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Abstract of Dissertation 
 
 

Development Assistance and the Diffusion of Insurgent Violence 
 

Development assistance has become a cornerstone of counterinsurgency (COIN) 

strategy. Despite extensive reliance on this approach to COIN, a fundamental question 

remains unanswered: is development assistance an effective COIN tool? Existing 

scholarship has arrived at very different and conflicting conclusions. This is partly the 

result of the fact that much of the existing research utilized traditional statistical 

techniques, which only accounted for the effect of developmental interventions in the 

immediate areas receiving assistance. By ignoring how these endeavors affect 

surrounding areas, previous research is affected by spatial autocorrelation (SAC) that 

systematically biases the results.  

On the other hand, this dissertation advances and tests a theory explaining the 

effects of assistance on violence both where it is implemented and in surrounding areas. 

Specifically, it posits that the effect of aid is a product of two, under-studied factors: 

whether development interventions are corrupted and if they are undertaken by a 

belligerent or a neutral party. In doing so, this investigation combines the literatures on 

conflict diffusion and development assistance. It leverages extensive archival- and 

interview-based evidence as well as original datasets and quantitative methods that 

incorporate the effects of aid on violence in surrounding areas, thereby avoiding bias 

caused by SAC. This dissertation covers three distinct cases: Iraq, Peru and Colombia. 

Unfortunately all four possible combinations of (un)corrupted projects and actor types are 

not present in any of the three cases. Consequently, a piecemeal approach to examining 

these different scenarios across conflicts is employed. While not ideal, this is not only 
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necessary given the realities of how COIN aid has been used in practice, it also represents 

an advance over existing research, which has tended to examine single conflicts in 

isolation.  
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Chapter 1: Introduction 
 
 

The U.S.-led counterinsurgency (COIN) campaigns of the last fifteen years used 

various types of development assistance to decrease popular support for insurgents. The 

U.S. spent over US$60 billion on reconstruction spending in Iraq (Special Inspector 

General for Iraq Reconstruction 2009) and well over US$100 billion in Afghanistan 

(Special Inspector General for Afghanistan Reconstruction 2014, 4). The latter amount 

exceeds U.S. spending (after adjusting for inflation) under the Marshall Plan, which 

rebuilt 16 European countries following World War II (ibid.). The U.S. is not alone in its 

reliance on development aid for COIN. Indeed, a multitude of developed and developing 

countries have adopted similar approaches (Koven 2016). However, a critical question 

remains unanswered: has this approach to winning hearts and minds worked? 

To date, scholarship on this subject has failed to reach a consensus. One group of 

scholars suggest assistance is violence-reducing, but only in low-violence areas (Beath, 

Christia, and Enikolopov 2011, 4). A second set of academics has come to the opposite 

conclusion; assistance exacerbates violence, but only in high-violence areas (Crost, 

Felter, and Johnston 2014; Crost and Johnston 2010, 5). A final group posits that the 

results are highly dependent on the type of development project. They conclude that a 

few project types are effective, but most are not (Berman, et al. 2013; Berman, et al. 

2011, 810; Kilcullen 2009, 41, 70-114). 

Past studies have two commonalities: a focus restricted to the effects of 

development assistance on violence in the area where the project(s) occur and relatedly, 

statistically significant effects only under very specific conditions (Beath, Christia, and 

Enikolopov 2011; Crost, Felter, and Johnston 2014; Crost and Johnston 2010; Berman, et 
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al. 2013; Berman, et al. 2011). These findings may be a reflection of the modeling 

strategies employed. Traditional statistical approaches are inappropriate for the analysis 

of panel data with a locational component where spatial diffusion occurs (Elhorst 2003; 

Levrato 2014; Quah 1996). This is the case as spatial diffusion violates the independence 

assumption; the diffusion of the effect(s) ensures that the value for the dependent variable 

(DV) in one location is not independent from the value for the same variable in a 

surrounding location (Dormann, et al. 2007; Tobler 1970). By systematically biasing the 

comparison group, the presence of spatial autocorrelation (SAC) also biases the analysis 

against observing the effects of assistance on violence (ibid.). As such, only by 

understanding how development assistance affects violence not only where it is 

implemented but also in surrounding areas can scholars correctly evaluate the efficacy of 

development assistance in COIN. 

This dissertation develops and tests a theory that integrates the literatures on 

diffusion and the effects of development assistance on insurgent violence. By explaining 

how development assistance can either spread conflict or peace and by utilizing statistical 

techniques that are appropriate for SAC, this research correctly estimates the effects of 

assistance on insurgent violence. Confidence in the statistical results is further increased 

through the use of detailed interview- and archival-based investigations, which enable a 

fuller understanding of the precise causal process while confirming the quantitative 

findings. This type of mixed-methods research design is ideal given the complimentary 

nature of quantitative and qualitative techniques. (Bates 1997; Brady and Collier 2004; 

Coppedge 1999; Eckstein 1975; Przeworski 2007; Verghese 2012).  

Moreover, this research identifies and incorporates two, previously under-studied 
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variables that are primarily responsible for the effect of aid both where projects are 

implemented and in surrounding areas. First, highly corrupted aid interventions fail to 

meet their developmental objectives. Consequently, they are unlikely to win over hearts 

and minds in the areas receiving projects. Even if some benefits still accrue from 

corrupted projects, very visible corruption will erode local, popular support for the 

implementer. To the extent that assistance efforts are allocated in (near) real time based 

on levels of insurgent violence, the opportunity to benefit from graft may encourage local 

elites in surrounding areas to promote insurgent support in order to increase levels of 

violence and receive aid. Inversely, relatively corruption-free interventions are more 

likely to meet their developmental objectives. They are also more likely to incorporate 

surrounding areas into certain aspects of the project, such as through the employment of 

contractors. Even if they do not, these projects are a highly visible signal – both where 

executed and in surrounding areas – of the implementer’s ability to follow through and 

meet unsatisfied basic needs while avoiding corruption. 

Second, whether or not a party to the conflict is sponsoring the project is also 

consequential. If projects are implemented by the government and/or 

counterinsurgent(s),1 the diffusion of sentiments (described above) resulting from the 

implementer’s (in)ability to effectively carryout the project and avoid corruption, will 

also influence local support for the government and/or counterinsurgent in the broader 

conflict. If however, assistance projects are implemented by a third party (such as 

through the European Union or a local nongovernmental organization (NGO)) and the 

                                                           
1 While the government and counterinsurgent are often one in the same, occasionally a foreign 
counterinsurgent, will carry out both development projects and combat operations alongside or in support 
of the host nation government. In these cases, the foreign counterinsurgent is as much a party to the conflict 
as the host nation government. 
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project does not achieve its developmental goals and foments corruption, negative 

perceptions of the implementer may still spread, but will not influence support for any of 

the parties to the conflict. Similarly, should such a project be successful, it will not 

diffuse positive perceptions of the local government – which is not involved in the project 

– to surrounding areas. Nevertheless, a successful project will have violence-reducing 

effects in the area receiving assistance, irrespective of the implementer. This is the case 

so long as the project meets previously unrealized needs. Additionally, foreign aid 

agencies and NGOs lack (near) real time data on insurgent violence. They are also often 

geared towards implementing longer-term development projects in relatively more stable 

areas and are not set up to quickly adapt to the highly fluid realities of COIN. 

Consequently, aid is not quickly allocated based on violence. This circumscribes the 

potential for local elites to manipulate insurgent support in the hopes of benefiting from 

corrupted aid projects implemented by neutral parties. 

In aggregate, these two factors yield four distinct sets of development 

interventions during COIN. First, corrupted projects implemented by one or more parties 

to the conflict are unlikely to achieve their developmental aims and thus do not decrease 

violence. If aid is quickly routed to high-violence areas, these projects may also lead local 

elites in surrounding areas to mobilize support for insurgents in the hopes that increased 

violence will result in development projects and concomitantly, graft.2 Consequently, 

violence will increase in surrounding areas. Second, corrupted projects undertaken by a 

                                                           
2 The value of projects to local elites in surrounding areas is graft. While a completed development project 
might benefit the community as a whole the advantageous for local elites are more limited. Moreover, 
corruption undermines the quality of projects and limits the communal value of assistance efforts. For 
example, a partially constructed school is not particularly useful to anyone, except those who were 
benefited from corruption during the partial construction thereof. 



5 
  

neutral party are unlikely to affect violence where they are implemented as they will fail 

to satisfy unmet needs. Perceptions that neutral parties are (in)effectual will also not alter 

perceptions of the parties to the conflict in surrounding areas. Consequently, these 

projects are also unlikely to affect violence in surrounding areas. Third, uncorrupted 

projects executed by parties to the conflict are more likely to meet their development 

aims, spread tangible benefits to surrounding areas and improve perceptions and thus 

support for the government/counterinsurgent implementer both in the project area and in 

surrounding locations. As such, these projects will decrease violence both where they are 

implemented and in surrounding areas. Finally, uncorrupted projects undertaken by 

neutral parties are similarly likely to achieve their development goals. To the extent that 

this satisfies grievances against the state, a reduction in violence is to be expected in 

project areas. However, these projects will not alter local perceptions of any of the parties 

to the conflict. As such, they are unlikely to alter levels of violence in surrounding areas. 

 This research is important for at least three reasons. First, it contributes to the 

scholarly literature concerning development assistance and counterinsurgency. As 

already indicated, researchers have failed to arrive at a consensus concerning the 

relationship between aid and insurgent violence (Beath, Christia, and Enikolopov 2011; 

Crost, Felter, and Johnston 2014; Crost and Johnston 2010; Berman, et al. 2013; Berman, 

et al. 2011). This is likely due to a methodological error, which afflicts much of the 

existing research conducted at the subnational level (Dormann, et al. 2007; Elhorst 2003; 

Levrato 2014; Quah 1996; Tobler 1970). It may also be a product of the failure to 

adequately account for corruption and implementer identity in previous analyses. In 

correcting these oversights, this dissertation promises to improve our understanding of 
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development assistance and COIN. However, it does not stop there. This research also 

presents and tests a new theory that explains how different types of development 

interventions affect levels of insurgent violence, not only where they are implemented, 

but also in surrounding areas.  

 Relatedly, this work also contributes to the rich literature on the diffusion of 

conflict (see for example: Beardsley 2011; Carreras 2012; Gleditsch 2007; Gleditsch, 

Salehyan, and Schultz 2008; Young, et al. 2015), including the relatively recent focus on 

conflict diffusion at the subnational level (Black 2013; O’Loughlin, Witmer, and Linke 

2010). To date, research on diffusion has not explained how development assistance 

affects the spread of insurgent violence. 

 Finally, this work also contributes to policy. The U.S. and a multitude of other 

countries continue to rely heavily on development assistance during COIN. They do so 

absent a complete understanding of the effects of different types of aid interventions. By 

examining the effects of aid across project types and in both the areas receiving 

assistance as well as surrounding locations, this research will help practitioners avoid 

interventions that cost lives, are ineffective and waste finite resources.  

 The subsequent chapter expands on the theory. More specifically it provides 

greater detail on existing explanations prior to explicating the theory undergirding this 

project in far greater detail. Alternative explanations are discussed and testable 

implications developed. In addition, this chapter also outlines case selection and 

describes the methodology employed. Chapters three through five each present an 

empirical case: Iraq, Peru and Colombia, respectively. The final chapter concludes.  
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Chapter 2: Theorizing Development Assistance and the Diffusion of Insurgent Violence 
 
 
 Current, population-centric COIN doctrine advocates extensive development 

assistance as a means of decreasing popular support for insurgents. Despite the popularity 

of this doctrine, a fundamental question remains unanswered: has this approach to 

winning hearts and minds worked? To date, scholarship on this subject has failed to reach 

a consensus.  

Three divergent conclusions have been proffered. First, some scholars posit that 

development assistance is violence-reducing, in low-violence areas (Beath, Christia, and 

Enikolopov 2011, 4). Second, others have come to the conclusion that assistance is 

violence-exacerbating in high-violence areas (Crost, Felter, and Johnston 2014; Crost and 

Johnston 2010, 5). Finally, additional research suggests that the results are highly 

dependent on the type of development project (Berman, et al. 2013b; Berman, et al. 2011, 

810; Kilcullen 2009, 41, 70-114). 

However, these studies – which examine only the effects of development 

assistance on violence in the area where the project(s) occurs – are systematically biased 

against statistically significant results. This research has not accounted for spatial 

diffusion. Specifically, diffusion violates the independence assumption because the 

effects of aid in a given area are also transmitted to surrounding areas. This ensures that 

the values for the variables of interest measuring the effects of aid on violence sampled in 

one location are not independent from the values for the same variables in surrounding 

locations (for a more detailed discussion of the implications of SAC, see: Dormann, et al. 

2007; Elhorst 2003; Levrato 2014; Quah 1996; Tobler 1970). The fact that previous 

results find statistically significant effects only under very specific conditions is 
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consistent with the presence of SAC.  

Departing from previous research, this dissertation employs statistical techniques 

that are appropriate for SAC and advances a theory that integrates the study of 

development assistance and insurgent violence with conflict diffusion. Specifically, it 

argues that the effects of development aid on insurgent violence in both the immediate 

area receiving assistance and in surrounding locations hinges upon two, under-analyzed 

factors: whether assistance projects are corrupted and whether the implementer is a party 

to the conflict. 

The confluence of these two factors yields four potential outcomes. Corrupted 

projects are unlikely to meet their developmental objectives. As such, they do not 

remediate grievances that are often the root cause for insurgent support in the areas where 

they are implemented. Consequently, aid does not decrease violence at the project 

location. Moreover, implementers of unsuccessful projects are unlikely to be viewed 

positively in either the location of the project or surrounding areas that witness it. To the 

extent that the implementer is also a party to the conflict, this will affect levels of local 

support for the various belligerents. Furthermore, because the 

government/counterinsurgent possesses (near) real time information about levels of 

insurgent violence, it is able to quickly target aid to high-violence areas in ways that 

neutral implementers are not. This encourages local elites – incentivized by the potential 

for graft – to mobilize support for the insurgents, thereby increasing the level of violence 

in surrounding areas. Inversely, corruption-free projects are far more likely to achieve 

their developmental objectives, thus meeting local needs and ameliorating grievances 

where projects are implemented. Consequently, these projects will contribute to a 
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decrease in insurgent violence where implemented. This will generate positive sentiments 

for the implementer, which is seen as effective and able to manage corruption, both at the 

project location and in surrounding areas. To the extent that the implementer is also a 

party to the conflict, this will positively affect local support for the 

government/counterinsurgent in surrounding areas, thereby decreasing violence. This is 

especially likely to be the result when projects also endeavor to diffuse benefits (e.g. 

through contracting) to surrounding areas.  

This chapter proceeds in five sections. The first offers a review of the relevant 

literature on development assistance and COIN, and the diffusion of violence during 

conflict. Next, I elaborate my theory and hypotheses, as well as alternative hypotheses. 

The third section addresses case selection, relating each case back to the relevant 

hypotheses from the preceding section. The penultimate section introduces the 

methodology employed in order to account for SAC and correctly test the hypotheses 

elaborated earlier on, which predict spatial diffusion. The final section concludes. 

Existing Explanations: Development Assistance and Diffusion 

Prior to discussing the specifics of this research, a brief review of the literatures 

on development assistance and COIN, as well as diffusion, is warranted. In order to 

understand the former, it is necessary to also understand the latter. This is the case as 

development assistance does not occur in a vacuum. In fact, its effects diffuse to 

surrounding areas.  

Development Assistance and COIN 

Modern COIN doctrine emphasizes the importance of winning over the civilian 

population (U.S. Army and Marine Corps 2007). Specifically, current doctrine suggests 
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that long-term counterinsurgent success hinges “on the people taking charge of their own 

affairs and consenting to the government’s rule” (ibid., 2). This is best achieved by 

recognizing the paramount role of grievances in fueling violent conflict. The 

counterinsurgent must therefore “eliminate as many causes [social, political and 

economic] of the insurgency as feasible” (ibid.). Given the supreme importance of the 

citizenry to COIN success, this approach has been termed population-centric COIN.   

Unfortunately, while this doctrinal logic seems clear, the empirical record is 

ambiguous. It appears, based on existing research, that successful COIN operations are 

highly contingent on pre-existing levels of violence, as well as the means 

counterinsurgents use to address grievances. 

 Existing scholarship yields three divergent conclusions. First, some scholars have 

demonstrated that development assistance is successful within areas that receive 

assistance and where the existing level of violence is relatively low. However, they show 

that it has no effect in high-violence areas because perceptions of insecurity undercut 

how the locals view the counterinsurgent, despite the positive effects of development 

assistance (Beath, Christia, and Enikolopov 2011, 4). Naturally, these are precisely the 

places where effective COIN strategy is most needed. 

Conversely, others suggest that development assistance actually increases levels 

of violence, especially in areas where insurgents are already strong (Crost, Felter, and 

Johnston 2014; Crost and Johnston 2010, 5). They suggest assistance efforts fail because 

insurgents target development projects (Crost, Felter, and Johnston 2014; Crost and 

Johnston 2010, 10).   

A final group of researchers posits that the divergent results generated by many of 



11 
  

the aforementioned projects are driven by the specifics of the – often singular – project. 

Testing a variety of different projects, they show that none of the high dollar 

amount/large projects were efficacious while some but not all of the small dollar amount 

projects were effective (Berman, et al. 2013b, 514-5). They posit that smaller projects 

were preferable because they reduced subcontracting and ensured that aid initiatives were 

more closely aligned with local needs (ibid., 513). Projects that ensured a minimum level 

of security and the imposition of conditionality on the assistance, as well as projects that 

met the most pressing local needs, were more likely to be violence-reducing (ibid., 514-6; 

Berman, et al. 2011, 810). Follow-on research has suggested that project type is 

important, with road-building projects being especially violence-reducing. This is the 

case for myriad reasons, including the fact that these projects usually employ many local 

residents and thus take them out of the insurgents’ potential labor pool (Kilcullen 2009, 

41, 70-114). 

Importantly, existing research on COIN aid largely ignores questions about 

corruption during aid efforts and the type of implementer. This is astonishing given that 

the broader literature on development assistance outside of COIN includes extensive 

discussion of both corruption and implementer type. As regards corruption, 

approximately 30 percent of development assistance is lost each year as a result (Ravelo 

2012). Not surprisingly, this has generated substantial scholarly interest in the effects of 

corruption on aid (see for example: Schudel 2008). Due to the paucity of research on 

corruption in COIN aid, precise figures are unavailable. However, it stands to reason that 

corruption is systematically higher for COIN aid, given the added difficulty of 

monitoring and evaluation during ongoing conflicts.  
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With respect to the type of donor, neutral parties are highly involved in providing 

development assistance to conflict zones. From 1976 to 2010, between 20 and 40 percent 

of Official Development Assistance (ODA) expenditures were targeted to countries in 

conflict (Berman, et al. 2013a).3 While the academic community has not studied the 

effects of the type of implementer on COIN aid specifically, research comparing 

everything from ODA to NGOs, and from secular versus faith-based organizations 

highlights that consequential differences exist across actor type in other kinds of aid 

initiatives (Büthe 2013; Ferris 2005; Keck 2014; Nunnenkamp 2008). As such, including 

both variables in this analysis is warranted as their exclusion from previous research may 

help explain the divergent results.   

In short, previous research has not arrived at a consensus. Moreover, existing 

investigations only detect effects of aid under specific, limited circumstances. Finally, 

most of this work not only ignores corruption and the identity of implementers, but also 

overlooks diffusion (see below). 

Diffusion 

 A plethora of research has examined how violence spreads during conflict. Most 

of this work has focused on the spread of violence across interstate boundaries (see for 

example: Beardsley 2011; Carreras 2012; Gleditsch 2007; Gleditsch, Salehyan, and 

Schultz 2008; Young, et al. 2015). However, recent attention has been devoted to 

examining diffusion within national borders (Black 2013; O’Loughlin, Witmer, and 

Linke 2010). There has also been an increased focus on how effects (e.g. on labor rights) 

                                                           
3 This number includes all conflicts and not just COIN. It is also worth noting that countries that experience 
civil wars tend to be less developed. Consequently, they would likely have received at least some assistance 
absent armed conflict. Global data on expenditures by NGOs for COIN aid are unavailable. 
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of development assistance spread (Wood 2014). Nevertheless, existing work on diffusion 

does not explain how aid affects the spread of insurgent violence. Indeed, the answer is 

not obvious. It is plausible that assistance produces good will where it is disbursed and it 

also spreads to surrounding areas. But there are also reasons to believe that development 

projects may actually generate incentives to support insurgents in surrounding areas. The 

remainder of this chapter addresses these issues and in doing so offers a number of 

hypotheses. These are tested in the three empirical chapters that follow, which evaluate 

the true effects of development assistance in COIN.  

Theorizing Development Assistance and the Diffusion of Insurgent Violence 

 This section first expands upon the role that corruption and the type of 

implementer play in influencing the effects of development assistance on insurgent 

violence in both the area receiving aid and in surrounding locations. In doing so, it offers 

four testable hypotheses and unpacks the assumptions undergirding each. Subsequently, it 

addresses the operationalization of these two variables. Finally, it examines two 

alternative hypotheses and ultimately, the observable implications that differentiate the 

core and alternative hypotheses. 

The Role of Corruption and Implementing Actors 

 As already indicated, this dissertation theorizes that the effects of development 

assistance on insurgent violence in both the areas receiving assistance and in surrounding 

locations are conditioned by corruption and by the type of implementer. These two 

variables yield four distinct sets of aid interventions: corrupted projects implemented by a 

party to the conflict (including the government and/or a foreign counterinsurgent), 

corrupted projects implemented by neutral parties (such as an intergovernmental 
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organization (IGO), donor government or NGO), uncorrupted projects implemented by a 

party to the conflict and finally, uncorrupted projects implemented by a neutral party (see 

table 2.1). 

As regards the first set, corrupted assistance efforts by a party to the conflict, 

these projects impact local levels of insurgent support in three distinct ways. First, not 

surprisingly, corrupted aid projects are unlikely to meet their developmental objectives 

(Penciakova and Kaufmann 2012; Schudel 2008). Given that population-centric COIN 

doctrine theorizes that aid is critical insofar as it remediates grievances and thereby wins 

over civilian support, projects that do not meet their developmental aims do not 

ameliorate grievances and decrease insurgent support at the project location (U.S. Army 

and Marine Corps 2007, 2).  

Second, when the government and/or counterinsurgent fails to manage corruption 

and deliver assistance effectively, confidence in the state/counterinsurgent is eroded. This 

certainly does not win local support away from the insurgents. In fact, it may actually 

strengthen insurgent support as these events offer further proof of the 

state’s/counterinsurgent’s inability to govern. While the effects of the first point are 

limited to the area receiving assistance efforts – since aid is likely to satisfy unmet needs 

and remediate grievances only where it is implemented and not in surrounding locations 

– this second result will have similar effects in both the project area and in surrounding 

locations.  

Third, community elites are strategic actors who leverage their positions to 

maximize opportunities for self-enrichment. By their nature, corrupted projects offer 

ample opportunities for graft. Because projects implemented by the government and/or 
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counterinsurgent are often relatively quickly allocated to high-violence areas, local elites 

in surrounding areas that witness these projects are able to mobilize support for 

insurgents as a means of increasing insurgent violence in order to receive development 

assistance. In this way, corrupted projects implemented by a party to the conflict actually 

diffuse insurgent violence. That said, elites in areas already benefiting from assistance 

have no incentive to reduce support for the insurgents as doing so could reduce levels of 

violence and thus assistance. Conversely, they also do not have an incentive to further 

increase insurgent support as extremely high levels of violence could preclude 

development project implementation given the excessive risks (Petit 2015). 

Before continuing, it is worth noting that each of these three points focuses on the 

effect of aid on insurgent support. Current doctrine recognizes that local support for 

either the government/counterinsurgent or the insurgent is the critical factor in COIN. 

This is the case because even the largest and best equipped insurgencies are almost 

always weaker than the smallest national militaries. They are nevertheless able to pose a 

substantial challenge to militarily superior forces so long as they can operate by blending 

in with the local population, thereby inhibiting the counterinsurgent’s ability to 

effectively identify and target them (U.S. Army and Marine Corps 2007). In short, levels 

of local support for the insurgents directly impact their ability to perpetrate violent 

attacks. Indeed, numerous existing studies use the number of attacks as a measure of 

insurgent support (Beath, Christia, and Enikolopov 2011; Berman, et al. 2013b; Berman, 

et al. 2011; Lyall 2009).  

The confluence of these three implications yields the following hypothesis: 

H1: When development projects implemented by a party to the conflict are 
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corrupted, levels of violence in the project area will be unaffected, while violence 

spreads to surrounding areas.4 

While the reality that corrupted projects are unlikely to meet their developmental 

objectives and generate positive perceptions for the government and/or counterinsurgent 

is intuitive and well established (Penciakova and Kaufmann 2012; Schudel 2008), it is 

worth noting that this alone is unlikely to increase violence. This is the case for two 

reasons. First, prior to development assistance efforts, basic needs are unmet and the 

population typically has little faith in the government. If the government fails to 

remediate the situation, neither the actual conditions on the ground nor the population’s 

perceptions of the government change markedly. Second, whether or not basic needs are 

satisfied and grievances are remediated at the project site will have no bearing on 

surrounding areas, since they would not have benefited substantially from the assistance 

either way. 

                                                           
4 Some readers may be wondering why elite machinations and/or local perceptions about governmental 
corruption do not result in increased violence at the project site in ways similar to the effects in surrounding 
areas. There are two parts to this explanation. The first pertains to the role of local elites in inciting 
violence. The theory is agnostic with respect to how the initial, corrupted development projects, which 
served as the impetus for elites in surrounding areas to encourage violence, came about. It is likely that 
these projects were assigned based on levels of violence. However, even if this is the case, the increase in 
violence would have occurred at time = -1, resulting in aid being disbursed in the subsequent time period, 
time = 0. It is aid at time = 0, which encourages elites in surrounding locations to increase violence during 
the subsequent time period, time = 1, in the hopes of receiving assistance and thus benefiting from graft. As 
such, even if elite machinations resulted in increased violence at the initial project sites, this would have 
occurred prior to time = 0, where the analysis starts. Moreover, elites are not incentivized to exacerbate 
violence once they are receiving graft from corrupted aid efforts, as very high levels of violence could 
jeopardize project implementation and thus revenue from corruption. The second component of this answer 
pertains to corruption’s impact on local perceptions about the government. The impact of corruption on 
local perceptions is likely to more significantly affect violence in surrounding areas that did not benefit 
from aid projects but witnessed corruption. This is the case because in areas receiving corrupted 
interventions, locals still receive some marginal benefit. For example, a partially completed (due to 
corruption) health clinic, may not provide all of the services promised, but it may still offer basic treatments 
that were previously unavailable. These services will partially alleviate grievances against the government. 
Moreover, local elites will have obtained private benefits in the form of graft during the construction and 
operation of the clinic. As indicated above, they would then be incentivized to prevent an increase in 
violence due to remaining grievances, which might jeopardize continued project implementation and the 
associated corruption. 
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The way in which local elites facilitate the diffusion violence is more nuanced. It 

is predicated on three assumptions, which will be substantiated in the subsequent 

empirical chapter on Iraq. First, development assistance efforts implemented in one area 

are observable in surrounding areas. More than simply being observable, local elites must 

be able to differentiate between projects that offer opportunities for self-enrichment and 

those that do not. They must also recognize that assistance is allocated based on violence. 

Second, elites are the key actor in mobilizing local insurgent support. Finally, elites 

benefit from corrupted projects.5  

 With respect to the second set of projects, corrupted assistance efforts by a neutral 

party, these projects similarly fail to achieve their developmental objectives and 

remediate grievances that are a root cause for local insurgent support (ibid.). 

Consequently, these projects will not affect insurgent violence where they are 

implemented. While they may impact local perceptions of the implementer, because that 

entity is a neutral party, this is unlikely to shift support towards the insurgents. Finally, 

because neutral foreign aid agencies, IGOs and NGOs lack highly disaggregated, (near) 

real time data on insurgent violence, they are unable to rapidly target aid to the most 

violent areas. This is especially the case since traditionally foreign aid agencies are 

accustomed to implementing longer-term projects in relatively more stable environments. 

Consequently, local elites cannot benefit from graft by manipulating local support for the 

insurgents. The following hypothesis follows: 

H2: When development projects implemented by a neutral party are corrupted, 

                                                           
5 While elites may also benefit from uncorrupted projects, which are systematically more likely to meet 
developmental goals, the benefits from these projects are diffuse. On the other hand, graft is an individual, 
private benefit. Consequently, only the latter is likely to motivate elites to assume the risks involved in 
encouraging insurgent support. 
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levels of violence in the project area, as well as in surrounding locations, will be 

unaffected. 

This hypothesis is based on the assumption that neutral parties lack sufficient 

information and/or the capacity to quickly target assistance to high-violence areas. In all 

of the conflicts studied for this dissertation (see the subsequent section for an extensive 

discussion on case selection), the counterinsurgents possessed impressive data on 

violence (details on the data for each case are described in detail in each of the empirical 

chapters that follow). However, because of its military value, this data was classified and 

not made available to non-belligerents in anywhere near sufficient time to impact 

development assistance efforts. 

 While corrupted development projects appear to diffuse violence – or at a 

minimum, fail to prevent it – relatively corruption-free development projects contribute 

to peace. This leads to the third set of development projects: projects implemented by a 

party to the conflict, which effectively curtail corruption. Beyond simply lacking 

opportunities for the self-enrichment of local elites and thus incentives for these 

individuals to galvanize support for insurgents, largely corruption-free development 

projects spread positive perceptions about the counterinsurgent as well as material 

benefits. Specifically they improve the perception of the counterinsurgent in surrounding 

areas as it is seen as providing a valuable service (development), while effectively 

managing corruption. Additionally, projects that do not entail extensive corruption in 

contracting processes are likely to more widely spread benefits (i.e. to surrounding areas 

as well), such as contracts to and employment on the project. Naturally, the spread of 

peace is predicated on development projects having a violence-reducing effect where 
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they are implemented. This occurs because these projects, in the absence of corruption, 

are more likely to meet their development aims. 

H3: When development assistance efforts undertaken by a party to the conflict are 

uncorrupted, violence will decrease at the project location and peace will spread 

to surrounding areas. 

This hypothesis is predicated on two assumptions. First, development assistance is 

observable and the absence of corruption is discernable, both where projects are 

implemented and in surrounding areas. Second, development projects and the effective 

management of corruption therein are desirable. Again, these assumptions will be 

substantiated in the relevant empirical chapter. 

 The final set of projects are those that are implemented by a neutral party and 

which effectively manage corruption. By virtue of curbing corruption, these projects are 

more likely to achieve their developmental goals, thereby remediating grievances and 

decreasing insurgent support in the project area. However, any positive perception of the 

non-belligerent implementer that spreads to surrounding areas, will not affect local levels 

of support for parties to the conflict. Consequently, peace will not diffuse into 

surrounding areas. While it is possible that some benefits will accrue to surrounding areas 

in the form of contracting, these are temporary in nature.6 Moreover, whereas 

counterinsurgents implementing aid projects often have ample flexibility in how they 

contract locally, foreign aid agencies, IGOs and large NGOs typically do not. This yields 

the final hypothesis: 

                                                           
6 For example, while a school in one area may have a useful life of multiple decades, during which time 
hundreds or even thousands of students will receive an education, a contract given to an electrician in a 
surrounding location to install electric lights may only provide income support to that individual for a few 
weeks. 
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H4: When development assistance efforts undertaken by a neutral party are 

uncorrupted, violence will decrease at the project location but peace will not 

diffuse to surrounding areas. 

This hypothesis stems simply from the realization that uncorrupted development 

projects are more likely to meet their objectives and remediate grievances, where 

implemented, than corrupted projects (ibid.). 

Table 2.1 (below) summarizes the four sets of COIN aid projects. It clarifies that 

whether or not a project is effectual hinges upon if it suffers from extensive corruption. 

Moreover, while projects implemented by neutral parties can have an effect where they 

are undertaken, only projects carried out by a belligerent are likely to diffuse violence or 

peace. Consequently, curtailing corruption is of paramount importance regardless of the 

actor responsible for project implementation. That said, it is especially important when a 

belligerent is undertaking aid efforts. In short, projects implemented by a party to the 

conflict are high-risk (in that they are capable of exacerbating conflict) but also high 

reward (in that they are also capable of spreading peace to surrounding areas). Inversely, 

projects undertaken by neutral parties are low risk (at worst, they will not improve the 

situation) and relatively low reward (at best they can decrease violence in the immediate 

project area. 

Table 2.1: Implications for Corruption and the Type of Implementer on COIN Aid   

 Corruption No Corruption 

Effects Direct Indirect Direct Indirect 

Party to Conflict No effect Diffuses violence Reduces violence Diffuses peace 

Neutral Party No effect No diffusion Reduces violence No diffusion 
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Operationalizing Corruption and Actor Identity  

Since the aforementioned hypotheses all involve corruption (or the lack thereof) 

and the identity of the actor, a brief discussion of how these two variables are 

operationalized is warranted. Importantly, there is a consequential difference between 

objective7 indicators of corruption and local perceptions thereof. For example, the U.S. 

Office of Inspector General (OIG) or the World Bank might classify local officials 

charging a small “contracting-fee” in order to facilitate development interventions as 

corruption. However, in many parts of the world, this would be viewed by locals as a 

normal business practice (De Soto 1989; Rose-Ackerman 2010; Salacuse 2013, 30). 

Inversely, certain actors may be perceived as more or less corrupt irrespective of reality 

(Olken 2009). For example, the Catholic Church may be perceived as less corrupt relative 

to the secular government in very religious countries, regardless of objective evidence to 

the contrary. 

 For this study, both forms of corruption are consequential. Objective evidence of 

corruption is important because projects that are actually corrupted (irrespective of if they 

are perceived as such) are systematically less likely to meet their development objectives. 

