected. 

Three days after release, a follow-up email (Appendix F) was distributed to all 

students who have not completed the survey previously. This timeframe was helpful for 

students who may have lost the link and still wanted to participate (de Leeuw et al., 

2008). A second follow-up email was sent to students during the second week of October. 

Because students were not identified if they participated, email reminders went out to 

both those who had completed the survey previously as we well as those who did not. 

Aware that students may not complete the survey so late in the semester, the 

researcher sent a final email (Appendix G) on Monday, October 25
th

 to all eligible 

students. This email reminded students that in order to qualify for the financial incentive, 

a student must complete the survey before Friday, October 31st. The link to the survey 
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was disabled on November 1st. Four students who completed the survey were randomly 

selected as the winner of the gift cards and were emailed the code to redeem their prize. 

All survey results were downloaded into an SPSS file for further analysis. Total 

costs for this survey collection were $200.00 for the four Amazon.com gift cards and 

$360.00 to host a linked instrument on SurveyMonkey for a year as there were no options 

for monthly service. Data was verified, recorded, and analyzed.   

Data Analysis 

 This section describes how the data were coded, checked, and cleaned for missing 

values. Additionally, analyses of the data pertaining to how the survey items related to 

the research questions raised in this study are presented. Three products were used to 

analyze the data: Microsoft Excel, (Excel) version 2010, PASW Statistics (SPSS), 

Version 22, and Analysis of Moment Structures (AMOS) Version 23, a module of SPSS 

for path modeling. 

Preliminary Data Handling 

SurveyMonkey generated a unique number and coding for each survey response 

that was exported to Excel. All nominal variables were assigned labels in SPSS. The 

Excel file was examined for any values that are outside the range of responses, as well as 

any extreme repeated responses that are outside of the preset threshold. These values may 

skew the results of the study. Incomplete records were handled dependent on the 

proportion to the total. All missing records that had no more than 25% of responses 

missing were imputed using MCMC (McKnight, McKnight, Sidani, & Figueredo, 2007). 
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All other records with missing values were removed listwise. This process helped 

minimize any skewing that may arise from extreme values.  

The survey instrument for this study consisted of four sections: (1) Satisfaction 

with Academic Advising, (2) Satisfaction with Online Education, (3) Online Adaptability 

Level, and (4) Background Characteristics. Nine questions related to the students’ 

satisfaction with  academic advising  including one 5-point Likert scale with 

supplemental open response for additional feedback, one open-response questions, three 

selected close-ended questions, and one multiple close-ended questions.  Six questions 

related to students’ satisfaction with online postsecondary experience used five selected 

closed-ended questions and one 5-point Likert scale with supplemental open response for 

additional feedback. Online Adaptability Level used one 5-point Likert Scale question. 

Statistical Analysis 

 The primary method of analysis utilized for this research study was path analysis. 

A traditional multiple regression technique could have also been utilized for this study, 

because multiple regression is “…a technique that enables researchers to determine a 

correlation between a criterion variable and the best combination of two or more 

predictor variables” (Fraenkel & Wallen, 2006, pp.339-339). However path analysis 

examines if strong correlations exist between the predictor variables. Olobatuyi (2006) 

stated that “regression is merely an analysis of correlating mathematical relationships 

performed in a very specific way. But path analysis is a much more specific…analysis” 

(p. 11). Path analysis provided a better understanding of the direct and indirect effects of 
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the predictor on variables on the criterion variables and also allows for testing of causal 

relationships between variables.  

Student responses for each component (Satisfaction with Advisor, Satisfaction 

with Online Education, and Online Adaptability Level) were entered into mulitple 

principal component analyses to create predicted scores as the subscale. Continued online 

enrollment was measured as a discrete variable. Descriptive statistics analyses were 

performed on each of the entry characteristics and dependent variables as well as survey 

items that provided additional information to support the researched variables (i.e. items 

1-3, 20-33). Correlations were performed between Satisfaction with Advisor scaled 

scores, Satisfaction with Online Experience scaled score, Online Adaptability Level 

scaled score, and each of the student characteristics captured via the survey to determine 

potential relationships. Student characteristics that were significantly correlated (p < .05) 

were entered into a multiple regression analysis to test if they should be included into the 

path model. Regression analyses were performed to determine path coefficients for each 

direct and indirect relationship between two or more variables with α=.05 and p <.05 for 

statistical significance. Path coefficients report the relative strengths/weaknesses between 

variables. 

In order to conduct a path analysis, certain conditions about the data must be met 

(Fraenkel & Wallen, 2006; Olobatuyi, 2006). First, all variables need to be either 

measured as interval or ratio levels. Any nominal variables need to be coded as dummy 

variables. Next, since a chi-square test is used to test model fit of the path analysis, the 

data should be normally distributed. However, this test is robust enough to tolerate minor 

normality violations without impacting the results. If the violation of normality is large 



94 
 

enough, the data either needs to be transformed or outliers need to be deleted. Further, 

chi-square test is one of several tests of model fit including AIC, RMSEA, CFI and 

several others, so if the model fails the chi-square test, which is highly susceptible to the 

number of subjects being analyzed (Schumacker & Lomax, 2012), other fit tests may be 

more appropriate to conduct. Third, path analysis assumes that the variables used are 

linear. Finally, the variables should not show evidence of multicollinearity, a correlation 

of .8 or higher can affect the variance and covariance matrix. The sample size should at 

least be 200, a minimum of five subjects per parameter (Hatcher, 2007).  

 The first step of path analysis was to formulate a theory that links the variables of 

the study to explain a particular phenomenon of interest (Fraenkel & Wallen, 2006; 

Olobatuyi, 2006). The theory driving this study is that traditional-aged community 

college students who enroll in online courses decide to continue enrolling in online 

courses based on their satisfaction with their online education. Students who are satisfied 

with their academic advisor as well as their online postsecondary experience are more 

likely to continue enrolling in online classes. Further, the satisfaction with online 

postsecondary experience is impacted by entry characteristics and online adaptability 

level. The path model of this study is shown above in Figure 5. 

The path model of any path analysis was used as a tool to show the relationships 

between multiple predictor variables and the criterion variable (Olobatuyi, 2006). The 

diagram takes the predictor variables and applies arrows to apply the relationships to the 

model. These arrows indicated the hypothesized relationship in the direction of the arrow 

(Fraenkel & Wallen, 2006; Olobatuyi, 2006). After designing a path model, the next step 

in a path analysis was to measure the declared variables. In this study, the variables were 
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measured based on student survey responses. Correlation coefficients were computed to 

indicate the strength of relationship for each of the variables in the study. The Analysis of 

Moment Structure Program (AMOS) was utilized in conjunction with SPSS to determine 

correlations between all of the variables in the study. If strong correlations are shown to 

exist between particular variables, path analysis can also be used to determine if these 

variables maintain strong relationships between variables that are independent others 

used in the study. 

Data Presentation 

Chapter 4 presents the data organized around the results for each research 

question. Chapter 5 provides a summary and discussion of the data presented in Chapter 

4, a discussion of how this study fits with the existing literature, implications for policy 

and practice, and recommendations for future studies. 

Ethical Concerns 

This survey provided only minimum risk to its respondents. However, it is 

possible that participants may have experienced some social anxiety or mild discomfort 

as they answered the questions. This experience may have also raised questions about the 

quality of advising students received. As such, participants were provided the opportunity 

to be referred to additional advising or counseling if desired at the completion of the 

survey. The cover page of the survey stated that any participant who clicked on the 

SurveyMonkey web link implied informed consent. All data submitted by respondents 

were anonymous. Students could participate in the survey via a link provided by 

SurveyMonkey, so no identifying information was obtained.  
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Because SurveyMonkey does not provide any identifying information about any 

of the respondents, one can be reassured that all data received were stored separately 

from any identifying information. Additionally, the contest winners for the gift card were 

randomly selected based on email addresses submitted from a different survey that was 

not linked to the collected data. Data was transferred from SurveyMonkey to a password-

secured database in a confidential place. The database and all backup copies will be 

maintained in a secure location for five years at the conclusion of this research study. 

Limitations 

The general applicability of the findings were somewhat limited considering that 

the selection of participants were from community colleges in Maryland, Pennsylvania, 

or Virginia only. Additionally, data were collected from the six community colleges that 

provided access which may differ from the other state institutions that did not participate 

in the study. Responses may differ across institution, even if population characteristics 

are similar. Results may also be limited by non-response. Because the survey was a 

newly-developed instrument, possible errors included measurement error and respondent 

error. Additionally, because the survey was a self-report questionnaire, the results may 

have been limited by participants choosing not to answer questions accurately or 

honestly. Social desirability bias may have emerged because students may want to 

present online education more positively than they actually believe it is, especially if they 

think that they have a better chance of receiving the gift certificate by providing positive 

feedback instead of negative. Also, data was not collected from any of the advisors of 

these students, who may answer the survey questions about their students differently. 
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This study also did not investigate advising practices, procedures, or expectations for 

students who enroll only in online courses at community colleges. 

