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Abstract of Thesis 

 

 

The Effects of Repeated Exposure to Misinformation and Corrections on Attitudes 

Toward Political Candidates 

 

 

How does the quantity of misinformation corrected by in-text corrections affect 

one’s feeling toward a political candidate? This survey experiment randomly assigned 

participants to read one of five mock newspaper articles with varying levels of 

misinformation and correction of a fictional political candidate. The treatment groups 

were control, low misinformation no correction, low misinformation low correction, high 

misinformation no correction, and high misinformation high correction. Results indicated 

that participants could consume, retain, and apply factual corrections in a fictional 

primary election setting. Participants awarded lower feeling scores to a candidate that 

was a source of political misinformation and was corrected in the text. These results 

emphasize the need for prompt correction of misinformation and highlight that an in-text 

correction can affect one’s feeling toward a political candidate.  
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Chapter 1: Introduction 

 

Changing your mind is a fundamental part of the human experience. Our survival 

is dependent on taking in information from our surroundings and making choices. These 

choices are made through a process that Daniel Kahneman (2011) calls System 1, 

automatic and fast, and System 2, effortful attention, thinking. Nevertheless, not all of the 

information that we use to fuel our system thinking is accurate.  

All societies grapple with false information: rumors about coworkers around the 

water cooler, news stories later retracted without our knowledge, and targeted 

disinformation attacks orchestrated by bad actors. At varying levels of importance, from 

low stakes to high, we must correct rumors and misinformation to update our opinion of 

someone or something. Corrections are complex. They require someone to apply mental 

effort to override existing information and move forward with an updated understanding 

of the world around them.  

Over the last several years, there has been grave concern about the emergence of a 

post-truth society (Rand & Pennycook, 2021). More pessimistic, critical national 

discussion asserts that Americans, the voting public, no longer care about facts or have 

become so inundated by fake news that the average citizen can no longer discern truth 

from fiction.  In 2016, approximately two-thirds of American adults believed fake news 

stories were causing confusion about the basic facts of national events and issues (Barthel 

et al., 2016). Even more concerning, the same research by Barthel et al. (2016) found that 

14% of US adults shared an online news story that they knew to be false at the time they 

shared it.  
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 The implications of online conspiracy and factually inaccurate information can 

escalate to highly sensationalized events. During the summer of 2020, groups protested 

against public safety closings and mask requirements to limit the spread of COVID-

19.  These rallies were deeply disturbing to a public concerned about contracting a deadly 

disease. However, evidence shows that attitudes that blatantly violate public safety 

outlined by medical professionals can be corrected (Bode & Vraga, 2018). 

Misinformation is more difficult to correct when it could plausibly be true, and the 

content is emotionally arousing, especially in the face of uncertainty. (Bode & Vraga, 

2018). Inaccurate medical information in the time of a novel virus, and thus a time of 

high uncertainty, would surely fall under this category of emotionally arousing 

misinformation.  

Another instance of emotionally arousing false information at an uncertain time is 

the inability to accept the verified results of the 2020 US presidential election by far-right 

extremist groups—ultimately resulting in the January 6, 2020 insurrection at the United 

States Capitol. As of February 2, 2021, 193 people have been arrested for their 

involvement in the January 6th assault on the Capitol (Pape & Ruby, 2021), which 

resulted in over 100 injuries to law enforcement (Dreisbach & Mach, 2021) and seven 

deaths related to the event (Emma & Ferris, 2021). The crisis scale is likely not enough to 

think that an average citizen may have been a participant in the insurrection, just as an 

average citizen may not actively be campaigning against a life-saving vaccination 

program for COVID-19.  

However, the insurrection was a highly memorable event that likely triggered a 

crazy uncle phenomenon. As proposed by Porter and Wood (2018), the actual number of 
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individuals with extreme political views who fundamentally believe in conspiracy 

theories is low. Nevertheless, these characters are memorable. Thus, when someone 

estimates the number of cases, individuals frequently depend on retrievable and 

provocative examples (Porter & Wood, 2018), referred to as the crazy uncle 

phenomenon. 

While this phenomenon may be rare, a 2018 study by Bode and Vraga on global 

health misinformation found that individuals across a broad spectrum of the tendency 

toward conspiracy ideation could still make factual corrections. Even the crazy uncle 

could update his beliefs. Persons in a high tier of conspiracy belief are likely to consider 

social and algorithmic corrections to misinformation as not credible (Bode & Vraga, 

2018), making these corrections more difficult for some individuals. These events and 

phenomena justify the ongoing international concern about the effects of misinformation 

and call for additional research on misinformation correction.  
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Chapter 2: Literature Review 

 

Exposure to misinformation, “false or unsupported claims (Nyhan, 2020, p. 221),” 

and disinformation, “a coordinated or deliberate effort to knowingly circulate 

misinformation in order to gain money, power, or reputation (Swire-Thompson & Lazer, 

2020, p. 435),” are a fundamental concern of the global public (Barthel et al., 2016). 

However, the public may be more concerned about the effects of misinformation and 

disinformation, also known as misperception. Nyhan defines misperception as “belief in 

claims that can be shown to be false...or unsupported by convincing and systematic 

evidence (2020, p. 220).” Thus, while misinformation and disinformation can be 

threatening, misperception must be corrected to mitigate global concern on the effects of 

misinformation.  

According to Rich and Zaragoza (2016), a correction is successful when someone 

can recognize a link between their understanding of a topic and a correction and then 

applies the correction to update their factual knowledge. This closely follows John 

Zaller’s RAS model (1992), in which individuals first receive a piece of information, 

choose to accept it, and then sample that information when it is relevant to recall. 

However, both Rich and Zaragoza’s interpretation of applying correction and Zaller’s 

RAS model likely fall under Kahneman’s System 2, effortful thinking. 

Rather than relying on low-effort System 1 thinking, expanding the higher level 

of effort needed for System 2 thinking is not the logical choice for most citizens. Carpini 

and Keeter (1996) argue that while it is possible for constituents to have meaningful 

political thought and behavior, it is not a rational expansion of resources to apply this 
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effort to political action. Especially in an online environment, there is a limited cognitive 

capacity to appraise information (Swire-Thompson & Lazer, 2020). Furthermore, 

political facts move quickly, such as during a campaign, and require the electorate to 

remain attentive to a rapidly changing environment (Carpini & Keeter, 1996).   

Correction not only requires someone to extend mental energy, but it also relies 

on one’s ability to overcome biases, such as partisanship, religion, or another personal or 

societal alignment. The majority of information, especially political information, is 

distributed to us through others, including media, news organizations, peers, politicians, 

and other sources (Carpini & Keeter, 1996). Partisan cueing is one of the most powerful 

shortcuts that information can pass through; Partisanship can minimize the mental energy 

required to assess information, tapping into System 1 thinking but leaving oneself 

vulnerable to bias.   

Amazeen et al. (2015) tested multiple correction formats against reputational 

damage on candidates of participants’ same or opposing parties. While both of their 

tested correction formats were equally successful in correcting beliefs, there was 

evidence of strong partisan effects. When participants read a statement from a candidate 

from the same party as them, they were “less likely to say that the corrected statement 

was false (Amazeen et al., 2015, p. 10).” However, the same participants were 

successfully “able to correctly believe that a candidate statement was largely false when 

the candidate was from the opposing party as the participant (Amazeen et al., 2015, p. 

10).”  

These partisan effects are perhaps more damaging when considering the impact 

on a candidate’s reputation. Candidates of an opposing party were more likely to be 
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penalized, especially when a participant was required to read a contextual correction 

versus choosing to read a contextual correction. Thorson (2016) argues that even when 

someone may successfully update their factual understanding, exposure to corrected 

misinformation may still affect ongoing attitudes toward a candidate, a concept she calls 

belief echoes. She also found evidence that these echoes are created through automatic 

and deliberative processes, similar to Kahneman’s System 1 and System 2 thinking.   

Furthermore, these lingering effects could have ultimately resulted in reputational 

damage for politicians when their opponents criticize them. Lilliana Mason (2018) 

highlighted that exposure to opposing political thought could minimize polarization, yet 

organic exposure to opposing information has become less frequent; when we encounter 

information about our ‘opponents,’ it may not be by choice.   

 These results emphasize the extent of partisan-driven motivation, or when 

individuals apply reason to defend their existing beliefs (Lodge & Taber, 2006, Porter & 

Wood, 2018). The purpose of this type of reasoning is to meet partisan goals. Partisan-

driven motivation is different from accuracy goals, or when citizens are compelled to find 

and apply relevant information to determine a logical conclusion (Porter & Wood, 2018). 

A correction is attempting to update fact, which is more closely related to accuracy 

goals.  

A concern of correction research is the ability of individuals to update their 

understanding of factual information that will then translate to a change in participant 

preference for a candidate, party, or policy. In studies by Porter and Wood (2018), 

corrections did not affect voter evaluation of candidates, such as when Trump supporters 
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were exposed to corrections following the 2016 election, and “whether or not they saw a 

correction, Trump supporters remained supporters (p. 48).”  

A particular weakness of studies on the factual correction of misinformation is 

that they have not thoroughly addressed repeated exposure. Bode and Vraga (2018) 

successfully corrected study participants’ misperceptions of Genetically Modified 

Organisms (GMOs). However, they could not update misperceptions in participants who 

still believed in the disproven link between vaccines and autism. GMOs are a relatively 

new concept that does not have widespread misperceptions, while the vaccines and 

autism misperception is part of a dialogue originating in the 1990s. The difference in age 

between the two issues could support the concept that older, more established 

misperceptions are harder to correct.  

Furthermore, just as repeated exposure to misinformation may make 

misperceptions increasingly durable, corrections may also need to be repeated to produce 

lasting results. Singular corrections have been shown to have limited effects and “do not 

appear to endure for very long in subjects’ memories (Porter & Wood, 2018, p. 43).” 

Lasting corrections may only occur with repeated exposure to corrections. However, the 

ratio of misinformation to a correction that would produce enduring effects remains 

unknown. Furthermore, in earlier work by Bode and Vraga (2015), results could not 

explain why subjects who already held misperceptions did not have their misperceptions 

strengthened when exposed to information that confirmed their initial beliefs. In a 

practical sense, repeated exposure to corrections would require extensive effort by fact-

checkers, media, or other groups.  
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Additionally, in order to correct misinformation, one must first consume a 

correction. Given the evidence that “people who consume fake news virtually never 

consume corrections (Porter & Wood, 2018, p. 44),” exposure to correction may be a 

fundamental challenge in addressing misperception. Kahneman (2011) highlighted that 

when you increase your skill in a task, the amount of energy required for that task 

decreases. Effort reduction could support the theory that readers may need practice 

applying corrections to make the task less effortful— strengthening the need for repeated 

exposure to misinformation correction.  

In a 2020 study by Swire-Thompson et al., participants were shown either an 

equal number of true and false statements by political figures or disproportionately more 

false statements by the same figures. The results of their work showed that when 

presented with equal factual and false statements, “participants reduced their belief in the 

misinformation but did not reduce their feelings towards the politician (Swire-Thompson 

et al., 2020, p. 21).” However, in the disproportionately false condition, “feelings towards 

both Republican and Democratic figures were reduced—although the observed effect size 

was extremely small (Swire-Thompson et al., 2020, p. 21).”  

Notably, Swire-Thompson et al. chose to cite Bernie Sanders and Donald Trump 

as the quoted politicians in their study, which may have diminished participants' change 

in feelings after exposure to corrections. Sanders and Trump are two political figures with 

significant national recognition, and the majority of political figures do not experience 

the same level of renown, even at the national level. Choosing Sanders and Trump could 

have activated severe levels of partisanship. Thus, the small negative shift in feeling that 

they found could be much larger when applied to less famous politicians.  
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It is valuable to expand on how misinformation correction can influence one’s 

feeling toward political figures. Even though the findings from Swire-Thompson et al. 

were small, given the candidates they chose, their results still support the theory that 

correcting a political figure could impact a voter’s feeling toward them. This evidence 

could indicate voters choosing to pursue accuracy goals and maybe even update 

candidate preference.  