Projects that fail to do so do not satisfy basic, unmet needs. Therefore, they do not 

remediate grievances and decrease insurgent support in the areas where they are 

implemented. Perceptions of corruption also matter immensely for projects implemented 

by a belligerent. This is the case because if an actor is perceived as corrupt (irrespective 

                                                           
7 Note that I use the term objective to denote that a conclusion pertaining to levels of corruption that is 
based on documented facts as opposed to personal feelings or opinions. While it is certainly true that 
political considerations and subconscious biases of the authors are sometimes reflected in OIG or World 
Bank reports, I feel that this distinction is still meaningful, if imperfect. 
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of if corruption is actually occurring), this will adversely affect how the actor is viewed 

by beneficiaries of assistance efforts and in surrounding communities that observe the 

distribution of aid. To the extent that the implementer is also a belligerent, perceptions of 

corruption will erode confidence in the government and/or counterinsurgent. (If the 

implementer is a neutral party, whether or not they are viewed as corrupt will have no 

impact on violence, since they are not a belligerent and perceptions of the Red Cross, for 

example, do not affect support for either side.) Consequently, this dissertation 

operationalizes corruption based on both objective evidence and local perceptions. The 

former is derived from reports by the OIG, World Bank, foreign governmental aid 

agencies, NGOs and academic experts. The latter was obtained through interviews. In all 

cases, objective evidence was consistent with local perceptions. This precluded the need 

for potentially arbitrary coding decisions.  

 With respect to concerns that the identity of the actor may influence perceptions, 

irrespective of reality, this is certainly a valid issue. Nevertheless, it does not appear to be 

impacting any of the cases analyzed herein (see below for a detailed discussion of case 

selection). In the first case, Iraq, it is plausible that the U.S. government would have been 

perceived as less corrupt than the Iraqi government. That said, the analysis examines 

three programs implemented simultaneously by the U.S. Two experienced actual 

corruption and were perceived as such by locals, while the third largely avoided actual 

corruption and was viewed positively by locals. In short, not only do perceptions match 

reality as regards levels of corruption, perceptions diverged across programs 

implemented simultaneously by the same actor. In Peru, the second case, objective 

evidence speaks to the relative lack of corruption in government-initiated aid projects. 
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Despite the fact that the government was immensely corrupt and largely perceived as 

such, popular perceptions aligned with objective reporting that the particular program in 

question was mostly corruption-free. This similarly evidences that the identity of the 

implementer did not have an undue influence on perceptions in Peru. The final case, 

Colombia, explores the use of aid by neutral parties. As noted, actual and not perceived 

corruption is all that is consequential in these types of interventions. 

 An additional caveat is in order, no project in any country is ever completely free 

of corruption. Largely corruption-free projects, therefore are those that avoid widespread 

or systematic abuses. Moreover, these projects also involve effective mechanisms for 

detecting fraudulent activities and remediating problems when they arise. 

 As regards belligerency and neutrality, both the local government and foreign 

counterinsurgents engaged in combat operations are classified as belligerents, foreign 

governments and NGOs, which have not fought on either side are coded as neutral. 

Certainly a gray area exists with this definition. For example, would ODA provided to 

Peru by the U.S., which did not engage in fighting, but did provide limited training and 

equipment to the Peruvian government be perceived as neutral? For the first test of this 

theory, I avoid potentially ambiguous projects in cases where perceptions matter. 

Alternative Hypotheses 

  There are two logical alternative hypotheses that explain the spread of insurgent 

violence as a result of development assistance. First, it is plausible that development 

assistance succeeds at reducing insurgent support, and thus violence in the area where it 

is administered. Consequently, the insurgents are displaced into surrounding areas, thus 

explaining the increased violence there. 
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Ha1: The displacement of insurgents into surrounding areas caused by successful 

development projects explains the spread of violence. 

It is also plausible that by witnessing successful projects, surrounding areas will 

have new found ‘value expectations.’ To the extent that these go unrealized, scholars 

posit that perceptions of ‘relative deprivation’ will set in and a ‘frustration-aggression’ 

response leading to increased insurgent support may occur (Cederman, Weidmann, and 

Gleditsch 2011; Gurr 1968, 252-3; Petersen 2002; Stewart 2008). This will only 

exacerbate the increase in violence expected in surrounding areas. 

Inversely, it is also plausible that development assistance is targeted by 

insurgents, resulting in an increase in violence in the location where the projects are 

administered that also spills over into surrounding areas. Specifically, violence may 

spread to surrounding areas as increased insurgent violence in the project location may 

alter surrounding areas’ perceptions of, and thus support for, the insurgents and 

counterinsurgent (e.g. the insurgents may gain support by attacking a corrupted project, 

the counterinsurgent may lose support if it responds to the violence using excessive 

force).  

Ha2: Development projects exacerbate violence where they are implemented, 

which also spills over into surrounding areas. 

Observable Implications 

 Whereas the alternative hypotheses imply a decrease and an increase, 

respectively, in violence in the area where the projects are implemented, the first two 

primary hypotheses explaining the diffusion of violence do not. Moreover, the latter two 

core hypotheses predict a decrease in violence in the project area and either a decrease or 
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no change in violence in surrounding locations. Both of the alternative hypotheses, 

however, entail an increase in violence in surrounding areas. 

Case Selection 

 This dissertation leverages three cases: Iraq, Peru and Colombia. All three cases 

are among the top ten countries for both the number of attacks and fatalities, as reported 

in the Global Terrorism Database (GTD)8 from 1970 to 2014. Table 2.2 (below) lists the 

top ten countries by both attacks and fatalities. In aggregate, these ten countries 

experienced 54 percent of all attacks and 60 percent of all deaths worldwide. Iraq is at the 

top of both lists, while Colombia is fourth for attacks and sixth for deaths and Peru falls 

just two places below Colombia in both categories (sixth and eight, respectively). 

Moreover, table 2.3 (below) shows that one major insurgent group (all the countries 

experienced multiparty conflicts, which involved multiple different insurgent entities) 

from each case is represented among the top ten most prolific non-state belligerents as 

judged by both number of attacks and fatalities. In total, the top ten perpetrators are 

responsible for almost 40 percent of all attacks and 41 percent of all fatalities, where 

attribution to a group was possible.9 Peru’s Shining Path (Sendero Luminoso; SL) ranked 

first and second for number of attacks and numbers of fatalities, respectively. The 

Revolutionary Armed Forces of Colombia (Fuerzas Armadas Revolucionarias de 

Colombia; FARC) came in fifth and eighth respectively. Finally, the Islamic State of Iraq 

                                                           
8 Because GTD relies on news coverage, it systematically undercounts both the number of attacks and the 
number of fatalities. For this reason, it was not used in any of the empirical analysis that follows. It is 
however instructive when discussing case selection for two reasons. First, it is the best single source of 
quantitative data that covers all three cases simultaneously and puts them in comparative perspective with 
additional cases that are not analyzed in this dissertation. Second, there is little reason to believe that 
attacks and fatalities in one case are undercounted at a wildly different rate than another. Indeed higher 
quality data sources confirm that that attacks and fatalities were highest in Iraq and lowest in Peru, just as 
the GTD data indicates. 
9 No attribution whatsoever was possible in fully 46 percent of all attacks.  
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and the Levant (Daesh; ISIL) ranked ninth and fifth respectively (Pate forthcoming).10 

Table 2.2: GTD Top Ten Countries for Attacks and Fatalities, 1970-2014   

Country Name # of Attacks Country Name # of Fatalities 

Iraq 16023 Iraq 49760 
Pakistan 11522 Afghanistan 20808 
India 9069 Pakistan 19946 
Colombia  7942 India 17957 
Afghanistan 7765 Sri Lanka 15519 
Peru 6075 Colombia 14460 
El Salvador 5320 Nigeria 13158 
United Kingdom 4881 Peru 12746 
Philippines 4860 El Salvador 12053 
Spain 3242 Algeria 11061 

Source: Reproduced and adapted with permission from Amy Pate, “Geographies of 
Terrorism,” in Terrorism: A Global Introduction, eds. Gary Ackerman and Amy Pate 
(Hoboken, NJ: Wiley, Forthcoming). 
  

                                                           
10 Though not all ISIL attacks were perpetrated within Iraq. 
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Table 2.3: GTD Top Ten Non-state Belligerents for Attacks and Fatalities, 1970-
2014   
 

Group Name # of Attacks Group Name # of Fatalities 

Shining Path (SL) 4542 Taliban 14248 
Taliban 4258 Shining Path (SL) 11585 
Farabundo Marti 
National Liberation 
Front (FMLN) 

3351 Liberation Tigers of 
Tamil Eelam (LTTE) 10964 

Irish Republican Army 
(IRA) 2673 Boko Haram 10795 

Revolutionary Armed 
Forces of Colombia 
(FARC) 

2396 Islamic State of Iraq 
and the Levant (ISIL) 10780 

Basque Fatherland and 
Freedom (ETA) 2027 

Farabundo Marti 
National Liberation 
Front (FMLN) 

8065 

New People's Army 
(NPA) 1919 Nicaraguan Democratic 

Force (FDN) 6662 

Al-Shabaab 1737 
Revolutionary Armed 
Forces of Colombia 
(FARC) 

5602 

Islamic State of Iraq 
and the Levant (ISIL) 1614 Tehrik-i-Taliban 

Pakistan (TTP) 4959 

Liberation Tigers of 
Tamil Eelam (LTTE) 1606 Al-Shabaab 4185 

Source: Reproduced and adapted with permission from Amy Pate, “Geographies of 
Terrorism,” in Terrorism: A Global Introduction, eds. Gary Ackerman and Amy Pate 
(Hoboken, NJ: Wiley, Forthcoming). 
 

In addition to experiencing extensive insurgent violence, all three countries saw 

substantial investment in development assistance during the conflict. Moreover, there is 

ample variation among the countries with respect to the two variables of interest for this 

study: corruption and implementer type. Finally, the case selection enhances confidence 

in the generalizability of the results, given substantial differences between the dynamics 

of the Iraq conflict relative to Peru and Colombia. 

The Iraq case includes both corrupted and largely corruption-free projects 

implemented by a belligerent. This enables within-case testing across two of the four 
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types of aid interventions (corrupted projects implemented by a party to the conflict and 

uncorrupted projects implemented by a party to the conflict). Moreover, Iraq is 

particularly well suited to testing the hypothesis relating to corrupted projects 

implemented by a belligerent given that there is not only ample variation on levels of 

corruption across projects, but this variation exists across projects that were executed 

simultaneously by the same actor (the U.S. government). In this regard, the theory 

implies the importance of local elites. In Iraq clan and tribal ties enable local elites to 

easily mobilize their constituents (Adnan and Reese 2014; Al Jazeera 2015; Beehner 

2005; McCallister 2005; O’Loughlin, Witmer, and Linke 2010; Pollack 2003). 

The Peruvian case is then used to expand upon the findings from Iraq. 

Specifically, it involves development initiatives undertaken by a party to the conflict that 

did not experience extensive corruption. As such, Peru allows for the cross-validation of 

part of the Iraq findings in a fundamentally different setting. In doing so, it speaks to the 

generalizability of the results. Specifically, whereas Iraq was a sectarian conflict, Peru 

experienced a Maoist people’s war. These two cases also diverge with respect to temporal 

coverage, region, insurgent ideology, foreign involvement, levels of violence and other 

factors. Peru’s conflict raged between 1980 and 200011, whereas Iraq’s conflict began 

with the U.S.-led intervention in 2003 and continues today, even after the withdrawal of 

U.S. forces in 2011. As regards ideology, Peruvian insurgents subscribed to their own 

unique brand of Maoism, whereas Iraqi insurgents were often religious fundamentalists 

                                                           
11 Peru’s Truth and Reconciliation Report covers the period from 1980 through 2000, though academic 
treatments of the conflict often end in 1992 with the capture of Abimael Guzmán, the leader of SL, Peru’s 
largest insurgent group (Comisión de la Verdad y Reconciliación 2003). That said, SL continued to exist – 
albeit in weakened form – after Guzmán’s arrest, as did Peru’s other insurgency, the Túpac Amaru 
Revolutionary Movement (Movimiento Revolucionario Túpac Amaru; MRTA). 
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(e.g. Takfirists). Additionally, Peru received minimal foreign intervention, whereas 

foreign, coalition troops and the government that they helped establish prosecuted the 

conflict in Iraq. For their part, Iraqi insurgents included many foreign fighters and 

received financial and other assistance from abroad (Felter and Fishman 2007). Finally, 

while both conflicts were immensely violent, Iraq Body Count (IBC), which aims to 

record the human cost of the Iraq War, tallied just under 185,000 conflict-related deaths 

from 2003 through 2013 (Iraq Body Count 2013; Iraq Body Count). The Peruvian Truth 

and Reconciliation Commission logged approximately 70,000 fatalities, or roughly a 

third of the Iraq figure over a period twice as long (1980-2000) (Comisión de la Verdad y 

Reconciliación 2003, vol. 2, 53, 162). 

Finally, Colombia offers the opportunity to test aid projects that were 

implemented by neutral parties and which experienced minimal corruption in a 

comparable setting to Peru. Even though Colombia and Peru substantially diverge with 

respect to the amount of aid provided by neutral parties (ample in the former and minimal 

in the latter), the two cases are otherwise very similar. Both began as Maoist/Marxist-

inspired conflicts but ideology eventually gave way to greed-driven motivations as a 

result of the potential for windfall profits from illicit activities such as narcotrafficking 

(Koven 2014; Koven and McClintock 2014, 2015, 2016). Moreover, the Colombian 

conflict began earlier, in 1964, and remains ongoing. Nevertheless, it overlaps temporally 

with the Peruvian case. Both have experienced similarly high levels of violence. Even 

though in excess of 250,000 people were killed in Colombia as a result of the conflict, on 

an annualized basis the two conflicts are of roughly equivalent scale (an average of 

approximately 4,800 deaths per annum in Colombia versus 3,500 for Peru) (Authors 
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calculations based on BBC 2016; Comisión de la Verdad y Reconciliación 2003, vol. 2, 

53, 162; Grupo de Memoria Histórica 2013; The Guardian 2013). They do however 

diverge on the level of foreign involvement, which was relatively extensive in Colombia 

– though Colombian forces played the dominant role – and minimal in Peru. 

Table 2.4 (below) summarizes the case selection. In short, it demonstrates that 

these three cases allow for the testing of three of the four types of aid interventions 

(corrupted and uncorrupted projects implemented by a belligerent, and uncorrupted 

projects implemented by a neutral party). In doing so, this dissertation includes a 

dissimilar case (Iraq) and two similar cases (Peru and Colombia). The Iraq and Peru cases 

overlap in that they both test the effect of relatively corruption-free development 

assistance implemented by a belligerent. In doing so, this speaks to the generalizability of 

the results.12 Further, the inclusion of Colombia enables the evaluation of a third type of 

project in a setting that is as comparable as possible to Peru. 

  

                                                           
12 Though further testing to ensure that all project types are generalizable ought to be carried out, this is 
necessarily beyond the scope of this dissertation. That said, the fact that the results hold for one type of aid 
project across such widely different cases is promising. 
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Table 2.4: Case Selection  
 
 Iraq Peru Colombia 
Corruption Project dependent Low Low 
Aid implementer Belligerent Belligerent Neutral parties 

Conflict type Sectarian Maoist/Marxist  
greed-driven 

Maoist/Marxist  
greed-driven 

Conflict 
timeframe 2003-present 1980-2000 1964-present 

Region Middle East South America South America 

Insurgent ideology Religious 
Fundamentalist Leftist Leftist 

Foreign 
involvement High Low Medium 

Levels of violence Very high High High 

Notes 

Enables within-case 
testing of two 
distinct types of aid 
interventions; Well 
suited for testing 
H1 

Increases 
confidence in and 
speaks to the 
generalizability of 
the Iraq results 

Offers a similar 
context to Peru, in 
which to evaluate 
an additional type 
of aid intervention 

 
Two caveats are in order. First, while it would have been ideal to test all four 

types of aid interventions across each of the cases, this is not possible given the realities 

of how assistance efforts have been carried out during COIN. Of the three cases, Iraq is 

unique in that it permits testing two different types of projects. Peru and Colombia, only 

test one type of aid intervention each (though qualitative evidence of a second project 

type is introduced in the Colombia chapter; quantitative data was not available). Even 

though this dissertation’s results are arrived at by piecing together evidence from tests of 

different hypotheses across three cases, this research still represents an improvement over 

previous scholarship on COIN aid, which almost exclusively analyzes a single project or 

at best, multiple projects implemented by the same actor within the same conflict and 

country (Beath, Christia, and Enikolopov 2011; Berman, et al. 2013b; Berman, et al. 

2011, 810; Crost, Felter, and Johnston 2014; Crost and Johnston 2010). 



32 
  

Second, the astute reader will no doubt be asking: what about the fourth type of 

aid intervention? Unfortunately, it is not possible to test the hypothesis pertaining to 

corrupted interventions by neutral parties. This is the case because the theory predicts no 

effect in both the area receiving assistance and in surrounding locations. While the 

modeling approach utilized enables reasonable confidence in null findings in the areas 

receiving assistance (surrounding locations) when they occur alongside statistically 

significant results in surrounding areas (the location receiving aid; see Methodology, 

below for a more detailed discussion), conventional statistical techniques never ‘prove’ 

null results. While a null finding might reflect the fact that the independent variable (IV) 

truly does not have an effect on the DV, it is equally plausible that the finding is simply 

being driven by model misspecification, insufficient statistical power, etc. While less 

conventional statistical techniques exist, they are either not applicable to this application 

or they are highly subjective and thus not compelling.13 

Nevertheless, to the extent that readers are confident in the results for the three 

types of aid interventions that are explicitly tested in this dissertation, they can also be 

                                                           
13 Two approaches warrant further mention. First medical researchers developed non-inferiority testing as a 
means of showing that a revised treatment protocol is no worse than an existing protocol. Biostatisticians 
are interested in this type of evaluation tool insofar as practitioners may be permitted to use new 
approaches on human patients – which might be more cost effective, easier to implement, etc. – only if they 
can demonstrate that the health effects on the patients are at least no worse than an existing, approved 
treatment (Walker and Nowacki 2011). Numerous articles have referred to this approach as “proving the 
null,” however this technique is not actually proving a null effect, it is instead demonstrating that two non-
null effects are not statistically significantly different from each other (ibid.; Streiner 2003). Consequently, 
this approach cannot be used for our purposes, when a truly null effect is hypothesized. Second, a Bayesian 
approach will work in theory. Specifically, Bayesian statistics allow for the specification of informative 
priors; that is they can incorporate prior beliefs or knowledge about the topic being researched into a 
statistical analysis (Western and Jackman 1994). To prove a null hypothesis, one could specify a null prior 
and compute the strength of the evidence in favor of that prior (the ratio of the marginal likelihoods of the 
posteriors). The fundamental problem with this approach is that it requires the researcher to specify the 
largest plausible effect size; a potentially subjective determination upon which the results hinge (Chatham 
2009; Gallistel 2009). Consequently, I have opted against adopting a Bayesian approach to validate the 
theory as it applies to the fourth category. 
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reasonably confident that the hypothesized results for the fourth category are the true 

results. This is the case because the analysis for corrupted and uncorrupted aid projects 

implemented by a belligerent will demonstrate that the effects in the project location 

hinge upon corruption. Recall that aid projects are theorized to reduce violence insofar as 

they meet their developmental objectives and thereby decrease grievances against the 

government and/or counterinsurgent. Corrupted projects – regardless of the type of 

implementer – are less likely to meet their objectives than uncorrupted ones. 

Consequently, the effects in the project location for corrupted interventions by neutral 

parties would be expected to be null (no effect), just as they are expected to be null for 

corrupted interventions by belligerents. Similarly, the results for corruption-free projects 

implemented by both belligerents and neutral parties will show that the effects in 

surrounding areas hinge upon the type of implementer. Again, recall that the theory 

predicts that the diffusion of peace or violence occurs provided that perceptions of the 

implementer that result from successful implementation of aid projects affects 

perceptions of a belligerent, which only happens when the implementer is also a party to 

the conflict. As such, one would expect the effects in surrounding areas for corrupted 

projects undertaken by a neutral party to also be null (no diffusion), just as they are null 

for uncorrupted projects undertaken by a neutral party. 

Methodology 

 Following the advice of numerous scholars, who have highlighted that 

quantitative research is strong precisely where qualitative methods are weak and vice 

versa, this research employs a mixed-methods research design (Bates 1997; Brady and 

Collier 2004; Coppedge 1999; Eckstein 1975; Przeworski 2007; Verghese 2012). 
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Specifically, qualitative data collected through extensive practitioner and other expert 

interviews, as well as through archival research, is utilized to tease out the causal 

processes at work and to help validate assumptions. Qualitative investigation is 

complemented by quantitative research. The quantitative modeling strategy employed is 

informed by the dissertation’s theory, which implies spatial diffusion. The rest of this 

section is devoted to explaining the quantitative approach adopted. Specifically, it 

introduces and justifies the use of a Spatial Durbin Model (SDM) and explains how this 

modeling strategy works. Next, special considerations for spatial modeling strategies 

using count data are discussed. This is followed by a description of the spatial-weighting 

matrix and finally a discussion of the quantities of interest for this theory.  

Modeling Strategy 

 As already indicated, previous research has relied on traditional statistical 

approaches, which are inappropriate given the presence of SAC. Fortunately, this 

problem has motivated the design of a host of techniques for spatial panel data analysis 

(Levrato 2014). The spatial autoregressive (SAR) (or spatial lag) model, which specifies 

a spatial lag on the DV, is the workhorse of geospatial analysis. The SAR model is given 

by:  

 Equation 2.1: y = ρW1y + Xβ + ε.  

Where W1 is an n x n matrix containing the spatial weights of each area relative to 

each other area and ρ is the spatial lag parameter on the DV (i.e. ρ measures the 

direction and magnitude of the effect of the value of the DV in surrounding areas 

on the value of the DV in a given area).  

The critical component of the SAR model (and myriad other spatial models, which are 
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subsets of the SAR approach) is the incorporation of ρ. The spatial lag term in the SAR 

model incorporates the influence of the DV in one area on the DV in surrounding areas 

into the modeling strategy and the model is therefore unaffected by the problem of SAC 

(Brasington and Hite 2005, 63; see also, Anselin 1988, 103; Bolduc, Laferriere, and 

Santarossa 1995; Griffith 1988, 82-3; Pace, Barry, Sirmans 1998). Consequently, spatial 

analysis has been employed across myriad studies ranging from the analysis of regional 

effects of infrastructure (Celbis, de Crombrugghe, and Muysken 2014), to environmental 

studies (Brasington and Hite 2005; Kim, Phipps, and Anselin 2003), to research into the 

distribution of animal species (Dormann, et al. 2007). 

While the SAR model was designed to contend with dependencies in spatial 

relationships on the DV, a special case of the model exists that also incorporates spatial 

dynamics in the IV (Anselin 1988, Brasington and Hite 2005, Kissling and Carl 2008). 

This special case, the SDM, is given by:  

Equation 2.2: y = ρW1y + Xβ + W1Xθ + ε. 

Where the additional parameter, θ is the spatial lag parameter on the IV (i.e. θ 

measures the direction and magnitude of the effect of the value of the IV in 

surrounding areas on the value of the DV in a given area).  

In addition to being required for this research, in order to contend with SAC that affects 

both the DV and IV, the SDM also entails additional benefits. Specifically, the spatial lag 

terms capture the influence of omitted variables that affect the DV in surrounding areas. 

As such, the SDM “produces unbiased coefficients in case of problems with the data 

generating process and, in addition is not affected by the problem of bias caused by 

omitted variables” (Levratto 2014, 9; see also LeSage and Pace 2009). Consequently, the 
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SDM is used in studies where SAC is detected in both the DV and the IV. These studies 

have ranged from investigations into the local contexts underpinning firm creation 

(Levratto 2014) to research on the effects of healthcare market structures on hospital 

treatment rates (Baltagi and Yen 2014).  

Spatial Models and Count Data 

 For each of the three cases, the DV is insurgent attacks. This operationalization is 

theoretically justified in that the number of attacks reflects popular support for insurgents 

and for the use of violence. Popular support, in turn, affects the willingness of the 

population to join the insurgency or provide other forms of assistance (e.g. material and 

information) (Beath, Christia, and Enikolopov 2011).14 Moreover, attacks are a 

commonly used measure of insurgent support (ibid.; Berman, et al. 2013b; Berman, et al. 

2011; Lyall 2009). Indeed, of the existing quantitative studies cited herein, all but two use 

this operationalization (Beath, Christia, and Enikolopov 2011; Berman, et al. 2013b; 

Berman, et al. 2011). The two studies that use an alternative indicator opt for a closely 

related operationalization: the number of casualties (Crost, Felter, and Johnston 2014; 

Crost and Johnston 2010).  

Nevertheless, this operationalization poses a problem. Poisson and negative 

binomial approaches (as well as their zero-inflated counterparts) that are appropriate for 

modeling data where the DV is a count variable cannot be specified with an endogenous 

spatial lag in order to account for SAC (Kaiser and Cressie 1997). Relatively sparse effort 

has been devoted to developing special spatial techniques for count data (Lambert, 

                                                           
14 While this operationalization has been used extensively, one concern is worth mentioning. It is possible 
that the causal arrow is reversed and support for the insurgents or counterinsurgent is a reflection of the 
relative strength of the actors (Kalyvas 2006). 
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Brown, and Florax 2010). As such, a commonly employed solution is to transform the 

data (Kaiser 2009; Li; as an example see Cressie and Read 1989). Square- and cube-root 

transformation are amongst the most common, though logarithmic transformations have 

also been employed (Kaiser 2009). However, research demonstrates that cube- and 

square-root transformations appropriately treat non-positive values in ways that 

logarithmic transformations do not (Cox 2007). Consequently, each empirical chapter 

presents results where a cube-root transformation was employed. The appendices 

document the robustness of each set of empirical results to the specification of a square-

root transformation.  

Spatial-weighting Matrix 

As equations 2.1 and 2.2 indicate, spatial models include an n x n matrix 

containing the spatial weights of each area relative to all other areas (expressed as W1 in 

the above equations). The off diagonal positions contain the weights for surrounding 

locations (Dormann, et al. 2007; Wall 2004). In principle, any type of distance can be 

captured (e.g. from geographic proximity to distances from nodal points for social 

network analysis). However, for this research a contiguity matrix is employed, which 

uses a binary coding to capture whether a given location surrounding another. This is 

because surrounding areas are likely to witness the distribution of assistance in 

surrounding areas and where development projects are mostly corruption-free, the 

spillover in benefits is likely to be limited to surrounding areas.  

While it is possible that knowledge of development projects could also travel over 

large geographic distances through tribal ties or other social and communications 

networks (e.g. road networks), existing evidence confirms that knowledge of projects did 
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materialize in surrounding areas (Petit 2015). Also, even if knowledge of projects was to 

travel long distances, for example over communication networks, development jobs are 

unlikely to travel in a similar way and will only be available in the project and 

surrounding areas. More importantly, the project itself is a visceral and regular reminder 

to surrounding locations of the way in which aid was disseminated, which is not regularly 

witnessed in more distant areas. As such, a contiguity matrix is ideal for the initial 

development and testing of this theory. 

Quantitates of Interest and Null Effects 

Critically, the SDM enables the parsing of the ‘direct effect,’ the effects of a unit 

change in the IV in area i on the DV in area i averaged over all areas from the ‘indirect 

effect,’ the impact of a unit change in the IV in area i on the DV in all other areas (as 

specified by the spatial-weighting matrix) excluding area i averaged across all areas. For 

the purposes of this research, this means that the results can be disaggregated between the 

effect of development assistance on violence in the areas where it is provided (the direct 

effects) and its effect on violence in surrounding locations (the indirect effects).  

 Moreover, to the extent that results are statistically significant for either the direct 

or the indirect effects but not both, we can be reasonably confident that the null findings 

are indicative of a true null relationship between the DV and IV. This is the case because 

the other effects in the model (direct or indirect) return statistically significant results 

using the same modeling strategy, model specification, statistical power, data, etc. 

Unfortunately, as indicated above, the same cannot be said for null findings across both 

the direct and indirect effects simultaneously. 

Conclusion 
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 The primary purpose of this chapter was to provide a detailed discussion of this 

dissertation’s theory. Specifically it argues that the effects are a product of two variables: 

corruption and the neutrality (or lack thereof) of the aid implementer. Competing 

explanations are also offered. In addition, this chapter elaborated on case selection and 

the methodology to be employed. The way in which COIN aid has been used in practice 

precludes the analysis of all four types of aid projects in a single case. Consequently, I am 

forced to analyze different types of interventions in distinct conflicts. While less than 

ideal, this still offers an improvement over previous research, which tended to examine 

single cases in isolation. Fortunately, even if readers are unconvinced by the results, this 

dissertation, at a very minimum, outlines a theory that includes two previously under-

analyzed variables and offers a methodology that is robust to SAC and enables studying 

the effects of aid on violence both at project sites and in surrounding areas. In doing so, 

this chapter laid the groundwork for the subsequent three empirical chapters on Iraq, Peru 

and Colombia. 
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Chapter 3: Counterinsurgent-led Development Assistance in Iraq 
 
 

Iraq is a logical starting point for testing the theory elaborated in the previous 

chapter. It not only experienced substantial development assistance during COIN, but 

also offers the possibility for within-case analysis across two of the four hypotheses. 

Specifically, it allows for the simultaneous testing of both hypotheses involving an aid 

implementer that is also a party to the conflict. Given the importance of tribal and clan 

ties to elite mobilization, Iraq is particularly well suited for the analysis with respect to 

the hypothesis pertaining to corrupted interventions (Adnan and Reese 2014; Al Jazeera 

2015; Beehner 2005; McCallister 2005; O’Loughlin, Witmer, and Linke 2010; Pollack 

2003). 

This chapter proceeds in five sections. The first section addresses the relevant 

hypotheses. Whereas the previous chapter provided an extensive discussion of each 

hypothesis, this chapter focuses only on the hypotheses that are tested in this case. These 

are very briefly reiterated for the reader’s convenience. However, the primary purpose of 

this section is to demonstrate that the assumptions behind these hypotheses are met in 

Iraq. The subsequent section is devoted to case selection. It not only justifies examining 

this case, it provides extensive background on COIN aid in Iraq. The third section 

introduces the data and approach to measurement, while the penultimate section presents 

and discusses the results. The final section concludes. 

Counterinsurgent Aid Implementers: Diffusing Violence or Spreading Peace? 

 This dissertation theorizes that the effects of development assistance on insurgent 

violence in both the areas receiving assistance and in surrounding locations are 

conditioned by corruption and whether or not the implementer is also a belligerent. While 
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the larger theory entails four distinct sets of aid interventions, this chapter focuses in on 

two: corrupted and uncorrupted projects implemented by a party to the conflict. 

As regards corrupted projects implemented by a belligerent, recall that these 

projects are hypothesized to not affect violence where implemented. This is the case 

because corrupted aid projects are unlikely to meet their developmental objectives 

(Penciakova and Kaufmann 2012; Schudel 2008). Moreover, these interventions are 

predicted to exacerbate violence in surrounding areas. In short: 

H1: When development projects implemented by a party to the conflict are 

corrupted, levels of violence in the project area will be unaffected, while violence 

spreads to surrounding areas. 

This hypothesis is predicated on three assumptions. First, development assistance 

efforts implemented in one area are observable in surrounding areas. More than simply 

being observable, local elites must be able to differentiate between projects that offer 

opportunities for self-enrichment and those that do not. They must also recognize that 

assistance is allocated based on violence. Second, elites are the key actor in mobilizing 

local insurgent support. Finally, elites benefit from corrupted projects.  

 Extensive qualitative evidence speaks to the veracity of these assumptions. With 

respect to observability, military commanders and civilian development experts alike 

stressed the importance of ensuring that projects were highly visible (Hill 2011, 159; Kirk 

2015; Petit 2015b; Richardson 2015; Sincere 2015). LTC Kevin Petit (2015b), who 

utilized development funding from the Commanders’ Emergency Response Program 

(CERP) during two of his three combat tours in Iraq, including a deployment during the 

Surge to one of Baghdad’s toughest areas: Ghazaliya, noted that after using CERP funds 
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to repair a local drycleaner that was damaged by an insurgent mortar or rocket round, 

U.S. forces had a sign made “essentially saying ‘The insurgents ruined this laundry, 

YOUR local business owned by YOUR neighbor. They do not care about you, but 

courtesy of coalition forces, we fixed the shop’” (emphasis in the original). BG John 

Richardson (2015), whose second tour in Iraq saw him replacing LTC Petit in Ghazaliya, 

similarly noted that they “tried to increase visibility…” by employing “‘coming soon’ 

signs with a picture of development.” Matthew Alan Hill (2011, 159) indicates that 

USAID projects were also designed to be “high visibility in order to demonstrate the 

dividends of peace.”  

Numerous officers involved in CERP acknowledged powerful grievances 

generated over the distribution of spending (Kirk 2015; Petit 2015c; Richardson 2015; 

Rohling 2015; Salome 2015; Sincere 2015). MAJ Joe Sincere (2015), who managed 

CERP under LTC Petit, summarized a common complaint he heard, “you guys are 

spending all of this money in Ghazaliya [an overwhelmingly Sunni area of Baghdad] and 

not in Shula [a predominately Shiite area bordering Ghazaliya]” (2015c). The immense 

number of complaints received by local elites in areas surrounding development projects 

(such as Shula), attest to the fact that efforts to increase visibility ensured that projects 

were observable to locals. Nevertheless, numerous officers expressed the perception that 

grievances alone did not develop into increased insurgent support. LTC Petit commented 

that he did not think there was an uptick in violence in areas surrounding (relatively 

corruption-free) CERP spending (2015c). Other officers, such as BG Richardson (2015) 

shared similar perceptions.  

Corruption stemming from development projects was similarly, highly visible. 
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LTC Dan Kirk offered the example of a sub-contractor who bought a Mercedes, 

indicating that his choice of vehicle visibly begged the question: what type of kickbacks 

is he taking? (Kirk 2015). The magnitude of corruption and mismanagement of corrupted 

projects also served to increase the visibility of corruption. One U.S. Army officer stated 

that “when I get mad thinking about projects, it’s more USAID throwing money out there 

and not monitoring.” He further indicated his “complete disappointment with USAID in 

West Baghdad” resulting from the “total mismanagement of projects” including a 

complete lack of supervision, management and vetting of contractors, as well as single-

source contracting, which resulted in contractors running off with cash (COL, U.S. Army 

2015). Another officer similarly commented, “I remember going oh my god this is a bad 

investment” in reference to who was being awarded certain USAID projects (LTC, U.S. 