Summary 

The purpose of this chapter was to outline how the study will answer the primary 

research question as well as each of the hypotheses. As noted in previous chapters, most 

research on community colleges and online education is on adult (non-traditional) 

students, not traditional-aged students who recently completed high school and then 

decided to enroll in online courses. The use of path of analysis as the study’s primary 

statistical tool allowed for strong correlation relationships to be added to the discussion 

on the relationships between the criterion and predictor variables. The variables identified 

in this study, along with the study’s theoretical framework (Figure 5) were based on the 

existing literature and research on retention of traditional-aged college students, 

community college students, and online education. However, there is still the need to 

conduct research linking the variables of this study together, which path analysis 

attempted to accomplish. Through this study as a whole, an opportunity exists to ensure 

that students who recently completed high school are not falling behind in their 

educational pursuits on account of the type of instruction they choose. 
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Chapter 4: Results 

The goal of this study was to design a conceptual model that would help explain 

the factors that impact the decisions of traditional-aged community college students to 

continue enrolling in online courses. These factors included students’ level of satisfaction 

with their academic advisor as well as their online education experience and their online 

adaptability level. This chapter presents the results of the analysis of the data for the 

students surveyed. This chapter begins with decisions made for handling missing data 

and re-coding, continues with a presentation of the demographics of the study sample, 

follows up with the creation of scaled scores, and then concludes with a presentation of 

the quantitative path model as fit the data. 

 The sample for this study was drawn from six community colleges located in 

Maryland, Pennsylvania, or Virginia. Colleges were selected if at least 5% of students 

had enrolled exclusively in online courses in Fall 2012 (IPEDS, 2014). Approximately 

10,000 emails were sent out to qualifying students. However, according to institutional 

staff, only 10% of the students checked their email from September to October 2014. 

Also, students may still have active email accounts after they are no longer enrolled at a 

community college (personal communication, 10-1-2014). Thus, the sampling size for 

determining response rate should be approximately 1,000 students. Three hundred sixty 

students completed the survey, returning a response rate that was higher than the 

expected 20% noted for most online surveys (Hyllegard et al., 2008; Muse, 2003).  
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Handling Missing Data 

Decisions to include survey responses in the data analysis fit into two criteria: 

responses that were missing no more than 25% of item values and respondents who 

indicated that they communicated with an advisor. Removing cases that were missing 

over 25% of item values reduced the sample to 346, and limiting the dataset to only those 

students who had communicated with their advisor previously decreased the data sample 

to 212 students. Approximately 5% of responses contained one or more missing values, 

which were imputed using Markov Chain Monte Carlo (MCMC) (McKnight, McKnight, 

Sidani, & Figueredo, 2007). Five different sets of imputed values were used to predict the 

pooled values, which were used for further analysis. Categorical variables were assigned 

numeric values so that they could be entered into multiple statistical analyses (Appendix 

H). All responses that students indicated as “not applicable” were recorded as missing 

and replaced using the MCMC method described above. Race/ethnicity dummy variables 

were also created. 

Demographics 

 Of the participants who responded to the survey, the majority were female 

(82.5%, n=175), White (78.8%, n=167), 20-21 years old (38.7%, n=82), single (82.5%, 

n=179), without children (86.3%, n=183), employed part-time (38.2%, n=81), had taken 

at least one developmental course (55%, n=117), and had at least one parent who 

completed an associate degree or higher (51%, n=113). Additionally, 47.9% of students 

indicated that they enrolled exclusively in online courses during the Fall 2014 or Summer 

2014 term while 24.1% (n=51) enrolled in online courses only during the Winter or 
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Summer term between 2013 and 2014. Over half of the respondents indicated that they 

had enrolled in online classes for more than one semester. Further details for each 

characteristic can be found in Appendix H.  

Creating the Scaled Scores 

Survey items that were designed to measure specific constructs of the MOCCSSE 

model (Online Education Satisfaction (OES), Online Adaptability Level (OAL), and 

Advising Satisfaction (AS) were examined for reliability using Cronbach’s alpha. It is 

important to ensure that the items are correlated together enough to demonstrate meaning 

and familiarity while not being too high and risking multicollinearity. The initial 

reliability of the 37 items selected to create the scaled scores for this study was α=.841. 

Running a reliability analysis and removing any items that had negative correlations with 

other variables resulted in eliminating the following nine items from being part of the 

scaled scores: Number of Semesters Enrolled, Friends in Online Courses, Online Courses 

Completed, Online Program of Study, Belief That Would Do Better on Campus, Prefer to 

Take Courses On Campus, Debated Dropping Course, Debated Dropping Out of College, 

and Course Only Offered Online. Removing those items increased the reliability of the 

remaining 26 variables to α=.883. Items were also inspected to see if any would improve 

Cronbach’s alpha by at least 0.1, which none did (Blaikie, 2003).  

An important facet of factor analysis is sample size, as the minimum size is 

related to the number of variables used in the model. The minimum number of 

observations per variable should be 5-10, although some authors argue that as high as 20 

observations per variable is more appropriate (Blaikie, 2003; Hu, 2010). This study 
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investigated 19 variables to be transformed into scaled scores, resulting in an 11:1 ratio of 

observations per variable. The Kaiser-Meyer-Olkin (KMO) measure of sample adequacy 

is a measure with a range of 0.00 to 1.00 where results closer to 1.00 indicate that the 

sample size is adequate for the factor analysis. A KMO value of 0.6 is required in order 

for the results from a factor analysis to have meaning (Blaikie, 2003).  Conducting 

Bartlett’s test of sphericity helps to determine whether or not the correlation matrix for a 

set of variables is the identity matrix. This is done by converting the determinant into a 

chi-square statistic and testing for statistical significance. As long as the variables 

analyzed did not derive from a population where the inter-correlation matrix was the 

same as the identity matrix factor analysis could be used on these variables to create 

scaled scores (Schumacker & Lomax, 2012). 

The remaining items were entered in an exploratory factor analysis using 

maximum likelihood, Promax rotation. Promax rotation is an oblique rotation that, unlike 

orthogonal, allows for the variables to covary when determining which survey items are 

related. It is more realistic to believe that variables are correlated in nature (Hu, 2010). 

The number of components determined for a variable initially determined by eigenvalues 

greater than 1 as well as Parallel Analysis using Moore’s (2004) syntax in SPSS. 

Components should not be created based on only a single measured variable; instead, a 

factor should have at least three to four variables in order to be defined (Hu, 2010). Items 

included in each component as well as Cronbach’s alpha are in Table 7 below. 
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1
st
 Attempt at Creating Scaled Scores: Using .35 Threshold 

Items entered a factor analysis with a sample size of 200 must have loadings of at 

least .36 to be considered as part of a component (Hu, 2010). Blaikie (2003) recommends 

starting at the minimum and then rerunning additional factor analyses until every item in 

a factor has a loading of at least .50. Using a minimum loading of .35 in the first factor 

analysis resulted in the removal of four items: Online Orientation, Online Classes 

Registered, and Friends at College. Additionally, the line in the scree plot appeared to 

flatten after 5 items, suggesting that there were five components that would fit the 

remaining variables. The KMO Measure of Sampling Adequacy was .877 and Bartlett’s 

Test of Sphericity was 3003.472, df=276, p < .000, indicating that the number of cases 

used in this analysis (n=212) was adequate for factor analysis. 

2
nd

 Attempt at Creating Scaled Scores: Using .40 Threshold 

A second factor analysis was conducted after removing the items that did not 

make the .35 threshold above. Both using 1 as a minimum eigenvalue and examining the 

scree plot for flat lines suggested that the data fits best on four factors. Increasing the 

threshold to .40 resulted in the removal of five variables: Advisor while Online, 

Benefitted Online Workshop, Taking Courses Anywhere, Online Class Engagement, and 

Easier Courses. KMO Measure was .886 and Bartlett’s Test was 2687.872, df=210, p< 

.000. 
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3
rd

 Attempt at Creating Scaled Scores Using: .45 Threshold 

Adhering to Blaikie’s (2003) suggestion to increase the threshold to at least .45, a 

third factor analysis was created. As in previous attempts, variables that did not a 

threshold of at least .45 were removed from the analysis. This removal resulted in 

mapping the data onto three components instead of four and the removal of Free Time 

from the scaled score. KMO Measure was .878 and Bartlett’s Test was 2706.117, df=190, 

p< .000. 

Final Attempt at Creating Scaled Scores Using .50 Threshold  

Using a final threshold of .5 ensures that each item accounts for 25 percent of the 

variance in the item. (Blaikie, 2003). Again, using eigenvalues of 1 or higher and 

examining the scree plot revealed that the data is best mapped onto three components. 

The original 37 items were reduced to twelve at this point due to the elimination of 

Communicate Outside Course and No Transportation. Examining the items for negative 

inter-item correlation removed No Lecture and Work Alone, the last two items originally 

thought to be associated with Online Education Satisfaction Level. The final result was a 

two-factor model that reflected the components described in the model: Advisor 

Satisfaction Level and Online Adaptability Level. However, the removal of these items 

increased the final model reliability to α=.91. KMO Measure was .898 and Bartlett’s Test 

was 2083.075, df=66, p< .000. The final results are noted in Table 7. 
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Table 7 

Reliability of Survey Data 

Construct 

Label 

Items Included Cronbach’s Alpha Factor 1 Factor 2 

Advising Satisfaction Level .946   

 Advisor Communicate Regularly .636 .047 

 Advisor Solution .697 .092 

 Advisor Academic Goals .939 -.032 

 Advisor Success .978 -.045 

 Advisor Mentor .954 -.020 

 Advisor Continue .916 -.010 

    

Online Adaptability Level .874   

  -.007 .589 

  -.068 .582 

  .045 .796 

  .048 .830 

  .003 .872 

  .009 .669 

Entire Instrument (12 Items) .91   
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Removal of all of the items originally thought to be associated with Online 

Education Satisfaction Level resulted in using the responses from the survey question that 

asked students to rank from 1-5, “Overall I am satisfied with my college experience” as a 

measurement of online education satisfaction level. All of the items that were previously 

excluded were entered into a separate reliability analysis; however, the reliability of these 

items did not meet the minimum threshold of α=.70 (Blaikie, 2003), so further analysis 

was not conducted.  