No individual is infallible. It is unfair to hold a public figure, including elected 

officials, to the unreasonable standard that they will never share factually inaccurate 

information with the public. Nevertheless, it remains to be seen where the line is between 

a “reasonable” level of misinformation and labeling someone as a consistent source of 

misinformation. Thus, we must determine if the public is willing to adjust their feelings 

toward a candidate based on varying quantities of in-text correction. 

RQ: How does the quantity of corrected misinformation in a text affect one’s 

feeling toward a political candidate? 

Swire-Thompson et al. (2020) utilized two polarizing political figures in their 

work on feeling and correction, and Porter and Wood (2018) emphasized that corrections 

did not affect voter evaluation of candidates in the 2016 election. In the 2016 election, 

party affiliation and voter choice were closely linked (Pew Research Center, 2018), 

leaving limited potential movement for an individual to update their vote based on 

information outside of party affiliation. Thus, it is valuable to determine how participants 

feel toward members of their own party in a primary election. A primary could 

potentially allow individuals to update their feelings toward a candidate based on a 

factual correction to misinformation. They will likely feel more positive or neutral toward 
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all candidates on the ballot and would potentially be more likely to apply information 

toward accuracy goals. 

H1: Readers will have a more negative feeling toward candidates corrected more 

frequently in a text. 

While a small number of false statements may be forgivable, if a candidate is 

repeatedly corrected in an article, they may appear untrustworthy” Therefore, a reader 

may develop a more negative feeling about the candidate in question. Amazeen et al. 

(2015) found that when individuals read a corrected statement from a candidate from the 

same party as them, they were less likely to say that the corrected information was 

untrue. However, they did not test for how those corrections translated to how 

participants felt toward a candidate.  

Swire-Thompson et al., built on the Amazeen et al. results, and presented 

misinformation and factual information in equal quantities and found that misinformation 

can be corrected. However, when there is disproportionately more misinformation that is 

corrected, feelings towards candidates were slightly reduced. Given that Swire-

Thompson et al. chose to feature President Trump and Senator Sanders as the sources 

quoted in their work, and the figures featured in this study are fictional candidates, 

participants will develop more negative feelings toward candidates that are the source of 

misinformation. 

H2: Readers will have a more positive feeling toward candidates who make 

repeated positive claims about themselves. 
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This would support the theory that the more positive information a voter reads 

about a candidate, the more positively they feel toward that candidate, especially a 

candidate of their own party. The 2020 Swire-Thompson et al. study did not have a 

treatment group that examined the effects of uncorrected false statements. If corrected 

false statements make participants have a more negative feeling toward a candidate, then 

uncorrected false statements may make participants have more positive feelings toward a 

candidate.  

Partisanship is frequently the most likely determinant of someone’s vote choice in 

recent elections (Pew Research Center, 2018). Given that the candidates in this study will 

match each participant's partisan leaning, results will likely produce a warm feeling in 

uncorrected treatment groups. Thus, a large quantity of highly positive statements by a 

candidate could produce increasingly positive feelings.  

H3: Readers will have a more positive feeling toward the opponent of a candidate 

who is repeatedly corrected in a text. 

Given a primary election scenario, regardless of vote choice, a member of one’s 

preferred party would still be the election's victor. If all someone knows about either 

candidate is that one candidate is the source of misinformation and the other is a 

candidate that they know nothing about, a participant will punish the source of 

misinformation and reward the neutral candidate. Given that a member of one’s party is 

guaranteed to win the election, participants may be more likely to apply corrections to 

meet more accuracy goals. 

Lenz (2012) “found little evidence that citizens...rewarded candidates with whom 

they agreed on policy issues or punished candidates with whom they disagreed (p. 85),” 
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yet what about values? Making a policy evaluation and decision has the potential to tap 

into more effortful System 2 thinking. While a value judgment like “I don’t like liars” 

could be a more low-effort, System 1 decision-making approach that would affect 

feelings toward a candidate and ultimately vote choice.   

Chapter 3: Methods 

 

The Sample 

This survey was distributed in the spring of 2021 to a convenience sample of 

United States residents ages 18 and above. Participants were reached through the 

researcher’s personal social networks, including promotion on social media platforms, 

LinkedIn, Facebook, and Instagram, as well as direct contact via email. Participants were 

also asked to share the survey with their networks in a snowball sample recruitment 

method. Some participants went on to share the survey via email and social media.  

The sampling method is a fundamental weakness of this study; Participants were 

not reflective of the United States population. Furthermore, the survey is also limited to 

English-speaking participants who have reliable access to a computer or smartphone 

connected to the internet. In 2019, a quarter of US adults reported not subscribing to 

home broadband, although nearly half of those without broadband at home shared that 

they connect to the internet using their smartphone (Anderson, 2019).  

Furthermore, the median participant took 5.7 minutes to complete the survey. 

Given the length, there were a number of participants who dropped out of the survey 

midway through and did not complete the study. It is likely that they became 

disinterested in the length of the treatment or questions and abandoned partway through 
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the survey. Additionally, the survey did not provide incentives for participation. The lack 

of incentives, financial or otherwise, coupled with the approximate 6-minute length, 

could have dissuaded potential participants from making the time commitment necessary 

to participate in the study.  

Survey Design 

 

The survey consisted of four parts: consent to participate, demographic questions, 

varying treatment groups, and post-treatment questions. The survey was designed on 

Qualtrics and included a mobile-friendly version for smartphone users.  

 The first section confirmed an individual's consent to participate in the study. 

Individuals consented to the risks of participating in the study, including the unlikely 

potential for a data breach of their non-personally identifiable information. They were 

able to progress through the survey only once they consented to participate in the study.  

The second section included demographic questions about the 

participant, including age, zip code, education level, sex, race, and ethnicity. Participants 

were also asked to share their media behavior and interaction, such as how many times in 

the last week they consumed news and which news format they preferred to use. 

Individuals who shared that one of their preferred news formats was social media 

triggered a question that asked them to share if they preferred to get their news on social 

media from accounts such as news pages, friends, groups, media personalities, or others.  

Participants were also asked to self-identify their political affiliation in a two-part 

question. Initially, everyone was asked to identify as a Democrat, Republican, 

Independent, Other, or No Preference. If someone self-identified as an Independent, 

Other, or No Preference, they triggered a question that asked them to clarify their voting 
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behavior. These participants were asked to indicate if they generally vote for more 

Democrats than Republicans, generally vote for more Republicans than Democrats, or if 

they vote for Republicans and Democrats about equally.  

While asking a question about partisanship at the beginning of the survey may 

have triggered some partisan activation, it allowed the survey to be personalized to match 

the preferred party of the participant. This choice gave participants the best opportunity to 

feel the most warmly toward the candidates in their treatment group that shifts in feeling 

based on misinformation correction could be more noticeable.  

Treatments 

Once individuals completed the demographic section of the survey, they were 

randomly assigned to one of five treatment groups. Each group read a variation on a 

newspaper article featuring a story about a fictional mayoral race in Little Brook, 

Wisconsin, between two primary candidates: Meryl Green and Shannon Adams. 

Depending on the party lean of the participant, the primary race depicted in the article 

matched the self-declared party of the participant. For example, if someone indicated that 

they were a Republican, then the article identified Meryl Green and Shannon Adams as 

Republican primary candidates.  

However, if the participant shared that they were a Democrat, the article said that 

the two candidates were also Democrats. For individuals who indicated that they were 

Independent, No Preference, or Other, they were shown the party that they said they vote 

for more frequently. Finally, if someone indicated that they vote for Democrats and 

Republicans equally, they were randomly assigned to either a Democratic or Republican 

version of an article.  
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Treatment Group One: Control 

The first treatment group was a control group that read an article that did not 

contain any instances of misinformation or in-text corrections. The article simply said 

that mayoral candidate Adams delivered a speech that included her experience running a 

business, serving on the city council, and her commitment to the local economy. 

Furthermore, participants read that the winner of this primary election typically goes on 

to win the general election. This detail was included in all five treatment groups.  

Treatment Group Two: Low Misinformation No Correction 

The second treatment group contained three instances of misinformation shared 

by mayoral candidate Adams in a speech to local voters. The misinformation was not 

corrected in the article. The three false claims by Adams focused on economic issues, 

alleging that the town lost 100 jobs per year under the last mayor, the last administration 

did nothing to stop a major employer from leaving town, and that her experience running 

a small business qualified her to protect jobs in Little Brook.  

The false claims were placed in the top half of the article to maximize the 

potential that a casual, disinterested reader would be sure to consume the false 

information. Furthermore, the false statements highlight economic issues that did not 

specifically identify a policy stance that is clearly aligned with typical Republican or 

Democratic platforms.  
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Treatment Group Three: Low Misinformation Low Correction 

The third treatment group contained the same three false statements made by 

candidate Adams in the Low Misinformation No Correction treatment group, but all three 

statements are corrected in the text. The article corrections were verified by the 

newspaper’s fictional fact-checking team, town council meeting notes, and IRS 

employment records.  

Treatment Group Four: High Misinformation No Correction 

The fourth treatment group adds three additional false claims by Adams on top of 

the original three pieces of misinformation in the Low Misinformation No Correction 

treatment group. Just like the original three claims, all six statements of misinformation 

are economically focused and are not corrected in the article. The three additional claims 

are that Adams will revolutionize jobs in Little Brook, that she will double hiring in town 

next year, and will make it easier for companies to grow in Little Brook.  

Treatment Group Five: High Misinformation High Correction 

The fifth treatment group takes the six expanded false claims shared by candidate 

Adams in the High Misinformation No Correction treatment and corrects all six 

statements in the article. The three expanded false claims are corrected by council voting 

records, follow-up questions from journalists, and legislative rules for the town council.  

 Aside from the control group, treatment conditions can be categorized in the table 

below. The full articles can be reviewed in the appendix; this table includes the false 

statements and corrections featured in the treatments.  
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Table 1  

Treatment Conditions Overview 

 
 

3 False Statements 6 False Statements 

No 

Correction 
Low Misinformation No 

Correction 
False Statements: 

• Adams delivered a concerning 

claim that “under the last 

administration, we lost more than 

100 jobs per year.”  

 

• Adams further insists that previous 

administrations did nothing to stop 

the Miller Electronic company from 

leaving town and taking over 40 jobs 

with them.  

 

• Adams shared, “My experience 

running a small business means I 

know how to protect your jobs and 

keep them here in Little Brook. 

High Misinformation No Correction 
The Low Misinformation No Correction 

False Statements, Plus: 

• She has built her campaign asserting 

that she has a proven track record of 

supporting small businesses. 

 

• “I am going to revolutionize jobs in 

Little Brook, and make it possible for 

companies to thrive here again! I already 

have two commitments from companies 

who will double hiring in Little Brook 

next year alone!”  

 

• Councilwoman Adams has pledged to 

turn around "disastrous" policies and 

make it easier for companies to grow and 

expand in Little Brook.  

Equal 

Number of 

Corrections 

and False 

Statements 

Low Misinformation Low 

Correction 
Corrections: 

• According to the Little Brook 

Gazette fact-checking team, Little 

Brook lost 250 jobs in the last four 

years, averaging approximately 62 

jobs lost per year.  

• Based on council meeting notes 

available to the public, Miller 

Electronic’s move was motivated by 

corporate tax breaks and a reduced 

lease on their corporate offices that 

were offered by a town further 

upstate. 

• Yet as a member of the council, 

Adams voted against tax breaks for 

small businesses and voted against 

additional funding for small 

businesses to provide COVID-19 

protections for their staff to reopen 

businesses.  