Army 2015). It was not just U.S. officials who were aware of corrupted projects. Erik 

Ayad, an Iraqi translator embedded with the U.S. Army in Ghazaliya, noted fielding 

numerous, daily complaints about corruption relating to development projects. He further 

indicated that the complaints came from those who did not benefit from the corruption 

(Ayad 2015).  

Finally, high visibility ensured that local elites observed how the assistance was 

allocated. COL Chuck Freeman (2015), who served four tours in Iraq (his second tour as 

LTC Petit’s executive officer), stated, “they were definitely watching each other, they 

know.” LTC Kirk (2015), who succeeded COL Freeman in Ghazaliya, similarly noted 

that, “people paid attention….” Finally, MAJ Sincere (2015) stated that the Iraqis 

“figured it [the process of assistance distribution] out quickly.”  

What these individuals observed was that military officers involved in CERP 
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targeted violent areas for development assistance (Freeman 2015; Kirk 2015; Richardson 

2015; Salome 2015; Sincere 2015). COL Rob Salome (2015), who utilized CERP during 

two tours in Iraq (and a third in Afghanistan), stated, “high violence areas were going to 

get the money.” Similarly, USAID projects were based on security imperatives and 

assistance was often allocated to violent areas (USAID official 2015). For example, 

USAID’s Community Stabilization Program (CSP) “was designed to complement 

military security initiatives through stabilization efforts” (Office of Inspector General 

2008a, 1). In short, local elites perceived that supporting insurgents and thus violence was 

likely to result in development assistance. 

 The second assumption, local elites being the crucial actor in mobilizing support 

for the insurgents, is also substantiated in Iraq. Tribal and clan (multiple clans comprise 

an Iraqi tribe) relations are predicated on strong loyalty to one’s tribe and clan and these 

ties have empowered tribal elites to galvanize and organize their members’ support for 

either the insurgents or the counterinsurgent (Adnan and Reese 2014; Al Jazeera 2015; 

Beehner 2005; McCallister 2005; O’Loughlin, Witmer, and Linke 2010; Pollack 2003). 

Indeed, tribal leaders were critical to the Sunni Awakening and the Charge of the 

Knights, wherein entire tribes or clans switched their allegiance to coalition forces 

(Biddle, Friedman, and Shapiro 2012; Cochrane 2008; Cordesman and Mausner 2007; 

Khan 2007).15 

Finally, while the aforementioned examples of contractors walking off with cash 

or driving luxury cars attests to corruption benefiting local elites, it is not the only 

                                                           
15 Interestingly, graft also played a role in the Sunni Awakening. Specifically, Al Qaeda encroachment on 
tribal elders’ smuggling routes was among the motivations for changing allegiances (Biddle, Friedman, and 
Shapiro 2012, 20). 
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evidence. An OIG report indicated that numerous CSP program office directors viewed 

local Iraqi official corruption as a serious problem. The report goes on to describe 

schemes wherein local leaders charged “contracting fees” or insisted on the use of their 

personally “preferred contractors” for all projects in their areas of influence (Office of 

Inspector General 2008a, 21). 

 While corrupted development projects are unlikely to achieve their developmental 

goals, thereby ameliorating grievances, uncorrupted projects are far more likely to do so 

(Penciakova and Kaufmann 2012; Schudel 2008). Consequently, they are likely to reduce 

insurgent support where implemented. Moreover, relatively corruption-free development 

projects may spread peace. This leads to the following hypothesis: 

H3: When development assistance efforts undertaken by a party to the conflict are 

uncorrupted, violence will decrease at the project location and peace will spread 

to surrounding areas. 

This hypothesis is predicated on two core assumptions. First, development 

assistance is observable and the absence of corruption is discernable, both where projects 

are implemented and in surrounding areas. Second, development projects and the 

effective management of corruption therein are desirable. 

As regards the desirability of services provided by development assistance and of 

the lack of corruption in their provision, U.S. population-centric COIN doctrine identifies 

development assistance and governance reform (including curtailing official corruption) 

as paramount to wining over the population (U.S. Army and Marine Corps 2007). The 

myriad complaints regarding not receiving assistance, noted by numerous officers, also 

speaks to the desirability of assistance (Kirk 2015; Petit 2015c; Richardson 2015; 
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Rohling 2015; Salome 2015; Sincere 2015). Moreover, Ayad indicated local desires for 

corruption-free projects noting for example that Iraqi mothers wanted quality schools for 

their children, whereas corruption in contracting processes ensured substandard build 

quality in new schools (Ayad 2015). Finally, face-to-face surveys conducted over three 

years across all of Iraq by Mercy Corps on behalf of USAID confirms that governmental 

corruption and the poor quality of services provided by the state were key factors in 

explaining Iraqi support for armed opposition to the state (Mercy Corps). 

Finally, better practices in contracting (such as avoiding single-source 

contracting) not only curb corruption but also spread contracts and employment benefits. 

For the relatively corruption-free CERP, at least three bids had to be obtained and 

officers used different contractors for different tasks. For example, LTC Petit described a 

project to reinforce a bridge and improve drainage along the banks of a river on Highway 

3 in Kirkuk. For this project he employed three different contractors with a work force 

derived from four different areas (incl. the area of the bridge itself) (Petit 2015b; Petit 

2015c). Employing not only individuals residing in the project location but also 

neighbors ensured that project benefits accrued to surrounding areas as well. 

Population-centric COIN in Iraq 

This research leverages data from the Iraq war. A U.S.-led coalition invaded Iraq 

in late-March 2003. Iraqi security forces quickly disintegrated and just over a month 

later, on May 1st, then President George W. Bush, delivered his famous “Mission 

Accomplished” speech from the flight deck of the USS Abraham Lincoln (Bush 2003). 

While the Ba’athist regime fell quickly, a virulent insurgent conflict continues to rage to 

this day. Fighting has largely occurred along sectarian lines, though other cleavages are 
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also salient. For example, the conflict has seen heavy involvement of foreign fighters, and 

at times tensions have developed between Iraqi tribes and co-sectarian foreign fighters 

(Biddle, Friedman, and Shapiro 2012). 

Iraq is well suited for testing this theory for at least four reasons. The first two 

pertain to the theory’s assumptions. First, the theory implies the importance of local 

elites, as already indicated tribal and clan dynamics empowered local elites to exercise 

particularly considerable influence on support for insurgents. Second, the theory also 

requires development assistance to be easily observable. The aforementioned emphasis 

on visibility of development assistance in Iraq ensured that this was the case. 

Third, Iraq experienced immense geospatial variation in the distribution of 

violence and development spending. During a four and a half year period between August 

1st 2004 and January 31st 2008, the Multi-National Forces Iraq (MNF-I) Significant 

Activities (SIGACT) III database recorded over 163,000 attacks. Nevertheless, not a 

single incident was recorded in Choman district, while over 18,500 attacks occurred in 

Karkh district (extrapolated from Empirical Studies of Conflict Project 2012). As regards 

development spending, over US$21 billion in expenditures were recorded in the U.S. 

Army Corps of Engineers Gulf Region Division’s Iraq Reconstruction Management 

System (IRMS) over the same time period. Considerable variance also exists on where 

funds were allocated. For instance, Rania district received only about US$242,000, 

whereas Al Resafa district received over US$4.2 billion (extrapolated from ibid.).  

Finally, Iraq experienced multiple different development programs. Previous 

scholarship on the effect of assistance on violence has disaggregated the analysis across 

three different programs: CERP, CSP and Community Action Program (CAP) (Berman, 
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et al. 2013; Berman, et al. 2011). Importantly, for this theory, there is ample variation in 

the amount of corruption across these three programs. A detailed description of each of 

these programs will prove instructive. 

Program Types 

CERP 

CERP was initially designed to give military commanders the ability to quickly 

respond to “urgent humanitarian relief and reconstruction requirements” (Multinational 

Division – Baghdad 2007, 5). However, as the conflict progressed, projects shifted “from 

basic needs to more complex reconstruction and development” tasks (ibid.). Indeed 

military commanders used CERP for a wide range of tasks from compensating for 

property damage and casualties inflicted during kinetic operations by coalition forces 

(Petit 2015b) to setting up a local radio station and distributing free hand-crank and solar 

radios (Salome 2015). Despite the diversity of development projects funded by CERP, 

commanders virtually universally touted the importance and extensive use of CERP-

funded employment generating projects such as trash collection and reed clearing (Ayad 

2015; Freeman 2015; Kirk 2015; Petit 2015a; Petit 2015b; Richardson 2015; Rohling 

2015; Salome 2015; Sincere 2015).  

Even though job creation projects that involve direct cash payments are especially 

susceptible to corruption, there is ample evidence that CERP-funded projects avoided 

widespread corruption evident in similar, CSP projects (CSP is discussed below). A 

critical reason for this was that U.S. military units lived and operated among the 

population in their area of operations (AO). This not only afforded better situational 

understanding but also gave them the ability to verify projects. An OIG (2008b, 8) report 
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on monitoring and evaluation (M&E) efforts in Iraq states that “based on personal 

observation of U.S. Army units, in our opinion, U.S. military officials are well qualified 

and positioned to assess localized conditions.” In addition to quality oversight, military 

commanders demonstrated an awareness of corruption in contracting processes and 

endeavored to avoid it (Petit 2015b; Rohling 2015; Sincere 2015). 

CSP 

CSP was USAID’s major job creation program in Iraq. A senior Agency official 

explained that USAID “shares [the military’s emphasis on] keep[ing] young men 

busy…” (USAID official 2015). Specifically, CSP was an initiative that, similar to 

CERP, leveraged “short-term projects intended to provide employment opportunities to 

Iraqis who might otherwise become susceptible to insurgent appeals” (Office of Inspector 

General 2008a, 1). While both CERP and CSP shared similar goals, CERP effectively 

curtailed corruption but CSP did not. OIG audits found evidence of massive fraud (ibid.; 

Office of Inspector General 2008b). In particular, lack of monitoring and oversight 

(including fraudulent M&E reports) enabled corruption in contracting processes (Office 

of Inspector General 2008b, 6-8). However, evidence of widespread fraud was mostly 

limited to Baghdad governorate (Office of Inspector General 2008a, 6). Despite an 

especially strong U.S. military presence in this area and the U.S. military’s positive track 

record with monitoring CERP projects, the armed forces were not involved in overseeing 

CSP projects. 

CAP 

CAP aimed to instill basic democratic values by establishing Community Action 

Groups, whose elected representatives would help select and manage development 
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projects (Office of Inspector General 2008c, 1-2). Typical projects included “improving 

community schools, health, roads and bridges, water and sewerage, and 

business/economic development” (ibid., 2). While direct evidence of corruption is 

relatively sparse, there is strong circumstantial evidence that CAP also experienced 

extensive corruption. First, one of the five U.S. contractors selected to implement CAP 

projects in Iraq was also responsible for CSP (Office of Inspector General 2011; USAID 

2003) and was ultimately suspended in January 2015 due to endemic corruption (Higham 

and Rich 2015).16 Second, M&E was contracted to the same firm that failed to effectively 

monitor and provided fraudulent reports for CSP projects (International Business & 

Technical Consultants, Inc. 2009; Office of Inspector General 2008c, 4). Additionally, an 

OIG (2011, 2) report on CAP highlights “a significant overreliance on supply-type 

projects (such as supplying student desks, office equipment, and computers to schools; 

toys to kindergartens; or medical supplies to health clinics)”. Portable and valuable goods 

such as computers and medical equipment are well suited to being used for graft. It is 

also worth noting that CAP projects were often concentrated geographically, thus 

increasing their visibility where implemented (ibid., 2). Before proceeding, a caveat is in 

order. While CERP and CSP were relatively similar in their approaches and goals (while 

varying considerably on levels of corruption), it should be noted that CAP projects are at 

least somewhat less comparable given their focus – at least on paper – on inculcating 

democratic values through the administration of development projects. However, this is 

not particularly concerning given that CAP and CSP (which experience similarly high 

                                                           
16 A U.S. District Court has since ordered the suspension be reversed given that the suspension process 
followed by USAID violated the Administrative Procedure Act and the National Defense Authorization Act 
(Anders 2015). 
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levels of corruption) produce very similar results.  

Data and Measurement 

This section introduces the data. It is divided into four subsections. The first is 

devoted to the DV. The subsequent subsection addresses the IV. The third describes the 

control variables. The final subsection briefly describes the data used to generate the 

contiguity matrix. 

DV: Insurgent Attacks 

The DV for this study is the number of attacks (or SIGACTs; short for significant 

activities as attacks were calculated from Significant Activity Reports filed by coalition 

forces) derived from the MNF-I SIGACT III database (Empirical Studies of Conflict 

Project 2012).17 Following previous research, I exclude “incidents positively identified as 

criminal attacks, those in which civilians or insurgents were the primary target, and those 

related to sectarian violence, looting, and the like” (Berman, et al. 2012, 6; Berman, et al. 

2013; Berman, et al. 2011).18 Nevertheless, over 163,000 attacks remain in the dataset 

covering 900 district-half-years, for the period between August 1st 2004 and January 31st 

2008. A cube-root transformation is also specified.19 For readers interested in viewing the 

geographic spread of violence, figures 3.1-3.3 (below) show the intensity of violence by 

district.20 

                                                           
17 Detailed summary statistics for all variables are presented in appendix B. 
18 Attacks primarily targeting civilians are excluded given that this category of violence likely also includes 
myriad instances of violence not related to the insurgency (e.g. criminal violence). Additionally, reporting 
of these attacks is more likely to be systematically biased as only attacks known to U.S. forces were 
recorded. Violence against civilians occurring during the course of attacks on coalition and Iraqi 
government targets are included. 
19 Alternative specifications for SIGACTs, the transformation and other robustness checks are described in 
the text below, and in more detail in appendix A.  
20 In Iraq, districts are the second order subnational administrative unit. Iraqi districts are roughly 
equivalent to counties in the U.S. Just as U.S. states are comprised of numerous counties, multiple Iraqi 
districts constitute a governorate. While it would have been ideal to disaggregate the analysis below the 
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Two limitations of this data warrant discussion. First, only SIGACTs occurring 

while U.S. forces are present are recorded. This results in a substantial undercounting of 

sectarian violence (Berman, et al. 2012, 5). However, this is not overly problematic for at 

least three reasons: First, there is no concern about the undercounting of attacks targeting 

the counterinsurgent. Second, CERP-funded projects necessarily entailed the presence of 

the counterinsurgent in project areas, thus making it likely that U.S. forces would observe 

resultant violence regardless of the target. U.S. forces were largely present in CSP and 

CAP project areas as well. Even though they were not involved in the projects 

themselves, a minimum level of security was required for project implementation. 

Nevertheless, because CSP and CAP projects suffered from poor oversight, it is possible 

that the resultant uptick in violence was not fully captured in the data. However, this 

makes these two corrupted projects a harder test for the theory as a systematic undercount 

in violence biases the statistical analysis against confirmation. Third, previous scholarly 

users of this data show that this does not introduce significant bias by illustrating that a 

high correlation exists between SIGACTs and incidents of civilian killings as recorded in 

the IBC database, which was compiled using media reports and consequently is not 

affected by this problem (ibid., footnote 2).  

A second issue with the data is measurement error. While significant 

measurement error likely exists, there is no evidence to suggest that this error is non-

random with regard to development expenditures (ibid., 6). Also, despite these 

shortcomings, SIGACTs data is far preferable to other existing geo-referenced violence 

                                                           
district level, finer-grained data remains classified. Existing research on COIN aid in Iraq utilizes this data 
at the governorate or district level (Berman, et al. 2013; Berman, et al. 2012; Berman, et al. 2011). 
Appendix B presents summary statistics, which include detailed information on the area and perimeter size 
of Iraqi districts. 
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databases,21 which undercount violent events to a far greater degree, albeit for different 

reasons. 

IV: Assistance Spending 

The IV of interest, Lagged Spent (10mn USD), is the amount spent on 

development projects expressed in tens of millions of U.S. dollars. This data is derived 

from the IRMS (Empirical Studies of Conflict Project 2012). From this data, I excluded 

spending on the Sons of Iraq (SOI; this spending is included subsequently as a robustness 

check in appendix A) as these payments were not development assistance but 

compensation to local militias providing security during the Surge. Spending is 

temporally lagged by one-half year.22 Following previous research and noting that ample 

variation in corruption exists across CERP, CSP and CAP spending, I disaggregate the 

analysis by project (Berman, et al. 2013; Berman, et al. 2011). Importantly, the IRMS 

data are the most complete data for development spending in Iraq and account for the 

vast majority of funds spent during this time period (Berman, et al. 2011, 791, footnote 

27). While CERP, CSP and CAP are not the only reconstruction projects that existed, 

approximately 98.5 percent of the more than US$21 billion recorded in the IRMS data for 

the 900 district-half-years included in this analysis involved CERP, CSP or CAP 

expenditures. Readers interested in visualizing the geographic distribution of spending by 

program can refer to figures 3.1-3.3 (below). 

Control Variables 

                                                           
21 These other databases include the IBC database, the Worldwide Incident Tracking System, the Global 
Terrorism Database and RAND’s Database of Worldwide Terrorism Incidents. 
22 Berman, et al. (2012, 7) caution against dropping below the half-year level of aggregation so as to avoid 
making arbitrary decisions about the temporal allocation of spending on the vast majority of projects, 
which lasted at least several months.  
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A multitude of control variables are also included. Given that preexisting levels of 

infrastructure and income affect the demand for development assistance, an index of 

distances to existing public services in 2004, Distance to Public Services (2004), is 

incorporated into the model, as is mean annual income in 2004, Income (2004). Similarly, 

preexisting levels of security and the density of tribal and clan ties affect the impact of 

development assistance on violence. An average measure of satisfaction with child safety 

in 2004, Children’s Safety (2004) is included as a proxy for perceptions about initial 

levels of security. Clan Ties (2004) is the proportion of households indicating members 

of their clan residing in their neighborhood and captures the density of clan and tribal 

networks. These variables are derived from the Iraq Living Conditions Survey for 2004. 

(Empirical Studies of Conflict Project 2012).  

Area (km2) is the area in square kilometers of each district and Perimeter (km) is 

the length of the perimeter in kilometers of each district. Both are derived from district-

level geographic information system (GIS) data files for Iraq and control for the varying 

sizes of each district (ibid.). This helps to control for the possibility that assistance 

disbursed in geographically large districts was less visible to surrounding districts 

because the distance between the surrounding district and the precise spot where 

assistance was provided in the district benefiting from development funding is larger than 

when assistance is distributed to relatively small districts. Similarly, more populous 

districts may have been more likely to observe the distribution of assistance in 

surrounding districts. As such, Population (2003), district-level population statistics from 

2003 that are derived from Oak Ridge National Laboratory’s LandScan (2008) Global 

Population Database, are also included (ibid.). Finally, both spatial and temporal random 
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effects are specified in order to control for unobserved heterogeneity. 

Contiguity Matrix 

 The aforementioned GIS data files were used to derive the contiguity matrix.23 

Indeed, the data for the control variables Area (km2) and Perimeter (km) was extracted 

during this process. The contiguity matrix includes all but four of Iraq’s 104 districts; Al-

Ba’aj, Al-Rutba, Dibis and Hatra were dropped due to missing data for a majority of the 

control variables (ibid.).24 

Results and Discussion 

 This section presents and discusses the results. However, it is first necessary to 

review the Moran’s I tests conducted in order to determine if SAC exists for the DV and 

the IV across all three spending categories. The subsequent subsection includes the main 

results for each spending category and a discussion thereof. The third subsection 

interprets these results in the context of the relevant hypotheses and alternative 

hypotheses. The final subsection is designed to increase confidence in the findings. This 

is accomplished through a second test of the data for CSP spending, as well as through 

numerous robustness checks.  

Moran’s I Tests 

 Table 3.1 presents Moran’s I test statistics for the DV and the IV for all three 

project categories. In every case the test returns P-values of 0.000, warranting the 

rejection of the null hypothesis that SAC is not present at a 99 percent confidence level. 

This not only clearly justifies the use of the SDM but also suggests that the results of 

other studies that do not utilize appropriate spatial models are systematically biased.  

                                                           
23 Summary statistics for the spatial-weighting objects are provided in appendix C. 
24 Iraq currently has 120 districts due to substantial redistricting in 2014. 
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Table 3.1: Moran’s I Test Statistics 
           
VARIABLES I E(I) STD. DEV.(I) Z P-VALUE* 
      

DV      

SIGACTs 0.592 -0.010 0.063 9.489 0.000 

IV (LAGGED SPENT (USD))     

CERP 0.317 -0.010 0.050 9.489 0.000 
CAP 0.318 -0.010 0.049 6.621 0.000 
CSP 0.283 -0.010 0.045 6.561 0.000 
*1-tail test      

 
Main Results 

Table 3.2 presents the results from three geospatially-weighted regression models. 

Each model regresses Lagged Spent (10mn USD) for each of the three programs: CERP, 

CAP and CSP, respectively on SIGACTs, while controlling for Area (km2), Perimeter 

(km), Income (2004), Distance to Public Services (2004), Children’s Safety (2004), 

Population (2003) and Clan Ties (2004). 
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Table 3.2: Results for CERP, CAP and CSP for all of Iraq, and CSP Excluding 
Baghdad 

          
VARIABLES CERP CAP CSP CSP (Excl. Baghdad) 
     

DIRECT EFFECTS     

Lagged Spent (10mn USD) -0.0324** 0.0141 0.00134 -0.138*** 
 (0.0154) (0.0101) (0.0129) (0.0356) 
Area (km2) -9.58e-05* -0.000110** -0.000108** -0.000167*** 
 (5.22e-05) (5.09e-05) (5.08e-05) (5.06e-05) 
Perimeter (km) 0.00522** 0.00587*** 0.00583*** 0.00915*** 
 (0.00230) (0.00224) (0.00223) (0.00229) 
Income (2004) -4.39e-07 -1.54e-06 -1.59e-06 -5.55e-06 
 (9.46e-06) (9.25e-06) (9.24e-06) (9.17e-06) 
Distance to Public Services (2004) -0.133 0.702 0.792 1.555 
 (8.493) (8.305) (8.292) (8.254) 
Children’s Safety (2004) 0.448 0.523 0.514 0.322 
 (0.356) (0.348) (0.347) (0.344) 
Population (2003) 5.46e-06*** 4.81e-06*** 4.89e-06*** 5.56e-06*** 
 (8.91e-07) (8.22e-07) (8.24e-07) (1.09e-06) 
Clan Ties (2004) 0.562 0.579 0.568 1.159** 
 (0.599) (0.585) (0.585) (0.577) 
     

INDIRECT EFFECTS     

Lagged Spent (10mn USD) -0.156* 0.123** 0.141** -0.661*** 
 (0.0926) (0.0579) (0.0664) (0.183) 
Area (km2) -0.000184* -0.000199** -0.000199** -0.000234*** 
 (0.000105) (9.72e-05) (9.86e-05) (7.92e-05) 
Perimeter (km) 0.0100** 0.0106** 0.0107** 0.0128*** 
 (0.00466) (0.00432) (0.00438) (0.00372) 
Income (2004) -8.51e-07 -2.79e-06 -2.95e-06 -7.68e-06 
 (1.84e-05) (1.69e-05) (1.72e-05) (1.30e-05) 
Distance to Public Services (2004) -0.529 1.017 1.195 1.871 
 (16.91) (15.49) (15.75) (11.97) 
Children’s Safety (2004) 0.863 0.946 0.948 0.452 
 (0.685) (0.633) (0.645) (0.476) 
Population (2003) 1.05e-05*** 8.70e-06*** 9.01e-06*** 7.82e-06*** 
 (2.28e-06) (1.93e-06) (1.98e-06) (2.03e-06) 
Clan Ties (2004) 1.054 1.020 1.017 1.596** 
  (1.159) (1.063) (1.083) (0.809) 
Rho 1.364*** 1.338*** 1.345*** 1.035*** 
 (0.0522) (0.0537) (0.0530) (0.0557) 
lgt_theta -1.491*** -1.467*** -1.464*** -1.505*** 
 (0.0927) (0.0923) (0.0924) (0.0965) 
Sigma 0.820*** 0.828*** 0.827*** 0.755*** 
 (0.0420) (0.0424) (0.0423) (0.0404) 
     

Observations 900 900 900 819 
R-squared 0.356 0.441 0.441 0.279 
Number of Districts 100 100 100 91 
Standard errors in parentheses     

*** p<0.01, ** p<0.05, * p<0.1     
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CERP 

 In the case of CERP, the coefficient for the direct effect of Lagged Spent (10mn 

USD) is negative and statistically significant at the 95 percent confidence level. This 

indicates that, ceteris paribus, spending on CERP had a statistically significant violence-

reducing impact in the districts where projects were administered in the half-year 

following implementation. The coefficient for the direct effect of CERP spending is -

0.0324. This translates to a reduction of 0.0000340 (0.03243) attacks per US$10 million 

spent in the areas where the project was located. To better appreciate the substantive 

significance of CERP spending on violence in the area where it was distributed, consider 

that the mean spending on CERP per district-half-year (900) over the course of this study 

was US$22.7 million. Thus, over the entire span of this study, CERP spending 

cumulatively prevented 0.0695 (0.0000340 * 2.27 * 900) attacks in the districts-half-

years in which it was spent. The indirect effects are even more interesting as they 

demonstrate a greater violence-reducing effect.  

 The coefficient for the indirect effect of Lagged Spent (10mn USD) on CERP is 

negative and statistically significant at the 90 percent confidence level. As such, I 

conclude that, all else equal, CERP spending had a statistically significant violence-

reducing impact in the districts that surround where CERP projects were administered. 

The coefficient is -0.156. Here, the mean effect of CERP spending on insurgent violence 

in each district-half-year was a decrease of 0.00380 attacks in surrounding districts. 

Across all of Iraq and during the entire period of this study, this indicates that CERP 

spending prevented an additional 7.756 attacks in surrounding districts.  

 In this model, for both the direct and indirect effects, the coefficients for three 
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control variables also obtain statistical significance. For both sets of effects, Area (km2) is 

negative and statistically significant at the 90 percent confidence level, while Perimeter 

(km) and Population (2003) are positive and statistically significant at 95 percent and 99 

percent confidence levels, respectively. Additionally, the coefficients for Rho – 

measuring spatial dependency – and Sigma – which measures spatial dependency in the 

IV of interest – are statistically significant at the 99 percent confidence level. 

Figure 3.1 presents a bivariate choropleth map, which shows the amount of 

violence and CERP spending in each district. While this graphic depicts aggregate 

amounts of violence and spending for the entire period of the study (i.e. it omits the time-

series dimension of the analysis) and excludes the myriad control variables25 

incorporated into the geospatially-weighted regression analysis, the violence-reducing 

effect of CERP is easily visible. Specifically, the choropleth map shows that only two 

districts that surround districts in the largest tercile for CERP spending are themselves 

simultaneously in the lowest tercile for spending and the highest tercile for insurgent 

violence. 

  

                                                           
25 In this and the two subsequent figures: Al-Ba’aj, Al-Rutba, Dibis and Hatra districts are included and 
SIGACTs data is normalized by Population 2003. 
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Figure 3.1: District-level Bivariate Choropleth Map of SIGACTs and CERP 
Spending 
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CAP and CSP 

 The results for the models for spending on CAP and CSP look very different than 

the results for CERP projects. In neither of the two models are the coefficients for the 

direct effects of spending on attacks statistically significant. This indicates that neither of 

these projects had a statistically significant effect on violence in the districts where they 

were administered. The indirect effects are far more concerning. 

 For both CAP and CSP, the coefficients for the indirect effects of project 

spending on attacks are positive and statistically significant at 95 percent confidence 

levels. This means that while spending did not have a discernible effect on violence in the 

districts where they were administered, it increased insurgent violence in surrounding 

districts. Specifically, the coefficients are 0.123 for CAP and 0.141 for CSP. This 

indicates that each US$10 million spent on CAP and CSP correlated with a 0.00186 and 

0.00280 increase in violence respectively in districts that surround project locations. 

Average spending on CAP and CSP per district-half-year over the course of this study, 

was US$9.4 million and US$6.6 million, respectively. Thus the cumulative effect across 

all of Iraq for the entire duration of this investigation was an increase of 1.574 attacks in 

surrounding district-half-years due to CAP spending and an increase of 1.665 attacks in 

surrounding district-half-years due to CSP spending. 

 Again, in both models and for both sets of effects, the coefficients for the same 

three control variables obtain statistical significance. For both sets of effects and both 

models, Area (km2) is negative and statistically significant at the 95 percent confidence 

level, while Population (2003) is positive and statistically significant at the 99 percent 

confidence level. The direct effects of Perimeter (km) are positive and statistically 
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significant at the 99 percent confidence level, while the indirect effects are positive and 

statistically significant at the 95 percent confidence level for both models. Additionally, 

the coefficients for Rho and Sigma are statistically significant at the 99 percent 

confidence level. 

Bivariate choropleth maps depicting violence and CAP and CSP are presented in 

figures 3.2 and 3.3, respectively. Figure 3.2 shows that 11 districts that surround districts 

in the largest tercile for CAP spending are themselves in the lowest tercile for spending 

yet they are in the highest tercile for insurgent violence. Figure 3.3 similarly illustrates 

that 17 districts that surround districts in the largest tercile of CSP spending are 

themselves in the lowest tercile for spending and the highest tercile for insurgent 

violence. As such, these graphics clearly depict the spread of violence resulting from 

CAP and CSP spending.  
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Figure 3.2: District-level Bivariate Choropleth Map of SIGACTs and CAP Spending 
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Figure 3.3: District-level Bivariate Choropleth Map of SIGACTs and CSP Spending  
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Theoretical Implications 

 The aforementioned results demonstrate that the effects of development assistance 

are not limited to the areas where projects are implemented. Rather, development 

assistance can either diffuse violence or spread peace. As such, amalgamating the 

literatures on the effects of development assistance in COIN and conflict diffusion is 

necessary. Moreover, while quantitative testing cannot directly evaluate the role that 

elites play in capitalizing on corruption by fomenting insurgent violence, the quantitative 

results are suggestive. Specifically, the results are consistent with this causal pathway. 

They support the hypothesis (H1) concerning both the effect of aid on violence in project 

areas and the spread of violence caused by corrupted development assistance efforts 

implemented by a belligerent. At the same time, these results are inconsistent with the 

two alternative hypotheses, which specify alternative causal pathways that imply that a 

reduction (Ha1) or an increase (Ha2) in violence in the project area is required to spread 

violence to surrounding districts. The results further demonstrate that relatively 

uncorrupted projects reduce violence both where they are implemented and in 

surrounding areas. This is consistent with the primary hypothesis concerning the positive 

effects of aid on violence in project areas and the diffusion of peace caused by relatively 

uncorrupted development assistance efforts undertaken by a party to the conflict (H3), 

but further discredits the alternative hypothesis predicated on a reduction in violence in 

the project location displacing insurgents and thus violence to surrounding areas (Ha1). 

 In short, these results do not support the alternative hypotheses for the spread of 

violence and are consistent with this dissertation’s theory explaining how development 

assistance implemented by a party to the conflict not only effects insurgent violence 
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where implemented, but can either spread violence or peace – due to the actions of self-

interested local elites and how aid interventions affect local perceptions of the belligerent 

undertaking them. However, it is worth noting that while the aforementioned results are 

statistically significant, the effect sizes are small. Even though largely uncorrupted CERP 

projects reduced violence, one has to ask if spending in excess of US$2.6 billion per 

averted attack (US$20.4 billion / 7.826 attacks) is an efficient use of resources. The 

violence-exacerbating effects of corrupted projects were similarly low. However, 

violence may be systematically undercounted for CAP and CSP projects (i.e. the true 

violence-enhancing effect of corrupted projects implemented by a party to the conflict is 

likely higher). CAP and CSP are thus much harder tests for this theory.  

Additional Evidence of Corruption and Robustness Checks 

This subsection leverages additional quantitative testing to further demonstrate the 

importance of corruption and confirm the hypothesis pertaining to corrupted projects 

implemented by a belligerent. As indicated, evidence of corruption in CSP projects is 

extremely strong yet largely limited to Baghdad governorate. By re-running the analysis 

for CSP for all of Iraq excluding the nine districts comprising Baghdad governorate, it is 

possible to control for much of the effect of corruption in CSP projects. Moreover, this 

type of ‘within case’ design, offers additional built-in controls for variation that exists 

across program types (Eulau 1962, 397). The fourth model in table 3.2 (above) presents 

the results for CSP spending on insurgent violence with Baghdad excluded. CSP 

spending goes from having no violence-reducing effect in the area where assistance is 

administered and a violence-enhancing effect in surrounding districts to having 

statistically significant, violence-reducing effects in both the area receiving assistance 
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and in surrounding districts. 

Specifically, the coefficient for the direct effect of CSP spending is -0.138 and the 

coefficient for the indirect effect is -0.661, all else equal. This translates to a reduction of 

0.00263 attacks per US$10 million spent in the districts receiving assistance and a further 

reduction of 0.289 attacks in surrounding districts. Given that the mean spending on CSP 

per district-half-year over the course of this study, excluding Baghdad, was US$2.2 

million, the cumulative effect over the course of this study was a reduction of 0.474 

attacks in districts receiving assistance and a massive decrease in attacks, 52.037 in 

surrounding districts. Again, recall that CSP constitutes a hard test for this theory given 

potential, systematic undercounting of the level of violence. 

Four control variables also obtain statistical significance. For both sets of effects, 

Area (km2) is negative and statistically significant at the 99 percent confidence level. 

Also, for both sets of effects, Perimeter (km), Population (2004) and Clan Ties (2004) are 

positive and statistically significant at the 99 percent confidence level for the former two 

and the 95 percent confidence level for the latter. The coefficients for Rho and Sigma 

remain statistically significant at the 99 percent confidence level.  

These results confirm the role corruption in development projects plays in 

diffusing either insurgent violence or peace. Moreover, not only are the results 

statistically significant, the effect size is much larger than in the previous models. The 

cost per averted attack was just over US$34.3 million (US$2.2 billion / 52.511 attacks). 

While certainly not inexpensive, this is nearly two orders of magnitude lower than with 

CERP. 