It is important when using factor analysis as a form of data reduction and for 

creating scaled scores to note the portion of the total variance that is shared by the 

variables used to make the corresponding components. It is expected that all items that 

were not related to the other variables were removed. The two factors used to create 

scaled scores accounted for 64.6% of the variance explained (Table 8). While it is ideal 

for 75% of the cumulative variance explained to be obtained when conducting factor 

analysis, it is more common for lower values to be the result instead (Hu, 2010).  The 

organization of the survey items into corresponding constructs allowed for the scaled 

scores to be created.  
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Table 8 

Eigenvalues and Variance Explained by Scaled Score Components 

Construct Label Eigenvalue Variance Explained 

Advising Satisfaction Level 5.495 45.8% 

Online Adaptability Level 2.251 18.8% 

Total  64.6% 

 

The scaled scores were calculated using the average score from each component 

rounded to the nearest whole number and then transposed from a five-point to a three-

point scale to eliminate empty cells when comparing with the outcome variable 

enrollment decision. Scores with values of 1 or 2 and 4 or 5 were relabeled as (1) “below 

average” and (3) “above average” respectively. Original scale scores of 3 were labeled as 

(2) “average”. The results are reported below (Table 9). Most students indicated they 

were able to adapt to an online learning environment at an above average level (82.5%, 

n=175). However, the other scaled scores were more nuanced. For the most part, students 

indicated that they had an average (13.7%, n=29) or above average level of satisfaction 

(80.2%, n=170) with their online education experiences. Similarly, the majority of 

students indicated that they had an average (39.2%, n=83) or above average level of 

satisfaction (50.9%, n=108) with their advisor. The path model that attempts to map these 

variables with entry characteristics along with enrollment decision is described in the 

next section. 
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Table 9 

Frequency of Scaled Scores 

Variable (Average Score) Level Frequency Percentage 

Online Adaptability Level (2.79) Below Average 8 3.8% 

 Average 29 13.7% 

 Above Average 175 82.5% 

Advisor Satisfaction Level (2.41) Below Average 21 9.9% 

 Average 83 39.2% 

 Above Average 108 50.9% 

Online Education Satisfaction (2.74) Below Average 13 6.1% 

 Average 29 13.7% 

 Above Average 170 80.2% 

 

Determining Significant Entry Characteristics 

 To ensure that the path model only contains significant variables, it is important to 

sort out the entry characteristics that are not at least moderately related to online 

education satisfaction level or enrollment decision. Table 10 displays all entry 

characteristics that were significantly correlated with Online postsecondary Education 

Satisfaction Level or Online Enrollment. Of the initial 17 variables, Gender, Marital 

Status, Developmental Courses, Taking Courses Only in the Summer or Winter Semester, 
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One Semester Online, and First-Year Status were significantly correlated with Online 

Enrollment. Online Adaptability Level and Advising Satisfaction were significantly 

correlated with Online Education Satisfaction Level.  

Entering each of these entry characteristics into a logistic model with Online 

Enrollment as the outcome variable revealed that First-Year Status was the only 

significant predictor of Online Enrollment (r=.142, p<.05). In fact, first-year students are 

2.59 times more likely than students who have enrolled in college for two or more years 

to enroll in online education the next semester. This variable was added to the path 

analysis and tested for significant effects. 

Table 10 

Correlations of Significant Entry Characteristics Variables  

 Enrollment Decision 

Variable r p-value 

Gender 

Marital Status 

Developmental Courses 

Taking Courses Only Summer/Winter 

One Semester Online 

First-Year Status (*) 

.190 

.213 

.146 

-.280 

-.237 

.142 

.005 

.002 

.034 

.000 

.001 

.039 

Note. *Entered into Path Analysis Model 
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Path Analysis 

The question investigated in this study was, using the gathered data from 

traditional-aged community college students who enrolled in online courses for at least 

one semester, whether or not the MOCCSSE conceptual path model was a good fit. This 

was accomplished through path analysis by investigating the path loadings between the 

aforementioned constructs, the entry characteristics, and the outcome variable: 

enrollment decision. Path analysis examines the web of relationships among measured 

variables. Using path analysis can help researchers understand complex relationships and 

define significant relationships within variables and show which models best fit the data. 

(Schumacker & Lomax, 2012). “While models that fit the data well can only be 

provisionally accepted, models that do not fit the data well can be absolutely rejected” 

(Rigdon, 2014, p.15). Analysis of a path model involves four steps: model specification, 

examining if the model is identified, evaluating the model fit, and presenting the final 

model (Schumacker & Lomax, 2012).  

Model specification provides a theoretical hypothesis regarding the relationship of 

the variables. The model presented in this study was created based on the literature 

review of student retention and online education. Once the hypothesized model is 

established, it needs to be checked to see whether it is under-identified, just-identified, or 

over-identified. Identification is the relationship between whether or not parameters are 

designated as fixed, free, or constrained. Models are more meaningful if there are more 

pieces of information (variances and covariances) identified than estimated parameters. 

(Schumacker & Lomax, 2012). This allows for more than one way to define a parameter 

and considers more than one model for a set of data.   



110 
 

After a model is identified, it needs to be tested to see how well the data for this 

study fit the theoretical model. Indices used to test the fit for this model include chi-

square, root mean square error of approximation (RMSEA), standardized root mean 

square residual (SRMR), comparative fit index (CFI), and normed fit index (NFI). 

Ideally, a model should have a p-value associated with the model chi-square test less than 

.05, RMSEA and SRMR < .07, CFI >.93 and NFI >.92 (Marsh et al, 2004). Akaike 

information criterion (AIC) will also be used to compare the loss of information among 

the models. This study used the above characteristics of an ideal model.  

Table 11 displays the change of fit indices from the initial theoretical model to the 

empirical model. The initial hypothesized model did not meet the criteria and 

modifications were made. Initial fit indices were χ
2 

= 29.135, df= 5, p<.05; CFI=.807; 

NFI= .784; RMSEA=.151; and SRMR=.032. Adjustments to the model were made as 

recommended by the modification indices produced using AMOS 23. The largest 

adjustment recommended was the addition of a covariance path between Advising 

Satisfaction and Online Adaptability Level. Both of these variables in the model are 

expected to predict Online Education Satisfaction Level, so it is theoretically sound to 

include this path. This improved the model slightly, but it was still not quite ideal. Fit 

indices after the first modification were χ
2 

= 9.868, df= 4, p<.05; CFI=.953; NFI= .927; 

RMSEA=.083; and SRMR=.012. The next adjustment recommended based on the 

modification indices was adding a path between identifying as First-Year Status and 

Online Enrollment. This suggestion was further supported after noticing that the 

standardized residual covariance between the two variables was greater than 2.00, 

suggesting a specification error. The importance of including this path can be supported 
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in the literature (Dahl, 2004). Fit indices after adding the recommended path improved 

compared to the prior models. The Chi-Square fit statistic, CFI, NFI, and SRMR, and 

RMSEA fit the ideal criteria, χ
2
=5.576, df=3, p =.134; .979 > .93, .959 > .93, .008 <.07, 

and .064< .07 respectively. 

Table 11 

Theoretical and Empirical Model Fit Indices 

Fit Index χ
2 df p CFI NFI RMSEA SRMR AIC 

Theoretical  

(Figure 6) 

29.135 5 <.05 .807 .710 .151 .032 49.14 

Modification 1 23.982 4 <.05 .856 .839 .154 .018 45.98 

Empirical: Mod 2  

(Figure 7) 

5.576 3 .134 .979 .959 .064 .008 29.58 

 

After exploring the fit of the model to the gathered data, other hypotheses were 

also addressed: 

H1: The students’ level of satisfaction with their academic advisor has a direct 

positive effect on continued online enrollment. 

H2: The students’ level of satisfaction with their online postsecondary experience 

has a direct positive effect on continued online enrollment. 
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H4: The students’ entry characteristics as well as online adaptability level have a 

direct positive effect on continued online enrollment. 

H5: The students’ level of satisfaction with their academic advisor, students’ level 

of satisfaction with their online postsecondary experience, entry characteristics, and 

online adaptability level have a direct positive effect on continued enrollment. 

Observing the results of the path model, one would find that the only significant 

direct effect on Enrollment Decision was First-Year Status (β= .143). Significant direct 

effects on Online Education Satisfaction level were Online Adaptability Level (β=.516) 

and Advisor Satisfaction (β= .235). There were no significant indirect effects. Thus using 

the data in this study, one would surmise that H1 and H2 were false. The only Entry 

Characteristic that had a direct effect was First Year Status and Online Adaptability Level 

had an indirect positive effect on Continued Online Enrollment. 