High Misinformation High Correction 
The Low Misinformation Low 

Corrections, Plus:  

 • According to IRS employment reports, 

while the head of her appliance 

company, Adams initiated two staffing 

reductions, totaling 34 jobs lost. 

  

 • When asked in a follow-up Q & A, the 

Adams campaign could not confirm or 

provide additional information on which 

employers would double their hiring, or 

how many jobs are projected to be added 

in 2021.  

  

 • As a procedural issue, all mayoral 

initiatives must be approved by the town 

council. If elected, Adams will still need 

the council to overturn previous 

decisions in order to reverse policies 

approved during earlier administrations.  
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Post-Treatment Questions 

After the participant completed reading their randomly assigned article, they were 

asked a series of questions about the article and the candidates in the article. The first 

question was a feeling thermometer for the two candidates featured in the article, 

Shannon Adams and Meryl Green. As highlighted above, in the treatments that contain 

misinformation, Adams is the source of misinformation. Green is only referenced as the 

other option for voters but never quoted in the text and readers were given no other 

information on her political or personal history. The feeling thermometer asked 

individuals to rate both candidates on a scale of 0 to 100, 0 being an unfavorable feeling 

and 100 being the strongest favorable feeling.  

Figure 1 

Survey Feeling Thermometer  

Please use the sliders to indicate how warm or favorably you feel towards these political 

leaders. 

  

Ratings between 50 degrees and 100 degrees mean that you feel favorable and warm 

toward the person. Ratings between 0 degrees and 50 degrees mean that you don't feel 

favorable toward the person and that you don't care too much for that person. You would 

rate the person at the 50 degree mark if you don't feel particularly warm or cold toward 

the person. 

 

 

After completing the feeling thermometer, participants answered how much they 

agreed or disagreed with five statements about the article they read. They indicated how 
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they felt on a five-point Likert scale ranging from strongly disagree, disagree, neither 

agree nor disagree, agree, to strongly agree. The five statements were: 

1. Shannon Adams has owned and operated her own business. 

2. Little Brook lost more than 100 jobs per year for the last four years. 

3. While running a small business, Councilwoman Adams protected jobs. 

4. The Adams campaign has focused on jobs and Little Brook’s economy 

5. Shannon Adams worked to stop the Miller Electronic company from 

leaving town. 

Then, participants completed a manipulation check that asked them to select how 

many jobs were lost in Little Brook last year from five multiple-choice options. The 

correct answer for the individuals who read a correction treatment was 50, while 

individuals who were part of the uncorrected misinformation groups should have 

answered 100.   

As a final debrief, the last page of the study thanked participants for their 

involvement in the survey and informed them that all the articles and information in the 

study were fabricated and that the study was intended to learn how people form and 

update their beliefs and attitudes in response to factual corrections. Finally, participants 

submitted their completed survey.  
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Chapter 4: Results 

 

Participant Demographics 

 

The study participants were majority female. 64 individuals identified as female, 

36 identified as male, and 1 identified as non-binary. Participants were also 

overwhelmingly white, at 92% of the sample. Additionally, those who participated in the 

survey generally graduated from college, with 57.4% of participants holding a bachelor's 

degree and 39.6% holding a master's degree or above. The mean participant age was 

41.29 years old, with a range of 21 to 77 years old. More specifically, 9.9% of 

participants were aged 18 to 24, 54.46% were aged 24 to 44, 19.8% were aged 45 to 64, 

and 15.84% were aged 65 and above. 

Individuals engaged with the survey were also unusually politically active, as 

98% of participants claimed to have voted in the 2020 presidential election. 78 

participants identified as Democrats, 4 were Republicans, and 19 were independent, 

other, or did not select a preference. For individuals who did not declare a party 

identification, 13 participants said they typically vote for more Democrats than 

Republicans, 2 individuals tended to vote for more Republicans than Democrats, and 4 

people said they vote for Democrats and Republicans at a similar rate.  

Individuals in the sample relied on online newspapers (58%), social media 

(32.67%), news apps (31.68%), and podcasts (24.75%) as their preferred sources of news. 

Of the 33 participants who referenced social media as a primary source of news media, 

28 cited news pages as their primary source on social media, followed by 14 who said 

they also relied on friends. Participants also frequently tended to engage with the news, as 
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61.38% of participants reported checking the news 10 or more times within the last 

week.  

Overall, participants were overwhelmingly white, majority female, half of whom 

were ages 24 to 44. Politically, individuals in the sample were mostly Democrats, voted 

in the 2020 presidential election, and college graduates. They also regularly engaged with 

the news in an online format (online newspapers, social media, apps, and podcasts). 137 

individuals participated in the survey, 36 did not complete the feeling thermometer 

questions, yielding 101 participants with viable data to analyze.  

Treatment Results 

Table 2 

Treatment Assignments 

 

After completing the survey's demographic section, participants were randomly 

assigned to one of five treatment groups. As a result, participants were distributed 

relatively evenly across all treatments: control, low misinformation no correction, low 

Treatment Group Number of false 

claims made by 

candidate Adams 

Number of corrections 

about candidate Adams’ 

false claims 

Number of 

Participants assigned 

to Treatment Group 

Control 0 0 26 

Low Misinformation, 

No Correction 

3 0 18 

Low Misinformation, 

Low Correction 

3 3 19 

High Misinformation, 

No Correction 

6 0 20 

High Misinformation, 

High Correction 

6 6 18 
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misinformation low correction, high misinformation no correction, and high 

misinformation high correction.  

Feeling Thermometer Results 

Given the highly homogeneous nature of the 

sample, which was majority white, highly educated, 

and overwhelmingly Democrat, few variables were 

shown to be statistically significant in multivariable 

regressions. Thus, a simple regression was employed 

for this data analysis. A more diverse, nationally 

representative sample may yield different results.  

The key finding of this study is the change in 

feeling thermometer scores across the various 

treatment groups. Of the treatment groups, three of 

the feeling thermometer results were statistically 

significant.  

When Adams was a source of misinformation and had an equal number of 

corrections and false statements in the text, the feeling score for Adams was highly 

statistically significant. In the low misinformation low correction treatment, Adams was 

corrected in the text 3 times, and her coefficient score dropped by 14.9 points (t = -5.23), 

compared to her uncorrected 3 statements of misinformation. This decrease in score was 

exacerbated in the high misinformation high correction treatment when Adams was 

corrected in the text 6 times. Her feeling score dropped by 33.16 points (t = -5.32), 

compared to her 6 uncorrected false statements.  

Table 3   

Regression Feeling Scores 

 

Adams 

Feeling 

Score 

Green 

Feeling 

Score 

treatment group   
low misinformation  

no correction 
-7.91 -0.73 

(-5.32) (-4.2) 

low misinformation  

low correction 

-22.80*** 1.98 

(-5.23) (-4.14) 

high misinformation  

no correction 

4.09 -9.98** 

(-5.16) (-4.08) 

high misinformation  

high correction 

-29.07*** -1.4 

(-5.32) (-4.2) 
_cons 

59.96*** 51.23*** 

N 101 101 

R-sq 0.361 0.087 

   
Standard errors in 

parentheses   
*** p<0.010 ** p<0.05  * p<0.10 
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That said, the actual change in coefficient between the low misinformation low 

correction and high misinformation high correction was -6.27 across a simple regression. 

While not a particularly large difference, and both coefficients were remarkably negative. 

The difference does indicate that there were slightly more negative feelings as there were 

more corrected false statements in the text.   

Figure 2 

Adams Feeling Thermometer Results 

Compared to Adams, fictional candidate Meryl Green maintained a relatively 

stable feeling thermometer score throughout most treatment groups. However, Green’s 

score did drop in the high misinformation no correction treatment group where Adams 

was the source of 6 uncorrected false claims. The high misinformation no correction 

group also yielded the largest difference between candidate scores. Green’s average score 

in the high misinformation no correction treatment was 10 points below her control score 



 

24 
 

and 22 points below Adams’ score. In this variation, Green’s score was statistically 

significant (t = - 2.45) and a coefficient of -9.98, a considerable reduction in overall 

feeling toward the otherwise neutral candidate. Given the small, homogeneous sample, 

this result is worth considering further.  

Figure 3 

Green Feeling Thermometer Results 

A follow-up regression included data that was combed to only include 

participants who took at least 300 seconds to complete the survey and eliminated 

participants who took over 1000 seconds to complete the survey. Only including 

participants who were most likely the most attentive to the treatment conditions' content 

did not significantly shift the feeling thermometer scale results.  
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As additional variables were added to the feeling thermometer regression for 

feelings toward candidate Green, the treatment conditions' effect became less statistically 

significant. However, the results of the Adams feeling score remained strong.  

In a more complex regression that included party, party lean, age bracket, and 

how frequently individuals participated in the news, none of these variables were 

statistically significant. However, educational experience was statistically significant. 

Table 4   Table 5   

Feeling Scores with Time Multivariable Regression Feeling Scores 

 

Adams 

Feeling 

Score 

Green 

Feeling 

Score 

 Adams 

Feeling 

Score 

Green 

Feeling 

Score 

treatment group   treatment group   

low misinformation  

no correction 
-11.97 -2.77 low misinformation  

no correction 
-7.91 -0.73 

(8.50) (6.72) (-5.32) (-4.2) 

low misinformation  

low correction 

-

25.24*** 5.18 low misinformation  

low correction 

-22.80*** 1.98 

(-8.91) (7.04) (-5.23) (-4.14) 

high misinformation  

no correction 

2.07 -4.42 high misinformation  

no correction 

4.09 -9.98** 

(8.73) (6.90) (-5.16) (-4.08) 

high misinformation  

high correction 

-

32.66*** 5.17 high misinformation  

high correction 

-29.07*** -1.4 

(7.78) (6.15) (-5.32) (-4.2) 

duration  -0.01 

(0.02) 

-0.01 

(0.02) 
Democrat -3.28 

(11.08) 

0.19 

(9.12) 

_cons 64.89*** 

(9.81) 50.16*** 
Republican 3.20 

(14.95) 

15.44 

(12.31) 

N 47 47 Independent Omitted Omitted 

R-sq 0.451 0.099 Democrat Lean 

-2.37 

(12.27) 

2.32 

(10.10) 

   Republican Lean 

30.93* 

(17.30) 

-1.42 

(14.23) 

   Independent Lean Omitted Omitted 

   _cons 

87.56*** 

(24.46) 

25.70 

(20.14) 

Standard errors in 

parentheses   N 

104 104 

*** p<0.010 

** 

p<0.05  * p<0.10 R-sq 

0.474 0.223 
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Given the highly homogenous sample, 97% had a Bachelor’s degree or above; these 

results do not initially illuminate any clear trends. However, notably, party alignment was 

not a significant variable in the feeling score regressions. While the sample was 77% 

democrat, partisanship did not affect participant feelings toward the candidates. Although 

the treatment text did match the participant's self-identified partisan leaning, the lack of 

partisan effect on scores was intended. Furthermore, the treatment conditions did position 

the candidates in a primary election, limiting the potential partisan effects.  

 Likert Statement Results 

The survey asked participants to rate five statements on a Likert scale ranging 

from strongly disagree, disagree, neither agree nor disagree, agree, and strongly agree.  

1. Shannon Adams has owned and operated her own business. 

2. Little Brook lost more than 100 jobs per year for the last four years. 

3. While running a small business, Councilwoman Adams protected jobs. 

4. The Adams campaign has focused on jobs and Little Brook’s economy 

5. Shannon Adams worked to stop the Miller Electronic company from 

leaving town. 

Two of the statements, “Shannon Adams has owned and operated her own business” and 

“The Adams campaign has focused on jobs and Little Brook’s economy,” did not yield 

any significant results.  