Robustness Checks 
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Before concluding, a brief discussion of the robustness of the quantitative results 

is warranted. In order to increase confidence in the quantitative analysis, I perform a 

number of robustness checks. In particular, I show that the results are robust to the 

inclusion of SOI spending, an alternative transformation of the count DV (square-root) 

and the removal of the districts comprising Iraqi Kurdistan as these areas experienced 

systematically less violence and assistance relative to the rest of the country. While 

concerns exist that CSP projects were erroneously coded as occurring in the Green Zone 

(Karkh district) and that this error may be driving the results, especially when Baghdad is 

dropped, I also demonstrate that potentially erroneous coding of projects in Karkh district 

is not driving the results. Detailed results for each of these robustness checks are 

presented in appendix A. 

Conclusion  

 In summary, this research connects the literature on diffusion and the effects of 

development assistance on insurgent violence. It provides evidence that corrupted 

development projects implemented by a belligerent correlate with the spread of insurgent 

violence to surrounding districts while having no effect on violence where implemented. 

Conversely, projects that mostly avoid corruption reduce violence both where they are 

implemented and in surrounding districts. This is the case because corrupted projects are 

systematically less likely to meet their developmental goals than uncorrupted 

interventions. Consequently, only the latter type of project ameliorates grievances against 

the government where implemented, thereby increasing support for the government. 

Corrupted projects implemented by a party to the conflict also create powerful incentives 

for local elites in areas surrounding projects to mobilize insurgent support in the hopes of 
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receiving aid projects and thus graft. As such, these interventions also diffuse insurgent 

violence to surrounding areas. Inversely, relatively uncorrupted projects spread positive 

sentiments about the government, which is providing for the needs of its citizens while 

effectively managing corruption. Because of this, support for the government also 

increases in surrounding areas. 

 While this chapter tested two distinct hypotheses, more attention was devoted to 

corrupt versus uncorrupted projects implemented by a belligerent. The subsequent 

chapter examines largely corruption-free projects undertaken by a party to the conflict. It 

does so by examining the case of Peru. Given the considerable differences between these 

two cases (see the previous chapter for a detailed discussion on case selection), this 

approach also speaks to the generalizability of the results. 
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Chapter 4: Uncorrupted Counterinsurgent-led Development Assistance in Peru 
 
 

While Iraq was a logical starting point for theory testing, an examination of the 

Peruvian experience enables further exploration into largely uncorrupted projects 

implemented by a belligerent. This chapter also demonstrates the broad generalizability 

of the theory. It illustrates that despite numerous differences between Iraq and Peru, the 

two cases experienced similar dynamics.  

This chapter proceeds in five sections. The first section addresses the relevant 

hypothesis, with particular focus on demonstrating that the assumptions undergirding it 

are satisfied. The subsequent section discusses case selection. It not only justifies 

examining this case, it also provides extensive background on COIN aid in Peru. The 

third section introduces the data. The next section is devoted to the results and the final 

section concludes. 

Diffusing Peace 

As already indicated, this chapter further tests the hypothesis concerning 

uncorrupted developmental interventions pursued by a party to the conflict. This 

dissertation’s theory suggests that these types of aid projects will not only reduce 

violence where they are implemented, they will also spread peace to surrounding areas. It 

is the case that violence is reduced in project areas because uncorrupted interventions are 

systematically more likely to achieve their developmental goals, thereby ameliorating 

grievances (Penciakova and Kaufmann 2012; Schudel 2008). With respect to surrounding 

areas, relatively corruption-free development projects not only lack opportunities for the 

self-enrichment of local elites and thus incentives for these individuals to galvanize 

support for insurgents in surrounding areas, they spread positive perceptions about the 
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counterinsurgent, which proved able to effectively meet local needs while managing 

corruption. Consequently counterinsurgent support increases in surrounding areas as 

well. This leads to the following hypothesis: 

H3: When development assistance efforts undertaken by a party to the conflict are 

uncorrupted, violence will decrease at the project location and peace will spread 

to surrounding areas. 

As previously noted, this hypothesis is predicated on two core assumptions. First, 

development assistance is observable and the absence of corruption is discernable, both 

where projects are implemented and in surrounding areas. Second, development projects 

and the effective management of corruption therein are desirable. Fortunately both 

assumptions are borne out in Peru. 

Quantitative testing focuses on aid undertaken by FONCODES (the National 

Compensation and Development Fund; Fondo Nacional de Compensación y Desarrollo 

Social26; see The Peruvian Civil War, below, for a detailed discussion of FONCODES), 

as the primary implementer of assistance projects during the time period being studied. 

These projects required active participation from the recipient communities. Specifically, 

beneficiaries would select the project(s) that best suited their needs from a menu of 

options; the local community would then receive funds and technical expertise from 

FONCODES, but would be largely responsible for implementation (Bowen 2001; Cotler 

2001; Morley 2001; Schady 1999, 4; Torres 2001). This approach ensured that recipient 

communities were highly aware of development assistance efforts. Numerous experts 

noted that projects were also designed to demonstrate the government’s presence and 

                                                           
26 The Fund has since been renamed the Development Cooperation Fund (Fondo de Cooperación para el 
Desarrollo) However, it retains the acronym FONCODES. 
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concern for its citizens (Bowen 2001; Cotler 2001; Granados 2016; Morley 2001; Torres 

2001). Indeed one Peruvian Army historian, who spent her career examining the conflict, 

characterized schools and health posts built by FONCODES as “powerful symbols of 

state presence” (Granados 2016). Given the visibility of projects, it is not surprising that 

they were observed in surrounding areas as well. Indeed, those involved in implementing 

projects as well as scholars who have extensively researched FONCODES both cite 

myriad examples of surrounding communities dispatching a representative to the regional 

office to request assistance after having observed successful projects (Bowen 2001, 37; 

Julica 2016). The frequency with which these types of requests materialized clearly 

illustrates both that knowledge of assistance projects spread and that aid was highly 

coveted by locals.  

There is also strong evidence that corruption was relatively minimal. While one 

study found evidence that appears to indicate that spending increased precipitously 

around election cycles, at least one spike in spending also correlated with the head of 

FONCODES being replaced due, in part, to the massive backlog of projects to be 

reviewed and approved. That this change resulted in a slew of approved projects is 

unsurprising and may have been unrelated to the election (Schady 1999, 9). Even if 

electoral cycles contributed to some fluctuation in the total amount of funds disbursed, 

politically motivated meddling did not affect the targeting of funds. The same study 

found “that FONCODES funds flowed disproportionately towards poor provinces” (ibid., 

25). This was likely the case because poverty maps in combination with on the ground 

assessments of the local conditions were used when making allocation decisions (ibid., 4-

5; Peruvian Army General (ret.) 2015).  
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This centrally controlled process helped curb more localized corruption as well. 

One accounting highlighted that very low levels of abuse were reported even despite the 

fact that administrators were poorly educated and trained (Morley 2001). This was the 

case despite immense governmental corruption evident within the presidency at this time. 

Even critics of the government similarly extoled FONCODES’ ability to curtail 

corruption. The Archbishop of Ayacucho27 (the department hardest hit by the violence), 

Salvador Pineiro García Calderon, noted that aid was efficiently sent to emergency zones 

in the countryside (García 2016). A professor at the University of Huamanga – the birth 

place of the largest insurgent movement – who at minimum expressed sympathies for the 

insurgents, similarly characterized assistance efforts as “transparent” and “well-

constructed” (University of Huamanga Professor 2016). Finally, one development aid 

worker noted that when issues did arise, there were immediate sanctions and the 

“compromised individuals” were dismissed (Sueiro 2016b). 

While it is evident that FONCODES projects were largely afflicted by 

corruptions, this is not to say that corruption was entirely absent either. Indeed one 

accounting found evidence of patronage appointments of key staff by the government of 

Alberto Fujimori (1990-2001) (Haggard and Kaufman 2008, 269). Nevertheless, 

widespread corruption, which would have undermined the efficacy of aid projects and 

perceptions of the state, was largely avoided. 

The Peruvian Civil War 

                                                           
27 The Catholic Church and then President Alberto Fujimori and his government were not on good terms. 
The Church tacitly endorsed Fujimori’s main political rival during his first election. For his part, Fujimori 
subsequently referred to the Church as “medieval and recalcitrant” (Brooke 1990; Lane 1992). He 
subsequently advanced a plan to promote access to contraceptives for impoverished Peruvians (Sims 1995). 
One exception warrants mention: Archbishop Juan Luis Cipriani Thorne was extremely supportive of the 
government at this time (Penn 2004, 428). 
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 Prior to introducing the data and delving into the analysis, background on Peru’s 

civil war will prove instructive. This section is divided into two parts. The first subsection 

provides an overview of the two leftist insurgent movements active between 1980 and 

2000. The second section examines the various governments which confronted the 

insurgents. Particular focus is directed to the use of development assistance by each 

administration. 

The Insurgents 

 Between 1980 and 2000, the Peruvian state fought two vicious, leftist insurgent 

movements. Indeed, during the late 1980s and early 1990s, it appeared that the insurgents 

were on the verge of toppling the government. Much of the middle class attempted to flee 

the country, while soldiers disserted the armed forces at unprecedented rates (Koven and 

McClintock 2015, 190). The larger of the two insurgencies, the Shining Path (Sendero 

Luminoso; SL), was founded in 1980 in the southern highlands of Peru. Whereas SL 

subscribed to a version of Maoism, Peru’s other insurgent movement during this time, the 

Túpac Amaru Revolutionary Movement (Movimiento Revolucionario Túpac Amaru; 

MRTA), was Marxist-Leninist. In addition to differences in force size and ideology, the 

MRTA maintained ties to other leftist subversives, while SL did not (ibid.; The Gale 

Group, Inc. 2004; Global Security 2016; Thomson Gale 2006; U.S. Central Intelligence 

Agency 1991). This subsection examines each group in turn. 

The Shining Path 

SL emerged in 1970 following numerous splits in the Peruvian Communist Party. 

The movement was founded by Abimael Guzmán at the National University of San 

Cristóbal of Huamanga in the remote department of Ayacucho. Already the most 
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impoverished department of Peru, Ayacucho was suffering from a severe economic crisis 

afflicting the entire country, as well as adverse weather conditions, which wreaked havoc 

on the agriculture-based economy. Between 1971-2 and 1983, the poorest quartile of 

Peruvian households experienced a 29 percent decline in real household income. Dire 

economic conditions coupled with decades of social exclusion and government neglect 

led the citizens of Ayacucho to detest the government (Koven and McClintock 2015, 

191). One peasant remarked, “they’re [the government] killing the poor people [with 

hunger]” (qtd. in ibid.). Under these conditions it is not surprising that SL expanded 

inexorably once violence broke out in 1980. The insurgents’ first violent act occurred on 

May 17, 1980, when SL guerrillas burned ballot boxes in the rural Andean town of 

Chuschi. In less than a decade, their ranks swelled to approximately 25,000 fighters, 

roughly 40 percent of whom were full-time combatants. At its height, SL controlled in 

excess of one quarter of all Peruvian municipalities and regularly perpetrated attacks in 

the vast majority (40 or more attacks per annum in 19 of 24) of Peruvian departments. In 

aggregate, the Peruvian Truth and Reconciliation Commission attributed more than half 

of the approximately 70,000 deaths that occurred between 1980 and 2000 to SL (ibid.). 

The tide turned on September 12, 1992 when Guzmán, his second in command, 

and six other members of the Central Committee were arrested by a special police 

intelligence unit. While the insurgency persisted following his arrest, it did so in a 

numerically weakened form. Even though their ranks and geographic penetration 

declined, heavy integration into narcotrafficking enabled SL to invest in advanced 

armaments, communications equipment and training, all of which acted as force 

multipliers and enabled remnants of the group to effectively challenge security forces and 
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persist to this day28 (ibid., 191-2, 195-7). Indeed, as late as 2008 and 2009, SL effectively 

countered a massive, sustained military operation: “Plan VRAE”29. During the operation 

more than 50 security forces personnel were killed without capturing or killing a single 

guerrilla (ibid., 201). 

The Túpac Amaru Revolutionary Movement 

While SL was numerically larger and caused a disproportionate share of 

casualties – primarily a product of its strategy of extensive civilian targeting – the MRTA 

also represented a serious threat to the Peruvian state. This insurgency emerged out of the 

remnants of the Revolutionary Left Movement (Movimiento de la Izquierda 

Revolucionaria; MIR), a virulent insurgency that battled the Peruvian state between 1962 

and 1965 (The Gale Group, Inc. 2004; Global Security 2016). Even though the MRTA 

was founded in 1980, its first major attack did not occur until 1983 when guerrillas 

bombed the residence of the U.S. Marine Corps Embassy Security Group in Lima 

(Global Security 2016).  

A declassified intelligence report produced by the Central Intelligence Agency in 

1991 stipulated that the group’s “more than 1,000 hard-core members are highly trained 

and well armed, and they are capable of carrying out well-planed and sophisticated 

attacks” (U.S. Central Intelligence Agency 1991, 1). The report further notes their ability 

to utilize “sophisticated and disciplined tactics and methods” (ibid., 2). The MRTA’s 

sophistication is partially a product of its ties to other Latin American subversives 

                                                           
28 For the purposes of this study, I have followed the Peruvian Truth and Reconciliation Commission, 
which bounds the conflict between 1980 and 2000 (Comisión de la Verdad y Reconciliación 2003). 
However as noted, SL still remains active in the VRAEM. 
29 “VRAE is an abbreviation for the Valley of the Apurímac and Ene Rivers. It was subsequently expanded 
to include the Mantaro River and became the “VRAEM.” 
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including the Farabundo Martí National Liberation Front (Frente Farabundo Martí para 

la Liberación; FMLN) in El Salvador and the National Liberation Army (Ejército de 

Liberación Nacional; ELN) in Colombia (Global Security 2016). The MRTA also 

received material assistance and training from the Cuban and Libyan governments (U.S. 

Central Intelligence Agency 1991, 2). In addition to the thousand or so “hard-core” 

members – which were full-time, salaried fighters – the group also counted several 

thousand additional members among its ranks (ibid.).  

The CIA report concludes by noting that the MRTA constituted “one of the most 

serious terrorist threats” in Latin America (ibid., 7). This conclusion was evidenced 

during the “Japanese Embassy Hostage Crisis.” On December 17, 1996, 14 MRTA 

guerrillas blew a hole through the wall surrounding the Japanese ambassadorial 

residence30 in Lima during a party celebrating the 63rd birthday of Emperor Akihito of 

Japan. They then proceeded to take the more than 700 guests hostage. While most of the 

hostages were quickly released, 72 remained in captivity for 126 days. On April 22, 1997, 

Peruvian special operations forces stormed the residence, killing all 14 guerrillas31. One 

hostage and three security forces personnel were also killed (Association for Diplomatic 

Studies and Training; BBC; Diaz-Limaco, Walker and Smith 1997; Giampietri 2011; 

Giampietri 2015; Schemo 1997). One of the hostage-takers killed was Néstor Cerpa 

Cartolini. Cerpa had assumed control of the MRTA following the 1992 capture of its 

founder, Víctor Polay. After Cerpa’s death, the movement virtually ceased to exist 

                                                           
30 The media branded the event the “Japanese Embassy Hostage Crisis,” despite the fact that it occurred at 
the ambassadorial residence and not the embassy itself. 
31 A June 11, 1997 Defense Intelligence Agency cable documents the summary execution of two of the 
hostage-takers immediately following the raid (U.S. Defense Intelligence Agency 1997). Subsequently, in 
2015, the Inter-American Court of Human Rights found Peru culpable in the extrajudicial execution of one 
of the guerrillas. They found strong circumstantial evidence, albeit insufficient to obtain a conviction, of 
two additional summary executions (Center for Justice and International Law 2015). 
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(Global Security 2016). 

The State Responds 

 Fernando Belaúnde Terry (1963-1968 and 1980-1985) was re-elected as president 

of Peru in 1980 during the first democratic election following a military coup in 1968, 

which cut short his first term in office. He assumed the presidency on July 28, 1980, 

shortly after violence broke out. Belaúnde avoided deploying the military to confront the 

subversives until December 1982 (Koven 2016, 7). He first attempted to ignore the 

situation given that he likely perceived that he lacked the ability to effectively confront 

the insurgents by using the police or the military. At the time Peru’s civilian police were  

“characterized by internal rivalries, professional jealousy, and contradictions in 
their organizations. They [were] inadequately trained, badly equipped, under-paid, 
and profoundly corrupt. The population [had] little or no confidence in them to 
provide basic police functions let alone to suppress a sophisticated insurgency, 
and they [were] one of the worst police organizations in Latin America” (Huston 
1988). 
 

In sum, the police were hardly fit for the task of confronting the Shining Path. While Peru 

had one of the best-equipped military forces in the region,32 they too were not a viable 

option for Belaúnde. First, he undoubtedly harbored contempt and was distrustful 

towards the military (Grayson, Jr. 1970, 65). Relatedly, Belaúnde could not expect to 

exercise control over the military once deployed. This is the case as the three military 

junta leaders appointed themselves as commanders of the army, navy and air force before 

relinquishing power (Gorriti 1999, 15; Kruijt and Del Pilar 2002, 42). Third, Belaúnde 

recognized that deploying the military risked wonton human rights abuses, which would 

have alienated U.S. President Jimmy Carter and might have jeopardized U.S. leadership 

                                                           
32 Albeit trained for conventional, interstate conflicts. 
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in the international finance community that undergirded critical loans and economic 

stabilization programs (McClintock and Vallas 2003, 30-1; Roberts and Peceny 1997, 

193). 

 Nevertheless, in late 1981, Belaúnde could no longer ignore the threat. Despite 

their limitations, he chose to send in the police (Mealer 1993, 70). Not unsurprisingly this 

approach not only failed to subdue the Shining Path, but actually allowed for the 

movement to grow (Malone 2010, 50). In December 1992, exasperated and out of 

options, Belaúnde declared a state of emergency in four provinces in Ayacucho and 

deployed the military (Roberts and Peceny 1997, 195-6). In deploying the armed forces, 

Belaúnde adopted “an exclusively repressive strategy that was totally at odds with 

democratic principles” (Malone 2010, 74). Unsurprisingly, this approach did not include 

“consideration for development assistance, governance reform, or other programs 

designed to win over the civilian population. Instead, the sole focus was on kinetic 

military operations” (Koven 2016, 7; see also ibid.). 

A False Start: Popular Cooperation and the Emergence of Development Assistance 

 Alan García (1985-1990 and 2006-2011) succeeded Belaúnde and attempted to 

win over the highland population through the use of development assistance and 

improved governance (Koven 2016, 7; McCormick 1990, 31-2). Specifically, García 

resurrected the program, Popular Cooperation (Cooperación Popular; COPOP), which 

was begun during the start of Belaúnde’s first term in 1963. Two programs were created, 

the Direct Assistance Program (Programa de Asistencia Directa; PAD) and the 

Temporary Income Support Program (Programa de Apoyo al Ingreso Temporal; PAIT). 

As the name implied, the PAD provided direct support to communities in the form of 
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infrastructure projects and nutritional support efforts. The PAD extensively implemented 

community kitchen programs in order to ensure that basic nutritional needs were met in 

poor communities. While this was certainly a valuable service, the implementation was 

handled deplorably (Graham 1994, 100). Local needs and conditions were ignored and 

the PAD-sponsored programs often supplanted organic, community-led community 

kitchens. Each PAD-implemented community kitchen had three directors and it was 

required that they be members of the ruling political party, APRA. This resulted in the 

marginalization of local leaders (ibid.). Other projects were even more disastrous. In one 

case, the PAD built two Olympic-sized pools in shanty towns surrounding Lima at a cost 

of over US$3 million. While public recreational facilities may have been desirable, this 

was hardly the most efficient use of resources in communities that also lacked running 

water and piped sewage (ibid., 100-1). 

 Unlike the PAD, the PAIT offered temporary income support, by paying local 

residents to work on development projects (ibid. 100; Machahuay 2016). Unfortunately 

the PAIT’s effect was severely limited by the lack of community participation, 

incompetence and corruption of officials, poor relations between the government-

implementers and the population, minimal focus on medical posts and other projects 

desired by recipient populations, and SL’s control of large swaths of the highlands (Julica 

2016; Koven 2016, 7; McCormick 1990, 31-2). Consequently, in January 1988, the 

program was abandoned by the central government and turned over to the municipalities, 

which lacked the capacity and resources to continue it (Graham 1994, 101). A former 

COPOP employee summarized the experience with PAD and PAIT as involving a great 

deal of rhetoric but little knowledge of reality. She further noted that project planning and 
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implementation suffered from a complete lack of oversight and long-term planning (Vega 

2016). 

A Second Chance: The National Compensation and Development Fund and the 

Integration of Development Assistance and COIN 

Unlike the COPOP, which did not consider levels of violence in making 

implementation decisions and which was not integrated with military efforts, 

FONCODES was employed in an integrated manner with respect to security. 

Specifically, successful projects were often followed on by military operations designed 

to enhance security (Coronel 2016; García 2016; Palmer 2001; Renique 2016; Vega 

2016). FONCODES was established by a Congressional resolution on August 15, 1991 

during the Fujimori administration (Fondo de Cooperación para el Desarrollo). The Fund 

was directly administered by the presidential palace, allowing for flexibility in its use.33 

This enabled aid provided by FONCODES to be leveraged as part of a combined 

political-military strategy to defeat the insurgents. Consequently the use of state funds 

changed dramatically (Renique 2016). Four characteristics of this assistance are 

particularly consequential: 1) synergies between aid and security were exploited, 2) there 

was a high degree of community engagement, the 3) scale of and 4) efficacy of 

interventions.  

With respect to connections between development assistance efforts and security, 

projects were allocated toward high-violence areas as a means of demonstrating the 

state’s presence and commitment to its citizens (Bowen 2001; Coronel 2016; Cotler 

                                                           
33 While virtually all accounts of the Fujimori government characterize it as having been immensely 
corrupt, centralized administration of FONCODES did not appear to incite massive corruption, beyond 
increases in spending around electoral cycles. 
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2001; Granados 2016; Morley 2001; Torres 2001). Moreover, military forces were 

occasionally involved in the implementation of projects (Renique 2016). Perhaps more 

substantial was the linkage between FONCODES projects and the security provided by 

the peasant self-defense patrols (rondas campesinas) (Palmer 2001, 150-1). The peasant 

self-defense patrols were locally organized. These groups had emerged organically, 

however in 1989 the García administration began arming them, while encouraging 

coordination with conventional military forces. The Fujimori government greatly 

expanded upon this practice (Koven 2010, 26, 28; Koven 2016, 6, 8; Nuñez 1996). The 

added security afforded by the peasant self-defense patrols undergirded the success of 

development interventions, which in turn increased security even further (Cotler 2001, 

138; Palmer 2001, 150-1). In Quinua, a small town in Ayacucho, which proved 

particularly successful at defeating the local insurgents, numerous experts noted that the 

formation of peasant self-defense patrols enabled the subsequent formation of community 

groups that then coordinated with FONCODES to select and implement development 

projects. Both were critical to the town’s success against SL (Cotler 2001, 138; 

Degregorí, et al. 1996). 

In addition to integrating security and development interventions, FONCODES 

also effectively employed a novel model, which ensured extensive community 

participation. The recipients, and not outside actors, selected the projects they deemed 

most useful. They were then responsible for implementation utilizing funds from 

FONCODES along with a local director and technical personnel (Bowen 2001; Cotler 

2001; Gomez 2016; Morley 2001; Schady 1999, 4; Torres 2001). Critically, the 
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FONCODES staff at the project sites spoke Quechua (Pereya 2016).34 This approach 

maximized community engagement and resulted in very high levels of support for 

projects (Coronel 2016; Gamarra 2016). 

 This rather involved model for aid distribution, which required ample 

administrative and technical capacity, did not limit the number of projects that could be 

implemented. Indeed, numerous experts contrasted the paucity of assistance provided by 

the COPOP to extensive investments made by FONCODES (Arotoma 2016; Coronel 

2016; García 2016; Majo 2016; Renique 2016). From its inception in late 1991 through 

2000, just shy of 15,000 projects were implemented (author’s calculations from 

FONCODES 2016). Moreover, practitioners noted that even remote, rural areas and 

emergency zones in the countryside received assistance (De los Ríos and María 2016; 

García 2016). 

 Finally, the efficacy of the interventions were consistently high. To a large extent 

this was a product of at least some minimum degree of security resulting from synergies 

between aid implementation and COIN, wherein the presence of the security services 

facilitated the implementation of assistance projects and vice versa, as well as the high 

degree of community engagement on the projects. However, this was also a result of at 

least two other factors. First, as noted, FONCODES provided technical expertise. 

Specifically, each project required at a minimum an engineer and a resident supervisor 

(Gomez 2016; Webb 2016). Second, as indicated in the section Diffusing Peace (above), 

corruption was largely curtailed (García 2016; Gomez 2016; Morley 2001; Pereya 2016; 

                                                           
34 I also observed this reality during interviews with engineers and other technical staff at the FONCODES 
offices in Huamanga, Ayacucho on April 13, 2016. Numerous community members walked into the offices 
while I was present and were attended to – occasionally by my interview subjects, who politely excused the 
interruptions – in Quechua.  
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Peruvian Army General (ret.) 2015; Schady 1999, 4-5, 25). Moreover, one expert noted 

that when improper practices were discovered, they were quickly and effectively 

addressed (Sueiro 2016b). 

Data and Measurement 

Having obtained a detailed understanding of the insurgencies active in Peru 

between 1980 and 2000, and how development assistance was used to counter them, this 

section now turns to the data. It is organized into four subsections. The first discusses the 

DV. The subsequent subsection is devoted to the IV of interest. The third subsection 

introduces the control variables. The final subsection elaborates on the data used to 

generate the contiguity matrix. 

DV: Insurgent Attacks 

The DV, Attacks, is the number of insurgent attacks that resulted in at least one 

casualty.35 These data are derived from a database of violent acts perpetrated between 

1980 and 2000. The data was collected by the Peruvian Truth and Reconciliation 

Commission and utilized in the Commission’s final report (Comisión de la Verdad y 

Reconciliación 2003). For the period analyzed in this study (see the below subsection, IV: 

Assistance Spending, for a detailed discussion of the time period included in the 

quantitative testing), 1992 through 2000, nearly 3,000 attacks, which inflicted casualties, 

occurred. A cube-root transformation is also specified.36 

IV: Assistance Spending 

The IV of interest, Lagged Spent, is the amount spent on development projects 

                                                           
35 Detailed summary statistics for all variables are presented in appendix B. 
36 A robustness check employing an alternative transformation is described in the text below, and in more 
detail in appendix A. 
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expressed in soles. This data is derived from FONCODES records. In the 1990s 

FONCODES was the “only real” entity providing assistance in many rural areas, which 

had been otherwise forgotten by the state (Arotoma 2016; Majo 2016; Pereya 2016; Poso 

2016). Limited international assistance was provided by the European Union and other 

official donors; however these funds were channeled through the Peruvian government 

(Sueiro 2016a). Consequently, they are captured in the FONCODES data. While it would 

have been ideal to contrast FONCODES expenditures with state-led COPOP projects the 

decade prior, the vast majority of these records were destroyed when their warehouse 

caught on fire and collapsed (Pinedo 2016). 

NGOs had been active in the Peruvian countryside during the 1970s and 1980s. 

However, they largely ceased their operations due to the violence by the 1990s (Arotoma 

2016; Gamarra 2016). Indeed, NGOs were often targeted by SL (Gamarra 2016). One 

scholar noted that they were “very very limited” and “very very localized” during this 

time (ibid.). Moreover, what little assistance was provided by international NGOs often 

failed to meet local needs. Consequently, projects were occasionally never implemented. 

For example, a retired Peruvian Army Colonel recounted observing one organization 

deliver corrugated metal roofing to impoverished communities in the Peruvian Amazon. 

This type of roofing was not only horribly suited to the jungle heat, the locals also lacked 

the types of construction material (e.g. bricks) that would be suitable for constructing 

homes that would use this type of roofing material. Needless to say it was never used, 

though the organization in question noted the development intervention as a success since 

the materials were delivered (Peruvian Army Colonel (ret.) 2015). Consequently, the 

FONCODES data covers the vast majority of the development assistance disbursed 
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between 1992 and 2000.  

The analysis excludes 1991. Since FONCODES was only created by an act of 

Congress in mid-August 1991, the remainder of 1991 was devoted to establishing the 

Fund. While 10 projects were initiated in 1991, 1,132 were begun in 1992 (FONCODES 

2016). During the entire temporal period of this study, 14,799 projects were undertaken at 

an average cost of just over 67,000 soles each. Adjusting for inflation, this is equivalent 

to nearly 41,000 2015 U.S. dollars per project. In aggregate, just shy of one billion soles 

were spent. This equates to more than 606 million 2015 U.S. dollars.37 Spending is 

temporally lagged by one year.38 

Control Variables 

A multitude of control variables are included. Given that preexisting levels of 

public assistance and service provision affect levels of demand for, as well as decisions 

determining the distribution of aid, Public Water (1993) – which captures the fractions of 

homes with access to public water services – is included as a proxy for the provision of 

public services more generally. This includes not only indoor plumbing but also access to 

a government-provided communal well or spigot outside of the house. Similarly, the 

financial situation of each community also affects both the demand for and the 

distribution of development funds. Consequently, Unemployment (1993), measures the 

unemployment rate within a community. Only those actively seeking work are considered 

unemployed and only those with a current job are considered employed (children, retirees 

                                                           
37 Author’s calculations using assistance data from FONCODES 2016, historical exchange rate data from 
Investing.com and historical inflation data from U.S. Inflation Calculator. 
38 Given that projects lasted at least several months, with numerous projects exceeding half a year, 
aggregating by year is necessary to avoid making arbitrary decisions about the temporal allocation of 
spending (Berman, et al. 2012, 7).  
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and those who are engaged in unremunerated activities – such as housework – are 

excluded from the calculation of unemployment rates). The size and ethnic composition 

of communities is also consequential to levels of violence and the targeting of assistance. 

The variable Population (1993) reports the population in each district. Indigenous 

Language (1993) captures the fraction of community members in each district that speak 

Quechua, Aymara or another indigenous language versus Spanish as their primary 

language. Individuals who noted a foreign language (such as English or French) as their 

primary language were excluded from the calculations. These variables are derived from 

data collected by the National Institute of Statistics and Informatics (Instituto Nacional de 

Estadistica e Informáctica; INEI) as part of the ninth national census, conducted in 1993 

(Instituto Nacional de Estadistica e Informáctica 1993). 

Area (km2) is the area in square kilometers of each district and Perimeter (km) is 

the length of the perimeter in kilometers of each district. Both are derived from district-

level GIS data files for Peru (Database of Global Administrative Areas 2009). They are 

included in order to control for the varying sizes of each district. This accounts for the 

possibility that assistance disbursed in geographically large districts was less visible to 

surrounding districts, given the relatively large distance between the surrounding district 

and the precise spot where assistance was being provided. Finally, both spatial and 

temporal random effects are specified in order to control for unobserved heterogeneity. 

Contiguity Matrix 

 The aforementioned GIS data files were used to derive the contiguity matrix.39 

Indeed, the data for the control variables Area (km2) and Perimeter (km) were extracted 

                                                           
39 Summary statistics for the spatial-weighting objects are provided in appendix C. 
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during this process. The contiguity matrix includes all 1,401 districts where at least one 

violent attack or one aid project occurred during the entire period of the study (ibid.). 

Peru has many more districts than Iraq (104 during the period of study), the average size 

of Peruvian districts are considerably smaller.40 Consequently, the data for the Peruvian 

case is finer-grained. This makes cross-district observability easier in Peru, and serves to 

further increase confidence in the results from this case. 

Results and Discussion 

This section presents and discusses the results. The first subsection describes the 

quantitative results. The subsequent subsection aims to increase confidence therein by 

triangulating the results with qualitative evidence from Peru, as well as with the findings 

from Iraq. It also summarizes a quantitative robustness check for Peru. The final 

subsection interprets these results in the context of the relevant hypothesis and alternative 

hypothesis. 

Main Results 

Table 4.1 presents the results from a geospatially-weighted regression model, 

which regresses Lagged Spent on Attacks, while controlling for Indigenous Language 

(1993), Unemployment (1993), Population (1993), Public Water (1993), Perimeter (km) 

and Area (km2). The table shows that while the coefficients for both the direct and 

indirect effects for Lagged Spending are negative, they fail to obtain statistical 

significance at the 90 percent confidence interval. This could indicate that, contrary to my 

                                                           
40 Whereas Iraqi districts are the second order subnational administrative unit (roughly equivalent to 
counties in the U.S.), Peruvian districts are the third order subnational administrative unit (more on par with 
a town or village in the U.S.). To some extent, this distinction limits comparability between the two cases. 
Unfortunately, as noted, finer-grained data for Iraq remains classified. Detailed summary statistics for the 
area and perimeter size of Peruvian districts are reported in appendix B. 
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theory, uncorrupted assistance efforts undertaken by a belligerent truly have no effect on 

insurgent violence either where they are implemented or in surrounding areas. However, 

particular care is required when interpreting null results. It is equally plausible that a null 

finding resulted from limitations with the data and/or model. Indeed, while FONCODES’ 

aid efforts were substantial compared to COPOP, aggregate spending is multiple orders 

of magnitude lower than in Iraq (despite the focus on a considerably longer time period). 

The same is true for the comparative frequency of insurgent attacks. The relative paucity 

of both assistance spending and violence make detecting the true effects of aid on 

violence more difficult. 

 Fortunately, examining the total effects adds a critical insight, which enables the 

reader to confidently interpret the results. The coefficient for the total effects is simply 

the sum of the coefficients for the direct and indirect effects. Here, the coefficient for 

Lagged Spent is also negative. However, given the additional statistical power conferred 

by aggregating the two sets of effects with similarly (negatively) signed coefficients, this 

result obtains statistical significance at a 99 percent confidence level. This indicates that 

both the direct and indirect effects of aid are violence-reducing. If one of the effects was 

violence-reducing, while the other was violence-enhancing, for example, the combined 

statistical power alone would not return statistically significant results. 

 For both the direct and total effects, the coefficients for three control variables 

also obtain statistical significance. For both sets of effects, Population (1993) and 

Perimeter (km) are positive and statistically significant at the 99 percent confidence level. 