 

Figure 6. Model of Online Community Student Satisfaction and Enrollment (Theoretical) 
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Figure 7. Model of Online Community College Student Satisfaction and Enrollment 

(Empirical) 

 

Another hypothesis that was explored in this study was H3: The students’ level of 

satisfaction with their online postsecondary experience as well as students’ level of 

satisfaction with their academic advisor have a direct positive effect on continued online 

enrollment. In order to observe if both advising satisfaction as well as online 

postsecondary education satisfaction have a significant direct effect on online enrollment 

decision, a third path model was created using the standardized values of each of the 

variables above (Figure 8). The creation of this model also required the change of online 

education satisfaction level to just a predictor variable of online enrollment rather than an 

outcome variable for advising satisfaction, online adaptability level, and entry 

characteristics. Table 12 describes the changes in fit indices across the models. There 
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were two interactions created in the base model, between Advising Satisfaction and 

Online Education Satisfaction, and between Advising Satisfaction and Online 

Adaptability Level. Similar to Figure 6, First-Year Status was the only significant entry 

characteristic added to the model. Initial fit indices were χ
2
= 294.746, df= 9, p<.05; 

CFI=.415; NFI= .419; and RMSEA=.368. Because there was only one outcome variable, 

there was not any value for SRMR. Examining the highest non-significant path in the 

model led to the removal of the covariance between the interaction of Academic 

Advising Satisfaction with Online Adaptability Level and Online Education Satisfaction. 

Removing this path allowed for the interaction between Academic Advising and Online 

Education Satisfaction Level to become significant despite the fact that main effects were 

not significant predictors of Online Enrollment. Removing the highest covariance in the 

model resulted in deletion of the covariance path between Advising Satisfaction and 

Online Adaptability level, despite its addition in Figure 7. This adjusted the fit indices to 

χ
2 

= 116.148, df= 7, p<.05; CFI=.534; NFI= .534; and RMSEA=.272. Next, the 

interaction between Academic Advising and Online Adaptability Level was removed 

because there were no paths remaining that connected it to any outcome variable. This 

improved the model fit indices to χ
2 

= 86.567, df= 6, p<.05; CFI=.656; NFI= .653; and 

RMSEA=.252. Finally, the modification indices suggested adding a covariance between 

the interaction of Online Adaptability Level with Advising Satisfaction and Online 

Education Satisfaction. This addition was justified because all three variables were 

expected to predict Online Enrollment. This final change greatly modified the fit, χ
2 

= 

19.937, df= 5, p<.05; CFI=.939; NFI= .922; and RMSEA=.117. Although not all of the 

model’s parameters are ideal, they are the best fit without creating a parsimonious model, 
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which would happen if the covariance between academic advising satisfaction and online 

adaptability level were added back.  

Table 12 

Theoretical and Empirical Model Fit Indices for Interaction Model 

Fit Index χ
2 df p CFI NFI RMSEA AIC 

Theoretical (Figure 8) 294.746 9 .000 .415 .419 .368 344.982 

Modification 2 116.148 7 .000 .534 .534 .272 156.148 

Modification 3 86.567 6 .000 .656 .653 .252 128.567 

Empirical: Mod 4 

(Figure 9) 

19.937 5 .002 .939 .922 .117 63.337 

 

In the model with interactions added, there were three significant direct effects on 

Online Enrollment: Online Adaptability Level (β=.284), the interaction between Advising 

Satisfaction Level and Online Education Satisfaction Level (β=.246), and First-Year 

Status (β=.141). There were no significant indirect effects. Based on these results, one 

could surmise that H3 was plausible. 
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Figure 8. Interaction Model of Online Community College Student Satisfaction and 

Enrollment (Theoretical) 
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Figure 9. Interaction Model of Online Community College Student Satisfaction and 

Continued Enrollment (Empirical) 

Summary 

Chapter 4 presented the results of the data analysis. Scaled factors matching each 

of the theorized constructs (Advising Satisfaction and Online Adaptability Level) were 

created using reliability analysis via Cronbach’s alpha and factor analysis. The path 

model was then created using the scaled scores as predictors and the entry characteristics 

as controls for online education satisfaction. Significant direct effects on Online 

Postsecondary Education Satisfaction were Online Adaptability Level and Advising 

Satisfaction. The only significant direct effect on Enrollment Decision was First-Year 

Status. There were not any significant indirect effects. Although this model addressed 

Hypotheses 1, 2 and 4, a different model that contained interaction effects was needed to 
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address Hypothesis 3. This model structured Online Postsecondary Education 

Satisfaction as only a predictor for Online Enrollment. All of the remaining predictors 

were compared with Online Enrollment as well. As a result, several significant direct 

effects emerged, including Online Adaptability Level, the interaction between Advising 

Satisfaction and Online Education Satisfaction Level, and First-Year Status. Despite the 

model fitting the data well, the weights of several of the parameters in both models were 

very low. Additionally, two models were needed to address all of the hypotheses. These 

findings would suggest further research is needed. Chapter 5 presents a discussion of the 

results that have been presented in Chapter 4. 
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Chapter 5: Discussion 

A discussion of the research study is presented in this chapter. This chapter 

presents an overview of the study and a discussion of the results of the study including 

hypotheses, implications, and limitations. The chapter concludes with recommendations 

for practice and future research. 

Overview of the Study 

 As enrollment in online education increases at community colleges, concerns 

arise about low retention rates reported in previous literature, especially in comparison 

with students who take courses on campus instead of online (Bambara et al, 2009; Parker, 

2003; Xu & Jaggars, 2011). This concern increases when examining the retention rates of 

traditional-aged students, which are effected by faculty-student and peer interaction in 

encouraging students to remain enrolled, a fact noted by previous literature (Astin & 

Oseguera, 2005; Bean, 2005; Pascarella & Terenzini, 2005, Tinto, 1993). Students who 

enroll exclusively in online courses may not have much interaction with their instructor 

or peers and, as a result, may feel isolated (Bejerano, 2008; Liu, X., et al., 2007; Parker, 

2003). Communication with advising staff may provide the needed interaction that 

students desire to stay focused and remain enrolled (Cuseo, 2004; Seidman, 2005).  

The goal of this study was to design a conceptual model that would help explain 

the factors that impact the decisions of traditional-aged community college students to 

continue enrolling in online courses. These factors included students’ level of satisfaction 

with their academic advisor as well as their online education experience and their online 

adaptability level. The model that was designed for this study was a modification of 
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Tinto’s (1993) Theory of Student Departure and Kember’s (1995) Model of Dropout in 

Distance Education. The model included variables that predicted Online Postsecondary 

Education Satisfaction Level: Advising Satisfaction Level, Online Adaptability Score, 

and First-Year Status. First-Year Status was the only entry characteristic that was found 

to be significant both with correlations with the outcome variable, online enrollment, as 

well as the regression model. Both Advising Satisfaction Level and Online Postsecondary 

Education Satisfaction Level were designed in the model to predict online enrollment the 

next semester. This study used survey data that was collected from community college 

students who graduated high school between 2009 and 2013 and enrolled exclusively 

online for at least one semester. The collected data was analyzed using AMOS software, 

which allowed for path and structural models to be examined. The results of this analysis 

displayed findings that add to the existing literature. Results of the study also confirmed 

previous conclusions in the literature.  

Hypotheses 

The research question that directed this study was whether or not the MOCCSSE 

path model was a good fit for the data obtained from traditional-aged community college 

students who enrolled in exclusively online courses for at least one semester in Maryland, 

Pennsylvania, or Virginia. In order to more fully unpack the results of this research, the 

following series of hypotheses were addressed: 
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Hypothesis 1: The students’ level of satisfaction with their academic advisor has a direct 

positive effect on continued online enrollment. 

Overall, there was not a significant relationship between academic advising and 

online enrollment, according to the path model (r=.02). Because the model displayed 

such a low effect of academic advising on online education, one could wonder if there is 

any direct relation at all. This finding does not seem to support previous literature that 

related academic advising with enrollment (Braxton & Hirschy, 2005; Cuseo, 2004; 

Seidman, 2005). However, those prior studies examined the relationship on traditional-

aged students attending a four-year college or university, not those students who enrolled 

in online classes at a community college. One of the explanations for this finding is the 

high number (63.2%) of survey students who indicated they would enroll online next 

semester. Further examination of online enrollment and advisor satisfaction revealed that, 

regardless of level of advising satisfaction, approximately 62% of students will enroll in 

online classes next semester. Separating out first-year students from those who were 

continuing did not reveal any differences: approximately 70% of first-year students and 

58% of non-first-year students indicated they would continue to enroll in online 

education, regardless of advising satisfaction level. Also, most of the students rated their 

level of satisfaction with their advisor as either above average (50.9%) or average 

(39.2%) which would imply there was no difference in decision to continue enrolling in 

online courses next semester. Based on these findings, it appears that academic advising 

does not have any significant direct impact on a student’s decision to continue enrolling 

online. 
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Hypothesis 2: The students’ level of satisfaction with their online postsecondary 

experience has a direct positive effect on continued online enrollment. 

There was not a significant relationship between satisfaction with online 

postsecondary experience and online enrollment, according to the path model (r= -.04). 

As with advising satisfaction, the model displayed such a low effect of online 

postsecondary education satisfaction on continued online education, one could wonder if 

there is any relation at all. This finding does not seem to support previous literature which 

related satisfaction with online education with online enrollment (Allen et al., 2013; 

Moore, 2013). However, as with academic advising, prior studies examined the 

relationship of traditional-aged students attending a four-year college or university, not 

students who enrolled in online classes at a community college.  