When asked to respond to the statement “Little Brook lost more than 100 jobs per 

year for the last four years,” on the Likert scale, the results of the two correction 

treatments were statistically significant. The statement was corrected in the article with a 

fact check of: “Little Brook lost 250 jobs in the last four years, averaging approximately  
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62 jobs lost per year.” In the 

low misinformation low 

correction condition, 14 of the 

19, or 74%, of participants 

disagreed or strongly disagreed 

with the statement. In the high  

misinformation high 

correction condition, 16 of the 

18, or 89%, of participants 

disagreed  

or strongly disagreed 

with the statement. Both 

correction treatment groups 

awarded similarly low 

coefficients for the statement, 

at -1.39 for the low misinformation low correction group and -1.52 for the high 

misinformation high correction group. These results could indicate that correction 

participants were successfully able to process and apply the correction to this question.  

The results of the statement “While running a small business, Councilwoman 

Adams protected jobs” were also statistically significant in both of the correction 

treatment groups. When asked how they felt about the statement, participants in the low 

misinformation low correction treatment had a coefficient of -0.49. 14 of the 19 persons 

Table 6    

Likert Statement Results 

 

Lost 100+ 

Jobs/Year 

(Statement 

2) 

Adams 

Protected 

Jobs 

(Statement 

3) 

Stopped 

Miller 

Electronic 

Company 

(Statement 

5) 

treatment group    

low misinformation  

no correction 

0.36 -0.49** 0.15 

(0.28) (0.24) (0.30) 

low misinformation 

low correction 

-1.39*** -1.54*** -0.35 

(0.27) (0.23) (0.29) 

high 

misinformation 

no correction 

0.39 -0.15 0.60** 

(0.27) (0.23) (0.29) 

high 

misinformation 

high correction 

-1.52*** -1.20*** -0.09 

(0.28) (0.24) (0.30) 

_cons 
0.17 0.37** -0.21 

(0.18) (0.15) (0.19) 

N 94 94 94 

R-sq (0.48) (0.41) (0.1) 

    

Standard errors in parentheses 

*** p<0.010 ** p<0.05 * p<0.10  
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assigned to the low misinformation low correction treatment either disagreed or strongly 

disagreed with the notion that Adams protected jobs.  

There was a significantly larger negative coefficient (-1.20) for participant feeling 

scores towards Adams in the high misinformation high correction treatment. Of the 18 

participants assigned to the high misinformation high correction treatment, 13 individuals 

said they disagreed or strongly disagreed with the statement that Adams protected jobs. 

Across both correction treatment groups, 74% and 72% of participants disagreed that 

Adams protected jobs, indicating that they internalized and applied the correction.    

Finally, only the high misinformation no correction treatment group results were 

statistically significant for the fifth statement, “Shannon Adams worked to stop the Miller 

Electronic company from leaving town.” Individuals in this group had a slightly positive 

coefficient (0.6). However, only 8 of the 18 individuals in that treatment group agreed or 

strongly agreed with the statement, while 8 others said they neither agreed nor disagreed.  
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Figure 4 

Likert Statement Results 

Manipulation Check Results 

In the manipulation check to determine 

whether participants could determine how many 

jobs were lost in Little Brook last year, there was 

an interesting division between those in treatment 

groups with and without corrections. Only 55% of 

participants who read articles without corrections, 

low misinformation no correction and high 

misinformation no correction treatment, correctly 

answered how many jobs were lost in Little 

Brook.  

Table 7 

Job Loss Accuracy 

treatment group job check     

low misinformation  

no correction 

Omitted for 

collinearity 

low misinformation 

low correction 

0.34** 

(0.14) 

high misinformation 

no correction 

-0.01 

(0.14) 

high misinformation 

high correction 

0.33** 

(0.14) 

_cons 0.56*** 

 (0.10) 

N 75 

R-sq .143 
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However, in the low misinformation low correction treatment group, 18 out of the 

19 participants (95%) correctly answered the manipulation check. Simultaneously, 16 of 

the 18 participants in the high misinformation high correction treatment group (89%) 

answered the question correctly. In a regression of these findings, participant accuracy in 

the correction treatments was statistically significant, indicating that reading an in-text 

correction may affect a participant’s ability to retain and apply information.  

Figure 5 

Manipulation Check Results 
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Chapter 5: Discussion 

 

 Overall, this study's results indicate that exposure to in-text corrections of 

misinformation shared by a political candidate can affect one’s feeling toward that 

candidate, as well as one’s ability to recall and apply factual information from an article. 

To revisit the central research question, how does the quantity of corrected 

misinformation in a text affect one’s feeling toward a political candidate? 

The first hypothesis anticipated that readers would have a more negative feeling 

toward candidates corrected more frequently in a text. The lowest feeling scores were 

awarded to candidate Adams in both scenarios in which she was corrected after sharing 

misinformation, and these scores were statistically significant in a simple regression 

model.  

In the treatment group where Adams shared three statements that were corrected, 

she received a coefficient of -22.8; in the group where Adams was the source of six 

statements that were corrected in the text, she received a coefficient of -29.07 — a 6.27 

point decrease. These results support the hypothesis that the greater the number of 

corrected statements by a candidate, the more negatively a participant would feel towards 

that candidate. However, the difference between the two correction groups is relatively 

small. Thus both correction treatment groups support the theory the participants will feel 

more negatively toward a candidate who is corrected in the text. However, the frequency 

of corrections is less impactful than the existence of a correction. While this study did not 

include a treatment group with a single false claim and corresponding correction, the 
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presence of a single correction in a text could likely spur negative feelings—which would 

be a worthy expansion of this research.  

If readers inherently punish corrected candidates or politicians, this may be a call 

for assessing how journalists correct politicians. If a journalist chooses to correct one 

politician and not their opponent, they could affect voters’ feelings. Especially as 

newsrooms across the country shrink, journalists may not equitably or reliably correct 

politicians. The result that participants in the study felt negatively toward sources of 

misinformation, yet all candidates will eventually be corrected. This places tremendous 

power in the hands of journalists and highlights the risks of unbalanced journalism.  

Furthermore, these results are likely exacerbated by choosing to use fictional 

candidates in the treatment articles. Although fictional candidates limit the study's 

external validity, choosing these candidates allowed for a greater level of control over 

what information is known about the individuals featured in the articles. This choice 

created an opportunity to determine what degree of feeling change is possible before 

applying external influences in a realistic campaign environment.  

The 2018 work by Porter and Wood examining vote choice in the 2016 US 

presidential election emphasized that exposure to corrections did not affect voter 

evaluation of candidates. Furthermore, the 2016 presidential election in the United States 

was highly contentious, and partisanship and vote choice was effectively synonymous 

(Pew Research Center, 2018). Yet there may be potential to shift vote choice based on 

feeling shifts that result from corrections, particularly state and local level primary 

elections.  



 

33 
 

These results are likely more externally valid in a scenario where a voter must 

choose between two primary candidates in an election without an incumbent. Carpini and 

Keeter (1996) argue that, while it is possible for constituents to have meaningful political 

thought and behavior, it is not a rational expansion of resources for them to apply this 

effort to political action. Thus in an election between relatively unknown candidates, 

voters may be a blank slate and be able to apply new information to their understanding 

of the race. Furthermore, a voter would not have to apply as much partisan reasoning to 

their vote choice and may apply greater accuracy goals to their vote choice in this 

scenario.  

The most accessible opportunity for the public to learn about politics is through 

media (Carpini & Keeter). Given that the study results support the hypothesis that readers 

have a more negative feeling toward candidates corrected more frequently in a text, 

unknowledgeable voters may realistically apply these feelings toward their vote choice in 

a primary election with no incumbent candidate. Removed from an American political 

setting, while the sample included exclusively those living in the United States, there are 

other nations and scenarios in which partisanship is not as strong of a variable, and that 

these depressed feelings toward a candidate could influence vote choice. 

The second hypothesis predicted that readers would have a more positive feeling 

toward candidates who make repeated positive claims about themselves. The study did 

not entirely support this hypothesis. While the treatments in which Adams shared six 

positive claims about herself had the highest feeling average score at 64.05, and the 

treatment with three positive claims had the third-highest average score at 52.06, neither 

of these treatments were statistically significant. Interestingly, the control group had 
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higher scores for both candidates than the treatment group with low misinformation and 

no corrections.  

The third hypothesis, readers will have a more positive feeling toward the 

opponent of a repeatedly corrected candidate in a text, was not supported by the research. 

Green, the opposing candidate, maintained stable scores throughout four of the five 

treatment groups, including the correction treatments. However, the lowest score for 

Green was in the high misinformation no correction treatment group, where Adams 

shared six uncorrected false statements and was statistically significant in a simple 

regression. None of the false statements were about Green, but her score dropped by 

approximately 10 points than the control group. This treatment group also awarded 

Adams her highest score. Although Adams’ score was not statistically significant, the 

high information no correction treatment group had the widest gap in candidate scores 

across all treatments.  

It appears that readers may have not only inflated Adam’s scores but could have 

also punished Green, despite not knowing anything about her. Candidate Green did not 

see a similar drop in score in the low misinformation no correction treatment where 

Adams shared 3 positive claims about herself. Instead of candidates punishing a source of 

misinformation and feeling more positively about an opponent, participants rewarded a 

candidate for a high number of positive, uncorrected claims and punished their otherwise 

neutral candidate.  

It is possible that these results may be the lingering effect of partisan motivation. 

57.6 million people voted in the 2016 Republican and Democratic presidential primaries 

(Desilver, 2016), while 137.5 million Americans voted in the 2016 general presidential 
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election (Krogstad & Lopez, 2017). This sharp increase in voter turnout between primary 

and general elections indicates that individuals are more likely to vote in general 

elections and may be more likely to apply the partisan reasoning they use for general 

elections to all elections. Even if a member of someone’s self-identified party is the 

guaranteed winner of a primary election, voters could be habitually used to feeling more 

positively toward only one candidate. For example, in a survey before the 2020 

presidential election, 53% of voters surveyed reported feeling excitement or relief at the 

thought of a Biden victory, while 46% reported that they would feel pessimistic about a 

potential Biden victory.  

 Voters would likely not have the same split feeling towards members of their 

party in a primary election. Nevertheless, voters are more likely to participate in a general 

election and thus have more practice assessing candidates in a general election; it is 

possible that they apply the structure of strong positive feelings toward one candidate and 

strong negative feelings toward the opposing candidate in every election, including 

primaries. However, this would not explain that when voters feel more negatively about a 

candidate who was the source of misinformation was corrected in text, that they do not 

feel more positively about their other option, as in the third hypothesis.  

 Even though this binary did not persevere in more complex regressions, it still 

highlights the potential benefits of lying. A candidate who repeatedly makes positive yet 

false claims about themselves may be able to depress feelings toward their opponent. 

This behavior may be unethical, but partisan motivations may allow someone to believe 

the ends justify the means in an election. Suppose future research was to confirm that a 
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candidate could successfully deploy this tactic to win. In that case, it might result in 

elections built on fraud—which would undoubtedly be a blow to democracy.    

Other Findings 

Ultimately, this study's results potentially affirm that corrections influence one’s 

opinion of a candidate; that voters can consume, process, and apply a correction. 

Participants in the two correction treatments depressed their feeling toward a candidate 

when they were a corrected source of misinformation and were more likely to correctly 

identify the number of jobs lost in the last year. These results illuminate a few possible 

explanations.  

Simply reading a correction may have activated System 2 thinking. Individuals 

who did not read a correction may not have engaged with the text as strongly compared 

to those who read an in-text correction. The correction versions of the articles were more 

complex and required participants to read a piece of information and then immediately 

correct that information. Theoretically, this is a more complex cognitive process than 

reading information that was never corrected.  