Whereas Area (km2) is negative and statistically significant at the 99 percent confidence 

level for both sets of effects. Additionally, the coefficients for lgt-sigma and Sigma – 
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which measures spatial dependency in the IV of interest – are statistically significant at 

the 99 percent confidence level. 
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Table 4.1: SDM Results for the effect of Lagged Spent on the Cubed-root of Attacks  
          

VARIABLES 
 

DIRECT 
EFFECTS 

INDIRECT 
EFFECTS 

TOTAL 
EFFECTS 

SPATIAL/ 
VAR. STATS. 

     
     

Lagged Spent -1.52e-08 -3.27e-08 -4.79e-08***  
 (1.84e-08) (2.19e-08) (1.59e-08)  

Indigenous Language (1993) 0.0140 -1.92e-05 0.0139  
 (0.0113) (0.000349) (0.0113)  

Unemployment (1993) -0.0508 0.000121 -0.0506  
 (0.0398) (0.00134) (0.0397)  

Population (1993) 8.61e-07*** -1.37e-09 8.59e-07***  
 (1.18e-07) (1.77e-08) (1.18e-07)  

Public Water (1993) 0.0144 -1.49e-05 0.0144  
 (0.0177) (0.000473) (0.0177)  

Perimeter (km) 0.0527*** -8.45e-05 0.0526***  
 (0.00925) (0.00109) (0.00927)  

Area (km2) -0.302*** 0.000476 -0.301***  

  (0.0602) (0.00624) (0.0604)   
Rho    8.43e-11 
    (0.0691) 
lgt-theta    0.207*** 
    (0.0450) 
Sigma    0.0656*** 
    (0.000878) 
     

Observations 12,609 12,609 12,609 12,609 
R-squared 0.304 0.304 0.304 0.304 
Number of Districts 1,401 1,401 1,401 1,401 
Standard errors in parentheses    

*** p<0.01, ** p<0.05, * p<0.1    

 
Additional Evidence and a Robustness Check 

 While the total effects are consistent with my theory, increased confidence is 

possible. This subsection first focuses on triangulating the results. This is accomplished 

by introducing qualitative evidence from Peru and by comparing the results to Iraq. 

Following this, I summarize a robustness check aimed at increasing confidence in the 
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quantitative results for Peru. 

Qualitative Evidence from Peru 

 Virtually everyone I interviewed, from a retired Commanding General of the 

Peruvian Army, a former interior minister and the country’s ex-counter-narcotics chief, to 

local aid implementers, residents and scholars noted the important violence-reducing 

effects of government funded development assistance (Ascarza 2016; De los Ríos and 

María 2016; Gomez 2016; Gorriti 2016; Guibovich 2016; Hidalgo 2015; Julica 2016; 

Longa 2015; Masías 2015; Pereya 2016; Peruvian Army General (ret.) 2015; Sueiro 

2016a; Vega 2016). One retired Peruvian Army General noted that “economic aid had a 

huge impact in decreasing violence” (Peruvian Army General (ret.) 2015). Another 

scholar similarly noted that the presence of FONCODES resulted in a “noticeable 

reduction in the attraction [of the] guerrilla movement (Palmer 2001, 173). Finally, an 

anthropologist at the University of Huamanga noted the “positive reaction [which 

resulted] in all areas that received help” (Pereya 2016). While this is likely overstated, 

this perception clearly speaks to the efficacy of FONCODES’ interventions.  

Additional evidence of the important effects of FONCODES comes from the 

reaction of recipients, many of whom still support the Fujimori family politically as a 

result of having benefited from an assistance program begun during the Fujimori 

government (De los Ríos and María 2016). Moreover, frequent attacks on projects 

perpetrated by SL speak to the insurgents’ awareness that development assistance 

correlated with declining support for their movement (Gorriti 2016). Furthermore, the 

remaining remnants of SL have recently attempted to utilize assistance to their advantage 

by investing in infrastructure and schools in remote, rural areas in an attempt to win over 
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the population (Guibovich 2016; Koven 2010, 28; Koven and McClintock, 199). In 

countering the remaining insurgents, senior governmental officials also universally touted 

the importance of development assistance. A previous minister of the interior noted that 

the insurgency is a product of a social problem, the solution to which is social and 

political change (Hidalgo 2015). The former counter-narcotics chief, Commanding 

General of the Peruvian Army, and another Peruvian Army General with extensive COIN 

experience all expressed similar sentiments (Guibovich 2016, Longa 2015, Masías 2015). 

It is clear that FONCODES’ assistance efforts reduced insurgent violence, but 

why was this the case? One aid worker notes that this was because projects “were 

effective at meeting [their] development aims” (Julica 2016). He further noted that 

beyond simply meeting their developmental goals, they connected people to the rest of 

the country and conferred skills that enabled additional benefits. For example, local 

residents employed on FONCODES projects were paid with checks and were aided in 

opening bank accounts, so that they could deposit their pay. This connected them to the 

national economy. Moreover, many applied the skills they learned working on assistance 

efforts to their own businesses and other endeavors (ibid.). Another engineer who worked 

on the ground similarly stated, “we helped to improve the conditions of life a lot” 

(Ascarza 2016). Income continued to improve after assistance projects were concluded 

and this ensured that perceptions about, and support for, the insurgents changed for the 

better (ibid.; see also Palmer 2001, 173).  

 Beyond simply improving conditions and thereby remediating grievances – which 

contributed to insurgent support – aid projects reconnected the population with the 

government, while improving perceptions about its legitimacy (Gomez 2016; Palmer 
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2001, 172). Positive sentiments also diffused to surrounding areas (Bowen 2001, 37; 

Julica 2016). By reconnecting and improving relations between the government and the 

people, FONCODES helped the armed forces gain traction and establish effective 

security (Palmer 2001). A career Admiral and special operations forces officer turned 

vice president noted that Peru suffered from the fundamental problem of COIN: the 

identification problem. That is, given popular support for the insurgents and the Peruvian 

government’s limited intelligence capacity, it was next to impossible to identify and 

selectively target insurgents among the civilian population (Giampietri 2015). A retired 

General in Peruvian Army Intelligence, noted that as development aid efforts won over 

the civilian population, trust increased and civilians provided extremely valuable 

intelligence, which helped the armed forces prosecute the conflict more effectively 

(Peruvian Army General (ret.) 2015). Consequently, an aid worker who administered 

projects in Pampas, in the department of Huancavelica, noted that their program enabled 

the state to reestablish control of 27 districts across four provinces, which had been under 

the firm control of SL for eight years (Sueiro 2016a). Another source indicated that 

FONCODES provided the traction necessary for the Peruvian Army to regain control in 

Titne and Tambillo, two hotly contested districts in Ayacucho (Palmer 2001). Finally, 

FONCODES was essential in expelling SL from Quinua, also located in the Department 

of Ayacucho (Cotler 2001). 

 Consistency Across Cases 

 While the qualitative evidence in the above subsection corroborates the 

quantitative results, it is also worth reiterating that the quantitative results for Peru are 

consistent with those from Iraq. In both cases the analysis demonstrates that largely 
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uncorrupted assistance projects implemented by a belligerent are violence-reducing in 

both the immediate areas receiving assistance as well as in surrounding districts. This 

reality not only increases confidence in this finding through cross-validation, it also 

speaks to the substantial generalizability of the theory advanced in this dissertation. This 

is the case given the immense differences between the two insurgent conflicts. 

Robustness Check 

As a final confidence-building measure in the results, a brief discussion of a 

robustness check is in order. I reran the analysis specifying an alternative transformation 

of the count DV (square-root). The analysis is robust to this alteration. Detailed results 

are presented in appendix A. 

Theoretical Implications 

The results show that relatively uncorrupted projects implemented by a party to 

the conflict reduce violence both where they are implemented and in surrounding areas. 

This is consistent with the primary hypothesis concerning the positive effects of aid on 

violence in project areas and the diffusion of peace caused by uncorrupted development 

assistance efforts undertaken by a party to the conflict (H3), but runs counter to the 

alternative hypothesis predicated on a reduction in violence in the project location 

displacing insurgents and thus violence to surrounding areas (Ha1).  

Experts on Peru will note that even though SL (as well as the MRTA) persisted, 

attacks declined following the September 1992 capture of Guzmán. Is this change in 

Peru’s largest insurgent movement affecting the results? While the arrest precipitated a 

decline in violence across virtually all of Peru, the analysis shows that attacks decreased 

at a statistically significantly faster rate in areas benefiting from and surrounding aid 
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projects. Consequently, we can be confident that aid does in fact correlate with a (more 

pronounced) decline in insurgent violence where it is implemented. With respect to the 

alternative hypothesis (Ha1) being tested, while it may have been true that displaced 

insurgents would have had a relatively lower capacity to incite violence in areas 

surrounding aid projects at this time, the results showing a (more substantial) decrease in 

violence in surrounding areas as well runs contrary to this alternative. 

Finally, even though the quantitative results are consistent with the theory, they 

cannot speak to the precise causal process involved. Fortunately, this was accomplished 

through qualitative research, which explains how assistance efforts effect insurgent 

violence. Specifically, development aid satisfied grievances that contributed to insurgent 

support, while improving relations with the government and thereby enabling the armed 

forces to make inroads and further improve security. 

Conclusion 

 In short, the Peruvian case evidences that largely uncorrupted development 

initiatives undertaken by a belligerent result in a decrease in insurgent attacks, both where 

projects are implemented and in surrounding districts. As already indicated, these results 

track with the findings described in the previous chapter on Iraq. This not only enhances 

confidence in the accuracy of the conclusions derived from studying these two cases, it 

also speaks to the generalizability of this dissertation’s theory. 

 While this chapter and the previous one explored development assistance projects 

implemented by a party to the conflict, the subsequent chapter is devoted to interventions 

undertaken by neutral parties. Specifically, the focus is on aid efforts during Colombia’s 

long-running insurgent conflict. Whereas the examination of the same type of 
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intervention (uncorrupted and implemented by a belligerent) across two very different 

cases (Iraq and Peru), speaks to generalizability, Colombia was selected due to its 

similarity to Peru. This is necessary given that a different type of assistance initiative will 

be analyzed. 
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Chapter 5: Neutral Actor-led Development Assistance in Colombia 
 
 

While Peru explored development assistance undertaken by a belligerent, an 

examination of Colombia enables investigation into aid projects implemented by a 

neutral party. Importantly, the two cases share numerous commonalities. However, unlike 

Peru, Colombia benefited substantially from ODA provided by foreign countries that 

were not involved in the conflict, as well as from aid by international NGOs. 

Consequently, this enables testing the final hypothesis in a similar setting, which 

enhances comparability.  

This chapter proceeds in five sections. The first section reiterates the relevant 

hypothesis that will be tested. The subsequent section discusses case selection. 

Specifically, this section provides background on, and justifies examining this case given 

its similarities to Peru. In addition to showing commonalities between the two conflicts it 

speaks to comparability by demonstrating that the limited COIN aid provided by the 

Colombian armed forces had similar effects to assistance efforts undertaken by the 

Peruvian government. Naturally, this section also provides extensive background on the 

use of ODA and aid provided by international NGOs during the Colombian conflict. The 

third section introduces the data. The next section is devoted to the results and the final 

section concludes. 

Localized Peace 

As already indicated, this chapter tests the hypothesis concerning relatively 

uncorrupted developmental interventions pursued by a neutral party. This dissertation’s 

theory suggests that these types of projects are likely to satisfy unmet needs, which 

contributed to insurgent support, thereby decreasing violence in the project areas. 
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However, it also predicts that violence is unlikely to be affected in surrounding locations. 

This is the case because even though perceptions of neutral assistance providers diffuse, 

whether or not locals perceive these entities as competent has no bearing on their support 

for the state versus the subversives. This leads to the following hypothesis: 

H4: When development assistance efforts undertaken by a neutral party are 

uncorrupted, violence will decrease at the project location but peace will not 

diffuse to surrounding areas. 

The Colombian Civil War 

 Prior to describing the data and the analysis an overview of Colombia’s internal 

conflict is warranted. This section proceeds in four parts. The first subsection offers a 

concise history of the conflict and background on the country’s two major insurgent 

groups. The subsequent subsection highlights similarities between the Colombian and 

Peruvian cases. Next, the penultimate subsection discusses government-led development 

initiatives in order to show that the effects of assistance are comparable across cases. This 

is not meant as a conclusive test of the hypothesis concerning uncorrupted, belligerent-

led aid initiatives. Instead, this subsection is included to demonstrate that similar 

assistance efforts in Colombia did not have systematically different effects to those in 

Peru and Iraq. The final subsection provides details on assistance efforts undertaken by 

neutral parties. 

Civil Strife in Colombia 

 The Colombian civil war began in 1964, in response to the exclusion of the left 

from politics. The current strife stems from the resolution (or lack thereof) of a previous 

internal conflict. In 1948 presidential front-runner, Jorge Eliécer Gaitán Ayala was 
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assassinated. This precipitated a decade of conflict known in Colombia as The Violence 

(La Violencia). Fighting only ceased as a result of the implementation of a power-sharing 

agreement, wherein Colombia’s two major political parties, the Liberals and the 

Conservatives, would alternate control of the government. While effective at ending the 

fighting between the two dominant parties, the agreement excluded everyone else, 

including the left, from political participation (ibid.; Renwick 2016). Beyond simply 

being precluded from power, the left was subjected to extensive political violence at the 

hands of the Liberal and Conservative governments and their constituents (Bargent 2014; 

DeAtley 2010). 

 This reality fomented the rise of two Marxist-Leninist insurgencies in 1964, the 

Revolutionary Armed Forces of Colombia (Fuerzas Armadas Revolucionarias de 

Colombia; FARC) and the National Liberation Army (Ejército de Liberación Nacional; 

ELN). Over the next two decades, four additional Marxist-Leninist guerrilla groups 

would emerge.41 However, these groups were relatively minor compared to the FARC 

and the ELN. Moreover, while both the FARC and the ELN remain in existence, the four 

other subversive groups all demobilized prior to 1991 (Rabasa and Chalk 2001, chapter 

7).  

 Even though a peace deal with the FARC is currently being implemented and 

negotiations have begun with the ELN, both groups mounted a serious and sustained 

challenge to the Colombian government for over half a century (Koven 2016a, 7-8). 

Indeed, at its height, the FARC amassed between 17,000 and 21,000 fighters (Ramsey 

                                                           
41 They were the 19th of April Movement (Movimiento 19 de Abril; M-19), the Popular Liberation Army 
(Ejército Popular de Liberación; EPL), the Quintín Lame Armed Movement (Movimiento Armado Quintín 
Lame; MAQL) and the Workers Revolutionary Party of Colombia (Partido Revolucionario de los 
Trabajadores de Colombia; PRT). 
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2009, chapter 3; Universidad Militar Nueva Granada, Instituto de Estudios 

Geoestratégicos y Asuntos Políticos 2010). Numbers were not the insurgents’ only 

strength. Indeed, the FARC proved very capable of employing complex tactics. The 

battle of El Billar is emblematic of their capabilities. During this engagement, between 

600 and 800 insurgents laid ambush to the elite 52nd Counter-guerrilla Battalion. The 

FARC utilized a combination of carefully planned fixed fighting positions and mobile 

tactics. They even executed a successful envelopment of the Colombian Army soldiers. 

Despite their close air support, at the end of five days of sustained fighting, 

approximately 70 percent of the battalion had been killed, wounded or captured, 

rendering it combat ineffective (Koven 2016a, 14).  

 Despite their relatively smaller size, the ELN have also proven to be an extremely 

potent adversary. At its apex, the ELN numbered approximately 5,000 (Edling 2012). 

They compensated for their smaller force strength by relying exclusively on guerrilla 

tactics. In particular, the ELN became adept at attacking linear infrastructure, such as oil 

and gas pipelines. These types of installations are prime targets. Not only are they 

difficult to defend, their destruction robs the government of much needed revenue. 

Energy exports constitute almost 10 percent of GDP and tax revenue derived from these 

activities comprises a considerably larger share of the national budget (Bumachar 2015). 

Following sustained attacks, Emerald Energy ceased Colombian operations and 

Occidental Petroleum Corporation threatened withdrawing as well (Hydrocarbons 

Colombia 2012; Mapping Militant Organizations 2015; Martin 2012). This forced the 

Colombian Ministry of National Defense (Ministerio de Defensa Nacional; 

MINDEFENSA) to reassign troops being utilized to protect the capitol and for offensive 
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operations against the insurgents, in order to form six infrastructure protection battalions 

to secure what the Minister of National Defense called “the wealth of Colombians” 

(ibid.). 

Andean Parallels 

 As noted above and in the chapter Theorizing Development Assistance and the 

Diffusion of Insurgent Violence, Peru and Colombia share many similarities. First, both 

conflicts started as Maoist/Marxist dynamics but eventually became heavily influenced 

by the insurgents’ involvement in narcotrafficking and other illicit activities (Koven 

2014; Koven and McClintock 2014, 2015, 2016). Second, while the Colombian conflict 

began earlier, the two cases substantially overlap temporally. Third, the levels of violence 

across the two countries are roughly comparable (Colombia suffered a yearly average of 

about 4,800 conflict related deaths, whereas Peru experienced about 3,500).42 Fourth, 

both conflicts are occurring in the same region. It is however worth noting that the cases 

do diverge with respect to the level of foreign involvement; there has certainly been more 

substantial foreign military support for Colombia versus Peru, that said, Colombian 

forces (albeit aided by U.S. training, equipment and intelligence) are largely responsible 

for prosecuting the conflict on their own. 

Integral Action 

 The primary purpose of this chapter is to evaluate the effects of assistance efforts 

undertaken by neutral parties. Nevertheless, a brief examination of COIN aid provided by 

a belligerent is warranted in order to demonstrate that the effects of development 

interventions are not systematically different in Colombia versus Peru and Iraq. This is 

                                                           
42 Author’s calculations based on BBC 2016; Comisión de la Verdad y Reconciliación 2003, vol. 2, 53, 
162; Grupo de Memoria Histórica 2013; The Guardian 2013. 
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accomplished by examining MINDEFENSA’s Integral Action (Acción Integral; AI) 

program. The program has much in common with FONCODES in Peru. Similarities with 

Iraq are also apparent. While quantitative data for this program remains unavailable, 

ample qualitative evidence was leveraged.  

The concept behind AI emerged in 2000 when the armed forces recognized the 

need to “refocus on social [issues]” (Godoy 2016). Specifically, they realized that only by 

satisfying basic unmet needs would the military achieve the desired operational results 

(ibid.). One sailor43 who was involved in AI’s first success in Montes de María, noted 

that he is “completely convinced [that] the solution is social” and AI is fundamentally 

important (Barretto 2016). He explained that “bullets can kill a person, but his ideas 

persist. AI can change his thinking” (ibid.). As regards his level of commitment to AI, he 

further stated “my daughter’s inheritance will be peace achieved through Integral Action 

and not money” (ibid.). Another officer explained that prior to AI, the “fundamental 

strategic error” was the political and military indifference to the plight of the population 

(Velasquez 2016).  

 Like FONCODES, AI involved a participatory component. The first step was to 

build confidence in the state, which had been eroded due to a lengthy history of limited 

state presence and neglect. One officer succinctly stated the problem: “the population did 

not believe in the state,” they were “orphans of the state” (Godoy 2016). In order to begin 

to rebuild ties between the state and society, community engagement sessions were 

organized. Aid interventions followed these initial, trust-building workshops (Restrepo 

                                                           
43 Note that the Colombian Navy has been heavily involved in COIN. Riverine forces play a critical role as 
many insurgent strongholds are not accessible overland. Moreover, the distinction between Colombian 
Marine Infantry (Infantería de Marina de Colombia) and other Colombian naval forces is not nearly as 
substantial as is the case with the U.S. Navy and Marine Corps, for example. 
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2016). Because AI was directly administered by the presidency, the initiative had ample 

flexibility to innovate in order to ensure that highly efficacious interventions resulted 

(Godoy 2016). First and foremost, this meant working with the population to understand 

the needs of the community from its point of view. Specifically, one official stressed the 

need for cultural sensitivity in order to achieve success. He further noted that particular 

efforts were tailored to work effectively with indigenous cultures (Barretto 2016). A 

second innovation included the use of development and other expert advisors to assist 

military commanders (Fernández 2016). Additionally, specialized attorneys were 

integrated into the counter-guerilla brigades involved in AI to improve respect for the 

human rights of the populations being assisted, while ensuring transparency and a lack of 

corruption (Barretto 2016; Godoy 2016). Finally, AI occurred in coordination with efforts 

to train locals to help provide for their own defense (Godoy 2016).44 

 For the most part, these initiatives had very positive effects. They succeeded in 

increasing the presence of, and confidence in, the state (Fernández 2016; Godoy 2016). In 

doing so, this created a backlash against the subversives (Barretto 2016; Godoy 2016). 

One officer noted that within a year and a half, perhaps two years, the state had firmly 

established control over Montes de María, which had been occupied by the FARC and 

ELN for many years (Godoy 2016). Another official noted that AI caused indigenous 

communities in the area to say “no more FARC” (“no más FARC”) (Barretto 2016). A 

Colombian Navy briefing shows a combined FARC and ELN force strength of 452 

insurgents in the area in early 2007. By the beginning of 2009, the number had decreased 

                                                           
44 These initiatives functioned very similarly to the peasant self-defense patrols in Peru, which also 
exploited synergies with government-funded development assistance efforts. 
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to just 3 subversives. Over that same period, AI initiatives45 contributed to a more than 

23 percent increase in Montes de María’s regional development index (Godoy). Positive 

perceptions of the government spread and requests from surrounding communities for 

assistance flowed in (Barretto 2016). Unfortunately, not every project was a glowing 

success. A previous minister of national defense indicated that when the state failed to 

effectively implement projects, the population lost confidence in the government. He 

further noted that the resultant distrust in the state lead to collaboration with, and support 

for, the guerrillas (Ospina 2016). Another government official, from the Victims Unit 

(Unidad para las Víctimas; a special office established to provide for victims of the 

conflict), noted that when corruption and other major problems do occur, the distribution 

of “resources of the state is like a scene from [the] Hunger Games” (Erazo 2016). 

Neutral Assistance 

 In 1998, President Andrés Pastrana Arango implemented a new initiative, 

Diplomacy for Peace (Diplomacia por la Paz). This strategy substantially increased the 

international profile of Colombia’s conflict (Ramírez 2002; Tokatlian 1999). Overseas 

interest in Colombia was again augmented following the September 11, 2001 terrorist 

attacks (Ramírez 2002). Foreign government and NGO involvement rose further during 

the latest round (2011-present) of highly publicized peace negotiations with the 

insurgents (Maruri 2016). While U.S. aid efforts largely focused on training and 

equipping security forces and economic assistance for crop substitution, the Swedish 

International Development Cooperation Agency (Sida) and the German GIZ (Deutsche 

                                                           
45 Of particular note was an AI-initiated collaboration between the armed forces and agribusiness in order 
to train locals in Montes de María to cultivate avocados and tobacco, both of which are highly lucrative 
crops, and to provide a market for the harvests (Godoy 2016). 
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Gesellschaft für Internationale Zusammenarbeit) in particular, implemented more holistic 

and consequential initiatives (ARD, Inc.; García 2016; Koven 2016a, 14; Maruri 2016; 

Rettberg 2016; Rudert and Simpson 2010). NGOs, such as the Development Program for 

the Peace (Programa Desarrollo para la Paz; PRODEPAZ), the Pan American 

Development Foundation (Fundación Panamericana para el Desarrollo; FUPAD) and 

the International Committee of the Red Cross (ICRC) have also been extensively 

involved (ibid.; Araoz 2016; International Committee of the Red Cross 2009). 

 Both the Sida and the GIZ have used development assistance in order to not only 

improve basic living conditions, but also as a means to connect isolated communities and 

pursue reconciliation (GIZ 2015; Ministry for Foreign Affairs Sweden; Swedish 

International Development Cooperation Agency 2015). While traditionally, governments’ 

international aid agencies only provided assistance directly to the receiving government, 

recently programs have been executed through local NGOs and communities. One 

particularly novel GIZ program warrants detailed discussion. The Innovation Fund to 

Support Peacebuilding in Colombia provides grants of up to €100,000 to finance 

proposals made by local civil society and other actors. Almost anyone can apply and a 

wide array of peace building measures are considered. Awarded projects receive not only 

financial resources but technical assistance from GIZ staff and their network of well over 

100 local experts. Fifteen projects have been successfully completed and another 10 have 

been awarded and are on-going (GIZ 2015, 2016). 

With respect to NGO involvement, numerous organizations have been heavily 

involved in Colombia. For example, PRODEPAZ recognizes that peace and development 

go hand in hand. Consequently, they have emphasized projects in conflict zones that 
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simultaneously focus on local social, economic and environmental priorities, while 

helping to build institutions and capacitate local government (Programa Desarrollo para 

la Paz 2015a). They also encourage democratic participation in project selection and 

implementation, and attempt to foster equality and solidarity in their targeted 

communities (Programa Desarrollo para la Paz 2015b). A total of 94 projects have been 

undertaken. Moreover, they have disbursed over 3.5 billion Colombian Pesos (including 

partner contributions) (Programa Desarrollo para la Paz 2015c). This equates to just 

under US$1.2 billion.46 PRODEPAZ is but one of many NGOs involved in Colombia. 

For its part, FUPAD has invested heavily in economic and social development in conflict 

zones. Their initiatives range from rapid delivery of basic necessities to longer-term 

assistance efforts developed with community input to improve social well-being and 

generate income (Fundación Panamericana Para el Desarrollo 2015). The ICRC are also 

involved in myriad development interventions in Colombia. Their community 

infrastructure projects are particularly noteworthy. For example, they have endeavored to 

rebuild school facilities damaged by the conflict and install modern water and sanitation 

infrastructure. These efforts ensure that children in conflict zones are able to continue 

their education, and that their schools provide a healthy environment for learning 

(International Committee of the Red Cross 2009, 10; International Committee of the Red 

Cross 2015). 

 Both foreign governments and NGOs appear to have effectively managed 

corruption while implementing successful projects. Evidence of widespread corruption is 

absent. While the lack of evidence of corruption does not necessarily mean that it did not 

                                                           
46 Author’s calculations utilizing exchange rate data derived from XE Currency Converter for December 
24, 2016. 
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occur, both governmental and NGO actors took extensive measures to avoid graft. Not 

only did projects themselves include effective oversight measures, but the agencies 

undertaking projects placed an emphasis on programs that also educated local 

implementers and recipients about the effects of corruption and how it can be curtailed. 

This was done in order to change local perspectives on corruption, and to enable the 

population to help guard against corrupt practices (see for example: Boehm 2008; 

International Committee of the Red Cross 2010; Swedish International Development 

Cooperation Agency 2009; Swedish International Development Cooperation Agency; 

Transparency International). 

 Moreover, it is clear that foreign governments and NGOs providing assistance in 

Colombia are correctly viewed as neutral parties. Occasionally neutral aid implementers 

are perceived as agents of the state (or insurgents) (Banks, Hulme, and Edwards 2015). 

This posed a particularly daunting problem in Afghanistan where all NGOs were legally 

required to consult with the government before implementing projects and often had to 

collaborate with Afghan security forces and foreign counterinsurgents in order to 

implement programs (Jelinek 2006). Fortunately, this was not the case in Colombia for a 

multitude of reasons. First, and as already noted, the nature of assistance from neutral 

governmental aid agencies has shifted from bilateral aid to the Colombian government to 

assistance projects, like the Innovation Fund to Support Peacebuilding in Colombia, 

which are carried out directly by the donor or through NGO partners (GIZ 2015, 2016). 

Second, the EU and its members – the largest foreign governmental donors – very visibly 

indicated their neutrality in opposing the U.S. and Colombian governments on Plan 

Colombia, which prioritized military assistance over development aid (Castaneda 2012; 
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Roy 2001). Similarly, NGOs credibility in rural areas has been augmented by the fact that 

their portrayal of the conflict often differs widely from the official positions taken by the 

Colombian government (Leech 2008). Third, unlike in Afghanistan, “the Colombian state 

has not come up with an effective bureaucratic structure to systematically keep track of 

exactly what these humanitarian and human rights NGOs are doing in Colombia” let 

alone the ability to influence their programs (Novak 2008, 76). Fourth, the ICRC made its 

impartiality clear when it vociferously denounced President Álvaro Uribe (2002-2010) 

and the Colombian security services following a successful hostage rescue mission, 

Operation CHECK (Operación JAQUE), in which a Colombian soldier wore a vest with 

an ICRC emblem (International Committee of the Red Cross 2008). Myriad other 

organizations followed suit noting that the misuse of the ICRC logo was a violation of the 

Geneva Convention and a war crime (Council on Hemispheric Affairs 2008). Finally, 

while supporting the peace process is not the same as supporting the government (indeed 

both the government and the insurgents are in favor of the process), numerous, high-

profile commitments were made to the Colombian state to aid in implementing this peace 

(especially in 2016). It is plausible that this type of assistance could be perceived as 

support for the government, consequently the analysis ends in in 2013 (see Data and 

Measurement, below, for more details on the time period used in the quantitative testing), 

well before the peace process was close to completion and before even pledges (let alone 

actual disbursements) of this type materialized. 

Data and Measurement 

Having discussed the Colombian case, this section now turns to examining the 

quantitative data. It proceeds in four parts. The first subsection explores the DV. The 



110 
  

subsequent subsection delves into the IV of interest. The third subsection describes the 

control variables. The final subsection is devoted to the data employed to derive the 

contiguity matrix used for spatial weighting. 

DV: Insurgent Attacks 

The DV, Attacks, is the number of insurgent attacks per municipality-year.47 

These data are derived from a database of violent acts and other security indicators 

maintained by MINDEFENSA (Ministerio de Defensa Nacional 2016). Given that 

assistance efforts expanded considerably beginning around 2006 to 2007, the analysis 

focuses on the period from 2006 through 2013 (ibid.; see also Fernández 2016).48 During 

this period, 6,600 attacks were perpetrated (Ministerio de Defensa Nacional 2016). A 

cube-root transformation is also specified.49 

IV: Assistance Spending 

The IV of interest, Lagged Spent, is the amount spent on development projects 

expressed in 2011 U.S. dollars. This data is derived from records compiled by AidData, 

an initiative based out of the College of William & Mary that records geospatially-

located data on over US$40 trillion worth of assistance spending worldwide (AidData 

2016a, 2016b). The original data includes all projects that were registered with the 

Colombian government (AidData 2016c). This includes data on projects financed by both 

                                                           
47 Detailed summary statistics for all variables are presented in appendix B. Despite different names, 
Colombian municipalities are comparable to Peruvian districts. Both are the third order subnational 
administrative unit. Moreover, as the summary statistics reported in appendices B for the chapters on Peru 
and Colombia show, the difference in size between the mean of the area of Peruvian districts and 
Colombian municipalities is just 0.026 km2. Similarly, the difference in the mean of the perimeter length is 
just 0.167 km. 
48 Because spending increased considerably from 2008 onwards, appendix A offers a robustness check that 
excludes 2006 and 2007 from the analysis. This check is also briefly mentioned below. 
49 A robustness check employing an alternative transformation is described in the text below, and in more 
detail in appendix A. 
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foreign governments and NGOs (AidData 2016b). Projects that were undertaken by the 

Colombian government are not included in the analysis.50 Between 2006 and 2013, just 

shy of a quarter billion 2011 U.S. dollars was spent on assistance efforts implemented by 

neutral parties in Colombia.51 Spending is temporally lagged by one year.52 

Control Variables 

A plethora of control variables are also incorporated into the model. Given that 

preexisting levels of public assistance and service provision affect levels of demand for 

aid projects, as well as the targeting of assistance efforts, Households in Deficit (%, 2005) 

is included. This variable captures the percentage of households in each municipality in 

2005 that were lacking one or more basic necessities, including public services such as 

potable water, sewage, electricity and trash collection53 (Departamento Administrativo 

Nacional de Estadística 2009). Naturally, the population of each municipality is also 

included as a control. Specifically, Households (2005) is the total number of households 

in each municipality in 2005. Both variables were derived from the 2005 General Census 

(Censo General 2005) administered by the National Administrative Department of 

Statistics (Departamento Administrativo Nacional de Estadística; DANE) (Departamento 

Administrativo Nacional de Estadística 2005). In addition, the ethnic composition of 

communities is also consequential to levels of violence and decisions concerning the 

provisioning of development aid. The variables Indigenous (2011) and Afro-Colombian 

                                                           
50 While this data includes projects implemented jointly by the Colombian government and neutral parties, 
it does not include projects undertaken by the Colombian government alone. As such, the data is not 
suitable for an analysis of projects implemented by the Colombian government. 
51 Author’s calculations using AidData 2016b and historical inflation rate data from U.S. Inflation 
Calculator. 
52 Given the average duration of projects, aggregating by year is necessary to avoid making arbitrary 
decisions about the temporal allocation of spending (Berman, et al. 2012, 7). 
53 Trash collection was not considered in rural areas. 
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(2010) are the number of registered indigenous and Afro-Colombian municipalities per 

department in 2011 and 2010, respectively. These are the only two variables included in 

the study that are not measured at the municipal level. Unfortunately, data was not 

available below the departmental level for these two indicators. The data undergirding 

these two variables was obtained from a DANE report on ethnic group statistics 

(Hernández). Given that the force strength of the guerrillas necessarily affects the 

potential for insurgent violence, I also include three proxy variables that speak to the 

presence of subversives. Measures of the size of rebel forces in a given area are not 

publically available. However, given that both insurgent groups are heavily dependent on 

illicit activities, the size of their presence can be at least very roughly approximated by 

the amount of illegal economic activities occurring in a given municipality. This can be 

measured utilizing data from the United Nations Office on Drugs and Crime (UNODC) 

and MINDEFENSA. Specifically, the Integrated System for Monitoring Illegal 

Cultivation (Sistema Integrado de Monitoreo de Cultivos Ilícitos; SIMCI) utilizes satellite 

imagery to accurately measure the cultivation of illicit crops (United Nations Office on 

Drugs and Crime). The variable Coca Cultivation (2006) is the number of hectares under 

cultivation in each municipality in 2006 (United Nations Office on Drugs and Crime 

2006). MINDEFENSA provided municipal-year level data on the illegal exploitation of 

natural resources (e.g. lumber) and mineral resources (e.g. alluvial gold)54 for the entire 

period under examination. These are incorporated into the analysis as two additional 

variables: Illicit Natural Resources and Illicit Mineral Resources, respectively 

(Ministerio de Defensa Nacional 2016).  