Similar to Hypothesis 1, one of the explanations for the weak relationship 

between satisfaction with online postsecondary experience and online enrollment is the 

high number (63.2%) of survey students who indicated they would enroll online next 

semester. Further examination of online enrollment and satisfaction with online 

postsecondary experience revealed that regardless of level of satisfaction, approximately 

62% of students will enroll in online classes next semester. Separating out the results by 

first-year status revealed that approximately 72% of first-year students and 58% of non-

first-year students will enroll in online classes next semester. Further, 74.6% of first-year 

students and approximately 58% of non-first-year students who had average or above 

average levels of satisfaction with their postsecondary experience indicated that they 

would enroll in online education the next semester. There was not a significant difference 

in the number of students who would enroll in online education the next semester based 
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on satisfaction with online postsecondary experience, thus it makes sense that there 

would not be a significant direct impact when analyzed in the quantitative path model. 

Hypothesis 3: The students’ level of satisfaction with their online postsecondary 

experience as well as students’ level of satisfaction with their academic advisor have a 

direct positive effect on continued online enrollment. 

 Although the results of Hypothesis 1 and 2 indicated that neither the students’ 

level of satisfaction with online postsecondary experience nor academic advisor had a 

direct positive effect on online enrollment, the model that contained the interaction of 

these two variables revealed there was a direct small positive effect on online enrollment 

(r=.25). Results of the data appear to indicate that students who have a high satisfaction 

level of both advising as well as online postsecondary experience will be more likely to 

continue enrolling in online classes compared to those who do not. Although there has 

been some examination of both advisor satisfaction (Braxton & Hirschy, 2005; Cuseo, 

2004; Seidman, 2005) and online satisfaction on continued enrollment in the higher 

education literature (Allen et al., 2013; Moore, 2013), this study is the first to hypothesize 

and examine the intersection between both variables as a predictor for continued 

enrollment in online education. Results of previous research show that advising 

satisfaction and online satisfaction contribute to continued enrollment; however, the 

results of this hypothesis appear to support the idea that both advising satisfaction 

(Braxton & Hirschy, 2005; Cuseo, 2004; Seidman, 2005) and online satisfaction (Allen et 

al., 2013; Moore, 2013) should occur to impact continued enrollment for traditional-aged 

community college students who enroll in online classes. 
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 Hypothesis 4: The students’ entry characteristics as well as online adaptability 

level have an indirect positive effect on online enrollment. 

In the initial theoretical model, the students’ entry characteristics and online 

adaptability were designed to be indirectly related to online enrollment through level of 

satisfaction with online postsecondary experience. However, based on the path model 

modification indices, it was suggested that First-Year Status, the only entry characteristic 

found to be significant when entered into a logistic regression model that predicted online 

enrollment, be directly related to online enrollment instead. These results appear to 

support prior research that other student characteristics such as gender (Hyllegard et al., 

2008) and parent education (Pascarella & Terenzini, 2005) do not have significant impact 

on a student’s decision to continuing enrolling in college. However, the demographics of 

participants do not appear to reflect those who enroll in community colleges thus making 

it difficult argue for or against the significance of personal characteristics on continued 

online enrollment. 

Additionally, a direct path between online adaptability level and online 

enrollment was created in the interaction model. Thus, although there was not a 

significant indirect positive effect for either online adaptability level or first-year status 

on online enrollment, both variables were significantly directly related in each model 

(first-year status: r = .14; online adaptability level: r = .28). This implies that a student’s 

decision to continue enrolling online is impacted by how well they are able to adapt to an 

online environment and all of the challenges therein as well as whether or not the student 

has any previous college experience. These findings appear to support research conducted 

on facets of online adaptability including comfort navigating online education (Harrell & 
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Bower, 2011; Ivankova & Stick, 2005; Kemp, 2002; Liu et al., 2009), time management 

(Hart, 2012; Nash, 2005, Stanford-Bowers, 2008), and self-efficacy (Hart, 2012). 

Another factor of online adaptability level that directly impacted a student’s decision to 

continue enrolling online was creating an academic plan, which is an activity that 

students can receive assistance with via academic advising (Bailey et al., 2015; Cuseo, 

2004; Habley, 1981; Hossler, 2005). 

Overall Hypothesis: What is the relationship between level of satisfaction with academic 

advising and online enrollment in online courses for traditional-aged Maryland, 

Pennsylvania, and Virginia community college students who enrolled in exclusively 

online courses for at least one semester, after controlling for level of satisfaction with 

online postsecondary experience, entry characteristics, and online adaptability level? 

Based on the findings of the above hypotheses, the relationships regarding 

advising satisfaction, satisfaction with online experience, and online enrollment are 

mixed. Although there was not a significant direct effect of either satisfaction with 

academic advisor or satisfaction with online postsecondary experience on student 

decision to continue enrolling online the next semester, there was a significant direct 

effect that emerged when combining the two variables. Additionally, there appears to be 

significant direct effects on online enrollment for first-year students as well as students 

who had a high online adaptability level. This implies that regardless of the other 

variables, the level of impact on students’ decision to continue enrolling online is directly 

impacted by their satisfaction levels with their advisors as well as their satisfaction with 

their postsecondary experience. Future research exploring why the combination of 
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satisfaction with academic advising and online education could help explain this finding 

further.  

Implications 

Which Model Describes Academic Advising and Online Enrollment? 

 The model for this study was created as a result of the review of the literature. 

However, the survey data did not indicate a strong direct relationship between academic 

advising satisfaction and online enrollment or between online postsecondary education 

satisfaction and online enrollment. Instead, there was a significantly positive direct effect 

between the interaction of these two factors and online enrollment. This finding suggests 

that academic advising satisfaction should not be observed separate from satisfaction 

with online postsecondary education, but rather they should be studied together. As this 

study is the first to explore the relationship of academic advising satisfaction and online 

enrollment on traditional-aged students, this finding needs to be explored more fully 

before anything definite can be suggested. 

 However, the lack of assurance that the MOCSSE designed in this study is able to 

adequately portray a model should also be questioned. Although many survey items were 

removed from both the Online Satisfaction Level and the Online Adaptability Level, 

most components of both Tinto’s Theory of Student Dropout and Kember’s Model of 

Distance Education are portrayed in elements of the Model of Online Community 

College Satisfaction and Continued Enrollment. Table 13 displays how each element of 

the selected MOCCSSE aligns with facets from both TSD and MDDE. Most of the items 

that did not align with MOCCSSE were associated with Online Satisfaction Level, which 
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mostly impacted the cost-benefit component of Kember’s Model. What originally was 

going to be a scaled score based on student’s previous experience with online courses as 

well as interaction with peers, reasons that the students enrolled online, and their belief 

about social interaction, was reduced to using one item about satisfaction experience 

overall, which may include other coursework outside of online offerings. The only part of 

Tinto’s model that did not align was peer-group interaction, which while the initial 

survey did have items that were related to communicating with other students outside of 

class as well as items concerning peers from high school also enrolled at the same 

college, the responses were not a good fit for describing advisor satisfaction, online 

education satisfaction level, or online adaptability level. Further, because the focus of the 

study was to examine the role of advisors in online education satisfaction and not peer-

group interaction, it would not be expected that the lack of this component would have 

any major effect on the students’ decision to continue enrolling online. Future research 

can be done to investigate whether or not that claim is true.  

Table 13 

Aligning Components of Selected MOCCSSE with Tinto’s TSD and Kember’s MDDE 

Tinto’s TSD Kember’s MDDE MOCCSSE 

Family Background 

Individual Attributes 

Precollege Schooling 

Entry Characteristics Entry Characteristics 

Goal Commitment 

Institutional 

Commitment 

 Advising Satisfaction & 

Online Adaptability Level 

(OAL) 
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Grade Performance 

Intellectual Development 

 Developmental Status 

Peer-Group Interaction   

Faculty Interaction  Advising Satisfaction 

Academic Integration Academic Integration Advising Satisfaction 

Social Integration Social Integration Advising Satisfaction 

Dropout Decision Outcome Continued Online Enrollment 

 External Attribution OAL-Locus of Control 

 Academic Incompatibility OAL-Time Management 

 Cost-Benefit Online Education Satisfaction 

Level 

 

Online Enrollment and Retention for Traditional-Aged Students 

One of the most surprising findings from this study was the high percentage of 

students (63.8%) that were going to continue enrolling in online classes, regardless of 

their satisfaction with their online postsecondary experience or advisor satisfaction.  

Findings from previous literature suggest that students who enroll in online courses will 

have lower retention rates than if they had taken the same courses on campus instead 

(Bambara et al, 2009; Parker, 2003; Xu & Jaggars, 2011). However, the results of this 

study were contrary to those findings. In fact, most of the remaining 36.8% of the 

students who were not enrolling online the next semester indicated that they would enroll 

in face-to-face courses instead (63.2%, n=43). Further, most of the students in the study 

had an above average Online Adaptability Level, which suggests these students not only 
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were prepared to take courses in an online environment, but were able to manage their 

time well to complete assignments, and they had designed an academic plan to meet their 

goals. Previous studies have reported that students who are comfortable around 

computers, able to work independently, and able to complete assignments on time are 

likely to be successful in online education courses (Bell, 2007; Harrell & Bower, 2011; 

Ivankova & Stick, 2005; Kemp, 2002; Liu et al., 2009). Perhaps one reason that these 

students are going to continue enrolling online could be that the mode of instruction 

appeals to them, and they are equipped with the tools necessary to be successful 

academically, regardless of what method of instruction they enroll in (Bailey et al., 

2015).  Examining the relationship of students’ comfort levels in online education with 

other factors revealed that the data in this study found statistically significant 

correlational relationships (p <.05) between student’s online comfort level and the 

following items: prepared for online course (r=.53), feeling engaged during course 

delivery (r=.46), creating a success plan (r=.43), believing that both the schools (r=.38) 

and instructors (r=.35) are devoted to helping students succeed, and online satisfaction 

(r=.34). 