Additionally, Kahneman (2011) argued that repeating a task decreases the energy 

needed to complete a task. In both treatment groups with corrections, participants were 

asked to read at least 3 corrections, which may have been enough for a participant to 

practice corrections. The manipulation check, which asked participants to recall the 

number of jobs lost in Little Brook last year, was also the last question participants 

answered before completing the survey. By the time an individual answered this question, 

they had already completed 7 other questions about the article they read. The 
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participants’ System 2 thinking was likely already engaged when they reached the 8th 

question in the survey. 

These findings conflict with Amazeen et al.’s research that found when 

participants read a statement from a candidate from the same party as them, they were 

less likely to say that the corrected statement was false versus when the statement was by 

a candidate of an opposing party. Study participants in the two correction groups were 

able to answer questions about corrected statements by candidates of their own party, at 

95% and 89% accuracy.  

Furthermore, participants in correction treatment groups successfully updated 

their factual understanding of the manipulation check while also updating their beliefs to 

feel more negatively toward a source of misinformation. These results may challenge or 

inspire a reexamination of belief echoes (Thorson, 2016). Future work would need to 

replicate these results with a more robust control treatment that included a manipulation 

check to determine if attitudes persisted despite misinformation correction.  

Although the reader's ability to apply corrections likely benefits from the lack of 

repeated exposure to the candidates, Bode and Vraga (2018) found that the newer 

misinformation was easier to correct. Given that this article was the first and only 

instance in which participants will interact with the fictional candidates, it was likely 

much easier to correct misinformation in the article. There is also preliminary evidence 

that when a primary candidate is allowed to perpetuate a large quantity of extremely 

positive information about themselves in a written article, that readers may have more 

negative feelings about their opposing candidate. This finding further emphasizes the 

importance of swift correction of misinformation.  
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Future Research 

 

The sampling method is a fundamental weakness of this study, and the snowball 

sample of participants was not reflective of the United States population. Given that the 

results of this study were statistically significant in this limited sample, future research 

would need to replicate the work on a more representative, larger sample in order to 

generalize the results of the study. The vast majority of participants self-identified as 

Democrats or indicated that they vote for Democratic candidates more frequently than 

Republican candidates, future research would need to include a wider array of self-

identified political beliefs.  

Additionally, to increase the generalizability and external validity of the work, 

future research would need to expand beyond a fictional primary election setting. An 

ideal next step for this research would be examining real quotes and related corrections 

from actual candidates in a real primary election tested on their constituents. This could 

further validate the findings in a primary setting while still avoiding much of the partisan 

activation expected in a general election setting.  

Participants in this study did not need to overcome partisan biases to update 

feelings on a candidate in their respective party. Updated feelings on a candidate will 

likely have lower effects in a non-fictional, general election scenario, as found by Swire-

Thompson et al. (2020). However, the work could still be applied to real candidates in 

primary elections, albeit with smaller effects to account for other issue preferences or 

voters' outside influences.  

Conclusion 
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Overall, the vast majority of individuals in correction treatment groups were able 

to recall and apply the corrected information, and they felt more negatively toward a 

political candidate when they were a corrected source of misinformation. Participants in 

this study did appear to punish a candidate of their same party when that candidate was 

the source of misinformation by awarding them with lower scores on a feeling 

thermometer. The candidates were punished more severely when they had a higher 

number of in-text corrections. This supports the theory that the public can process a 

correction and apply that correction to affect one’s overall feeling toward a candidate.  

It is important to note that these results are likely some of the highest impacts that 

could be created under the circumstances. Nevertheless, the sharp, significant decline in 

feeling toward a candidate when they are a source of corrected misinformation stands a 

remarkable result. Even if only a fraction of the depressed feeling toward a candidate 

applies outside of the study environment, if voters punish members of their own party in 

primary elections for being the source of misinformation, candidates who choose to 

spread misinformation may be less likely to progress to the general election. Furthermore, 

given the relatively close and contested nature of modern elections, small changes in 

feeling and voter behavior could influence larger results, thus validating the need for 

additional work on this subject.  
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Appendices 

Treatment Articles: 

 

Key (not visible to participants): 

Purple: Flexible Information, Depending on self-identified partisanship 

Yellow: False Information 

Green: Corrections 
 

Control Article, No Misinformation, No Corrections 

Little Brook Gazette 

Six Week to Go in [Party: R/D] Primary 

By: Logan Anderson 

October 12, 2020 

 

The [party: R/D] mayoral campaigns are heating up in Little Brook, WI. With six 

weeks remaining until election day, Meryl Green and Shannon Adams are on the 

campaign trail to drum up votes from their supporters. The winner of the [party: R/D] 

primary has won the general election for the last three mayoral terms, and with no 

incumbent candidate, the stakes are high for the result of this primary. During a campaign 

speech last weekend, Adams delivered a speech to a crowd of local voters. Candidate 

Green plans to do the same this coming Saturday afternoon.  

During the speech, councilwoman Adams has highlighted her time as a business 

owner and manager as her qualifications to promote the economy of Little Brook. Job 

loss is a vital issue among Little Brook voters, who hope to stem future losses and turn 

around the economy to promote future hiring.  

Councilwoman Adams has been a staple of Little Brook politics for the last four 

years. After leading Adams Appliances as owner and CEO, Shannon Adams transitioned 

to a vocal role as a city council member. Her time on the council has focused on 
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addressing matters that are fundamental concerns of Little Brook constituents, including 

economic issues like school funding and job creation.  

Similar to her council experience, Adams’ campaign has focused on jobs and 

Little Brook’s economy. As the campaign nears election day, Councilwoman Adams has 

encouraged voters to consider the future of Little Brook and which candidate would be 

more likely to grow employment opportunities in town.  

The Little Brook Gazette, including Eric Thorton. After attending an “Adams for 

Mayor”  campaign event on Saturday afternoon, Thorton lauded that he was comforted 

by Adams’ commitment to protecting jobs in the area. Voters like Thorton will have the 

opportunity to weigh in on issues significant to them and ask the candidates questions at 

the town hall debate next weekend. Both Green and Adams shared that they look forward 

to the opportunity to meet with community members and share their plans for the future 

of Little Brook.  

Low Misinformation, No Correction Article 

 

Little Brook Gazette 

Six Week to Go in [Party: R/D] Primary 

 

By: Logan Anderson 

October 12, 2020 

 

The [party: R/D] mayoral campaigns are heating up in Little Brook, WI. With six 

weeks remaining until election day, Mayor Meryl Green and Shannon Adams are on the 

campaign trail to drum up votes from their supporters. The winner of the [party: R/D] 

primary has won the general election for the last three mayoral terms, and with no 

incumbent candidate, the stakes are high for the result of this primary. During a campaign 

speech last weekend, Adams delivered a concerning claim that “under the last 
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administration, we lost more than 100 jobs per year.” Adams further insists that previous 

administrations did nothing to stop the Miller Electronic company from leaving town and 

taking over 40 jobs with them.  

Councilwoman Adams has highlighted her time as a business owner and manager 

as her qualifications to promote the economy of Little Brook. In the same speech from 

earlier in the weekend, Adams shared, “My experience running a small business means I 

know how to protect your jobs and keep them here in Little Brook.” Regardless of 

Adams’ record, job loss is a vital issue among Little Brook voters, who hope to stem 

future losses and turn around the economy to promote future hiring.  

Councilwoman Adams has been a staple of Little Brook politics for the last four 

years. After leading Adams Appliances as owner and CEO, Shannon Adams transitioned 

to a vocal role as a city council member. Her time on the council has focused on 

addressing matters that are fundamental concerns of Little Brook constituents, including 

economic issues like school funding and job creation.  

Similar to her council experience, Adams’ campaign has focused on jobs and 

Little Brook’s economy. As the campaign nears election day, Councilwoman Adams has 

encouraged voters to consider the future of Little Brook and which candidate would be 

more likely to grow employment opportunities in town.  

Adam’s hands-on experience has resonated with local voters, including Eric 

Thorton. After attending an “Adams for Mayor”  campaign event on Saturday afternoon, 

Thorton lauded that he was comforted by Adams’ commitment to protecting jobs in the 

area. Voters like Thorton will have the opportunity to weigh in on issues significant to 

them and ask the candidates questions at the town hall debate next weekend. Both Green 
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and Adams shared that they look forward to the opportunity to meet with community 

members and share their plans for the future of Little Brook.  

 

Low Misinformation, Low Correction Article 

Little Brook Gazette 

Six Week to Go in [Party: R/D] Primary 

 

By: Logan Anderson 

October 12, 2020 

 

The [party: R/D] mayoral campaigns are heating up in Little Brook, WI. With six 

weeks remaining until election day, Meryl Green and Shannon Adams are on the 

campaign trail to drum up votes from their supporters.  The winner of the [party: R/D] 

primary has won the general election for the last three mayoral terms, and with no 

incumbent candidate, the stakes are high for the result of this primary. During a campaign 

speech last weekend, Adams delivered a concerning claim that “under the last 

administration, we lost more than 100 jobs per year.” According to the Little Brook 

Gazette fact-checking team, Little Brook lost 250 jobs in the last four years, averaging 

approximately 62 jobs lost per year. Adams further insists that the previous 

administrations did nothing to stop the Miller Electronic company from leaving town and 

taking over 40 jobs with them. Based on council meeting notes available to the public, 

Miller Electronic’s move was motivated by corporate tax breaks and a reduced lease on 

their corporate offices that were offered by a town further upstate. 

Councilwoman Adams has highlighted her time as a business owner and manager 

as her qualifications to promote the economy of Little Brook. In the same speech from 

earlier in the weekend, Adams shared, “My experience running a small business means I 
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know how to protect your jobs and keep them here in Little Brook.” According to IRS 

employment reports, while the head of her appliance company, Adams initiated two 

staffing reductions, totaling 34 jobs lost. Regardless of Adams’ record, job loss is a vital 

issue among Little Brook voters, who hope to stem future losses and turn around the 

economy to promote future hiring.  

Councilwoman Adams has been a staple of Little Brook politics for the last four 

years. After leading Adams Appliances as owner and CEO, Shannon Adams transitioned 

to a vocal role as a city council member. Her time on the council has focused on 

addressing matters that are fundamental concerns of Little Brook constituents, including 

economic issues like school funding and job creation.  

Similar to her council experience, Adams’ campaign has focused on jobs and 

Little Brook’s economy. As the campaign nears election day, Councilwoman Adams has 

encouraged voters to consider the future of Little Brook and which candidate would be 

more likely to grow employment opportunities in town.  

Adam’s hands-on experience has resonated with local voters, including Eric 

Thorton. After attending an “Adams for Mayor”  campaign event on Saturday afternoon, 

Thorton lauded that he was comforted by Adams’ commitment to protecting jobs in the 

area. Voters like Thorton will have the opportunity to weigh in on issues significant to 

them and ask the candidates questions at the town hall debate next weekend. Both Green 

and Adams shared that they look forward to the opportunity to meet with community 

members and share their plans for the future of Little Brook.  

High Misinformation, No Correction Article 

 

Little Brook Gazette 
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Six Week to Go in [Party: R/D] Primary 

 

By: Logan Anderson 

October 12, 2020 

 

The [party: R/D] mayoral campaigns are heating up in Little Brook, WI. With six 

weeks remaining until election day, Meryl Green and Shannon Adams are on the 

campaign trail to drum up votes from their supporters. The winner of the [party: R/D] 

primary has won the general election for the last three mayoral terms, and with no 

incumbent candidate, the stakes are high for the result of this primary. During a campaign 

speech last weekend, Adams delivered a concerning claim that “under the last 

administration, we lost more than 100 jobs per year.” She further insists that the previous 

administrations did nothing to stop the Miller Electronic company from leaving town and 

taking over 40 jobs with them. 

Councilwoman Adams has highlighted her time as a business owner and manager 

as her qualifications to promote the economy of Little Brook. She has built her campaign 

asserting that she has a proven track record of supporting small businesses. In the same 

speech from earlier in the weekend, Adams shared, “My experience running a small 

business means I know how to protect your jobs and keep them here in Little Brook.” 