                                                           
54 Technically minerals are a type of natural resource. Nevertheless, MINDEFENSA collected separate data 
on the illegal exploitation of minerals, versus other forms of naturally occurring resources. 
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Finally, Area (km2) is the area in square kilometers of each municipality and 

Perimeter (km) is the length of the perimeter of each municipality in kilometers. These 

variables are incorporated to account for the different sizes of each municipality. This is 

necessary as it is plausible that assistance disbursed in geographically large 

municipalities was less visible to surrounding areas, given the relatively more substantial 

distances between parts of a large municipality and its neighbors. Both are derived from 

municipal-level GIS data files for Colombia (Database of Global Administrative Areas 

2009). Spatial and temporal random effects are specified in order to control for 

unobserved heterogeneity. 

Contiguity Matrix 

 The GIS data, from which the variables Area (km2) and Perimeter (km) were 

extracted, was also used in generating the contiguity matrix.55 The matrix includes all 

858 municipalities, where at least one violent attack or one aid project occurred over the 

course of the entire period of the study (ibid.). 

Results and Discussion 

This section is devoted to the quantitative results. The first subsection presents the 

results from the SDM. The subsequent subsection describes robustness checks that were 

conducted in order to increase confidence in the findings. The final subsection interprets 

these results in the context of the relevant hypothesis and alternative hypotheses. 

Results 

Table 5.1 presents the results from the SDM. The model regresses Lagged Spent 

on Attacks, while controlling for Households (2005), Households in Deficit (%, 2005), 

                                                           
55 Summary statistics for the spatial-weighting object is provided in appendix C. 
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Coca Cultivation (2006), Illicit Natural Resources, Illicit Mineral Resources, Afro-

Colombian (2010), Indigenous (2011), Perimeter (km) and Area (km2). The results 

demonstrate that while the coefficient for Lagged Spent is negative and statistically 

significant at the 99 percent confidence level for the direct effects of assistance spending 

on insurgent violence, the same coefficient fails to obtain statistical significance for the 

indirect effects. In short, while largely uncorrupted aid initiatives implemented by neutral 

actors correlate with a decline in insurgent violence in the areas where projects occur, 

violence-reducing benefits do not transmit to surrounding municipalities.  

Numerous control variables also achieve statistical significance for the direct 

effects. Specifically, the coefficients for the variables Households (2005), Coca 

Cultivation (2006), Illicit Natural Resources, Indigenous (2011) and Perimeter (km) are 

positive and statistically significant at the 99 percent confidence level. The coefficient for 

Illicit Mineral Resources is also positive and statistically significant at the 95 percent 

confidence level. The coefficients for Afro-Colombian (2010) and Area (km2) are 

negative and statistically significant at the 99 percent confidence level. Additionally, the 

coefficients for lgt-sigma and Sigma – which measures spatial dependency in the IV of 

interest – are statistically significant at the 99 percent confidence level.  
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Table 5.1: SDM Results for the effect of Lagged Spent on the Cubed-root of Attacks  
        
VARIABLES 
 

DIRECT 
EFFECTS 

INDIRECT 
EFFECTS 

SPATIAL/VAR. 
STATS. 

 

     
Lagged Spent -1.58e-07*** -4.59e-08   
 (2.67e-08) (5.02e-08)   
Households (2005) 2.43e-06*** 6.78e-11   
 (4.71e-07) (6.25e-08)   
Households in Deficit (%, 2005) -0.000160 -1.90e-07   
 (0.000520) (1.38e-05)   
Coca Cultivation (2006) 0.000232*** -2.10e-08   
 (4.94e-05) (5.99e-06)   
Illicit Natural Resources 0.00114*** -1.46e-07   
 (0.000236) (2.99e-05)   
Illicit Mineral Resources 0.00505** -6.47e-06   
 (0.00247) (0.000145)   
Afro-Colombian (2010) -0.00184*** 7.99e-07   
 (0.000616) (5.09e-05)   
Indigenous (2011) 0.00188*** -3.60e-07   
 (0.000644) (5.06e-05)   
Perimiter (km) 0.101*** -5.54e-05   
 (0.0201) (0.00265)   
Area (km2) -0.537*** 0.000229   
  (0.114) (0.0139)    
Rho   -0  
   (0.0894)  
lgt-theta   -1.058***  
   (0.0344)  
Sigma   0.0958***  
   (0.00154)  
     
Observations 8,580 8,580 8,580  
R-squared 0.364 0.364 0.364  
Number of Municipalities 858 858 858  
Standard errors in parentheses     
*** p<0.01, ** p<0.05, * p<0.1     

 
Robustness Checks 

 In order to increase confidence in the results, two different types of robustness 
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checks were conducted. First, the model was re-run excluding the years 2006 and 2007, 

given that aid spending was systematically lower in these two years versus 2008 through 

2013. Second, an alternative (square-root) transformation is specified for the DV. 

Appendix A presents detailed results, which show that the findings are robust to these 

changes. 

Theoretical Implications 

The results support the hypothesis (H4) that largely uncorrupted development aid 

efforts undertaken by neutral parties are violence-reducing, but only in the areas 

receiving assistance. This is the case given that neutral development actors can 

successfully remediate grievances, which resulted from the state’s failure to provide basic 

goods and services, in the areas they help. However they do not typically diffuse positive 

sentiments about the state or counterinsurgent, since it is not enacting the projects. While 

the results are consistent with the relevant core hypothesis advanced by this dissertation, 

they are inconsistent with both of the alternative hypotheses. 

Specifically, Ha1 specifies that if development aid projects are effective at 

reducing insurgent violence where implemented, they will displace guerrillas to other 

surrounding areas thereby causing an increase in attacks nearby. Ha2 posits that because 

insurgents have incentives to target projects, violence will escalate in project locations. 

Increased insurgent activity is likely to spill over into surrounding areas causing a rise in 

violence there as well. Both hypotheses are predicated on development assistance altering 

the levels of insurgent activity in the areas where projects are implemented. The change 

in levels of violence at project sites, and not altered perceptions about the implementer, is 

what causes the diffusion of violence to surrounding locations. In essence, the type of 
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actor implementing the assistance efforts (belligerent or neutral party) does not matter 

according to the alternative hypotheses. However, as noted, the results do not support 

either hypothesis as uncorrupted projects administered by neutral parties neither diffuse 

violence nor spread peace outside of the project location. 

Conclusion 

Like the previous substantive chapters, this case study connects the literature on 

diffusion and the effects of development assistance on insurgent violence. Specifically, it 

shows that relatively uncorrupted development assistance initiatives undertaken by 

neutral parties decreases insurgent violence where implemented. However, these projects 

do not diffuse peace to surrounding areas. This is because these projects are likely to 

succeed in remediating grievances in municipalities receiving assistance, but do not effect 

perceptions of the state and/or counterinsurgent in surrounding locations.  

Whereas the alternative explanations advanced in this dissertation posit the same 

effects of development interventions on insurgent violence irrespective of if the 

implementer is a belligerent or neutral party, the results from this chapter demonstrate 

that the type of actor matters. In doing so, this analysis fails to find support for both 

alternative hypotheses. In particular, these hypotheses predict the diffusion of insurgent 

violence following assistance interventions. This did not occur in this case. 
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Chapter 6: Conclusion 
 
 

This dissertation advances and tests a theory that explains the effects of 

development assistance on insurgent violence, both in the areas receiving assistance and 

in surrounding locations. Specifically, it hypothesizes that the way in which aid effects 

violence is conditioned by two factors: the presence of corruption and the identity of the 

implementer. Highly corrupted projects are systematically less likely to meet their 

developmental objectives (Penciakova and Kaufmann 2012; Schudel 2008) and are 

therefore unlikely to ameliorate grievances. At a minimum corrupted projects will not 

reduce violence where implemented and, to the extent that the counterinsurgent is 

implementing corrupted projects that quickly target assistance based on violence, and 

local elites understand distributional decisions, the opportunity for elites in surrounding 

areas to benefit from corruption may create perverse incentives to galvanize popular 

support for insurgents in the hopes of receiving assistance. 

Regarding the actor responsible for implementation, parties to the conflict can use 

aid to effect insurgent violence both at project locations and in surrounding areas. 

Whereas projects implemented by neutral actors tend to only influence violence at project 

sites. Specifically, government- or counterinsurgent-initiated projects also alter 

perceptions about a belligerent in areas surrounding development interventions, while 

neutral party-led projects do not. For example if the government is seen as effective at 

providing for basic needs while managing corruption, positive sentiments toward the state 

will diffuse. However, if the counterinsurgent is viewed as incapable of executing even 

basic developmental interventions and culpable in breading corruption, negative 

perceptions will result in surrounding areas as well, which will influence support for the 
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state versus the insurgents in these areas. Positive and negative incentives about neutral 

assistance providers also diffuse, however whether or not locals perceive these entities as 

competent has no bearing on their support for the state versus the subversives.  

In elaborating and testing this theory, this dissertation combines the literatures on 

conflict diffusion and development assistance as part of COIN. In doing so it also 

corrects for a methodological problem, SAC, which afflicted previous studies of COIN 

aid. Consequently, it more conclusively answers the question: is development assistance 

an effective COIN tool?  

With respect to case selection, three cases were included in this study. Iraq and 

Peru enabled testing this dissertation’s hypotheses (H1 and H3) concerning belligerent-

initiated development assistance efforts in two exceedingly different contexts. This 

speaks to the broad generalizability of the finding. On the other hand, Colombia is 

remarkably similar to Peru. Consequently, it is suitable for testing the aspect of the theory 

pertaining to aid interventions undertaken by a neutral actor in a comparable setting to 

Peru. Importantly, this study includes both corrupted and uncorrupted development 

programs, which is necessary given that both are common in practice. Specifically it is 

estimated that in excess of 30 percent of COIN aid expenditures are lost to corruption 

(Ravelo 2012). Similarly, it also includes both projects implemented by belligerents and 

by neutral parties. Again, both are prevalent. Indeed as much as 40 percent of ODA has 

been sent to conflict zones in recent years by neutral governments; this is just one type of 

neutral party aid (Berman, et al. 2013).  

The remainder of this chapter is divided into two sections. The first summarizes 

the core findings from across the three cases. It also recaps the evidence against the 
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competing theoretical explanations. The final section is devoted to recapping the 

advantages and limitations of this dissertation. It also highlights areas for future research, 

with emphasis placed on overcoming the limitations evident in this manuscript.  

Results 

 The Iraq case study focuses on both corrupted and uncorrupted assistance efforts 

by a belligerent. The quantitative and qualitative results for corrupted assistance efforts 

carried out by the counterinsurgent show that not only did these aid interventions fail to 

affect violence where implemented, they precipitated a statistically significant increase in 

violence in surrounding areas. However, when assistance projects undertaken by a 

belligerent largely avoided corruption, they not only reduced violence in the districts 

receiving assistance, they also contributed to a reduction in the number of insurgent 

attacks in surrounding areas. The Peruvian case confirms this finding in a considerably 

different context. Specifically, aid disbursed by the Peruvian state correlated with a 

decrease in violence in both the districts that directly benefited from interventions and in 

surrounding locations. Qualitative evidence from Colombia indicates similar effects for 

Integral Action, the Colombian armed forces’ COIN aid program. The Colombian case 

also leverages both quantitative and qualitative research to evaluate the effects of 

relatively uncorrupted development interventions by neutral parties. While these 

endeavors are effective at satisfying basic needs and remediating grievances where 

implemented, positive perceptions of the state do not diffuse as a result. Consequently, 

these assistance initiatives do not effect violence in surrounding areas.  

 In short, the case studies offer direct, confirmatory evidence for three of the four 

hypotheses; those pertaining to corrupted and uncorrupted development assistance efforts 
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undertaken by a belligerent (H1 and H3, respectively) and the hypothesis regarding 

uncorrupted aid interventions by a neutral party (H4). As the theory chapter indicated, 

direct testing of the final hypothesis is not possible (H2). This hypothesis predicted that 

corrupted assistance efforts by a neutral party would fail to affect violence both where 

implemented and in surrounding areas. While logical, given that these projects were 

unlikely to satisfy grievances where implemented or alter perceptions about the state or 

counterinsurgent in surrounding areas, proving a truly null finding is not possible using 

conventional statistical techniques. Nevertheless, substantial indirect evidence exists, 

which lends credence to this final aspect of the theory. Specifically, the Iraq case 

demonstrates that corruption causes aid interventions to fail to meet their developmental 

objectives. Consequently local needs are not satisfied and levels of insurgent support 

remain unchanged. Moreover, the Colombian analysis shows that assistance efforts 

undertaken by neutral parties do not diffuse positive or negative sentiments about any of 

the belligerents and consequently do not effect support for the state or the insurgents in 

surrounding areas. Taken together, this lends additional support to the expectation that 

corrupted projects implemented by a neutral party are unlikely to impact insurgent 

violence either in the areas receiving assistance or in surrounding locations. 

 Not only are the results from all three cases consistent with this dissertation’s 

theory, they do not support either of the alternative theoretical explanations for how 

development assistance might diffuse violence. As noted, one possibility is that 

interventions that succeed in reducing violence where implemented displace insurgents 

into surrounding areas (Ha1). Consequently an increase in violence in surrounding areas 

would be expected wherever development assistance succeeds in decreasing violence at 
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project locations, no matter the type of implementer. While logical, all three cases 

demonstrate that successful assistance efforts either diffuse peace or have no effect in 

surrounding areas. This is fundamentally at odds with this alternative explanation. The 

other possible alternative is that development projects are prime targets for insurgents. 

Consequently, violence will increase at project locations and heightened levels of 

insurgent activity then spillover into surrounding areas (Ha2). However, an increase in 

violence never occurred in the areas receiving assistance across all of the cases and 

project types. Consequently spillover of this sort does not appear to explain how 

development assistance effects insurgent violence. 

Advantages, Limitations and Areas for Future Research 

 This research offers three primary contributions. First, building off of the 

recognition that SAC exist in and likely biases previous research, this dissertation 

develops and tests a theory that explains how COIN aid can either diffuse violence or 

spread peace. Second, and relatedly, it offers a modeling strategy that is robust to SAC 

and suitable for testing this new theory. This approach could also be applied to simply 

replicate many of the previous studies while controlling for SAC. Third, it incorporates 

corruption and implementer identity into the analysis. The broader literature on 

development assistance suggests that these variables are highly consequential (Büthe 

2013; Ferris 2005; Keck 2014; Nunnenkamp 2008; Schudel 2008). Nevertheless, they 

receive minimal attention in the existing literature on COIN aid.  

 Despite its advantages, three key limitations warrant discussion. First and 

foremost, each individual case experiences limited variation with respect to corruption 

and the type of aid implementer. At most, two of the four project types are studied in any 
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single case. Specifically, the Iraq case allows for an analysis of both corrupted and 

largely uncorrupted aid interventions undertaken by a belligerent, and Colombia 

experienced relatively corruption-free projects implemented by both the government and 

neutral parties. Unfortunately, quantitative data is only available for the latter project type 

in Colombia. Consequently, it is necessary to test different parts of the theory in distinct 

cases. While this is certainly not ideal, this is a function of how COIN aid has been used 

in practice and data classification issues.  

 While it is impossible to predict if the way COIN aid will be used in the future 

will eventually allow researchers to overcome this limitation, suitable data already exists 

but remains publically unavailable. First, increased confidence in this dissertation’s 

conclusions may result from quantitative analysis of relatively uncorrupted projects 

implemented by both a belligerent and neutral parties in the same conflict. Quantitative 

data from the Colombian government’s aid program, Integral Action, would be required 

to accomplish this. At present the data exists but is not publically available. However, it 

is possible that it may become obtainable following the conclusion of the peace process 

and the 2018 presidential elections. Second, Afghanistan experienced all four types of 

developmental interventions and would make for an ideal test, except that suitable data 

on COIN aid by coalition and Afghan forces remains unavailable to the public.56 This 

will likely change in the future as efforts to declassify other types of quantitative data in 

Afghanistan are already underway. Some have already come to fruition. 

Second, and as noted, direct quantitative testing of corrupted projects undertaken 

by neutral parties was not possible given that traditional statistical techniques cannot 

                                                           
56 Though valid concerns exist that NGOs were not perceived as neutral in Afghanistan (Jelinek 2006). 
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‘prove’ null findings. While substantial indirect evidence exists to support the 

hypothesized relationship between corrupted neutral party aid and insurgent violence, 

both where it is implemented and in surrounding areas, this finding could be further 

substantiated through in-depth qualitative research into a carefully selected sample of 

these types of projects. In addition, while frequentist statistical approaches are not suited 

to ‘proving’ null findings, Bayesian techniques are. This is the case because Bayesian 

statistics allows the user to specify informative priors; in this case the researcher could 

specify a null prior and calculate the probability that it is accurate (Western and Jackman 

1994). A fundamental limitation is that this requires the investigator to specify the largest 

plausible effect size, which is potentially subjective (Chatham 2009; Gallistel 2009). 

However, the aforementioned qualitative research could help justify these decisions. 

Sensitivity analysis could also be employed to further enhance confidence in the analysis. 

Third, the effect sizes for COIN aid tend to be low. That is to say that even 

relatively corruption-free projects have a very limited violence-reducing effect per dollar 

spent. It is possible that this is a product of the data. Specifically, the Iraq data is not as 

fine-grained as could be desired. While the Peruvian and Colombian data is much better 

in this regard, the overall quality is not as good. However, it is very likely that the reality 

is that development aid, which has been hailed as a panacea for COIN, is just not that 

effective. Nevertheless, before halting the use of COIN aid, this analysis should be 

repeated using the still classified, but much-higher fidelity versions of the same data used 

in the Iraq case. Moreover, practitioners must realize that even if the cost per avoided 

attack is prohibitively expensive to justify COIN aid on its own, these projects also meet 

other objectives. For example, providing health care to those who have never before had 
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access offers other advantages beyond reductions in insurgent violence.  



126 
  

Bibliography 
 
 

Chapter 1: Introduction 
 
Bates, Robert H. 1997. “Area studies and the discipline: A useful controversy?” PS: 

Political Science and Politics 30, no. 2: 166-169.  

Beardsley, Kyle. 2011. “Peacekeeping and the Contagion of Armed Conflict.” The Journal 
of Politics 73, no. 4 (October): 1051-64. 

Beath, Andrew, Fotini Christia, and Ruben Enikolopov. 2011. “Winning Hearts and 
Minds through Development: Evidence from a Field Experiment in Afghanistan?” 
Massachusetts Institute of Technology Political Science Department Working 
Paper no. 2011-14: 1-37. 

Berman, Eli, Joseph H. Felter, Jacob N. Shapiro, and Erin Troland. 2013. “Modest, 
Secure, and Informed: Successful Development in Conflict Zones.” American 
Economic Review: Papers & Proceedings 103, no. 3 (May): 512-7. 

Berman, Eli, Jacob N. Shapiro, and Joseph H. Felter. 2011. “Can Hearts and Minds be 
Bought? The Economics of Counterinsurgency in Iraq.” Journal of Political 
Economy 119, no. 4 (August): 766-819. 

Black, Nathan. 2013. “When Have Violent Civil Conflicts Spread? Introducing a Dataset 
of Substate Conflict Contagion.” Journal of Peace Research 50, no. 6 
(November): 751-9. 

Brady, Henry E., and David Collier. 2004. Rethinking Social Inquiry: Diverse Tools, 
Shared Standards. Lanham, Maryland: Rowman & Littlefield Publishers, Inc. 

Carreras, Miguel. 2012. “Civil Wars and Criminality: The Spillover of Violence.” 
International Journal of Criminology and Sociological Theory 5, no. 1 (June): 
837-52. 

Coppedge, Michael. 1999. “Thickening Thin Concepts and Theories: Combining Large N 
and Small in Comparative Politics.” Comparative Politics 31, no. 4 (July): 465-76 

Crost, Benjamin, Joseph Felter, and Patrick Johnston. 2014. “Aid under Fire: 
Development Projects and Civil Conflict.” American Economic Review, 104, no. 
6: 1833-56. 

Crost, Benjamin, and Patrick B. Johnston. 2010. “Development Aid and Civil Conflict.” 
Unpublished manuscript.  

Dormann, Carsten F., Jana M. McPherson, Miguel B. Araújo, Roger Bivand, Janine 
Bolliger, Carl Gudrun, Richard G. Davies, et al. 2007. “Methods to Account for 
Spatial Autocorrelation in the Analysis of Species Distributional Data: A 



127 
  

Review.” Ecography 30: 609-28. 

Eckstein, Harry. 1975. “Case Studies and Theory in Political Science.” In Handbook of 
Political Science, Vol. 7, edited by Fred Greenstein and Nelson Polsby. Reading, 
MA: Addison-Wesley. 

Elhorst, J. Paul. 2003. “Specification and estimation of spatial panel data Models.” 
International Regional Science Review 26, no. 3: 244-68. 

Gleditsch, Kristian Skrede. 2007. “Transnational Dimensions of Civil War.” Journal of 
Peace Research 44, no. 3 (May): 293-309. 

Gleditsch, Kristian Skrede, Idean Salehyan, and Kenneth Schultz. 2008. “Fighting at 
Home, Fighting Abroad: How Civil Wars Lead to International Disputes.” 
Journal of Conflict Resolution 52, no. 4 (August): 479-506. 

Kilcullen, David. 2009. The Accidental Guerrilla: Fighting Small Wars in the Midst of a 
Big One. New York: Oxford University Press. 

Koven, Barnett S. 2016. “Emulating U.S. Counterinsurgency Doctrine: Barriers for 
Developing Country Forces, Evidence from Peru.” Journal of Strategic Studies 
(published online first, April 28).  

Levratto, Nadine. 2014. “Does Firm Creation Depend on Local Context? A Focus on the 
Neighbouring Effects.” Réseau de Recherche sur l’Innovation / Research Network 
on Innovation Working Paper no. 40: 1-26. 

O’Loughlin, John, Frank D. W. Witmer, and Andrew M. Linke. 2010. “The Afghanistan-
Pakistan Wars, 2008-2009: Micro-geographies, Conflict Diffusion, and Clusters 
of Violence.” Eurasian Geography and Economics 50, no. 4: 437-71. 

Przeworski, Adam. 2007. “Is the Science of Comparative Politics Possible?” In 
Oxford Handbook of Comparative Politics, edited by Carles Boix and Susan C. 
Stokes. New York: Oxford University Press. 

Quah, Danny. 1996. “Aggregate and regional disaggregate fluctuations.” Empirical 
Economics 21, no. 1: 137-62. 

Special Inspector General for Afghanistan Reconstruction. 2014. Quarterly Report to the 
United States Congress. (July 30). 

Special Inspector General for Iraq Reconstruction. 2009. Hard Lessons. Washington, DC: 
U.S. Government Printing Office. 

Tobler, Waldo. 1970. “A Computer Movie Simulating Urban Growth in the Detroit 
Region.” Economic Geography 46, no. 2: 234-40. 

Verghese, Ajay. 2012. “Multi-Method Fieldwork in Practice: Colonial Legacies and 

http://politics.as.nyu.edu/docs/IO/2800/isthescience.pdf


128 
  

Ethnic Conflict in India.” Qualitative & Multi-Methods Research (Fall): 41-4. 

Young, William, David Stebbins, Bryan Frederick, and Omar Al-Shahery. 2014. “The 
Conflict in Syria: Understanding and Avoiding Regional Spillover Effects.” Santa 
Monica, CA: RAND Corporation. 

Chapter 2: Theorizing Development Assistance and the Diffusion of Insurgent 
Violence 
 
Adnan, Shinan, and Aaron Reese. 2014. Beyond the Islamic State: Iraq’s Sunni 

Insurgency.” Washington, DC: The Institute for the Study of War. 

Al Jazeera. 2015. “ISIL Wins Support from Iraq’s Sunni Tribes.” June 4. 

Anselin, Luc. 1988. Spatial econometrics: Methods and models. Dordrecht, the 
Netherlands: Kluwer Academic Publishers. 

Baltagi, Badi H. and Yin-Fang Yen. 2014. Hospital Treatment Rates and Spill-over Effects: 
Does Ownership Matter? Syracuse: Center for Policy Research. 

Bates, Robert H. 1997. “Area studies and the discipline: A useful controversy?” PS: 
Political Science and Politics 30, no. 2: 166-169.  

BBC. 2016. “Colombia Peace Deal: FARC to Announce Ceasefire on Sunday.” August 
28. 

Beardsley, Kyle. 2011. “Peacekeeping and the Contagion of Armed Conflict.” The Journal 
of Politics 73, no. 4 (October): 1051-64. 

Beath, Andrew, Fotini Christia, and Ruben Enikolopov. 2011. “Winning Hearts and 
Minds through Development: Evidence from a Field Experiment in Afghanistan?” 
Massachusetts Institute of Technology Political Science Department Working 
Paper no. 2011-14: 1-37. 

Beehner, Lionel. 2005. Iraq: Insurgency Goals. Washington, DC: Council on Foreign 
Relations. 

Berman, Eli, Joseph H. Felter, Jacob N. Shapiro, and Erin Troland. 2013a. “Effective Aid 
in Conflict Zones.” Vox (May 26). http://voxeu.org/article/effective-aid-conflict-
zones. 

Berman, Eli, Joseph H. Felter, Jacob N. Shapiro, and Erin Troland. 2013b. “Modest, 
Secure, and Informed: Successful Development in Conflict Zones.” American 
Economic Review: Papers & Proceedings 103, no. 3 (May): 512-7. 

Berman, Eli, Jacob N. Shapiro, and Joseph H. Felter. 2011. “Can Hearts and Minds be 
Bought? The Economics of Counterinsurgency in Iraq.” Journal of Political 
Economy 119, no. 4 (August): 766-819. 



129 
  

Black, Nathan. 2013. “When Have Violent Civil Conflicts Spread? Introducing a Dataset 
of Substate Conflict Contagion.” Journal of Peace Research 50, no. 6 
(November): 751-9. 

Bolduc, Denis, Richard Laferriere, and Gino Santarossa. 1995. “Spatial Autoregressive 
Error Components in Travel Flow Models: An Application to Aggregate Mode 
Choice.” In New Directions in Spatial Econometrics, edited by Luc Anselin and 
Raymond J. G. M. Florax, 96-108. Berlin: Springer.  

Brady, Henry E., and David Collier. 2004. Rethinking Social Inquiry: Diverse Tools, 
Shared Standards. Lanham, Maryland: Rowman & Littlefield Publishers, Inc. 

Brasington, David M., and Diane Hite. 2005. “Demand for Environmental Quality: A 
Spatial Hedonic Analysis.” Regional Science and Urban Economics 35: 57-82. 

Büthe, Tim. 2013. “Private vs. Public Allocation of U.S. Humanitarian and Development 
Aid.” Congress on Research Frontiers in Foreign Aid. Princeton, NJ. 

Carreras, Miguel. 2012. “Civil Wars and Criminality: The Spillover of Violence.” 
International Journal of Criminology and Sociological Theory 5, no. 1 (June): 
837-52. 

Celbis, Mehmet Guney, Denis de Crombrugghe, and Joan Muysken. 2014. “Public 
Investment and Regional Politics: The Case of Turkey.” UNU-MERIT Working 
Paper no. 1871-9872: 1-50. 

Cederman, Lars-Erik, Nils B. Weidmann, and Kristian Skrede Gleditsch. 2011. 
“Horizontal Inequalities and Ethno-nationalist Civil War: A Global Comparison.” 
American Political Science Review 105 (August): 478-95. 

Chatham, Chris. 2009. “Pavlov’s Dogs: Proving the Null With Bayesianism.” Developing 
Intelligence (blog). ScienceBlogs. June 30. 
http://scienceblogs.com/developingintelligence/2009/06/30/conditioning-
unaffected-by-num/. 

Comisión de la Verdad y Reconciliación. 2003. Lima, Peru. 

Coppedge, Michael. 1999. “Thickening Thin Concepts and Theories: Combining Large N 
and Small in Comparative Politics.” Comparative Politics 31, no. 4 (July): 465-76 

Cox, Nicholas J. 2007. “Transformations: An Introduction.” Boston College Faculty 
Microcomputer Resource Center. July 25. 
http://fmwww.bc.edu/repec/bocode/t/transint.html. 

Cressie, Noel A. and Timothy Read. 1989. “Spatial Data-analysis of Regional Counts.” 
Biometrical Journal 31, no. 6: 699-719. 

Crost, Benjamin, Joseph Felter, and Patrick Johnston. 2014. “Aid under Fire: 



130 
  

Development Projects and Civil Conflict.” American Economic Review, 104, no. 
6: 1833-56. 

Crost, Benjamin, and Patrick B. Johnston. 2010. “Development Aid and Civil Conflict.” 
Unpublished manuscript.  

De Soto, Hernando. 1989. The Other Path: The Economic Answer to Terrorism.” New 
York: Basic Books. 

Dormann, Carsten F., Jana M. McPherson, Miguel B. Araújo, Roger Bivand, Janine 
Bolliger, Carl Gudrun, Richard G. Davies, et al. 2007. “Methods to Account for 
Spatial Autocorrelation in the Analysis of Species Distributional Data: A 
Review.” Ecography 30: 609-28. 

Eckstein, Harry. 1975. “Case Studies and Theory in Political Science.” In Handbook of 
Political Science, Vol. 7, edited by Fred Greenstein and Nelson Polsby. Reading, 
MA: Addison-Wesley. 

Elhorst, J. Paul. 2003. “Specification and estimation of spatial panel data Models.” 
International Regional Science Review 26, no. 3: 244-68. 

Felter, Joseph, and Brian Fishman. 2007. “Al-Qa’ida’s Foreign Fighters in Iraq: A First 
Look at the Sinjar Records.” West Point, NY: Combating Terrorism Center at 
West Point. 

Ferris, Elizabeth. 2005. “Faith-based and Secular Humanitarian Organizations.” 
International Review of the Red Cross 87, no. 858 (June): 311-25. 

Gallistel, Charles R. 2009. “The Importance of Proving the Null.” Psychological Review, 
116, no. 2 (April): 439-53. 

Gleditsch, Kristian Skrede. 2007. “Transnational Dimensions of Civil War.” Journal of 
Peace Research 44, no. 3 (May): 293-309. 

Gleditsch, Kristian Skrede, Idean Salehyan, and Kenneth Schultz. 2008. “Fighting at 
Home, Fighting Abroad: How Civil Wars Lead to International Disputes.” 
Journal of Conflict Resolution 52, no. 4 (August): 479-506. 

Griffith, Daniel A. 1988. Advanced Spatial Statistics: Special Topics in the Exploration 
of Quantitative Spatial Data. Dodrecht, the Netherlands: Kluwer Academic 
Publishers. 

Grupo de Memoria Histórica. 2013. “Basta ya: Colombia: Memorias de guerra y 
dignidad.” Bogota, Colombia. 

The Guardian. 2013. “Colombian Conflict has Killed 220,000 in 55 Years, Commission 
Finds.” July 25. 



131 
  

Gurr, Ted. 1968. “Psychological Factors in Civil Violence.” World Politics 20, no. 2 
(January): 245-78. 

Kaiser, Mark S. 2009. “Statistical Analysis of Spatial Count Data.” In Environmetrics: 
Encyclopedia of Life Support Systems, edited by Abdel H. El-Shaarawi and Jana 
Jureckova, 177-96. Paris: UNESCO-EOLSS. 

Kaiser, Mark S. and Noel Cressie. 1997. “Modeling Poisson Variables with Positive 
Spatial Dependence.” Statistics and Probability 35: 423-32.  

Kalyvas, Stathis N. 2006. The Logic of Violence in Civil Wars. New York: Cambridge 
University Press. 

Keck, Michelle. 2014. “Comparing the Determinants of US-Funded NGO Aid Versus US 
Official Development Aid.” Voluntas 26: 1314-36. 

Kilcullen, David. 2009. The Accidental Guerrilla: Fighting Small Wars in the Midst of a 
Big One. New York: Oxford University Press. 

Kim, Chong Won, Tim T. Phipps, and Luc Anselin. 2003. “Measuring the Benefits of Air 
Quality Improvements: A Spatial Hedonic Approach.” Journal of Environmental 
Economics and Management 45, no. 1 (January): 24-39.  

Kissling, W. Daniel and Gudrun Carl. 2008. “Spatial Autocorrelation and the Selection of 
Simultaneous Autoregressive Models.” Global Ecology and Biogeography 17, no. 
1 (January): 59-71. 

Koven, Barnett S. 2014. “The Perils of Simultaneous COIN and Counternarcotics in Peru 
and Colombia.” E-International Relations. April 28. 

Koven, Barnett S., and Cynthia McClintock. 2014. “Cooperation and Drug Policies: 
Trends in Peru in the Twenty-First Century.” In Cooperation and Drug Policies 
in the Americas: Trends in the Twenty-First Century, edited by Robert Zepeda 
and Jonathan Rosen, 53-79. Lanham, MD: Lexington Books. 

—. 2015. “The Evolution of Peru’s Shining Path and the New Security Priorities in the 
Hemisphere.” In Reconceptualizing Security in the Americas in the Twenty-First 
Century, edited by Bruce M. Bagley, Hanna Kassab, and Jonathan Rosen. 
Lanham, MD: Lexington Books. 

—. 2016. “The Obama Administration and Peru.” In The Obama Doctrine in the 
Americas: Major Security Challenge, edited by Hanna Kassab and Jonathan 
Rosen. Lanham, MD: Lexington Books. 

Lambert, Dayton M., Jason P. Brown, and Raymond J. G. M. Florax. 2010. “A Two-step 
Estimator for a Spatial Lag Model of Counts: Theory, Small Sample Performance 
and an Application.” Regional Science and Urban Economics 40, no. 4 (July): 
241-52.  



132 
  

LeSage, James P. and R. Kelley Pace. 2009. Introduction to Spatial Econometrics. 
Oxford: Chapman and Hall/CRC Press. 

Levratto, Nadine. 2014. “Does Firm Creation Depend on Local Context? A Focus on the 
Neighbouring Effects.” Réseau de Recherche sur l’Innovation / Research Network 
on Innovation Working Paper no. 40: 1-26. 

Li, Yi. “Modeling and Analysis of Spatially Correlated Data.” Unpublished manusrcript. 

Lyall, Jason. 2009. “Does Indiscriminant Violence Incite Insurgent Attacks? Evidence 
from Chechnya. Journal of Conflict Resolution 53, no. 3 (June): 331-62. 