Continuing Online Despite Unsatisfied with Online Education Experience 

 One interesting result of this study is the number of students who remained 

enrolled despite potential factors on campus that may have caused them to be unsatisfied 

with their educational experience. Selecting records where students indicated they would 

continue enrolling online while not satisfied resulted in responses from eight participants. 

Nearly all of the students were the first in their family to pursue education beyond high 

school. Most of them also received financial aid through Pell Grants, which suggests that 
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these students may not have adequate access to resources via their parent/guardian. Most 

of the students also indicated they were not satisfied with their advising experience. 

Open-ended responses from students regarding how advisors can help students to have a 

more positive experience online revealed that advisors needed to be more knowledgeable 

about the needs of their students and methods that can help their students succeed. This 

included examples responses such as “know the individual better, suggesting them 

classes to try to test out of, alternative course load, etc.” or “I believe my advisor could 

have warned me about the easiest strategies to completing online work.” However, all of 

the students did indicate that they had taken online courses previously, which may help 

mitigate any dissatisfaction with this type of instruction.   

Who Enrolls Exclusively in Online Education? 

 The demographics of the participants in this study greatly differ from those who 

normally enroll in community college. In Fall 2013, 50% of all community college 

students were White, 21% were Hispanic, and 14% were African American (Phillipe, 

2015b). Most of the participants in this study were White (78.8%), only 6.6% were 

Hispanic and 5.4% were African American. Participants in previous research on online 

education at community colleges had similar racial characteristics as the current study 

(Aragon & Johnson, 2008; Harrell & Bower, 2011; Jost, Rude-Parkins, & Githens, 2010; 

Xu & Jaggars, 2013). Nationally, the ethnic distribution of all students in online 

education is more diverse. In 2012, 62% of online students were White, 19% African 

American, and 8% Hispanic (Aslanian & Clinefelter, 2012). Gender distribution of study 

participants also differed from overall representation. In 2013, 61% of all community 

college students enrolled in community colleges identified as female, while 39% 
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identified as male (Enrollment, 2013). Only 17.5% of study participants identified as 

male, the remainder were female. However, the demographics for this study were limited 

to traditional-aged students who enrolled exclusively for at least one semester in a 

community college.  

 The developmental need of the study population also differed from most 

community college students. In Fall 2013, more than two-thirds of community college 

students enrolled were required to take at least one developmental course compared to 

55.7% of study participants (Phillipe, 2014). Again, the participants in this study recently 

finished high school which may account for the difference.   

Implications for Advising and Community Colleges 

 Despite the mixed results regarding the impact of academic advising on continued 

online enrollment, several suggestions for best practices did emerge. First, as research 

suggests and this study affirms, it is vital for students to create a plan that helps them to 

obtain their desired credential while ensuring their coursework remains relevant to their 

goal. Students are more likely to be satisfied with their online experience and continue 

enrolling if they see that their current activities will pay off in the end. Bailey et al. 

(2015) suggest that advisors and faculty work together so that students are provided with 

the tools and skills they need to be successful. If the current advising model only allows 

for an advising staff member to meet with a student for 10 minutes, then those students 

need to enroll in a success course to learn the skills they may not have obtained in high 

school or elsewhere. Further, this course should be tailored to programs of interest so 

students can see how the skills they are learning, such as time management, study skills, 
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and goal planning, are relevant in the real world as well (Bailey et al., 2015; Bell, 2007; 

Harrell & Bower, 2011). This course should be required for all students who have 

recently completed high school and may not have the work experience that can serve as 

another area to learn these skills. However, requiring students to complete this course 

may cause a strain on community colleges, especially in departments which may struggle 

to ensure that their programs do not exceed a credit limit cap that was set by state 

governments with the intention to improve time-to-degree. (Senate Bill 740, 2013). If 

community colleges cannot offer a course to help students with goal setting and other 

academic preparation, they could provide workshops to learn about these topics during 

orientation instead.  

Second, advising staff should work with faculty and observe which classes 

students who enroll online do poorly in and evaluate what changes can be made to 

improve outcomes by obtaining student feedback through surveys or directed focus 

groups. Both advising staff and faculty need to understand that students may feel isolated 

when they enroll in online courses as well as discuss methods and procedures to ensure 

that students are not ignored, especially at campuses where there is a large number of 

students assigned to one advisor. Additional course design and training may also be 

needed so that both advising staff and faculty feel comfortable providing students the best 

services possible. 

Third, a method needs to be in place that provides a platform for multiple 

departments to observe an online student’s progress as well as what services he/she may 

need at a given time. Some institutions track online student progress using a color system. 

When online students start to exhibit behaviors that may detract from success, their status 
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is changed from green to yellow or red, depending on the situation. Examples of these 

behaviors include a student not logging into Blackboard on a regular basis, not turning in 

assignments on time, and/or not applying for financial aid for the next year. Each student 

would be monitored not just by assigned advising staff, but also course faculty as well as 

members from other student services, such as financial aid. This system allows for 

conversations to occur across departments about what the institution can do to help these 

students get back on track to pursue their desired award or degree. As community 

colleges expand their program offerings online, care needs to be taken that the focus is 

not just on enrollment but also successful completion.  

Finally, procedures need to be in place that minimizes the number of advising 

staff a student needs to talk to and maximizes their rate of communication. Comments 

from study participants suggest that while they were overall pleased with their advisor, 

they wish staff members were more prompt in communicating with the students. 

Examples of these comments included “Respond to emails faster” and “Talking to me or 

making it know that they were available”. Departments who have faculty that serve as 

academic advisors (like the Faculty-Only model) should have a centralized online 

location that students can visit to answer  frequently asked questions so that the students 

can get the information they need and then make the appropriate decisions. There also 

should be clear times set aside by each faculty member to meet with their advisees with 

alternative options and or communication methods for students who cannot meet at the 

assigned times. For institutions where students may meet with more than one assigned 

staff person when seeking assistance, such as a self-contained model, it is helpful when 

students can rely on one person who knows their situation to be there when assistance is 
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needed instead of explaining their situation every time they speak with someone new to 

them (Jaggars, 2011; Kennedy & Ishler, 2005). Some open ended responses from 

students also reflected this, “When I would go for help I was bounced around from 

person to person and told things that ended up not being true.” 

Students need to be provided clear information about who they should contact 

when they need assistance. If institutions use a split model, a dual model, or a total intake 

model of advising, there need to be clear distinctions set so that the student knows when 

they can meet with their faculty advisor and when they need to interact with academic 

advising staff. Further, any interaction between students and either faculty or staff need to 

be documented with as much information as possible regarding the purpose for the 

interaction and any information or decisions that were made that could impact future 

advising for the students. This action ensures that in the event students meet with a new 

staff member or a faculty member who is now an academic advisor, they does not need to 

be concerned about whether or not that individual understands previous conversation 

and/or current indicated needs.  

 Limitations 

Survey Instrument 

 A significant limitation of this study is that the survey items thought to measure 

Online Satisfaction Level, despite alignment with previous literature, subject matter 

expert review, and pilot testing, did not relate well enough to create a construct that 

determines a student’s satisfaction with online postsecondary experience. Instead, the 

study had to rely on one of the items that asked participants to rate the following Likert 
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Scale question: “overall, I am satisfied with my college experience.” The wording did not 

limit the participant to respond regarding his/her online experience specifically, but rather 

to consider their whole postsecondary experience which may also include enrollment on 

campus. The relationship between academic advising, satisfaction with online 

postsecondary experience, and online enrollment decision would have likely been 

stronger if there were a scaled score for satisfaction with online postsecondary experience 

that was created based on participants responses to several related questions rather than 

just one item. 

Population 

 Another limitation of this study was the structures and behaviors of the population 

in inquiry. First, over 40% of the initial sample was removed from the analysis because 

they indicated they did not communicate with their advisor, which was the key variable 

of interest. Advising models may vary by institution as several of the community colleges 

included in this study only required the students to meet with their advisor during the first 

semester that they attend. Any further student contact with advising staff after the first 

semester is voluntary. Additionally, a student’s email account may still be active even 

after the student has left the institution. This could cause a miscalculation of the number 

of students that not only received the email survey invitation but also those that were able 

to read it. Also, all participants were identified as eligible for the study based on the 

parameters set by the researcher: graduated high school between 2009 and 2013 and 

enrolled exclusively in online education courses for at least one semester between Fall 

2012 and Fall 2014. It is possible that some of the students who were invited to 

participate in the study did not meet the criteria and yet completed the survey anyway. 
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Furthermore, to maximize survey participation, students who enrolled in online courses 

exclusively during the winter or summer semesters were also invited to participate. These 

students made up nearly one-fourth of the sample for this study. Many of these students 

may have been enrolled at four-year institutions elsewhere and may not reflect the 

attitudes of traditional-aged students who were only enrolled at community colleges 

instead of just taking courses during off-semester times in order to complete specific 

course requirements. 

These two factors contribute to the sample size for this study. The effect of 

advising satisfaction on online enrollment may have been greater if there were more 

subjects to analyze. However, despite the reduction of cases analyzed, there was enough 

to meet the minimum requirements to perform all of the statistical tests used in this study.  