Regardless of Adams’ record, job loss is a vital issue among Little Brook voters, who 

hope to stem future losses and turn around the economy to promote future hiring.  

Councilwoman Adams has been a staple of Little Brook politics for the last four 

years. After leading Adams Appliances as owner and CEO, Shannon Adams transitioned 

to a vocal role as a city council member. That outspoken approach to governing was on 

display in her latest pledge to Little Brook voters in her stump speech, “I am going to 

revolutionize jobs in Little Brook, and make it possible for companies to thrive here 
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again! I already have two commitments from companies who will double hiring in Little 

Brook next year alone!”  

Adams’ time on the council has focused on addressing matters that are 

fundamental concerns of Little Brook constituents, including economic issues like school 

funding and job creation. Councilwoman Adams has pledged to turn around "disastrous" 

policies and make it easier for companies to grow and expand in Little Brook.  

Similar to her council experience, Adams’ campaign has focused on jobs and 

Little Brook’s economy. As the campaign nears election day, Councilwoman Adams has 

encouraged voters to consider the future of Little Brook and which candidate would be 

more likely to grow employment opportunities in town.      

Adam’s hands-on experience has resonated with local voters, including Eric 

Thorton. After attending an “Adams for Mayor”  campaign event on Saturday afternoon, 

Thorton lauded that he was comforted by Adams’ commitment to protecting jobs in the 

area. Voters like Thorton will have the opportunity to weigh in on issues significant to 

them and ask the candidates questions at the town hall debate next weekend. Both Green 

and Adams shared that they look forward to the opportunity to meet with community 

members and share their plans for the future of Little Brook.  

 

High Misinformation, High Correction Article 

Little Brook Gazette 

Six Week to Go in [Party: R/D] Primary 

 

By: Logan Anderson 

October 12, 2020 

 

The [party: R/D] mayoral campaigns are heating up in Little Brook, WI. With six 

weeks remaining until election day, Meryl Green and Shannon Adams are on the 
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campaign trail to drum up votes from their supporters. The winner of the [party: R/D] 

primary has won the general election for the last three mayoral terms, and with no 

incumbent candidate, the stakes are high for the result of this primary. During a campaign 

speech last weekend, Adams delivered a concerning claim that “under the last 

administration, we lost more than 100 jobs per year.” According to the Little Brook 

Gazette fact-checking team, Little Brook lost 250 jobs in the last four years, averaging 

approximately 62 jobs lost per year. Adams further insists that the previous 

administrations did nothing to stop the Miller Electronic company from leaving town and 

taking over 40 jobs with them. Based on council meeting notes available to the public, 

Miller Electronic’s move was motivated by corporate tax breaks and a reduced lease on 

their corporate offices that were offered by a town further upstate. 

Councilwoman Adams has highlighted her time as a business owner and manager 

as her qualifications to promote the economy of Little Brook. She has built her campaign 

asserting that she has a proven track record of supporting small businesses. Yet as a 

member of the council, Adams voted against tax breaks for small businesses and voted 

against additional funding for small businesses to provide COVID-19 protections for 

their staff to reopen businesses. In the same speech from earlier in the weekend, Adams 

shared, “My experience running a small business means I know how to protect your jobs 

and keep them here in Little Brook.” According to IRS employment reports, while the 

head of her appliance company, Adams initiated two staffing reductions, totaling 34 jobs 

lost. Regardless of Adams’ record, job loss is a vital issue among Little Brook voters, 

who hope to stem future losses and turn around the economy to promote future hiring.  
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Councilwoman Adams has been a staple of Little Brook politics for the last four 

years. After leading Adams Appliances as owner and CEO, Shannon Adams transitioned 

to a vocal role as a city council member. That outspoken approach to governing was on 

display in her latest pledge to Little Brook voters in her stump speech, “I am going to 

revolutionize jobs in Little Brook, and make it possible for companies to thrive here 

again! I already have two commitments from companies who will double hiring in Little 

Brook next year alone!” When asked in a follow-up Q & A, the Adams campaign could 

not confirm or provide additional information on which employers would double their 

hiring, or how many jobs are projected to be added in 2021.  

Adams’ time on the council has focused on addressing matters that are 

fundamental concerns of Little Brook constituents, including economic issues like school 

funding and job creation. Councilwoman Adams has pledged to turn around "disastrous" 

policies and make it easier for companies to grow and expand in Little Brook. As a 

procedural issue, all mayoral initiatives must be approved by the town council. If elected, 

Adams will still need the council to overturn previous decisions in order to reverse 

policies approved during earlier administrations.  

Similar to her council experience, Adams’ campaign has focused on jobs and 

Little Brook’s economy. As the campaign nears election day, Councilwoman Adams has 

encouraged voters to consider the future of Little Brook and which candidate would be 

more likely to grow employment opportunities in town.      

Adam’s hands-on experience has resonated with local voters, including Eric 

Thorton. After attending an “Adams for Mayor” campaign event on Saturday afternoon, 

Thorton lauded that he was comforted by Adams’ commitment to protecting jobs in the 
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area. Voters like Thorton will have the opportunity to weigh in on issues significant to 

them and ask the candidates questions at the town hall debate next weekend. Both Green 

and Adams shared that they look forward to the opportunity to meet with community 

members and share their plans for the future of Little Brook.  

Regression Analysis: 
 

. regress warmgreen lowmisnocorrectvariable lowmislowcorrectvariable highmisnocorrectvariable 

highmishighcorrectvariable 

 

      Source |       SS           df       MS      Number of obs   =       101 

-------------+----------------------------------   F(4, 96)        =      2.28 

       Model |   1714.2886         4   428.57215   Prob > F        =    0.0660 

    Residual |  18026.5233        96  187.776284   R-squared       =    0.0868 

-------------+----------------------------------   Adj R-squared   =    0.0488 

       Total |  19740.8119       100  197.408119   Root MSE        =    13.703 

 

----------------------------------------------------------------------------------------- 

                 warmgreen |      Coef.   Std. Err.      t    P>|t|     [95% Conf. Interval] 

---------------------------+------------------------------------------------------------- 

   lowmisnocorrectvariable |  -.7307692   4.201688    -0.17   0.862    -9.071054    7.609515 

  lowmislowcorrectvariable |   1.979757   4.135835     0.48   0.633     -6.22981    10.18932 

  highmisnocorrectvariable |  -9.980769   4.075657    -2.45   0.016    -18.07088   -1.890654 

highmishighcorrectvariable |  -1.397436   4.201688    -0.33   0.740     -9.73772    6.942849 

                     _cons |   51.23077   2.687409    19.06   0.000     45.89631    56.56523 

----------------------------------------------------------------------------------------- 

. regress warmadams lowmisnocorrectvariable lowmislowcorrectvariable highmisnocorrectvariable 

highmishighcorrectvariable 

 

      Source |       SS           df       MS      Number of obs   =       101 

-------------+----------------------------------   F(4, 96)        =     13.56 

       Model |  16310.6419         4  4077.66048   Prob > F        =    0.0000 

    Residual |  28869.1601        96  300.720417   R-squared       =    0.3610 

-------------+----------------------------------   Adj R-squared   =    0.3344 

       Total |   45179.802       100   451.79802   Root MSE        =    17.341 

 

----------------------------------------------------------------------------------------- 

                 warmadams |      Coef.   Std. Err.      t    P>|t|     [95% Conf. Interval] 
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---------------------------+------------------------------------------------------------- 

   lowmisnocorrectvariable |  -7.905983   5.317223    -1.49   0.140    -18.46059    2.648621 

  lowmislowcorrectvariable |  -22.80364   5.233886    -4.36   0.000    -33.19282   -12.41446 

  highmisnocorrectvariable |   4.088462   5.157731     0.79   0.430    -6.149554    14.32648 

highmishighcorrectvariable |  -29.07265   5.317223    -5.47   0.000    -39.62725   -18.51805 

                     _cons |   59.96154   3.400907    17.63   0.000     53.21079    66.71229 

-------------------------------------------------------------------------------------------- 

 

. regress adamsbusinessvalue lowmisnocorrectvariable lowmislowcorrectvariable highmisnocorrectvariab 

> le highmishighcorrectvariable 

 

      Source |       SS           df       MS      Number of obs   =        93 

-------------+----------------------------------   F(4, 88)        =      0.52 

       Model |  1.30299916         4  .325749789   Prob > F        =    0.7201 

    Residual |  54.9550654        88  .624489379   R-squared       =    0.0232 

-------------+----------------------------------   Adj R-squared   =   -0.0212 

       Total |  56.2580645        92  .611500701   Root MSE        =    .79025 

 

-------------------------------------------------------------------------------------------- 

        adamsbusinessvalue |      Coef.   Std. Err.      t    P>|t|     [95% Conf. Interval] 

---------------------------+---------------------------------------------------------------- 

   lowmisnocorrectvariable |  -.2328431   .2505096    -0.93   0.355    -.7306783    .2649921 

  lowmislowcorrectvariable |   .0972222   .2464026     0.39   0.694    -.3924512    .5868956 

  highmisnocorrectvariable |  -.1805556   .2464026    -0.73   0.466     -.670229    .3091178 

highmishighcorrectvariable |  -.0416667   .2550509    -0.16   0.871    -.5485268    .4651935 

                     _cons |   1.291667   .1613084     8.01   0.000     .9711002    1.612233 

-------------------------------------------------------------------------------------------- 

. regress lbjobsvalue lowmisnocorrectvariable lowmislowcorrectvariable highmisnocorrectvariable high 

> mishighcorrectvariable 

 

      Source |       SS           df       MS      Number of obs   =        94 

-------------+----------------------------------   F(4, 89)        =     20.59 

       Model |  63.8445279         4   15.961132   Prob > F        =    0.0000 

    Residual |  69.0065359        89  .775354336   R-squared       =    0.4806 

-------------+----------------------------------   Adj R-squared   =    0.4572 

       Total |  132.851064        93  1.42850606   Root MSE        =    .88054 

 

-------------------------------------------------------------------------------------------- 

               lbjobsvalue |      Coef.   Std. Err.      t    P>|t|     [95% Conf. Interval] 
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---------------------------+---------------------------------------------------------------- 

   lowmisnocorrectvariable |   .3627451   .2791335     1.30   0.197    -.1918872    .9173774 

  lowmislowcorrectvariable |  -1.388889   .2745572    -5.06   0.000    -1.934428   -.8433495 

  highmisnocorrectvariable |   .3888889   .2745572     1.42   0.160    -.1566505    .9344283 

highmishighcorrectvariable |  -1.519608   .2791335    -5.44   0.000     -2.07424   -.9649755 

                     _cons |   .1666667   .1797399     0.93   0.356    -.1904727     .523806 

-------------------------------------------------------------------------------------------- 

 

. regress adamsjobsvalue lowmisnocorrectvariable lowmislowcorrectvariable highmisnocorrectvariable h 

> ighmishighcorrectvariable 

 

      Source |       SS           df       MS      Number of obs   =        94 

-------------+----------------------------------   F(4, 89)        =     15.47 

       Model |  34.4009352         4   8.6002338   Prob > F        =    0.0000 

    Residual |  49.4714052        89  .555858486   R-squared       =    0.4102 

-------------+----------------------------------   Adj R-squared   =    0.3836 

       Total |  83.8723404        93  .901853123   Root MSE        =    .74556 

 

-------------------------------------------------------------------------------------------- 

            adamsjobsvalue |      Coef.   Std. Err.      t    P>|t|     [95% Conf. Interval] 

---------------------------+---------------------------------------------------------------- 

   lowmisnocorrectvariable |  -.4926471   .2363437    -2.08   0.040    -.9622569   -.0230372 

  lowmislowcorrectvariable |  -1.541667   .2324689    -6.63   0.000    -2.003577   -1.079756 

  highmisnocorrectvariable |  -.1527778   .2324689    -0.66   0.513    -.6146886     .309133 

highmishighcorrectvariable |  -1.198529   .2363437    -5.07   0.000    -1.668139   -.7289196 