McCallister, William S. 2005. “The Iraq Insurgency: Anatomy of a Tribal Rebellion.” 
First Monday 10, no. 3 (March 7). 

Nunnenkamp, Peter. 2008. “Aid Effectiveness: The Myth of NGO Superiority.” 
Development & Cooperation (April). 

Olken, Benjamin A. 2009. “Corruption Perceptions vs. Corruption Reality.” Journal of 
Public Economics 93, nos. 7-8 (August): 950-64. 

O’Loughlin, John, Frank D. W. Witmer, and Andrew M. Linke. 2010. “The Afghanistan-
Pakistan Wars, 2008-2009: Micro-geographies, Conflict Diffusion, and Clusters 
of Violence.” Eurasian Geography and Economics 50, no. 4: 437-71. 

Pace, R. Kelley, Ronald Barry, and C. F. Sirmans. 1998. “Spatial Statistics and Real 
Estate.” Journal of Real Estate Finance and Economics 17, no. 1: 5-13. 

Pate, Amy. Forthcoming. “Geographies of Terrorism.” In Terrorism: A Global 
Introduction, edited by Gary Ackerman and Amy Pate. Hoboken, NJ: Wiley. 

Penciakova, Veronika, and Daniel Kaufmann. 2012. “How Selective is Donor Aid? 
Governance and Corruption Matter and Donor Agencies Should Take Notice.” 
Washington, DC: The Brookings Institution. 

Petersen, Roger D. 2002. Understanding Ethnic Violence: Fear, Hatred, and Resentment 
in Twentieth-Century Eastern Europe. New York: Cambridge University Press. 

Petit, Kevin (LTC (ret), U.S. Army). In discussion with the author. April 22. 

Pollack, Kenneth M. 2003. “After Saddam: Assessing the Reconstruction of Iraq.” 
Foreign Affairs (January 12). 

Przeworski, Adam. 2007. “Is the Science of Comparative Politics Possible?” In 
Oxford Handbook of Comparative Politics, edited by Carles Boix and Susan C. 
Stokes. New York: Oxford University Press. 

Quah, Danny. 1996. “Aggregate and regional disaggregate fluctuations.” Empirical 

http://politics.as.nyu.edu/docs/IO/2800/isthescience.pdf


133 
  

Economics 21, no. 1: 137-62. 

Ravelo, Jenny Lei. 2012. “30 Percent of Aid Lost to Corruption – Ban Ki-moon.” The 
Development Newswire. July 10. https://www.devex.com/news/30-percent-of-
aid-lost-to-corruption-ban-ki-moon-78643. 

Rose-Ackerman, Susan. 2010. “Corruption: Greed, Culture, and the State.” The Yale Law 
Journal 120 (November 10). 

Salacuse, Jeswald W. 2013. The Three Laws of International Investment: National, 
Contractual, and International Frameworks for Foreign Capital. Oxford: Oxford 
University Press. 

Schudel, Carl Jan Willem. 2008. “Corruption and Bilateral Aid: A Dyadic Approach.” 
Journal of Conflict Resolution 52, no. 4 (August): 507-26. 

Stewart, Frances. 2008. “Horizontal Inequalities and Conflict: An Introduction and some 
Hypotheses.” In Horizontal Inequalities and Conflict: Understanding Group 
Violence in Multiethnic Societies, edited by Frances Stewart, 3-24. New York: 
Palgrave Macmillan. 

Streiner, David L. 2003. “Univorns Do Exist: A Tutorial on “Proving” the Null 
Hypothesis.” The Canadian Journal of Psychiatry, 48, no. 11 (December): 756-
61. 

Tobler, Waldo. 1970. “A Computer Movie Simulating Urban Growth in the Detroit 
Region.” Economic Geography 46, no. 2: 234-40. 

U.S. Army and Marine Corps. 2007. Counterinsurgency Field Manual. Field Manual No. 
3-24/Marine Corps Warfighting Publication No. 3-33.5. Chicago: University of 
Chicago Press. 

Verghese, Ajay. 2012. “Multi-Method Fieldwork in Practice: Colonial Legacies and 
Ethnic Conflict in India.” Qualitative & Multi-Methods Research (Fall): 41-4. 

Wall, Melanie M. 2004. “A Close Look at the Spatial Structure Implied by the CAR and 
SAR Models.” Journal of Statistical Planning and Inference 121: 311-24. 

Walker, Esteban, and Amy S. Nowacki. 2011. “Understanding Equivalence and 
Noninferiority Testing.” Journal of General Internal Medecine, 26, no. 2 
(February): 192-6. 

Western, Bruce, and Simon Jackman. 1994. “Bayesian Inference for Comparative 
Research.” The American Political Science Review, 88, no. 2 (June): 412-23. 

Wood, Reed M. 2014. “Aiding Labor: Foreign Aid and the Promotion of Labor Rights in 
LDCs.” Journal of Human Rights 13, no. 2 (May): 186-204. 



134 
  

Young, William, David Stebbins, Bryan Frederick, and Omar Al-Shahery. 2014. “The 
Conflict in Syria: Understanding and Avoiding Regional Spillover Effects.” Santa 
Monica, CA: RAND Corporation.  

Chapter 3: Counterinsurgent-led Development Assistance in Iraq 
 
Adnan, Shinan, and Aaron Reese. 2014. Beyond the Islamic State: Iraq’s Sunni 

Insurgency.” Washington, DC: The Institute for the Study of War. 

Al Jazeera. 2015. “ISIL Wins Support from Iraq’s Sunni Tribes.” June 4. 

Anders, Molly. 2015. “USAID Ordered to Undo Illegal IRD Suspension.” Devex, August 
05. 

Ayad, Erik (an Iraqi interpreter who served alongside U.S. forces). 2015. In discussion 
with the author. June 26. 

Beehner, Lionel. 2005. Iraq: Insurgency Goals. Washington, DC: Council on Foreign 
Relations.  

Berman, Eli, Michael Callen, Joseph H. Felter, and Jacob N. Shapiro. 2011. “Do 
Working Men Rebel? Insurgency and Unemployment in Afghanistan, Iraq, and 
the Philippines.” Journal of Conflict Resolution 55, no. 4 (August): 496-528. 

Berman, Eli, Luke N. Condra, Joseph H. Felter, Jacob N. Shapiro. 2012. ESOC – Iraq 
Civil War Dataset Codebook for Version 3.0. March. 

Berman, Eli, Joseph H. Felter, Jacob N. Shapiro, and Erin Troland. 2013. “Modest, 
Secure, and Informed: Successful Development in Conflict Zones.” American 
Economic Review: Papers & Proceedings 103, no. 3 (May): 512-7. 

Berman, Eli, Jacob N. Shapiro, and Joseph H. Felter. 2011. “Can Hearts and Minds be 
Bought? The Economics of Counterinsurgency in Iraq.” Journal of Political 
Economy 119, no. 4 (August): 766-819. 

Biddle, Stephen, Jeffrey A. Friedman, and Jacob N. Shapiro. 2012. “Testing the Surge: 
Why Did Violence Decline in Iraq in 2007?” International Security 37, no. 1 
(summer): 7-40. 

Bush, George W. “President Bush Announces Major Combat Operations in Iraq Have 
Ended.” Speech, USS Abraham Lincoln off the coast of San Diego, CA, May 1, 
2003. George W. Bush White House Archives. https://georgewbush-
whitehouse.archives.gov/news/releases/2003/05/20030501-15.html. 

Cochrane, Marisa. 2008. The Battle for Basra. Washington, DC: The Institute for the 
Study of War. 

COL, U.S. Army. 2015. In discussion with the author. 

https://georgewbush-whitehouse.archives.gov/news/releases/2003/05/20030501-15.html
https://georgewbush-whitehouse.archives.gov/news/releases/2003/05/20030501-15.html


135 
  

Cordesman, Anthony H. and Adam Mausner. 2007. Iraqi Force Deployment: Conditions 
for Success, Consequences for Failure. Washington, DC: Center for Strategic and 
International Studies. 

Empirical Studies of Conflict Project. 2012. Empirical Studies of Conflict Project´s Iraq 
War dataset (ESOC-I). Version 3. Empirical Studies of Conflict Project. 

Eulau, Heinz. 1962. “Comparative Political Analysis: A Methodological Note.” Midwest 
Journal of Political Science 6, no. 4 (November): 397-407. 

Freeman, Chuck (COL, U.S. Army). 2015. In discussion with the author. May 18. 

Higham, Scott, and Steven Rich. 2015. “USAID Suspends IRD, its Largest Nonprofit 
Contractor in Iraq and Afghanistan.” The Washington Post, January 26. 

Hill, Matthew Alan. 2011. Democracy Promotion and Conflict-based Reconstruction: 
The United States and Democratic Consolidation in Bosnia, Afghanistan, and 
Iraq. New York, NY: Routledge. 

International Business & Technical Consulting, Inc. 2009. Monitoring and Evaluation 
Performance Program, Phase II (MEPP II). Vienna, VA (December 31). 

Khan, Jesmeen. 2007. “The Iraqi Tribal Structure: Background and Influence on Counter-
terrorism.” Perspectives on Terrorism 1, no. 1.  

Kirk, Dan (LTC, U.S. Army). 2015. In discussion with the author. May 20. 

LTC, U.S. Army. 2015. In discussion with the author. 

McCallister, William S. 2005. “The Iraq Insurgency: Anatomy of a Tribal Rebellion.” 
First Monday 10, no. 3 (March 7). 

Mercy Corps. Investing in Iraq’s Peace: How Good Governance Can Diminish Support 
for Violent Extremism.  

Multinational Division – Baghdad. 2007. Commanders’ Emergency Response Program 
(CERP): Standard Operating Procedure (SOP) (Version 1.2). Baghdad, Iraq 
(January 1). 

Office of Inspector General. 2008a. Audit of USAID/Iraq’s Community Stabilization 
Program. Audit Report No. E-267-08-001-P. Baghdad, Iraq (March 18). 

— 2008b. Audit of USAID/Iraq’s Monitoring and Evaluation Performance Program. 
Audit Report No. E-267-08-004-P. Baghdad, Iraq (July 3). 

— 2008c. Audit of USAID/Iraq’s Community Action Program II. Audit Report No. E-
267-08-005-P. Baghdad, Iraq (August 5). 

— 2011. Audit of USAID/Iraq’s Community Action Program Activities Implemented by 



136 
  

International Relief and Development. Audit Report No. E-267-12-001-P. 
Baghdad, Iraq (November 15). 

O’Loughlin, John, Frank D. W. Witmer, and Andrew M. Linke. 2010. “The Afghanistan-
Pakistan Wars, 2008-2009: Micro-geographies, Conflict Diffusion, and Clusters 
of Violence.” Eurasian Geography and Economics 50, no. 4: 437-71. 

Penciakova, Veronika, and Daniel Kaufmann. 2012. “How Selective is Donor Aid? 
Governance and Corruption Matter and Donor Agencies Should Take Notice.” 
Washington, DC: The Brookings Institution. 

Petit, Kevin (LTC (ret), U.S. Army). 2015a. In discussion with the author. April 9. 

— 2015b. In discussion with the author. April 17. 

— 2015c. In discussion with the author. April 22. 

Pollack, Kenneth M. 2003. “After Saddam: Assessing the Reconstruction of Iraq.” 
Foreign Affairs (January 12). 

Richardson, John (BG, U.S. Army). 2015. In discussion with the author. May 6. 

Rohling, Andy (BG, U.S. Army). 2015. In discussion with the author. May 27. 

Salome, Rob (COL, U.S. Army). 2015. In discussion with the author. May 8. 

Schudel, Carl Jan Willem. 2008. “Corruption and Bilateral Aid: A Dyadic Approach.” 
Journal of Conflict Resolution 52, no. 4 (August): 507-26. 

Sincere, Joe (MAJ, U.S. Army). 2015. In discussion with the author. May 20. 

USAID. 2003. Iraq: USAID Awards Grants for Iraq Community Action Program. 
Washington, D.C. (May 27). 

USAID Official. 2015. In discussion with the author. April 21. 

U.S. Army and Marine Corps. 2007. Counterinsurgency Field Manual. Field Manual No. 
3-24/Marine Corps Warfighting Publication No. 3-33.5. Chicago: University of 
Chicago Press. 

Chapter 4: Uncorrupted Counterinsurgent-led Development Assistance in Peru 
  
Arotoma, Sixto C. (Principal Professor at the University of Huamanga). 2016. In 

discussion with the author. April 12. 

Asczarza Olivares, Walter H. (Engineer with Cáritas Ayacucho). 2016. In discussion with 
the author. April 13. 

Association for Diplomatic Studies and Training. “The Dramatic Hostage Crisis and 



137 
  

Daring Rescue at the Japanese Embassy in Peru.” http://adst.org/2013/12/the-
dramatic-hostage-crisis-and-daring-rescue-at-the-japanese-embassy-in-peru/. 

BBC. “1997: Troops Storm Embassy in Peru.” 
http://news.bbc.co.uk/onthisday/hi/dates/stories/april/22/newsid_4297000/429734
7.stm. 

Berman, Eli, Luke N. Condra, Joseph H. Felter, Jacob N. Shapiro. 2012. ESOC – Iraq 
Civil War Dataset Codebook for Version 3.0. March. 

Bowen, Sally. 2001. “FONCODES, un panorama.” In Concertando para el desarrollo: 
Lecciones aprendidas del FONCODES en sus estrategias de intervención, 15-48. 
Lima, Peru: FONCODES.  

Brooke, James. 1990. “Religious Rift Joins Politics in Peru Race.” The New York Times 
(April 29). 

Center for Justice and International Law. 2015. “Inter-American Court Declares Peru 
Responsible for an Extrajudicial Execution in Chavín de Huántar case.” 
Washington, DC and Lima: June 30. https://cejil.org/en/inter-american-court-
declares-peru-responsible-extrajudicial-execution-chavin-huantar-case-0. 

Comisión de la Verdad y Reconciliación. 2003. “Data.” Lima, Peru. 

Coronel, José “Pepe” (Anthropologist at the University of Huamanga). 2016. In 
discussion with the author. April 13. 

Cotler, Julio. 2001. “Las nuevas relaciones entre sociedad y Estado: Quinua y 
FONCODES.” In Concertando para el desarrollo: Lecciones aprendidas del 
FONCODES en sus estrategias de intervención, 133-46. Lima, Peru: 
FONCODES.  

Database of Global Administrative Areas. 2009. “Peru.” (November). http://gadm.org/. 

Degregorí, Carlos Iván, José Coronel, Ponciano del Pino, and Orín Starn. 1996. Las 
Rondas Campesinas y la derrota de Sendero Luminoso. Lima, Peru: Instituto de 
Estudios Peruanos y Universidad Nacional de San Cristóbal de Huamanga. 

Carmen de los Ríos and María (Director and Social Worker, respectively, at Centro de 
Loyola in Huamaga, Ayacucho). 2016. In discussion with the author. April 12. 

Diaz-Limaco, Jane, Martin Walker, and Alex Duval Smith. 1997. “Hostages Freed As 
Troops Storm Lima Embassy.” The Guardian (April 23).  

Fondo de Cooperación para el Desarrollo. “Reseña Historica.” 
http://www.foncodes.gob.pe/portal/index.php/nosotros/resena-historica. 

Fondo de Cooperación para el Desarrollo. 2016. “Development Assistance Projects: 



138 
  

1991-2000.” 

The Gale Group, Inc. 2004. Encyclopedia of Espionage, Intelligence, and Security. 
“Tupac Amaru Revolutionary Movement (MRTA).” Farmington Hills, MI. 

Gamarra Carrillo, Jefrey (Antrhopologist at the University of Huamanga). 2016. In 
discussion with the author. April 12. 

García Calderon, Salvador Pineiro (Archbishop of Ayacucho). 2016. In discussion with 
the author. April 12. 

Giampietri Rojas, Luis. 2011. Rehén por siempre: Operación Chavín de Huántar. Lima, 
Peru: Fondo Editorial del Congreso de la República. 

— (Naval Admiral, career special operations forces officer and Vice President of the 
Republic). 2015. In discussion with the author. October 24. 

Global Security. 2016. “Tupac Amaru Revolutionary Movement (MRTA)” (October 3). 
http://www.globalsecurity.org/military/world/para/tupac_amaru.htm.  

Gomez Amao, Teodocio (Engineer at FONCODES in Huamanga, Ayacucho). 2016. In 
discussion with the author. April 14. 

Gorriti Ellenbogen, Gustavo. 1999. The Shining Path: A History of the Millenarian War 
in Peru. Translated by Robin Kirk. North Carolina: The University of North 
Carolina Press. 

— (Journalist and expert on civil conflict in Peru). 2016. In discussion with the author. 
February 23. 

Graham, Carol. 1994. Saftey Nets, Politics, and the Poor: Transitions to Market 
Economies. Washington, DC: The Brookings Institution. 

Granados Moya, Carla Haydee (Historian and Lieutenant in the Peruvian Army). 2016. In 
discussion with the author. April 5. 

Grayson Jr., George W. 1970. “Peru’s Military Government.” Current History 58, no. 
342 (February). 

Guibovich Arteaga, Otto Napoleón (General of the Army (ret.), former Commanding 
General of the Peruvian Army). 2016. In discussion with the author. January 21. 

Haggard, Stephan, and Robert R. Kaufman. 2008. Development, Democracy, and 
Welfare States: Latin America, East Asia, and Eastern Europe. Princeton and 
Oxford: Princeton University Press. 

Hidalgo, Miguel (Peruvian National Police General (ret.) and former minister of the 
interior). 2015. In discussion with the author. December 3. 



139 
  

Huston, James V. 2012. Insurgency in Peru: The Shining Path. Virginia: Marine Corps 
Command and Staff College, Marine Air-Ground Training and Education Center. 

Instituto Nacional de Estadistica e Informáctica. 1993. “Censos nacionales: IX de 
población y IV de vivienda.” 

Investing.com. http://www.investing.com/currencies/usd-pen-historical-data. 

Julica, Mesias (former COPOP Director in Ayacucho, currently still involved in 
development aid in the área). 2016. In discussion with the author. March 2. 

Koven, Barnett S. 2010. “El resurgimiento de sendero luminoso.” Air & Space Power 
Journal en Español XXII, no. 2: 24-32. 

—. 2016. “Emulating U.S. Counterinsurgency Doctrine: Barriers for Developing Country 
Forces, Evidence from Peru.” Journal of Strategic Studies (published online first, 
April 28). 

Koven, Barnett S., and Cynthia McClintock. 2015. “The Evolution of Peru’s Shining 
Path and the New Security Priorities in the Hemisphere.” In Reconceptualizing 
Security in the Americas in the Twenty-First Century, edited by Bruce M. Bagley, 
Hanna Kassab, and Jonathan Rosen, 189-211. Lanham, MD: Lexington Books, 
February 19. 

Kruijt, Dirk, and Maria Del Pilar. 2002. “From Military Reformists to Civilian 
Dictatorship: Peruvian Military Politics from the 1960’s to the Present.” In 
Political Armies: The Military and Nation Building in the Age of Democracy, 
edited by Kees Koonings and Dirk Kruijt, 35-63. London: Zed Books Ltd., 2002. 

Lane, Charles. 1992. “The ‘Self-coup’ that Rocked Peru.” Newsweek (April 19). 

Longa López, Leonardo (Peruvian Army General (ret.) and former commander of the 
VRAE Special Command). 2015. In discussion with the author. September 22. 

Machahuay Poma, Benjamín (Engineer at FONCODES in Huamanga, Ayacucho). 2016. 
In discussion with the author. April 14. 

Majo, Yuri (Director of Economic Development for the Municipal District of Quinua). 
2016. In discussion with the author. April 14. 

Malone, Edgar. 2010. “The Shining Path of Peru: Defeated or Alive?” Master’s thesis, 
Georgetown University. 

Masías Claux, Carmen (former head of the Peruvian National Commission for 
Development and Drug-free Life). 2015. In discussion with the author. August 26. 

McClintock, Cynthia, and Fabian Vallas. 2003. The United States and Peru: Cooperation 
– at a Cost. New York: Routledge. 



140 
  

McCormick, Gordon H. 1990. The Shining Path and the Future of Peru. Santa Monica, 
CA: RAND. 

Mealer, Robin L. 1993. “The Peruvian Government’s Counterinsurgency Efforts to 
Defeat the Sender Luminoso (Shining Path).” Master’s thesis, U.S. Army 
Command and General Staff College. 

Morley, Samuel A. 2001. “El FONCODES y el empleo del Núcleo Ejecutor.” In 
Concertando para el desarrollo: Lecciones aprendidas del FONCODES en sus 
estrategias de intervención, 49-70. Lima, Peru: FONCODES.  

Nuñez Palomino, German. 1996. “The Rise of the Rondas Campesinas in Peru.” Journal 
of Legal Pluralism 36: 111-23. 

Palmer, David Scott. 2001. “FONCODES y su impacto en la pacificación en el Perú: 
Observaciones generales y el caso de Ayacucho.” In Concertando para el 
desarrollo: Lecciones aprendidas del FONCODES en sus estrategias de 
intervención, 147-77. Lima, Peru: FONCODES.  

Penciakova, Veronika, and Daniel Kaufmann. 2012. “How Selective is Donor Aid? 
Governance and Corruption Matter and Donor Agencies Should Take Notice.” 
Washington, DC: The Brookings Institution. 

Penn, Lee. 2004. False Dawn: The United Religions Initiative, Globalism, and the Quest 
for a One-World Religion. Hillsdale, NY: Sophia Perennis. 

Pereya Chavez, Nelson E. (Historian and Anthropologist at the University of Huamanga). 
2016. In discussion with the author. April 13. 

Peruvian Army Colonel (ret.). 2015. In discussion with the author. October. 

Peruvian Army General (ret.). 2015. In discussion with the author. September. 

Pinedo Reátegui, Nelson (Engineer responsible for FONCODES and COPOP archives). 
2016. In discussion with the author. February 24. 

Poso, Luis (Engineer at FONCODES in Ayacucho). 2016. In discussion with the author. 
April 13. 

Renique, Jose Luis (Professor of Latin American History at the City University of New 
York). 2016. In discussion with the author. April 5. 

Roberts, Kenneth, and Mark Peceny. 1997. “Human Rights and United States Policy 
Toward Peru.” In The Peruvian Labyrinth: Polity, Society, Economy, edited by 
Maxwell A. Cameron and Philip Mauceri, 192-222. Pennsylvania: The 
Pennsylvania State University. 

Schady, Norbert R. 1999. “Seeking Votes: The Political Economy of Expenditures by the 



141 
  

Peruvian Social Fund (FONCODES), 1991-95.” World Bank Poverty Reduction 
and Economic Management Network Policy Research Working Paper 2166 
(August). 

Schemo, Diana Jean. 1997. “How Peruvian Hostage Crisis Became Trip Into the 
Surreal.” The New York Times (April 26). 

Schudel, Carl Jan Willem. 2008. “Corruption and Bilateral Aid: A Dyadic Approach.” 
Journal of Conflict Resolution 52, no. 4 (August): 507-26. 

Sims, Calvin. 1995. “President’s Call for Birth Control Is Dividing Peru.” The New York 
Times (August 12). 

Sueiro Cabredo, Ernesto (Development project manager in Huancavelica, Peru). 2016a. 
In discussion with the author. May 31. 

—. 2016a. In discussion with the author. June 1. 

Thomson Gale. 2006. Extremist Groups: Information for Students. Farmington Hills, MI: 
The Gale Group, Inc. 

Torres A., Federico. 2001. “Los Núcleos Ejecutores frente a los retos del desarrollo social 
participativo.” In Concertando para el desarrollo: Lecciones aprendidas del 
FONCODES en sus estrategias de intervención, 71-88. Lima, Peru: FONCODES.  

University of Huamanga Professor. 2016. In discussion with the author. April. 

U.S. Central Intelligence Agency. 1991. Tupac Amaru Revolutionary Movement: 
Growing Threat to US Interests in Peru (March 28). 
https://www.cia.gov/library/readingroom/docs/DOC_0000393913.pdf.  

U.S. Defense Intelligence Agency. 1997. Commando Execution of Two MRTA Hostage 
Takers and “Take No Prisoners” Order. (June 11). 
http://nsarchive.gwu.edu/NSAEBB/NSAEBB237/document1.pdf.  

U.S. Inflation Calculator. http://www.usinflationcalculator.com/. 

Vega, Katia (COPOP employee in Ayacucho from 1986-7). 2016. In discussion with the 
author. February 26. 

Webb Duarte, Richard Charles (Former president of the Central Reserve Bank of Peru 
and current director of the Institute of Peru at the University of San Martín de 
Porres). 2016. In discussion with the author. April 26. 

Chapter 5: Neutral Actor-led Development Assistance in Colombia 
 
AidData. 2016a. “Our Story.” http://aiddata.org/our-story. 



142 
  

—. 2016b. “Colombia AIMS Geocoded Research Release: Level 1, Version 1.1.1.” April 
18. 

—. 2016c. Colombia AIMS Geocoded Research Release: Level 1, Version 1.1.1 
Codebook. April 18. 

Araoz, Ana María (Director of Planning at Visionaries for Colombia Corporation). 2016. 
In discussion with the author. May 10. 

ARD, Inc. “Programa ADAM (Áreas de Desarrollo Alternativo Municipal). 
http://www.ard.org.co/adam/que-es-adam/index.aspx. 

Banks, Nicola, David Hulme, and Michael Edwards. 2015. “NGOs, States, and Donors 
Revisited: Still Too Close for Comfort?” World Development 66: 707-18. 

Bargent, James. 2014. “The FARC 1964-2002: From Ragged Rebellion to Military 
Machine.” InSight Crime (May 26). 
http://www.insightcrime.org/investigations/the-farc-1964-2002-from-ragged-
rebellion-to-military-machine. 

Barretto, Cesar (Colombian Navy Chief involved with AI). 2016. In discussion with the 
author. June 7. 

BBC. 2016. “Colombia Peace Deal: FARC to Announce Ceasefire on Sunday.” (August 
28).  

Berman, Eli, Luke N. Condra, Joseph H. Felter, Jacob N. Shapiro. 2012. ESOC – Iraq 
Civil War Dataset Codebook for Version 3.0. March. 

Boehm, Frédéric. 2008. “Cost of Corruption: Everyone Pays – And the Poor More than 
Others.” Eschborn, Germany: GTZ State and Democracy Division. 

Bumachar, João Pedro. 2015. “Oil Goes South.” Breakingviews (January 15). 
http://www.breakingviews.com/features/guest-view-hard-to-spell-colombia-
without-o-i-l/.   

Castaneda, Dorly. 2012. “The European Union in Colombia: Learning How to Be a Peace 
Actor.” Paris Papers, Institut de Recherche Stratégique de l’Ecole Militaire, no. 
3. 

Council on Hemispheric Affairs. 2008. “Does The End Justify The Means? The Misuse 
of the ICRC Emblem by Colombian Intelligence in Its Hostage Rescue Mission.” 
http://www.coha.org/does-the-end-justify-the-means-the-misuse-of-the-icrc-
emblem-by-colombian-intelligence-in-its-hostage-rescue-mission/. 

Comisión de la Verdad y Reconciliación. 2003. Data. Lima, Peru. 

Database of Global Administrative Areas. 2009. “Colombia.” (March). http://gadm.org/. 



143 
  

DeAtley, David L. 2010. “Illicit Drug Funding: The Surprising Systemic Similarities 
between the FARC and the Taliban.” Master’s thesis, School of Advanced 
Military Studies, United States Army Command and General Staff College. 

Departamento Administrativo Nacional de Estadística. 2005. Censo General 2005. 

—. 2009. Metodología Déficit de Vivienda. Bogota, Colombia. 

Edling, Zach. 2012. “ELN.” Colombia Reports (October 22). 
http://colombiareports.com/eln/.   

Erazo, Valentina (National Coordinator for Collective Reparations at the Victims Unit in 
Colombia). 2016. In discussion with the author. July 8. 

Fernández de Soto, Aníbal (Colombian Vice Minister of National Defense). 2016. In 
discussion with the author. June 22. 

Fundación Panamericana Para el Desarrollo. 2015. “Programa de Respuesta Rápida – 
2015.” http://www.fupad.org/respuesta-rpida. 

García Duque, Juana Catalina (professor of administration at the University of the 
Andes). 2016. In discussion with the author. June 7. 

GIZ. 2015. “Colombia.” https://www.giz.de/en/worldwide/397.html. 

—. 2016. “Innovation Fund to Support Peacebuilding in Colombia.” 
https://www.giz.de/en/worldwide/37158.html. 

Godoy Diaz Granados, Alberto Enrique. “The Caribbean Naval Forces Perspectives on 
Counter-Insurgency and Counter-Narcotics.” Briefing slides. Colombian Navy. 

— (Colombian Navy Capitan in the Command Advisors Group). 2016. In discussion with 
the author. June 7. 

Grupo de Memoria Histórica. 2013. “Basta ya: Colombia: Memorias de guerra y 
dignidad.” Bogota, Colombia. 

The Guardian. 2013. “Colombian Conflict has Killed 220,000 in 55 Years, Commission 
Finds.” July 25. 

Hernández Romero, Astrid. La visibilización de los grupos étnicos colombianos. Bogota, 
Colombia: Departamento Administrativo Nacional de Estadística. 

Hydrocarbons Colombia. 2012. “Creation of Six Battalions to Protect Oil and Energy 
Infrastructure.” (March 25). http://www.hydrocarbonscolombia.com/security-
1/creation-of-six-battalions-to-protect-oil-and-energy-infrastructure. 

International Committee of the Red Cross. 2008. Colombia: el CICR reitera la 
importancia del respeto del emblem de la Cruz Roja. 

http://www.fupad.org/respuesta-rpida


144 
  

https://www.icrc.org/spa/resources/documents/news-release/2009-and-
earlier/colombia-news-160708.htm. 

—. 2009. “Responding to the Consequences of Armed Conflict.” In Exploring 
Humanitarian Law, 1-68. Geneva, Switzerland: January. 

—. 2010. ICRC Prevention Policy. Geneva, Switzerland: April. 

—. 2015. “Colombia: Crossing the Bridge Back to School.” (April 2). 

Jelinek, Emilie. 2006. “A Study of NGO Relations with Government and Communities in 
Afghanistan.” Agency Coordinating Body for Afghan Relief (November).  

Koven, Barnett S. 2014. “The Perils of Simultaneous COIN and Counternarcotics in Peru 
and Colombia.” E-International Relations (April 28). 

—. 2016a. “Demystifying Gray Zone Conflict: A Typology of Conflict Dyads and 
Instruments of Power in Colombia, 2002-present.” Report to the Department of 
Homeland Security Science and Technology Directorate’s Office of University 
Programs and the Department of Defense Strategic Multilayer Assessment 
Branch. College Park, MD: National Consortium for the Study of Terrorism and 
Responses to Terrorism. 

—. 2016b. “‘Give Peace a Chance”? Explaining Colombia's (Failed) Peace Process with 
the FARC.” National Consortium for the Study of Terrorism and Responses to 
Terrorism (November 4). 

Koven, Barnett S., and Cynthia McClintock. 2014. “Cooperation and Drug Policies: 
Trends in Peru in the Twenty-First Century.” In Cooperation and Drug Policies 
in the Americas: Trends in the Twenty-First Century, edited by Robert Zepeda 
and Jonathan Rosen, 53-79. Lanham, MD: Lexington Books. 

—. 2015. “The Evolution of Peru’s Shining Path and the New Security Priorities in the 
Hemisphere.” In Reconceptualizing Security in the Americas in the Twenty-First 
Century, edited by Bruce M. Bagley, Hanna Kassab, and Jonathan Rosen. 
Lanham, MD: Lexington Books. 

—. 2016. “The Obama Administration and Peru.” In The Obama Doctrine in the 
Americas: Major Security Challenge, edited by Hanna Kassab and Jonathan 
Rosen. Lanham, MD: Lexington Books. 

Leech, Garry. 2008. “Distorted Perceptions of Colombia’s Conflict.” 
https://garryleech.com/2008/06/01/distorted-perceptions-of-colombias-conflict/. 

Mapping Militant Organizations. 2015. “National Liberation Army (Colombia).” (August 
17). http://web.stanford.edu/group/mappingmilitants/cgi-
bin/groups/view/87#note13. 

http://www.start.umd.edu/news/give-peace-chance-explaining-colombia-s-failed-peace-process-farc
http://www.start.umd.edu/news/give-peace-chance-explaining-colombia-s-failed-peace-process-farc


145 
  

Martin, Colby. 2012. “Colombia’s New Counterinsurgency Plan.” STRATFOR (March 
29). https://www.stratfor.com/weekly/colombias-new-counterinsurgency-plan. 

Maruri Londoño (Presidential Agency for International Cooperation of Colombia). 2016. 
In discussion with the author. June 19. 

Ministerio de Defensa Nacional. 2016. “Data.” 

Ministry for Foreign Affairs Sweden. “Strategy for Sweden’s Development Cooperation 
with Colombia: 2016-2020.” Stockholm, Sweden. 

Novak, Jessica Marie. 2008. “Competing or Cooperative Representations? State and 
NGO Depictions of Colombia’s Internally Displaced Population.” Master’s thesis, 
University of California, San Diego. 

Ospina Bernal, Camilo Alfonso (former Permanent Representative of Colombia to the 
Organization of American States and former Minister of National Defense). 2016. 
In discussion with the author. May 18. 

Penciakova, Veronika, and Daniel Kaufmann. 2012. “How Selective is Donor Aid? 
Governance and Corruption Matter and Donor Agencies Should Take Notice.” 
Washington, DC: The Brookings Institution. 

Programa Desarrollo para la Paz. 2015a. “Ejecución de proyectos.” 
https://programadesarrolloparalapaz.org/el-pdp/ejecucion-de-proyectos/paz-y-
desarrollo. 

—. 2015b. “Propósito.” https://programadesarrolloparalapaz.org/el-pdp/proposito2. 

—. 2015c. “Gestiones Corporativas Prodepaz.” 
https://programadesarrolloparalapaz.org/el-pdp/ejecucion-de-proyectos/gestiones-
corporativas-prodepaz. 

Rabasa, Angel, and Peter Chalk. 2001. Colombian Labyrinth: The Synergy of Drugs and 
Insurgency and Its Implications for Regional Stability. Santa Monica, CA: RAND 
Corporation. 