Methodology 

 Another limitation to consider is the methodology used in this study. Although it 

is important to understand how the variables in the study are related, it may be just as 

important to determine causation of these outcomes in the future. Adding other variables 

to the model could have explained more of the variance in online enrollment decision, 

such as institutional advising model, the number of times a student communicated with 

an advisor while enrolled in online classes, student’s GPA prior to enrollment in online 

courses, or program of study. 

Future Research 

 The goal of this study was to design a conceptual model that would help explain 

the factors that impact the decisions of traditional-aged community college students to 
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continue enrolling in online courses. Although there was not a significantly direct 

relationship between advising satisfaction and online enrollment, the results of this study 

indicated that the combination of advising satisfaction and online postsecondary 

education satisfaction had a positive relationship on online enrollment. However, as this 

study was conducted using path analysis, further research needs to be done before 

confirming this relationship. Suggested future work following this study focuses on four 

areas: (1) further understanding of traditional-aged students who enroll in online courses, 

(2) comparison of the relationship between advising satisfaction and online enrollment 

across different regions as well as nationally, (3) comparison across institution types, and 

(4) the role of online orientation in online satisfaction and continued enrollment. There 

were many demographic questions that were not able to be addressed in this study due to 

the participants’ characteristics. Also, because all students were anonymous, personal 

characteristics about those who were eligible for the study were not obtained from any of 

the participating institutions. Thus, it would be helpful to practitioners for researchers to 

observe whether or not the demographics of traditional-aged students who choose to 

enroll in online education courses at community college differ from those who enroll at 

community colleges overall.  Currently, there is no public data available that separates 

online students by age.  

The generalizability of this study is narrowed based on the lack of representation 

in the participants compared to community college students overall. Further research also 

needs to address whether or not there is a gap in continued enrollment for male, African 

American, or Hispanic students for those who enroll in online education courses as 

research has suggested for those enrolled in community college overall (Bailey et al., 
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2015; Crossling & Heagney, 2008). Improving survey participation rates for these 

subgroups may require assistance and advice from other student services such as a 

diversity and multicultural affairs office. Working with these student services 

departments may provide insight about what incentives need to be offered that would 

help target desired subgroups as well as what medium to use to promote the survey. 

Conducting future studies that specifically target students that are considered more 

representative of community college students would be of interest in order to see if those 

findings corroborated with the results of this research.  Other demographics that could be 

explored in relation to continued enrollment include parent education, academic 

readiness, and financial need. The demographics in the current study were not varied 

enough to investigate those variables adequately. Another way to improve participation 

rates may be to inform students about the survey through other mediums besides email 

such as Twitter or Facebook. Often, these social media platforms are connected with 

students’ personal contact information, and they may be more likely to read information 

located there instead of a form letter that is sent by their community college.  

Additionally, research needs to be conducted that compares the enrollment 

decisions of traditional-aged students who enroll in online courses at community colleges 

with those made by non-traditional students, the original group targeted by institutions 

that offered online education courses and programs. This will help researchers understand 

if previous findings obtained regarding non-traditional students also apply to their 

traditional-aged peers. Another area of interest is whether or not differences exist 

between students who choose to enroll in at least one course online compared to those 

who enroll only in online courses. 
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The demographics of students who withdraw from online courses at community 

colleges should also be investigated as another area of research. Does this method of 

instruction cause students to withdraw just from online education, a particular institution, 

or from higher education altogether? Students may also withdraw from online courses for 

completely different reasons as well.  

Another factor that needs to be investigated further is online orientation and its 

relationship to continued enrollment in online courses. Although responses about student 

participation in online orientation did not align with online education satisfaction level, it 

is possible that there may be a significant relationship between participating in orientation 

and continued enrollment as some researchers have found (Ali & Leeds, 2009; 

Wojciechowski & Palmer, 2005).  

Other future research may consider a different methodology of data collection 

instead of online survey. Instead, researchers may consider conducting interviews or 

focus groups instead. These interactions could provide deep insightful information that 

cannot be captured from a survey in an easy manner. Conducting a qualitative study 

through interviews or focus groups could present a vehicle for students’ feedback, 

especially for subgroups who do not participate in the survey and would rather talk in a 

focus groups instead. The results of the interview or focus group could be investigated in 

light of the findings of this study.  

Concluding Remarks 

In conclusion, the goal of this study was to design a conceptual model that would 

help to explain the factors that impact the decisions of traditional-aged community 
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college students to continue enrolling in online courses. Those factors included advisor 

satisfaction, online education satisfaction, entry characteristics, and online adaptability 

level. These factors contribute to the literature about traditional-aged students, online 

education, and their decision to continue enrolling online. Results of the study appear to 

indicate that there was a positive effect on continued online enrollment by the interaction 

of satisfaction with both a student’s academic advisor as well as online education 

experience. There also appears to be a positive effect on continued online enrollment by 

online adaptability level which was measured by student’s perceived mastery of time 

management, ease of computer use, and self-efficacy. These findings suggest that while 

students who have obtained the necessary skills to succeed in an online education 

environment are likely to continue enrolling online, their satisfaction with their advisor as 

their online education experience may also impact that decision.  
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Appendix B: Survey Critique Form 

 

Statement of the Problem: The purpose of this study is to explore how academic 

advising influences student enrollment in online associate degree programs at 

community colleges 

Please use this form to evaluate the survey located at the link below. Using a scale 

of 1 to 5, please bold the survey rating for each question. 

1. Not applicable 2. Poor  3. Fair  4.Good   5. Very Good 

Please include any comments that will add to the efficiency of respondent’s 

ability to complete survey, any clarity of content, as well as formatting to make 

the instrument  

more visually appealing  

Link to the survey: https://www.surveymonkey.com/s/3KKR5KP 

Does the survey fulfill the data collection needs of the study as defined in the 

statement of the problem and research questions? 

1. Not applicable 2. Poor  3. Fair  4.Good   5. Very Good 

Comments: 

Were directions for completing the survey clear? 

1. Not applicable 2. Poor  3. Fair  4.Good   5. Very Good 

Comments: 

https://www.surveymonkey.com/s/3KKR5KP
https://www.surveymonkey.com/s/3KKR5KP
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Were the statements clear? 

1. Not applicable 2. Poor  3. Fair  4.Good   5. Very Good 

Comments: 

Were there statements that needed revision? Please indicate the section/question 

number 

 

Were there any grammatical, structure, or spelling errors? Please indicate the 

section/question number 

 

Are there any other factors for academic advising that need to be added to the 

study? 

1. Yes  2. No 

Comments: 

Are there any other factors for distance education that need to be added to the 

study? 

1. Yes  2. No 

Comments: 

 

Are there any other factors for postsecondary persistence that need to be added to 

the study? 

1. Yes  2. No 

Comments: 
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Appendix C: Introduction Email to Director of Research 

June 2014 

Director of Research 

Mid-Atlantic Community College 

Somewhere, MD USA 

 

Dear Ms. Director, 

My name is Brad Coverdale and I am a Higher Education doctoral student at George 

Washington University. I am interested in studying the role of academic advising at 

online institutions for my dissertation. As I am sure you are aware, studies indicate that 

students who participate in online classes have lower completion rates than those who 

take classes on campus. One of the main factors for this is that students do not feel 

connected to their institution. Prior research has indicated that academic advising has 

helped lead to student satisfaction and retention, and I am curious to know if those same 

factors could transfer to online students as well. 

To investigate this topic further I would like to send out a survey for your students to 

complete. I would like to distribute the link for the online survey via unique school email 

rather than a commercial address. This will build higher credibility than if I were to 

contact the students myself. Using this method will also help protect students’ identities. 

At the conclusion of the study, I will provide you with a summary report that will detail 

any major findings. 

I would welcome the opportunity to talk with you about this research further, including 

any questions or concerns you have. I will be contacting you next Friday afternoon to 

discuss this further, should I email or call? Thank you for your time. I look forward to 

future communication with you soon. 

Sincerely, 

 

Bradley J. Coverdale 
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Appendix D: Introduction Recruitment Letter to Student Participants 

October 1st, 2014 

Dear Student, 

You are invited to take part in a research study that examines the satisfaction with your 

academic advisor as well as your online education experience. Institutions are constantly 

adapting their program to meet the needs of the students and participating in the survey 

will help ensure your voice is heard in a safe location. 

The link below provides more information about the survey and will serve as an informed 

consent form. Please read it carefully. If you agree to participate in the study, please 

scroll to the bottom of the cover page and click button labeled “NEXT”. 

https://www.surveymonkey.com/s/82FDYHJ 

Completion of the survey is expected to take 20-30 minutes of your time. You will not 

have to provide any identifiable information, just comments about your experience. All of 

the information you provide will be considered confidential. The responses will be 

compiled into a summary report at the end of the study and distributed to your college’s 

Institutional Research department. Please note that completing this survey is completely 

voluntary and you may choose to stop participating at any time 

In exchange for your time, at the end of the survey you will be directed to a separate 

webpage and given the option to enter into a drawing for a chance to win one of three 

$50.00 virtual gift cards from Amazon.com. If you are selected, a code will be sent to 

your email address. In order to qualify for the gift card, you must complete the survey no 

later than Friday, October 31
st
, 2014.  