                     _cons |       .375   .1521866     2.46   0.016     .0726084    .6773916 

-------------------------------------------------------------------------------------------- 

 

. regress adamseconomyvalue lowmisnocorrectvariable lowmislowcorrectvariable highmisnocorrectvariabl 

> e highmishighcorrectvariable 

 

      Source |       SS           df       MS      Number of obs   =        94 

-------------+----------------------------------   F(4, 89)        =      1.15 

       Model |  4.77960298         4  1.19490074   Prob > F        =    0.3405 

    Residual |  92.8374183        89  1.04311706   R-squared       =    0.0490 

-------------+----------------------------------   Adj R-squared   =    0.0062 

       Total |  97.6170213        93  1.04964539   Root MSE        =    1.0213 

 

-------------------------------------------------------------------------------------------- 
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         adamseconomyvalue |      Coef.   Std. Err.      t    P>|t|     [95% Conf. Interval] 

---------------------------+---------------------------------------------------------------- 

   lowmisnocorrectvariable |  -.4436275   .3237639    -1.37   0.174    -1.086939    .1996844 

  lowmislowcorrectvariable |  -.5972222   .3184559    -1.88   0.064    -1.229987    .0355429 

  highmisnocorrectvariable |  -.0972222   .3184559    -0.31   0.761    -.7299873    .5355429 

highmishighcorrectvariable |  -.3259804   .3237639    -1.01   0.317    -.9692923    .3173315 

                     _cons |   1.208333   .2084783     5.80   0.000     .7940913    1.622575 

-------------------------------------------------------------------------------------------- 

 

. regress adamselectricvalue lowmisnocorrectvariable lowmislowcorrectvariable highmisnocorrectvariab 

> le highmishighcorrectvariable 

 

      Source |       SS           df       MS      Number of obs   =        94 

-------------+----------------------------------   F(4, 89)        =      2.46 

       Model |  8.76374983         4  2.19093746   Prob > F        =    0.0508 

    Residual |  79.1511438        89  .889338694   R-squared       =    0.0997 

-------------+----------------------------------   Adj R-squared   =    0.0592 

       Total |  87.9148936        93  .945321437   Root MSE        =    .94305 

 

-------------------------------------------------------------------------------------------- 

        adamselectricvalue |      Coef.   Std. Err.      t    P>|t|     [95% Conf. Interval] 

---------------------------+---------------------------------------------------------------- 

   lowmisnocorrectvariable |   .1495098   .2989479     0.50   0.618    -.4444932    .7435128 

  lowmislowcorrectvariable |  -.3472222   .2940467    -1.18   0.241    -.9314868    .2370424 

  highmisnocorrectvariable |   .5972222   .2940467     2.03   0.045     .0129576    1.181487 

highmishighcorrectvariable |  -.0857843   .2989479    -0.29   0.775    -.6797873    .5082187 

                     _cons |  -.2083333   .1924988    -1.08   0.282    -.5908243    .1741576 

-------------------------------------------------------------------------------------------- 

. regress jobaccuracyvalue lowmisnocorrectvariable lowmislowcorrectvariable highmisnocorrectvariable 

>  highmishighcorrectvariable 

note: lowmisnocorrectvariable omitted because of collinearity 

 

      Source |       SS           df       MS      Number of obs   =        75 

-------------+----------------------------------   F(3, 71)        =      3.94 

       Model |  2.15830409         3  .719434698   Prob > F        =    0.0117 

    Residual |  12.9616959        71  .182559097   R-squared       =    0.1427 

-------------+----------------------------------   Adj R-squared   =    0.1065 

       Total |       15.12        74  .204324324   Root MSE        =    .42727 
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-------------------------------------------------------------------------------------------- 

          jobaccuracyvalue |      Coef.   Std. Err.      t    P>|t|     [95% Conf. Interval] 

---------------------------+---------------------------------------------------------------- 

   lowmisnocorrectvariable |          0  (omitted) 

  lowmislowcorrectvariable |   .3391813   .1405366     2.41   0.018     .0589592    .6194034 

  highmisnocorrectvariable |  -.0055556   .1388169    -0.04   0.968    -.2823486    .2712374 

highmishighcorrectvariable |   .3333333   .1424231     2.34   0.022     .0493497     .617317 

                     _cons |   .5555556   .1007084     5.52   0.000     .3547488    .7563623 

-------------------------------------------------------------------------------------------- 

Simple Regressions with Time 

regress warmgreen lowmisnocorrectvariable lowmislowcorrectvariable highmisnocorrectvariable 

highmishighcorrectvariable duration if duration != .  

 

      Source |       SS           df       MS      Number of obs   =        47 

-------------+----------------------------------   F(5, 41)        =      0.90 

       Model |  811.446626         5  162.289325   Prob > F        =    0.4913 

    Residual |  7406.46827        41  180.645567   R-squared       =    0.0987 

-------------+----------------------------------   Adj R-squared   =   -0.0112 

       Total |  8217.91489        46  178.650324   Root MSE        =     13.44 

 

-------------------------------------------------------------------------------------------- 

                 warmgreen |      Coef.   Std. Err.      t    P>|t|     [95% Conf. Interval] 

---------------------------+---------------------------------------------------------------- 

   lowmisnocorrectvariable |  -2.769934   6.719755    -0.41   0.682    -16.34076    10.80089 

  lowmislowcorrectvariable |   5.182566   7.039592     0.74   0.466    -9.034178    19.39931 

  highmisnocorrectvariable |  -4.420665    6.89557    -0.64   0.525    -18.34655    9.505221 

highmishighcorrectvariable |   5.167046   6.150234     0.84   0.406    -7.253602    17.58769 

                  duration |  -.0110277    .015787    -0.70   0.489    -.0429101    .0208548 

                     _cons |   50.15512   7.754018     6.47   0.000     34.49556    65.81468 

-------------------------------------------------------------------------------------------- 

 

.  

regress warmadams lowmisnocorrectvariable lowmislowcorrectvariable highmisnocorrectvariable 

highmishighcorrectvariable duration if duration != .  

 

      Source |       SS           df       MS      Number of obs   =        47 

-------------+----------------------------------   F(5, 41)        =      6.74 

       Model |  9747.83039         5  1949.56608   Prob > F        =    0.0001 

    Residual |  11864.0845        41  289.367915   R-squared       =    0.4510 

-------------+----------------------------------   Adj R-squared   =    0.3841 
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       Total |  21611.9149        46  469.824237   Root MSE        =    17.011 

 

-------------------------------------------------------------------------------------------- 

                 warmadams |      Coef.   Std. Err.      t    P>|t|     [95% Conf. Interval] 

---------------------------+---------------------------------------------------------------- 

   lowmisnocorrectvariable |  -11.96889   8.504817    -1.41   0.167    -29.14471     5.20694 

  lowmislowcorrectvariable |  -25.24159   8.909616    -2.83   0.007    -43.23492   -7.248253 

  highmisnocorrectvariable |   2.699931   8.727336     0.31   0.759    -14.92528    20.32514 

highmishighcorrectvariable |  -32.66319   7.784006    -4.20   0.000     -48.3833   -16.94307 

                  duration |  -.0109827   .0199807    -0.55   0.586    -.0513345    .0293692 

                     _cons |   64.88766   9.813825     6.61   0.000     45.06824    84.70708 

Complex Regressions with Time 

. regress warmgreen lowmisnocorrectvariable lowmislowcorrectvariable highmisnocorrectvariable 

highmishighcorrectvariable duration i.eduvalue i.newsfreqvalue female i.agebracket if duration != .  

 

      Source |       SS           df       MS      Number of obs   =        47 

-------------+----------------------------------   F(18, 28)       =      0.96 

       Model |  3144.34706        18  174.685948   Prob > F        =    0.5213 

    Residual |  5073.56784        28  181.198851   R-squared       =    0.3826 

-------------+----------------------------------   Adj R-squared   =   -0.0143 

       Total |  8217.91489        46  178.650324   Root MSE        =    13.461 

 

-------------------------------------------------------------------------------------------- 

                 warmgreen |      Coef.   Std. Err.      t    P>|t|     [95% Conf. Interval] 

---------------------------+---------------------------------------------------------------- 

   lowmisnocorrectvariable |  -7.046355   8.053871    -0.87   0.389    -23.54396    9.451253 

  lowmislowcorrectvariable |  -1.106087   8.026215    -0.14   0.891    -17.54704    15.33487 

  highmisnocorrectvariable |  -6.371731   7.475692    -0.85   0.401    -21.68499    8.941531 

highmishighcorrectvariable |   1.949585   6.544648     0.30   0.768    -11.45652    15.35569 

                  duration |  -.0242525   .0177751    -1.36   0.183    -.0606632    .0121581 

                           | 

                  eduvalue | 

           bachelordegree  |  -3.474884   16.53849    -0.21   0.835    -37.35244    30.40267 

             masterdegree  |  -4.633008    16.9723    -0.27   0.787    -39.39919    30.13317 

           doctoraldegree  |  -1.184474   20.16891    -0.06   0.954    -42.49862    40.12967 

       professoinaldegree  |  -15.82108   17.68127    -0.89   0.379    -52.03952    20.39736 

                           | 

             newsfreqvalue | 

                1to3times  |  -30.02309   18.49739    -1.62   0.116    -67.91327    7.867099 

                4to6times  |  -7.754131   15.82535    -0.49   0.628    -40.17089    24.66263 
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                7to9times  |  -6.148308   16.33827    -0.38   0.710    -39.61574    27.31912 

              10to16times  |  -17.70216   16.26841    -1.09   0.286    -51.02649    15.62217 

                 16ormore  |  -9.613197   16.03749    -0.60   0.554     -42.4645    23.23811 

                           | 

                    female |   2.424961   5.074413     0.48   0.636    -7.969502    12.81942 

                           | 

                agebracket | 

                   25to44  |  -3.996275    7.57534    -0.53   0.602    -19.51365     11.5211 

                   45to64  |   6.588397    8.26116     0.80   0.432    -10.33382    23.51062 

                   65plus  |   5.257446    10.4231     0.50   0.618    -16.09331     26.6082 

                           | 

                     _cons |   71.79949   29.28763     2.45   0.021      11.8065    131.7925 

-------------------------------------------------------------------------------------------- 

 

.  

. regress warmadams lowmisnocorrectvariable lowmislowcorrectvariable highmisnocorrectvariable 

highmishighcorrectvariable duration i.eduvalue i.newsfreqvalue female i.agebracket if duration != .  