Ramsey III, Robert D. 2009. From El Billar to Operations Fenix and Jaque: The 
Colombian Security Force Experience, 1998-2008. Fort Leavenworth, KS: 
Combat Studies Institute Press.   

Renwick, Danielle. 2016. “Colombia’s Civil Conflict.” CFR Backgrounders (August 25). 

Ramírez, Andrés Mauricio. 2002. “Diplomacia por la paz: La implementación de la 
política exterior en Colombia desde el proceso de paz.” Con-texto: 69-73. 

Restrepo, Daniel Mitchell (Cabinet Secretary at the Colombian Ministry of National 
Defense). 2016. In discussion with the author. May 26. 



146 
  

Rettberg Beil, Angelika (Associate Professor of Political Science at the University of the 
Andes). 2016. In discussion with the author. May 23. 

Roy, Joaquin. 2001. “European Perceptions of Plan Colombia: A Virtual Contribution to 
a Virtual War and Peace Plan?” Carlisle, PA: Strategic Studies Institute, U.S. 
Army War College. 

Rudert, Brian, and Tara Simpson. 2010. “Evaluación de Medio Término del Programa 
MIDAS.” Report to the United States Agency for International Development. 
Burlington, VT: ARD, Inc. 

Schudel, Carl Jan Willem. 2008. “Corruption and Bilateral Aid: A Dyadic Approach.” 
Journal of Conflict Resolution 52, no. 4 (August): 507-26. 

Swedish International Development Cooperation Agency. Sida’s Anti-corruption Work.” 
http://www.sida.se/contentassets/5e3192b7fdb14afabe4bc919cb260e0b/sida8217s
-anti-corruption-work_3278.pdf. 

—. 2009. “Our Work Against Corruption.” (June 18). http://www.sida.se/English/how-
we-work/approaches-and-methods/our-work-against-corruption/. 

—. 2015. “Our Work in Colombia.” (August 4). http://www.sida.se/English/where-we-
work/Latin-America/Colombia/Our-work-in-Colombia/ 

Tokatlian, Juan Gabriel. 1999. “Colombia en guerra: las diplomacias por la paz.” 
Desarrollo Económico 39, no. 155 (October-December): 339-60. 

Transparency International. Preventing Corruption in Humanitarian Operations: 
Handbook of Good Practices. 

United Nations Office on Drugs and Crime. “Sistema Integrado de Monitoreo de Cultivos 
Ilícitos – SIMCI.” https://www.unodc.org/colombia/es/simci/simci.html. 

—. 2006. “Proyecto SIMCI. 2006. UNODC Colombia.” 

Universidad Militar Nueva Granada, Instituto de Estudios Geoestratégicos y Asuntos 
Políticos. 2010. “Evaluación de la política de defensa y seguridad democrática, 
2002 – 2010.” (September 1). 

U.S. Inflation Calculator. http://www.usinflationcalculator.com/. 

Velasquez Romero, Calros Alfonso (Colombian Army Colonel (ret.); profesor at 
Universidad de La Sabana). 2016. In discussion with the author. June 2. 

XE Currency Converter. “XE Currency Converter: COP to USD.” 
http://www.xe.com/currencyconverter/convert/?Amount=3500000000&From=C
OP&To=USD. 



147 
  

Chapter 6: Conclusion 
 
Berman, Eli, Joseph H. Felter, Jacob N. Shapiro, and Erin Troland. 2013. “Effective Aid 

in Conflict Zones.” Vox (May 26). http://voxeu.org/article/effective-aid-conflict-
zones. 

Büthe, Tim. 2013. “Private vs. Public Allocation of U.S. Humanitarian and Development 
Aid.” Congress on Research Frontiers in Foreign Aid. Princeton, NJ. 

Chatham, Chris. 2009. “Pavlov’s Dogs: Proving the Null With Bayesianism.” Developing 
Intelligence (blog). ScienceBlogs. June 30. 
http://scienceblogs.com/developingintelligence/2009/06/30/conditioning-
unaffected-by-num/. 

Ferris, Elizabeth. 2005. “Faith-based and Secular Humanitarian Organizations.” 
International Review of the Red Cross 87, no. 858 (June): 311-25. 

Gallistel, Charles R. 2009. “The Importance of Proving the Null.” Psychological Review, 
116, no. 2 (April): 439-53. 

Jelinek, Emilie. 2006. “A Study of NGO Relations with Government and Communities in 
Afghanistan.” Agency Coordinating Body for Afghan Relief (November).  

Keck, Michelle. 2014. “Comparing the Determinants of US-Funded NGO Aid Versus US 
Official Development Aid.” Voluntas 26: 1314-36. 

Nunnenkamp, Peter. 2008. “Aid Effectiveness: The Myth of NGO Superiority.” 
Development & Cooperation (April). 

Penciakova, Veronika, and Daniel Kaufmann. 2012. “How Selective is Donor Aid? 
Governance and Corruption Matter and Donor Agencies Should Take Notice.” 
Washington, DC: The Brookings Institution. 

Ravelo, Jenny Lei. 2012. “30 Percent of Aid Lost to Corruption – Ban Ki-moon.” The 
Development Newswire. July 10. https://www.devex.com/news/30-percent-of-
aid-lost-to-corruption-ban-ki-moon-78643. 

Schudel, Carl Jan Willem. 2008. “Corruption and Bilateral Aid: A Dyadic Approach.” 
Journal of Conflict Resolution 52, no. 4 (August): 507-26. 

Western, Bruce, and Simon Jackman. 1994. “Bayesian Inference for Comparative 
Research.” The American Political Science Review, 88, no. 2 (June): 412-23.  



148 
  

Appendices 
 
 

Chapter 3: Counterinsurgent-led Development Assistance in Iraq 
 
Appendix A – Robustness Checks 
 

Appendix A presents four alternative model specifications as robustness checks 

for the three main models. Table A demonstrates the robustness of the results to including 

spending on SOI as development assistance. Table B illustrates that the results are robust 

to a square-root transformation of the DV. While, Table C shows that the results are 

robust to the exclusion of Iraqi Kurdistan. The Kurdish region systematically experienced 

less violence and received less assistance over the course of the conflict. For the purposes 

of this study, the Kurdish region of Iraq is defined according to the boundaries codified in 

the 2005 Iraqi constitutional referendum. Finally, in response to concerns that some CSP 

projects were erroneously coded as occurring in the Green Zone (located in Karkh 

district) and this is driving the results, especially for the model of CSP spending that 

drops the districts corresponding to Baghdad governorate, Table D presents results for 

dropping Baghdad governorate excluding Karkh district. This model shows that while the 

level of statistical significance decreases for the coefficient for direct effect of 

development assistance on violence, it does not loose statistical significance nor does it 

change sign. More importantly, for the critical coefficient, the indirect effect of spending 

on violence, the results remain negative and statistically significant at the 99 percent 

confidence level. This finding was confirmed by running a simulation with 10,000 

samplings to determine if the coefficient measuring the indirect effects of CSP excluding 

all of Baghdad governorate is statistically significantly different from the same 

coefficient when all of Baghdad governorate except for Karkh district is dropped. This 
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returned a one-sided p-value of 0.954, which does not allow rejecting the null hypothesis 

that the coefficients are not statistically significantly different. In short, erroneous coding 

in Karkh district is not driving the results.
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Table A: Including SOI Spending 

     

VARIABLES CERP CAP CSP CSP (Excl. Baghdad) 
     
DIRECT EFFECTS     
Lagged Spent (10mn USD) -0.0327** 0.0140 0.00131 -0.138*** 
 (0.0154) (0.0101) (0.0129) (0.0355) 
Area (km2) -9.58e-05* -0.000110** -0.000108** -0.000167*** 
 (5.22e-05) (5.09e-05) (5.08e-05) (5.06e-05) 
Perimeter (km) 0.00522** 0.00587*** 0.00583*** 0.00915*** 
 (0.00230) (0.00224) (0.00223) (0.00229) 
Income (2004) -4.34e-07 -1.53e-06 -1.59e-06 -5.55e-06 
 (9.46e-06) (9.25e-06) (9.24e-06) (9.17e-06) 
Distance to Public Services (2004) -0.139 0.702 0.792 1.555 
 (8.494) (8.305) (8.292) (8.255) 
Children´s Safety (2004) 0.448 0.523 0.514 0.323 
 (0.357) (0.348) (0.347) (0.344) 
Population (2003) 5.46e-06*** 4.81e-06*** 4.89e-06*** 5.56e-06*** 
 (8.91e-07) (8.23e-07) (8.24e-07) (1.09e-06) 
Clan Ties (2004) 0.562 0.578 0.568 1.159** 
 (0.599) (0.585) (0.585) (0.577) 
     
INDIRECT EFFECTS     
Lagged Spent (10mn USD) -0.157* 0.122** 0.140** -0.661*** 
 (0.0926) (0.0579) (0.0664) (0.182) 
Area (km2) -0.000184* -0.000199** -0.000199** -0.000234*** 
 (0.000105) (9.73e-05) (9.86e-05) (7.91e-05) 
Perimeter (km) 0.0100** 0.0106** 0.0107** 0.0128*** 
 (0.00466) (0.00433) (0.00438) (0.00372) 
Income (2004) -8.41e-07 -2.79e-06 -2.95e-06 -7.68e-06 
 (1.84e-05) (1.69e-05) (1.72e-05) (1.30e-05) 
Distance to Public Services (2004) -0.540 1.018 1.194 1.869 
 (16.91) (15.50) (15.75) (11.96) 
Children´s Safety (2004) 0.862 0.946 0.948 0.452 
 (0.685) (0.633) (0.645) (0.476) 
Population (2003) 1.05e-05*** 8.70e-06*** 9.02e-06*** 7.82e-06*** 
 (2.28e-06) (1.93e-06) (1.98e-06) (2.03e-06) 
Clan Ties (2004) 1.054 1.020 1.017 1.596** 
  (1.159) (1.063) (1.083) (0.809) 
Rho 1.363*** 1.338*** 1.345*** 1.035*** 
 (0.0522) (0.0537) (0.0530) (0.0557) 
lgt_theta -1.491*** -1.467*** -1.464*** -1.505*** 
 (0.0927) (0.0923) (0.0924) (0.0965) 
Sigma 0.820*** 0.828*** 0.827*** 0.755*** 
 (0.0420) (0.0424) (0.0423) (0.0404) 
     
Observations 900 900 900 819 
R-squared 0.355 0.441 0.441 0.279 
Number of Districts 100 100 100 91 
Standard errors in parentheses     
*** p<0.01, ** p<0.05, * p<0.1     
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Table B: Square-root Transformation of the DV 

   

VARIABLES CERP CAP CSP CSP (Excl. Baghdad) 
     
DIRECT EFFECTS     
Lagged Spent (10mn USD) -0.148** 0.0605 0.0133 -0.591*** 
 (0.0590) (0.0389) (0.0499) (0.129) 
Area (km2) -0.000262 -0.000326* -0.000323* -0.000488*** 
 (0.000183) (0.000177) (0.000177) (0.000170) 
Perimeter (km) 0.0156* 0.0185** 0.0186** 0.0279*** 
 (0.00802) (0.00778) (0.00776) (0.00770) 
Income (2004) 2.55e-07 -4.50e-06 -5.12e-06 -1.39e-05 
 (3.31e-05) (3.22e-05) (3.22e-05) (3.09e-05) 
Distance to Public Services (2004) -10.71 -6.641 -6.194 -3.311 
 (29.71) (28.94) (28.91) (27.83) 
Children´s Safety (2004) 0.655 1.005 0.983 0.515 
 (1.245) (1.210) (1.209) (1.157) 
Population (2003) 1.87e-05*** 1.57e-05*** 1.59e-05*** 1.76e-05*** 
 (3.14e-06) (2.87e-06) (2.87e-06) (3.67e-06) 
Clan Ties (2004) 1.659 1.684 1.656 3.452* 
 (2.091) (2.037) (2.039) (1.944) 
     
INDIRECT EFFECTS     
Lagged Spent (10mn USD) -0.799** 0.428* 0.633** -2.326*** 
 (0.361) (0.227) (0.259) (0.656) 
Area (km2) -0.000518 -0.000605* -0.000603* -0.000677*** 
 (0.000371) (0.000343) (0.000344) (0.000257) 
Perimeter (km) 0.0309* 0.0343** 0.0347** 0.0386*** 
 (0.0165) (0.0153) (0.0153) (0.0121) 
Income (2004) 4.00e-07 -8.48e-06 -9.67e-06 -1.90e-05 
 (6.59e-05) (6.03e-05) (6.07e-05) (4.33e-05) 
Distance to Public Services (2004) -21.99 -13.05 -12.31 -5.486 
 (61.31) (55.82) (56.04) (40.37) 
Children´s Safety (2004) 1.297 1.863 1.837 0.715 
 (2.429) (2.225) (2.237) (1.572) 
Population (2003) 3.69e-05*** 2.91e-05*** 2.98e-05*** 2.45e-05*** 
 (8.34e-06) (6.84e-06) (6.92e-06) (6.77e-06) 
Clan Ties (2004) 3.198 3.052 3.012 4.701* 
  (4.170) (3.810) (3.835) (2.716) 
Rho 1.374*** 1.348*** 1.350*** 1.030*** 
 (0.0523) (0.0541) (0.0535) (0.0574) 
lgt_theta -1.366*** -1.335*** -1.335*** -1.413*** 
 (0.0952) (0.0947) (0.0949) (0.0983) 
Sigma 12.16*** 12.34*** 12.30*** 9.970*** 
 (0.622) (0.632) (0.630) (0.534) 
     
Observations 900 900 900 819 
R-squared 0.286 0.400 0.405 0.232 
Number of Districts 100 100 100 91 
Standard errors in parentheses     
*** p<0.01, ** p<0.05, * p<0.1     
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Table C: All of Iraq, Excluding Kurdistan 

     

VARIABLES CERP CAP CSP CSP (Excl. Baghdad) 
     
DIRECT EFFECTS     
Lagged Spent (10mn USD) -0.0416** 0.0120 -0.00108 -0.135*** 
 (0.0167) (0.0109) (0.0141) (0.0393) 
Area (km2) -0.000103** -0.000123** -0.000121** -0.000147*** 
 (5.14e-05) (5.09e-05) (5.07e-05) (4.97e-05) 
Perimeter (km) 0.00532** 0.00620*** 0.00617*** 0.00799*** 
 (0.00230) (0.00227) (0.00226) (0.00227) 
Income (2004) 5.08e-06 2.66e-06 2.72e-06 3.74e-06 
 (9.70e-06) (9.65e-06) (9.61e-06) (9.33e-06) 
Distance to Public Services (2004) -6.774 -5.164 -5.061 -7.140 
 (9.063) (9.004) (8.970) (8.722) 
Children´s Safety (2004) 1.138*** 1.194*** 1.189*** 0.861** 
 (0.378) (0.376) (0.374) (0.355) 
Population (2003) 6.10e-06*** 5.24e-06*** 5.35e-06*** 7.78e-06*** 
 (9.77e-07) (9.11e-07) (9.12e-07) (1.29e-06) 
Clan Ties (2004) -0.805 -0.687 -0.682 0.577 
 (0.766) (0.763) (0.763) (0.739) 
     
INDIRECT EFFECTS     
Lagged Spent (10mn USD) -0.210** 0.105* 0.126* -0.637*** 
 (0.102) (0.0615) (0.0701) (0.208) 
Area (km2) -0.000201* -0.000222** -0.000222** -0.000216*** 
 (0.000106) (0.000100) (0.000101) (8.19e-05) 
Perimeter (km) 0.0103** 0.0112** 0.0114** 0.0117*** 
 (0.00483) (0.00454) (0.00458) (0.00391) 
Income (2004) 9.82e-06 4.74e-06 4.92e-06 5.61e-06 
 (1.91e-05) (1.77e-05) (1.79e-05) (1.39e-05) 
Distance to Public Services (2004) -13.46 -9.626 -9.590 -10.87 
 (18.76) (17.23) (17.42) (13.97) 
Children´s Safety (2004) 2.219*** 2.171*** 2.195*** 1.266** 
 (0.806) (0.758) (0.770) (0.563) 
Population (2003) 1.19e-05*** 9.51e-06*** 9.86e-06*** 1.15e-05*** 
 (2.71e-06) (2.23e-06) (2.29e-06) (2.97e-06) 
Clan Ties (2004) -1.612 -1.290 -1.303 0.795 
  (1.606) (1.482) (1.509) (1.089) 
Rho 1.391*** 1.363*** 1.369*** 1.090*** 
 (0.0578) (0.0598) (0.0590) (0.0631) 
lgt_theta -1.313*** -1.311*** -1.305*** -1.285*** 
 (0.107) (0.107) (0.107) (0.115) 
Sigma 0.972*** 0.984*** 0.983*** 0.905*** 
 (0.0560) (0.0567) (0.0567) (0.0552) 
     
Observations 711 711 711 630 
R-squared 0.373 0.449 0.449 0.242 
Number of Districts 79 79 79 70 
Standard errors in parentheses     
*** p<0.01, ** p<0.05, * p<0.1     
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Table D: Effects of Miscoding in Karkh District 
  

  

VARIABLES CSP (Excl. All of Baghdad except Karkh) 
  

DIRECT EFFECTS  

Lagged Spent (10mn USD) -0.0374* 
 (0.0204) 
Area (km2) -0.000140*** 
 (5.24e-05) 
Perimeter (km) 0.00766*** 
 (0.00237) 
Income (2004) -4.06e-06 
 (9.54e-06) 
Distance to Public Services (2004) -2.697 
 (8.482) 
Children´s Safety (2004) 0.215 
 (0.357) 
Population (2003) 7.18e-06*** 
 (1.00e-06) 
Clan Ties (2004) 1.242** 
 (0.601) 
  
INDIRECT EFFECTS  

Lagged Spent (10mn USD) -0.649*** 
 (0.179) 
Area (km2) -0.000184** 
 (7.45e-05) 
Perimeter (km) 0.0101*** 
 (0.00344) 
Income (2004) -5.24e-06 
 (1.27e-05) 
Distance to Public Services (2004) -3.898 
 (11.78) 
Children´s Safety (2004) 0.284 
 (0.465) 
Population (2003) 9.51e-06*** 
 (2.12e-06) 
Clan Ties (2004) 1.613** 
  (0.797) 
Rho 1.014*** 
 (0.0574) 
lgt_theta -1.511*** 
 (0.0962) 
Sigma 0.824*** 
 (0.0439) 
  

Observations 828 
R-squared 0.300 
Number of Districts 92 
Standard errors in parentheses  

*** p<0.01, ** p<0.05, * p<0.1   
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Appendix B – Summary Statistics 

Table E: Summary Statistics for All of Iraq 

            
VARIABLES MODELS OBS. MEAN ST. DEV. MIN. MAX. 
       

DV       

SIGACTs Excl. Table B 900 3.340 3.223 0 16.849 
SIGACTs Table B 900 8.125 10.696 0 69.159 
       

IV (LAGGED SPENT (10mn USD))      

CERP Excl. Table A 900 2.27 6.63 0 74.3 
CAP Excl. Table A 900 0.9439886 4.79 0 74.3 
CSP Excl. Table A 900 0.6604405 3.80 0 45.1 
CERP Table A 900 2.27 6.63 0 74.3 
CAP Table A 900 0.9445409 4.80 0 74.3 
CSP Table A 900 0.6607352 3.80 0 45.1 
       

CONTROL VARIABLES       

Area (km2) All 900 3261.798 5421.378 96.314 46846.100 
Perimeter (km) All 900 278.716 141.228 62.932 885.567 
Income (2004) All 900 130804.200 23865.380 72142.930 213746.200 
Distance to Public Services 
(2004) All 900 0.148 0.0286 0.0732 0.211 

Children´s Safety (2004) All 900 3.321 0.570 1.890 4.955 
Population (2003) All 900 255842.700 299742.800 5398 1507479 
Clan Ties (2004) All 900 2.474 0.327 1.707 3 
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Table F: Summary Statistics Excluding Baghdad 
  

     
VARIABLES MODELS OBS. MEAN ST. DEV. MIN. MAX. 
       

DV       

SIGACTs Excl. Table B 819 2.860 2.850 0 15.797 
SIGACTs Table B 819 6.515 9.025 0 62.785 
       

IV (LAGGED SPENT (10mn USD))      

CSP Excl. Table A 819 0.2196623 1.18 0 13.7 
CSP Table A 819 0.2198034 1.18 0 13.7 
       

CONTROL VARIABLES       

Area (km2) All 819 3527.455 5611.955 475.357 46846.100 
Perimeter (km) All 819 293.407 138.913 105.504 885.567 
Income (2004) All 819 130306.500 24465.120 72142.930 213746.200 
Distance to Public Services (2004) All 819 0.148 0.0293 0.0732 0.211 
Children´s Safety (2004) All 819 3.377 0.538 1.890 4.955 
Population (2003) All 819 214358.500 218507.200 5398 1054284 
Clan Ties (2004) All 819 2.499 0.318 1.731 3 
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Table G: Summary Statistics Excluding Kurdistan 
      
VARIABLES OBS. MEAN ST. DEV. MIN. MAX. 
      

DV      

SIGACTs 711 4.071 3.235 0 16.849 
      

IV (LAGGED SPENT (10mn USD))     

CERP 711 2.79 7.36 0 74.3 
CAP 711 1.18 5.37 0 74.3 
CSP 711 0.8324378 4.26 0 45.1 
      

CONTROL VARIABLES      

Area (km2) 711 3637.980 6030.571 96.314 46846.100 
Perimeter (km) 711 286.073 154.537 62.932 885.567 
Income (2004) 711 129321.800 24597.120 72142.930 213746.200 
Distance to Public Services (2004) 711 0.151 0.0286 0.0732 0.211 
Children´s Safety (2004) 711 3.287 0.594 1.890 4.955 
Population (2003) 711 278597.800 307402.900 5398 1507479 
Clan Ties (2004) 711 2.512 0.304 1.707 3 

 
  



157 
  

Table H: Summary Statistics Excluding Baghdad and Kurdistan 
      
VARIABLES OBS. MEAN ST. DEV. MIN. MAX. 
      

DV      

SIGACTs 630 3.540 2.896 0 15.797 
      

IV (LAGGED SPENT (10mn USD))     

CSP 630 0.28154 1.34 0 13.7 
      

CONTROL VARIABLES      

Area (km2) 630 4031.701 6297.528 475.367 46846.100 
Perimeter (km) 630 306.118 152.104 105.504 885.567 
Income (2004) 630 128484.100 25390.850 72142.930 213746.200 
Distance to Public Services (2004) 630 0.151 0.0294 0.0732 0.211 
Children´s Safety (2004) 630 3.355 0.562 1.890 4.955 
Population (2003) 630 227594.000 205843.900 5398 1006064 
Clan Ties (2004) 630 2.549 0.282 1.731 3 
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Table I: Summary Statistics Excluding All of Baghdad except Karkh 
  

    

VARIABLES OBS. MEAN ST. DEV. MIN. MAX. 
      

DV      

SIGACTs 828 2.962 3.008 0 1.849 
      
IV (LAGGED SPENT (10mn USD))     
CSP 828 0.4664274 3.18 0 45.1 
      
CONTROL VARIABLES      
Area (km2) 828 3493.272 5590.863 382.642 46846.100 
Perimeter (km) 828 291.546 139.293 105.504 885.567 
Income (2004) 828 130386.000 24343.470 72142.930 213746.200 
Distance to Public Services (2004) 828 0.149 0.0291 0.0732 0.211 
Children´s Safety (2004) 828 3.362 0.554 1.890 4.955 
Population (2003) 828 228414.200 255393.100 5398 1507479 
Clan Ties (2004) 828 2.490 0.327 1.707 3 
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Appendix C – Spatial-weighting Objects Summary Statistics 

Table J: Spatial-weighting Object Summary Statistics for All of Iraq 
  
MATRIX DESCRIPTION 
   
Dimensions 100 x 100 
Stored as 100 x 100 
   
LINKS  
Total 518 
Minimum 1 
Mean 5.18 
Maximum 11 
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Table K: Spatial-weighting Object Summary Statistics Excluding Baghdad 
    
MATRIX DESCRIPTION 
   
Dimensions 91 x 91 
Stored as 91 x 91 
   
LINKS  
Total 456 
Minimum 1 
Mean 5.011 
Maximum 9 
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Table L: Spatial-weighting Object Summary Statistics Excluding Kurdistan 
   
MATRIX DESCRIPTION 
   
Dimensions 79 x 79 
Stored as 79 x 79 
   
LINKS  
Total 390 
Minimum 1 
Mean 4.937 
Maximum 11 
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Table M: Spatial-weighting Object Summary Statistics Excluding Baghdad and 
Kurdistan 

   
MATRIX DESCRIPTION 
   
Dimensions 70 x 70 
Stored as 70 x 70 
   
LINKS  
Total 328 
Minimum 1 
Mean 4.686 
Maximum 9 
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Table N: Spatial-weighting Object Summary Statistics Excluding All of Baghdad 
except Karkh 

   
MATRIX DESCRIPTION 
   
Dimensions 92 x 92 
Stored as 92 x 92 
   
LINKS  
Total 456 
Minimum 0 
Mean 4.957 
Maximum 9 
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Chapter 4: Uncorrupted Counterinsurgent-led Development Assistance in Peru 
 
Appendix A – Robustness Check 
 

Appendix A, Table A presents a robustness check, which shows that the results 

are robust to a square-root transformation of the DV. 
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Table O: Square-root Transformation of the DV 
         
VARIABLES 
 

DIRECT 
EFFECTS 

INDIRECT 
EFFECTS 

TOTAL 
EFFECTS 

SPATIAL/ 
VAR. STATS. 

     
     

Lagged Spent -3.07e-08 -2.57e-08 -5.64e-08***  
 (2.36e-08) (2.82e-08) (2.05e-08)  

Indigenous Language (1993) 0.0140 -1.83e-05 0.0140  
 (0.0157) (0.000407) (0.0157)  

Unemployment (1993) -0.0654 0.000158 -0.0653  
 (0.0553) (0.00178) (0.0551)  

Population (1993) 1.06e-06*** -1.69e-09 1.06e-06***  
 (1.63e-07) (2.18e-08) (1.64e-07)  

Public Water (1993) 0.0201 -2.10e-05 0.0201  
 (0.0246) (0.000659) (0.0245)  

Perimeter (km) 0.0717*** -0.000115 0.0716***  
 (0.0128) (0.00148) (0.0129)  

Area (km2) -0.413*** 0.000649 -0.413***  

  (0.0836) (0.00855) (0.0838)   
Rho    1.02e-08 
    (0.0691) 
lgt-theta    0.0360 
    (0.0410) 
Sigma    0.108*** 
    (0.00144) 
     

Observations 12,609 12,609 12,609 12,609 
R-squared 0.325 0.325 0.325 0.325 
Number of Districts 1,401 1,401 1,401 1,401 
Standard errors in parentheses     

*** p<0.01, ** p<0.05, * p<0.1     
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Appendix B – Summary Statistics 

Table P: Summary Statistics 
            
VARIABLES OBS. MEAN ST. DEV. MIN. MAX. 
      

DV      

Attacks (cube-root) 12609 0.0838 0.344 0 4.688 
Attacks (square-root) 12609 0.101 0.458 0 10.149 
      

IV      

Lagged Spent 12609 67232.44 184911.30 0 3835420 
      

CONTROL VARIABLES      

Indigenous Language (1993) 12609 0.766 0.249 0.00543 1 
Unemployment (1993) 12609 0.323 0.363 0 0.995 
Population (1993) 12609 0.0651 0.103 0 0.943 
Public Water (1993) 12609 0.343 0.259 0 1 
Perimeter (km) 12609 0.997 1.081 0.0523 12.137 
Area (km2) 12609 0.0567 0.167 0.000154 2.010 
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Appendix C – Spatial-weighting Object Summary Statistics 

Table Q: Spatial-weighting Object Summary Statistics 
    
MATRIX DESCRIPTION 
   

Dimensions 1401 x 1401 
Stored as 1401 x 1401 
   
LINKS  
Total 7536 
Minimum 0 
Mean 5.379 
Maximum 18 
*Matrix contains five 
unlinked districts 
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Chapter 5: Neutral Actor-led Development Assistance in Colombia 
 
Appendix A – Robustness Checks 
 

Appendix A, presents two robustness checks. Table A shows the results for a 

SDM covering the period from 2008 to 2013. Otherwise, it is identical to the main model. 

This check is included to ensure that fluctuations in spending are not driving the results, 

given that assistance expenditures increased precipitously after 2007 and remained high 

through 2013. Indeed the analysis demonstrates the robustness of the findings. Table B 

summarizes the results of the full model (2006-2013), with the alternative specification of 

a square-root transformation on the DV. Again, the findings speak to the robustness of 

the results. 
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Table R: 2008-2013 
      
VARIABLES 
 

DIRECT 
EFFECTS 

INDIRECT 
EFFECTS 

SPATIAL/VAR. 
STATS. 

    

Lagged Spent -1.15e-07*** -5.12e-08  
 (2.85e-08) (5.36e-08)  
Households (2005) 2.21e-06*** 4.34e-10  
 (4.76e-07) (6.38e-08)  
Households in Deficit (%, 2005) 1.18e-05 -2.46e-07  
 (0.000524) (1.47e-05)  
Coca Cultivation (2006) 0.000237*** 5.75e-09  
 (4.97e-05) (6.87e-06)  
Illicit Natural Resources 0.00126*** 2.42e-08  
 (0.000310) (3.74e-05)  
Illicit Mineral Resources 0.00527** -6.91e-06  
 (0.00254) (0.000169)  
Afro-Colombian (2010) -0.00191*** 6.40e-07  
 (0.000620) (5.93e-05)  
Indigenous (2011) 0.00199*** -1.71e-07  
 (0.000649) (5.98e-05)  
Perimiter (km) 0.0955*** -4.73e-05  
 (0.0203) (0.00281)  
Area (km2) -0.498*** 0.000177  
  (0.114) (0.0146)   
Rho   -0 
   (0.100) 
lgt-theta   -0.930*** 
   (0.0364) 
Sigma   0.0937*** 
   (0.00171) 
    

Observations 6,864 6,864 6,864 
R-squared 0.360 0.360 0.360 
Number of Municipalities 858 858 858 
Standard errors in parentheses    

*** p<0.01, ** p<0.05, * p<0.1    
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Table S: Square-root Transformation of the DV 
       
VARIABLES 
 

DIRECT 
EFFECTS 

INDIRECT 
EFFECTS 

SPATIAL/VAR. 
STATS. 

    

Lagged Spent -1.79e-07*** -3.19e-08  
 (3.33e-08) (6.21e-08)  
Households (2005) 3.37e-06*** 5.90e-11  
 (5.65e-07) (8.64e-08)  
Households in Deficit (%, 2005) -0.000278 -1.90e-07  
 (0.000623) (1.74e-05)  
Coca Cultivation (2006) 0.000275*** -1.48e-08  
 (5.92e-05) (7.12e-06)  
Illicit Natural Resources 0.00131*** -1.05e-07  
 (0.000294) (3.45e-05)  
Illicit Mineral Resources 0.00333 -7.10e-06  
 (0.00309) (0.000119)  
Afro-Colombian (2010) -0.00211*** 8.46e-07  
 (0.000738) (5.89e-05)  
Indigenous (2011) 0.00167** -1.82e-07  
 (0.000771) (4.68e-05)  
Perimiter (km) 0.138*** -6.68e-05  
 (0.0241) (0.00360)  
Area (km2) -0.692*** 0.000265  
  (0.136) (0.0179)   
Rho   2.24e-10 
   (0.0894) 
lgt-theta   -1.001*** 
   (0.0349) 
Sigma   0.150*** 
   (0.00241) 
    

Observations 8,580 8,580 8,580 
R-squared 0.350 0.350 0.350 
Number of Municipalities 858 858 858 
Standard errors in parentheses    

*** p<0.01, ** p<0.05, * p<0.1    
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Appendix B – Summary Statistics 

Table T: Summary Statistics 2006-2013 
            
VARIABLES OBS. MEAN ST. DEV. MIN. MAX. 
      

DV      

Attacks (cube-root) 8580 0.445 0.601 0 3.420 
Attacks (square-root) 8580 0.494 0.725 0 6.325 
      

IV      

Lagged Spent 8580 25996.82 178723.70 0 8011285 
      

CONTROL VARIABLES      

Households (2005) 8580 8332.895 27274.27 110 605192 
Households in Deficit (%, 2005) 8580 38.166 25.649 0 100 
Coca Cultivation (2006) 8580 34.396 271.550 0 5470 
Illicit Natural Resources 8580 2.084 19.199 0 912 
Illicit Mineral Resources 8580 0.218 1.542 0 78 
Afro-Colombian (2010) 8580 4.670 23.389 0 377.724 
Indigenous (2011) 8580 8.975 19.820 0 180.865 
Perimeter (km) 8580 1.164 1.332 0.173 14.930 
Area (km2) 8580 0.0827 0.235 0.002 4.036 
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Table U: Summary Statistics 2008-2013 
            
VARIABLES OBS. MEAN ST. DEV. MIN. MAX. 
      

DV      

Attacks (cube-root) 6864 0.417 0.595 0 3.420 
      
IV      
Lagged Spent 6864 30117.35 196690.50 0 8011285 
      
CONTROL VARIABLES      
Households (2005) 6864 8332.895 27274.67 110 605192 
Households in Deficit (%, 2005) 6864 38.166 25.649 0 110 
Coca Cultivation (2006) 6864 34.396 271.554 0 5470 
Illicit Natural Resources 6864 1.966 15.069 0 827 
Illicit Mineral Resources 6864 0.261 1.713 0 78 
Afro-Colombian (2010) 6864 4.670 23.390 0 377.724 
Indigenous (2011) 6864 8.975 19.82 0 180.865 
Perimeter (km) 6864 1.164 1.332 0.173 14.930 
Area (km2) 6864 0.0827 0.235 0.00176 4.0359 
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Appendix C – Spatial-weighting Object Summary Statistics 

Table V: Spatial-weighting Object Summary Statistics 
    
MATRIX DESCRIPTION 
   

Dimensions 858 x 858 
Stored as 858 x 858 
   
LINKS  
Total 4512 
Minimum 0 
Mean 5.259 
Maximum 19 
*Matrix contains five 
unlinked municipalities 

 

 