If you have any questions or concerns, please do not hesitate to contact me by phone 

410.777.1427 during the workday, or email (bcoverda@gwu.edu). You can also contact 

my dissertation chair, Dr. Robert Chernak via email (rac@gwu.edu). If you have any 

questions about the informed consent process or any other rights as a research subject, 

please contact the GW Office of Human Research at 202.994.2715. 

Thank you in advance for your assistance in this project. 

Sincerely 

Bradley Coverdale, Doctoral Candidate 

The George Washington University  

https://www.surveymonkey.com/s/82FDYHJ
https://www.surveymonkey.com/s/82FDYHJ


185 
 

Appendix E: 1
st
 Follow-Up Letter to Student Participants 

October 5th, 2014 

Dear Student, 

Earlier this week I sent you an email inviting you to provide your opinion about your 

academic advisor and online education experience. Your response to this survey is very 

important and will help your college ensure that your voice is heard. 

 The link below provides more information about the survey and will serve as an 

informed consent form. Please read it carefully. If you agree to participate in the study, 

please scroll to the bottom of the cover page and click on the button labeled “NEXT”. 

This survey will take approximately 20-30 minutes to complete.  

https://www.surveymonkey.com/s/82FDYHJ 

Please note that completing this survey is completely voluntary and you may choose to 

stop participating at any time.  None of the responses will be traced back to you because 

you are only commenting about your academic advisor and online education experience. 

All responses will be compiled into a summary report at the end of the study and 

distributed to your college’s Institutional Research department. 

Remember, in exchange for your time, at the end of the survey you will be directed to a 

separate webpage to enter a drawing for a chance to win one of three $50.00 virtual gift 

cards from Amazon.com. You must complete the survey no later than Friday, October 

31
st
 , 2014 in order to qualify. 

If you have any questions or concerns, please do not hesitate to contact me by phone 

410.777.1427 during the workday, or email (bcoverda@gwu.edu). You can also contact 

my dissertation, Dr. Robert Chernak via email (rac@gwu.edu). If you have any questions 

about the informed consent process or any other rights as a research subject, please 

contact the GW Office of Human Research at 202.994.2715. 

Thank you in advance for your assistance in this project. 

Sincerely, 

 

Bradley Coverdale, Doctoral Candidate 

The George Washington University 

  

https://www.surveymonkey.com/s/82FDYHJ
https://www.surveymonkey.com/s/82FDYHJ
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Appendix F: 2
nd

 Follow-Up Letter to Student Participants 

October 9
th

, 2014 

Dear Student, 

Earlier this month I sent you an email inviting you to provide your opinion about your 

academic advisor and online education experience. Your response to this survey is very 

important and will help your college ensure that your voice is heard. 

The link below provides more information about the survey and will serve as an informed 

consent form. Please read it carefully. If you agree to participate in the study, please 

scroll to the bottom of the cover page and click on the button labeled “NEXT”. 

https://www.surveymonkey.com/s/82FDYHJ 

This survey will take approximately 20-30 minutes to complete. I understand that it is the 

middle of the semester and you are very busy, but getting direct feedback from you is 

crucial to understanding how your college can better serve your needs as an online 

student. 

Please note that completing this survey is completely voluntary and you may choose to 

stop participating at any time.  None of the responses will be traced back to you because 

you are only commenting about your academic advisor and online education experience. 

All responses will be compiled into a summary report at the end of the study and 

distributed to your college’s Institutional Research department. 

Remember, in exchange for your time, at the end of the survey you will be directed to a 

separate webpage to enter a drawing for a chance to win one of three $50.00 virtual gift 

cards from Amazon.com. You must complete the survey no later than Friday, October 

31
st
, 2014 in order to qualify. 

If you have any questions or concerns, please do not hesitate to contact me by phone 

410.777.1427 during the workday, or email (bcoverda@gwu.edu). You can also contact 

my dissertation, Dr. Robert Chernak via email (rac@gwu.edu). If you have any questions 

about the informed consent process or any other rights as a research subject, please 

contact the GW Office of Human Research at 202.994.2715. 

Thank you in advance for your assistance in this project. 

Sincerely, 

Bradley Coverdale, Doctoral Candidate 

The George Washington University 

https://www.surveymonkey.com/s/82FDYHJ
https://www.surveymonkey.com/s/82FDYHJ
mailto:bcoverda@gwu.edu
mailto:rac@gwu.edu
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Appendix G: Final Follow-Up Letter to Student Participants 

October 25
th

, 2014 

Dear Student, 

This is a final notice to provide your opinion about your academic advisor and online 

education experience.  

The link below provides more information about the survey and will serve as an informed 

consent form. Please read it carefully. If you agree to participate in the study, please 

scroll to the bottom of the cover page and click on the button labeled “NEXT”. 

https://www.surveymonkey.com/s/82FDYHJ 

I know that it is likely close to midterm exams, however, your feedback is crucial to 

improving the experiences of online students. This survey will take approximately 20-30 

minutes to complete. Completing the survey is voluntary, you may choose to stop at any 

point in the survey, but if you finish the survey you will be directed to a separate 

webpage to enter a drawing for a chance to win one of three $50.00 gift cards from 

Amazon.com.  

The survey will be available until Friday, October 31
st
 at 11:59 PM EST. The drawing for 

the Amazon.com gift certificate will be held the next day and the winners will receive the 

codes via the provided email address. 

If you have any questions or concerns, please do not hesitate to contact me by phone 

410.777.1427 during the workday, or email (bcoverda@gwu.edu). You can also contact 

my dissertation, Dr. Robert Chernak via email (rac@gwu.edu). If you have any questions 

about the informed consent process or any other rights as a research subject, please 

contact the GW Office of Human Research at 202.994.2715. 

Thank you in advance for your assistance in this project. 

Sincerely, 

 

Bradley Coverdale, Doctoral Candidate 

The George Washington University 

  

https://www.surveymonkey.com/s/82FDYHJ
https://www.surveymonkey.com/s/82FDYHJ
mailto:bcoverda@gwu.edu
mailto:rac@gwu.edu
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Appendix H: Student Demographics 

Table 14 

Demographics: Gender and Age 

Variable Survey Response/Recode Frequency. Percent 

Gender 

 

Male (0) 

Female (1) 

37 

175 

17.5% 

82.5% 

Age Under 18 

18-19 

20-21 

22-24 

9 

53 

82 

68 

4.2% 

25.0% 

38.7% 

32.1% 

Total  212 100% 
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Table 15 

Demographics: Race and Ethnicity 

Variable Survey Response/Recode Frequency. Percent 

Hispanic  No (0) 

Yes (1) 

198 

14 

93.4% 

6.6% 

White Only No (0) 

Yes (1) 

45 

167 

21.2% 

78.8% 

African American Only No (0) 

Yes (1) 

201 

11 

94.8% 

5.2% 

Other Race/Ethnicity No (0) 

Yes (1) 

192 

20 

90.6% 

9.4% 

Total  212 100% 
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Table 16 

Demographics: Dependent Status, Marital Status, Employment Status 

Variable Survey Response/Recode Frequency Percent 

Children No (0) 

Yes (1) 

183 

29 

86.3% 

13.7% 

Marital Status Single (0) 

Married (1) 

Living with Partner (2) 

Divorced or Separated (3) 

175 

20 

14 

3 

82.5% 

9.4% 

6.6% 

1.4% 

Employment Unemployed (0) 

Working part-time (20 or less hours per 

week) (1) 

Working full-time (more than 20 hours 

per week) (2) 

54 

81 

77 

25.5% 

38.2% 

36.3% 

Total  212 100% 
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Table 17 

Demographics: Parent Education, Developmental, Financial Aid, and First Year Status  

Variable Survey Response/Recode Frequency Percent 

Parent Education Less than High School Diploma/GED (1) 

High School Diploma/GED (2) 

Vocational or Trade Certificate (3) 

Some College (4) 

Associate Degree (5) 

Bachelor’s Degree (6) 

Graduate Degree (7) 

2 

47 

16 

36 

27 

55 

29 

0.9% 

22.2% 

7.5% 

17.0% 

12.7% 

25.9% 

13.7% 

Developmental Courses Did not have to take developmental 

courses (0) 

Had to take at least one developmental 

course (1) 

94 

118 

44.3% 

55.7% 

Financial Aid Received Did not receive financial aid (0) 

Received financial aid (1) 

139 

73 

65.6% 

34.4% 

First Year in College Not First Year in College (0) 

First Year in College (1) 

136 

76 

64.1% 

35.9% 

Total  212 100% 
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Table 18 

Number of Semesters Enrolled Online, Online Orientation, Enroll Online in 

Winter/Summer Term Only, Online Enrollment Decision 

Variable Survey Response/Recode Freq* % 

Number of Semesters 

Enrolled Online 

Enrolled in online courses more than one semester 

(0) 

Enrolled in online courses only one semester (1) 

117 

95 

55.2% 

44.8% 

Enrolled Online in 

Winter/Summer only 

Enrolled in online courses other than/in addition to 

Winter or Summer semesters (0) 

Only enrolled in online courses during Winter or 

Summer semesters (1) 

161 

 

51  

75.9% 

 

24.1% 

Online Orientation Did not complete Online Orientation (0) 

Completed Online Orientation (1) 

63 

149 

29.7% 

70.3% 

Online Enrollment 

Next Semester 

Not Enrolling Online (0) 

Enrolling Online (1) 

78 

134 

36.8% 

63.2% 

Total  212 100% 

Note. *Frequency 