 

      Source |       SS           df       MS      Number of obs   =        47 

-------------+----------------------------------   F(18, 28)       =      4.37 

       Model |  15934.4316        18  885.246197   Prob > F        =    0.0003 

    Residual |  5677.48334        28  202.767262   R-squared       =    0.7373 

-------------+----------------------------------   Adj R-squared   =    0.5684 

       Total |  21611.9149        46  469.824237   Root MSE        =     14.24 

 

-------------------------------------------------------------------------------------------- 

                 warmadams |      Coef.   Std. Err.      t    P>|t|     [95% Conf. Interval] 

---------------------------+---------------------------------------------------------------- 

   lowmisnocorrectvariable |  -3.899233   8.519731    -0.46   0.651    -21.35111    13.55264 

  lowmislowcorrectvariable |  -33.88686   8.490475    -3.99   0.000    -51.27881   -16.49491 

  highmisnocorrectvariable |   5.762092   7.908109     0.73   0.472    -10.43693    21.96112 

highmishighcorrectvariable |  -34.67708    6.92321    -5.01   0.000    -48.85863   -20.49553 

                  duration |  -.0118579   .0188033    -0.63   0.533    -.0503747    .0266588 

                           | 

                  eduvalue | 

           bachelordegree  |   .1593762   17.49512     0.01   0.993    -35.67775    35.99651 

             masterdegree  |   14.02775   17.95403     0.78   0.441    -22.74941    50.80491 

           doctoraldegree  |   8.626939   21.33554     0.40   0.689    -35.07694    52.33082 

       professoinaldegree  |  -18.27703   18.70401    -0.98   0.337    -56.59045    20.03639 

                           | 
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             newsfreqvalue | 

                1to3times  |  -5.862905   19.56733    -0.30   0.767    -45.94477    34.21896 

                4to6times  |  -19.10184   16.74074    -1.14   0.264    -53.39368       15.19 

                7to9times  |   -4.65882   17.28332    -0.27   0.789     -40.0621    30.74446 

              10to16times  |  -21.21608   17.20942    -1.23   0.228    -56.46799    14.03583 

                 16ormore  |  -17.23817   16.96514    -1.02   0.318    -51.98969    17.51336 

                           | 

                    female |  -7.894539   5.367932    -1.47   0.153    -18.89025    3.101171 

                           | 

                agebracket | 

                   25to44  |  -4.053716    8.01352    -0.51   0.617    -20.46867    12.36123 

                   45to64  |  -13.24086    8.73901    -1.52   0.141    -31.14191    4.660188 

                   65plus  |    11.1596   11.02601     1.01   0.320    -11.42615    33.74534 

                           | 

                     _cons |   93.02543   30.98172     3.00   0.006     29.56226    156.4886 

 

. regress warmadams lowmisnocorrectvariable lowmislowcorrectvariable highmisnocorrectvariable 

highmishighcorrectvariable i.eduvalue i.newsfreqvalue female i.agebracket democrat republican 

independent demlean replean neutrallean 

note: independent omitted because of collinearity 

note: neutrallean omitted because of collinearity 

 

      Source |       SS           df       MS      Number of obs   =       103 

-------------+----------------------------------   F(22, 80)       =      3.36 

       Model |  22423.2485        22  1019.23857   Prob > F        =    0.0000 

    Residual |  24292.4796        80  303.655996   R-squared       =    0.4800 

-------------+----------------------------------   Adj R-squared   =    0.3370 

       Total |  46715.7282       102  457.997335   Root MSE        =    17.426 

 

-------------------------------------------------------------------------------------------- 

                 warmadams |      Coef.   Std. Err.      t    P>|t|     [95% Conf. Interval] 

---------------------------+---------------------------------------------------------------- 

   lowmisnocorrectvariable |  -12.02749    5.63361    -2.13   0.036    -23.23873   -.8162511 

  lowmislowcorrectvariable |  -27.48729   5.917087    -4.65   0.000    -39.26267   -15.71191 

  highmisnocorrectvariable |   1.746778   5.639666     0.31   0.758    -9.476516    12.97007 

highmishighcorrectvariable |   -30.7912   5.672387    -5.43   0.000    -42.07961   -19.50279 

                           | 

                  eduvalue | 

          associatedegree  |  -9.247151   25.88922    -0.36   0.722    -60.76834    42.27404 

           bachelordegree  |  -9.762646   14.02707    -0.70   0.488    -37.67741    18.15211 
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             masterdegree  |  -4.266867   13.96409    -0.31   0.761    -32.05629    23.52256 

           doctoraldegree  |  -13.39434   17.32843    -0.77   0.442    -47.87902    21.09034 

       professoinaldegree  |  -21.66718   15.20223    -1.43   0.158    -51.92058    8.586231 

                           | 

             newsfreqvalue | 

                1to3times  |  -14.37062   22.46143    -0.64   0.524    -59.07028    30.32905 

                4to6times  |  -14.72756   21.33174    -0.69   0.492    -57.17908    27.72395 

                7to9times  |   -9.27574   21.81879    -0.43   0.672    -52.69653    34.14505 

              10to16times  |  -14.83958   21.25182    -0.70   0.487    -57.13206     27.4529 

                 16ormore  |  -10.27775   21.72303    -0.47   0.637    -53.50796    32.95246 

                           | 

                    female |  -1.793272   4.300762    -0.42   0.678    -10.35206    6.765518 

                           | 

                agebracket | 

                   25to44  |  -3.540895   6.363094    -0.56   0.579    -16.20386    9.122066 

                   45to64  |  -10.87981   7.611961    -1.43   0.157    -26.02809    4.268479 

                   65plus  |    -2.4839   7.976508    -0.31   0.756    -18.35766    13.38986 

                           | 

                  democrat |  -3.323058   11.50459    -0.29   0.773    -26.21791     19.5718 

                republican |   3.373269    15.0506     0.22   0.823    -26.57838    33.32491 

               independent |          0  (omitted) 

                   demlean |  -2.544765   12.66798    -0.20   0.841    -27.75484    22.66531 

                   replean |   31.89265   17.52047     1.82   0.072    -2.974189    66.75949 

               neutrallean |          0  (omitted) 

                     _cons |   92.91758   26.79042     3.47   0.001     39.60294    146.2322 

 

. regress warmgreen lowmisnocorrectvariable lowmislowcorrectvariable highmisnocorrectvariable 

highmishighcorrectvariable i.eduvalue i.newsfreqvalue female i.agebracket democrat republican 

independent demlean replean neutrallean 

note: independent omitted because of collinearity 

note: neutrallean omitted because of collinearity 

 

      Source |       SS           df       MS      Number of obs   =       103 

-------------+----------------------------------   F(22, 80)       =      1.15 

       Model |  5099.99037        22  231.817744   Prob > F        =    0.3204 

    Residual |  16188.9223        80  202.361528   R-squared       =    0.2396 

-------------+----------------------------------   Adj R-squared   =    0.0304 

       Total |  21288.9126       102   208.71483   Root MSE        =    14.225 

 

-------------------------------------------------------------------------------------------- 
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                 warmgreen |      Coef.   Std. Err.      t    P>|t|     [95% Conf. Interval] 

---------------------------+---------------------------------------------------------------- 

   lowmisnocorrectvariable |  -1.384313   4.598962    -0.30   0.764    -10.53654    7.767913 

  lowmislowcorrectvariable |   3.088929   4.830377     0.64   0.524    -6.523827    12.70168 

  highmisnocorrectvariable |  -7.653524   4.603906    -1.66   0.100    -16.81559    1.508541 

highmishighcorrectvariable |   .0007624   4.630617     0.00   1.000     -9.21446    9.215984 

                           | 

                  eduvalue | 

          associatedegree  |   24.58009    21.1345     1.16   0.248    -17.47891    66.63909 

           bachelordegree  |   27.92155   11.45091     2.44   0.017     5.133511    50.70959 

             masterdegree  |   25.55835    11.3995     2.24   0.028      2.87263    48.24408 

           doctoraldegree  |    26.5197   14.14596     1.87   0.064     -1.63165    54.67105 

       professoinaldegree  |   20.99465   12.41025     1.69   0.095    -3.702525    45.69183 

                           | 

             newsfreqvalue | 

                1to3times  |  -9.652456   18.33625    -0.53   0.600    -46.14275    26.83784 

                4to6times  |   .9313722   17.41403     0.05   0.957    -33.72365     35.5864 

                7to9times  |   4.609995   17.81164     0.26   0.796    -30.83629    40.05628 

              10to16times  |  -1.211578   17.34879    -0.07   0.944    -35.73677    33.31362 

                 16ormore  |  -.6147063   17.73346    -0.03   0.972    -35.90542      34.676 

                           | 

                    female |   4.729956     3.5109     1.35   0.182    -2.256958    11.71687 

                           | 

                agebracket | 

                   25to44  |   1.576105   5.194472     0.30   0.762    -8.761223    11.91343 

                   45to64  |   1.110124   6.213977     0.18   0.859    -11.25608    13.47633 

                   65plus  |   3.984356   6.511572     0.61   0.542    -8.974087     16.9428 

                           | 

                  democrat |   2.407381   9.391696     0.26   0.798    -16.28269    21.09745 

                republican |   15.80554   12.28646     1.29   0.202    -8.645294    40.25638 

               independent |          0  (omitted) 

                   demlean |   4.650449   10.34142     0.45   0.654    -15.92964    25.23054 

                   replean |  -.8939441   14.30272    -0.06   0.950    -29.35727    27.56938 

               neutrallean |          0  (omitted) 

                     _cons |   13.42675   21.87019     0.61   0.541    -30.09632    56.94982 

-------------------------------------------------------------------------------------------- 

 

Variables  
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. tab lowmisnocorrectvariable  

 

lowmisnocor | 

rectvariabl | 

          e |      Freq.     Percent        Cum. 

------------+----------------------------------- 

          0 |         83       82.18       82.18 

          1 |         18       17.82      100.00 

------------+----------------------------------- 

      Total |        101      100.00 

 

.  

. tab lowmislowcorrectvariable  

 

lowmislowco | 

rrectvariab | 

         le |      Freq.     Percent        Cum. 

------------+----------------------------------- 

          0 |         82       81.19       81.19 

          1 |         19       18.81      100.00 

------------+----------------------------------- 

      Total |        101      100.00 

 

.  

. tab highmisnocorrectvariable  

 

highmisnoco | 

rrectvariab | 

         le |      Freq.     Percent        Cum. 

------------+----------------------------------- 

          0 |         81       80.20       80.20 

          1 |         20       19.80      100.00 

------------+----------------------------------- 

      Total |        101      100.00 

 

.  

. tab highmishighcorrectvariable 

 

highmishigh | 
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correctvari | 

       able |      Freq.     Percent        Cum. 

------------+----------------------------------- 

          0 |         83       82.18       82.18 

          1 |         18       17.82      100.00 

------------+----------------------------------- 

      Total |        101      100.00 

 

. tab controlvariable 

 

controlvari | 

       able |      Freq.     Percent        Cum. 

------------+----------------------------------- 

          0 |         75       74.26       74.26 

          1 |         26       25.74      100.00 

------------+----------------------------------- 

      Total |        101      100.00 

 

. sum warmadams 

 

    Variable |        Obs        Mean    Std. Dev.       Min        Max 

-------------+--------------------------------------------------------- 

   warmadams |        101    49.89109    21.25554          6         89 

 

. sum warmgreen 

 

    Variable |        Obs        Mean    Std. Dev.       Min        Max 

-------------+--------------------------------------------------------- 

   warmgreen |        101    49.24752     14.0502          0         76 

 

. sum jobaccuracyvalue 

 

    Variable |        Obs        Mean    Std. Dev.       Min        Max 

-------------+--------------------------------------------------------- 

jobaccurac~e |         75         .72    .4520225          0          1 

 

. sum adamsbusinessvalue 

 

    Variable |        Obs        Mean    Std. Dev.       Min        Max 
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-------------+--------------------------------------------------------- 

adamsbusin~e |         93    1.225806    .7819851         -2          2 

 

. sum adamselectricvalue 

 

    Variable |        Obs        Mean    Std. Dev.       Min        Max 

-------------+--------------------------------------------------------- 

adamselect~e |         94   -.1489362    .9722764         -2          2 

 

. sum lbjobsvalue 

 

    Variable |        Obs        Mean    Std. Dev.       Min        Max 

-------------+--------------------------------------------------------- 

 lbjobsvalue |         94   -.2340426    1.195201         -2          2 

 

. sum adamseconomyvalue 

 

    Variable |        Obs        Mean    Std. Dev.       Min        Max 

-------------+--------------------------------------------------------- 

adamsecono~e |         94    .9361702    1.024522         -2          2 

 

. sum adamsbusinessvalue 

 

    Variable |        Obs        Mean    Std. Dev.       Min        Max 

-------------+--------------------------------------------------------- 

adamsbusin~e |         93    1.225806    .7819851         -2          2 

 

 




